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Why I Built The AIM™ FRAMEWORK
A few years ago I started noticing a pa�ern in conversations with friends who teach. Not 
colleagues in the learning design world, but actual classroom teachers. Elementary school, 
high school, community college, university. People who went into education because they 
genuinely love the work of helping people understand things.

�e conversation usually started the same way. �ey'd mention AI almost apologetically, 
like they were admi�ing to something. And then, once they got going, what came out 
wasn't confusion about the technology. It was something more speci�c than that. �ey felt 
like they were supposed to have an answer for their students and they didn't. 

�ey were watching kids use these tools in ways that ranged from genuinely clever to 
quietly concerning, and nobody had given them anything useful to say about it. No 
framework. No language. No permission to just start somewhere imperfect and �gure it 
out as they went.

What struck me was that every one of these people was already doing the hard work. 
�ey were asking good questions in their classrooms. �ey were teaching students to 
think carefully about sources and evidence and whose perspective was represented in a 
text. �ey were building exactly the kind of critical habits that ma�er most when the 
information environment gets complicated. �ey just hadn't connected those habits to AI 
yet, and nobody had shown them how.

�at's what this is. Not a technical manual. Not a policy document. A framework built for 
people who already know how to teach, wri�en in the belief that those people are exactly 
who this moment needs.

— Justin S�ley

P R E F A C E
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Why Educators Are the Right 
People for This Moment
�ere's a certain irony in the fact that the people most capable of preparing students for 
an AI-shaped world are also the people with the least amount of time, the smallest 
technology budgets, and the most commi�ee meetings standing between them and any 
meaningful curriculum change. And yet, here we are.

When Stanford's d.school, the Stanford Institute for Human-Centered AI, and the Stanford 
Accelerator for Learning brought together more than 50 teachers in early 2023 to talk 
honestly about AI in education, the responses in the chat window told the whole story. 
Teachers described feeling "skeptical," "curious," and somewhere in the neighborhood of 
mind-blown. One teacher wrote that they felt like they were "on the cusp of a sea change." 
Another invoked Spider-Man. Speci�cally, the part about great power and responsibility. ¹

�at's a remarkably clear-eyed read of the situation from a group of people who are 
supposedly behind the curve.

Here's what o�en gets lost in the conversation about AI and education: the skills required 
to help students navigate this technology well are not technical skills. �ey're teaching 
skills. �e ability to help someone slow down and think carefully about information 
they've just received. �e ability to create space for a question like "but how do we 
actually know that?" �e ability to model intellectual humility without losing authority in 
the room. �ose are things educators have been developing their entire careers.

What's interesting about that Stanford convening is that 74% of the teachers who a�ended 
had already tried AI tools on their own before they showed up. ¹ Most of them had been 
experimenting quietly, �guring out what these tools could and couldn't do, forming 
opinions. What they didn't yet have was a structured way to bring that curiosity into their 
classrooms, a framework they could actually use without needing to become an AI 
researcher �rst.

�at's the gap the AIM™ Framework is designed to close. Not the gap between educators 
and technology, but the gap between what educators already know how to do and a 
context where those skills are suddenly more important than ever.

�e U.S. Department of Education put it plainly in its 2023 report on AI in teaching and 
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learning: the central priority isn't adopting AI. It's keeping humans in the loop. Teachers, 
learners, and others need to retain their agency to decide what pa�erns mean and to 
choose courses of action. ² �at's a policy document describing, in fairly bureaucratic 
terms, exactly what good teaching looks like. Educators don't need to be retrained for this 
moment. �ey need to be pointed at it.
None of this means the transition is easy. �e same Department of Education report was 
honest about the fact that AI development has outpaced the regulations, the guidance, 
and frankly the professional development infrastructure that schools depend on. ² �e 
tools students encounter on a Tuesday a�ernoon may not show up in any district 
technology plan until the following academic year, if ever. �at lag is real, and it creates 
genuine pressure on educators who want to do right by their students without a lot of 
institutional support to lean on.

But the answer to that pressure isn't to wait for the infrastructure to catch up. Students 
aren't waiting. �ey're already using these tools, forming habits around them, and 
developing intuitions, accurate or not, about how AI works and what it can be trusted to 
do. �e question for educators isn't whether to engage with this. It's whether to engage 
with it intentionally.

�e AIM™ Framework is built on the belief that intentional engagement is well within 
reach, and that the people best positioned to make it happen are already in the 
classroom.
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The Gap Worth Naming
Before any framework can be useful, it has to be honest about what it's actually 
addressing. So let's start there.

AI adoption in the workplace is accelerating in ways that most educational institutions are 
watching from a distance. A survey conducted as part of the Leading the Curve research 
on AI in business education found that only 6% of institutions are systematically bridging 
academic divisions to address AI's cross-disciplinary impact. 4 Six percent. �at isn't a gap 
so much as it is a canyon with a small, unmarked bridge in one corner that most people 
haven't found yet.

What makes this particularly worth examining is the shape of the problem. It isn't 
primarily about awareness. �e Stanford convening established that most a�ending 
teachers had already been experimenting with AI on their own before they arrived, quietly 
poking at the tools, forming real opinions, �guring out where things fell apart. ¹ 

�e problem isn't that educators don't know AI exists or that they're indi�erent to it. �e 
problem is that personal experimentation hasn't yet translated into structured, intentional 
teaching. And there's a meaningful di�erence between those two things.

Using an AI tool to help dra� a parent newsle�er is not the same as knowing how to help 
a sixteen-year-old understand why the AI-generated summary of a historical event le� out 
the perspectives of the people most a�ected by it. Both involve the same technology. 
Only one involves teaching.

Part of what's slowing that translation down is institutional. Policies, curriculum approval 
cycles, professional development budgets, and technology procurement processes were 
not designed to move at the pace AI is moving. By the time a district has formally 
evaluated a tool, piloted it, trained teachers on it, and added it to an approved resource 
list, there's a reasonable chance the tool has already been updated twice and three 
competitors have emerged. 

�is isn't anyone's fault. It's just the reality of how large organizations work when 
confronted with fast-moving change.

�e pressure that creates for individual educators is real and worth acknowledging. Many 
of the teachers most commi�ed to doing something meaningful with AI literacy are doing 
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it without a mandate, without a curriculum guide, without dedicated professional 
development time, and sometimes without administrative support. �ey're making 
judgment calls in real time about what to teach, how to frame it, and how to address the 
inevitable moment when a student asks a question they can't fully answer. �at takes a 
particular kind of professional courage, and it's happening in classrooms right now, largely 
invisibly.

But underneath the institutional lag is a deeper issue that doesn't get enough a�ention in 
most AI and education conversations: these tools were not built on neutral ground. �e AI 
Toolkit for Educators makes clear that AI systems are only as representative as the data 
they were trained on, and that data re�ects the imbalances, gaps, and dominant 
perspectives already present in the world. 5 

When training data over-represents certain languages, certain cultural contexts, certain 
ways of framing knowledge, the AI learns those pa�erns and reproduces them. A student 
who never learns to ask whose voice might be missing from an AI response has learned 
something, just not the full picture.

�e U.S. Department of Education's 2023 report on AI in teaching and learning raised this 
as a policy-level concern, noting that algorithmic bias can diminish equity at scale with 
unintended discrimination, and that this issue requires ongoing scrutiny not just when 
systems are designed but as they become widely used. ² 

�at's a signi�cant statement from a federal agency, and it lands di�erently when you 
translate it into classroom terms: a student who accepts AI outputs at face value, without 
the tools to question them, is more vulnerable to those biases than a student who has 
been taught to look for them. 

And students who come from communities that are underrepresented in training data are 
more likely to encounter outputs that don't re�ect their experience, their history, or their 
perspective accurately.

�is is where the equity dimension of AI literacy moves from philosophical to practical. It's 
not enough to teach students to use these tools. Students need to understand that the 
tools themselves have a point of view, even when they don't appear to. �at a con�dent, 
�uent, well-forma�ed AI response can be simultaneously impressive and incomplete. �at 
asking "what's missing here?" is just as important as asking "is this accurate?"

Access is part of this conversation too. Not every student has equal access to devices, 

reliable internet, or digital tools of any kind. Building AI literacy exclusively around 
hands-on tool use creates a version of the same inequity that has plagued edtech for 
decades: the students with the most access get the most practice, and the gap widens. A 
framework built around thinking skills rather than tool pro�ciency travels further. It works 
in a classroom with one shared device. It works in a discussion with no devices at all. �e 
ideas are the point.

�e window for shaping how a generation of students understands and relates to AI is 
open right now. Not in a future curriculum cycle. Not a�er the next round of professional 
development. Now, in the classrooms of educators who are paying a�ention, asking good 
questions, and looking for a way to make this teachable. 

�at's exactly who this is wri�en for.
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Introducing the AIM™ Framework
Most frameworks arrive with a lot of ceremony. A diagram with arrows. A circular graphic 
that implies everything connects to everything else. A name that's technically an acronym 
but also somehow a verb and a lifestyle philosophy.
�is one is simpler than that.

�e AIM™ Framework organizes AI literacy around three things that build on each other in 
a sequence that actually makes sense: Awareness, Investigation, and Mastery. Each one 
creates the conditions for the next. You can't investigate something you don't understand. 
You can't develop genuine mastery without the habit of investigation already in place. �e 
order isn't arbitrary; it re�ects how people actually develop competence with anything 
unfamiliar.

Awareness is about understanding what AI is, where it appears, and how it works at a 
level that's meaningful without being technical. Not "here is a diagram of a neural 
network" but "here is why an AI system trained on certain data will re�ect the pa�erns 
and gaps in that data." Students who develop real awareness move from passive users to 
informed observers, people who notice when AI is at work and have the vocabulary to 
think about what that means.

Investigation is where awareness becomes active. �is is the critical thinking layer, the 
practice of questioning AI outputs rather than accepting them, looking for what's missing, 
testing claims against other sources, and understanding why two slightly di�erent 
prompts can produce meaningfully di�erent answers. �e AI Toolkit for Educators 
identi�es critical thinking and fact-checking as one of the foundational competencies of AI 
literacy, and speci�cally names hallucination and misinformation as predictable risks that 
students need structured practice in identifying. 5 Investigation is that practice.

Mastery is the most nuanced of the three, and probably the most misunderstood. It isn't 
about becoming pro�cient with a set of tools. Tools change. Mastery, in this context, is 
about developing the judgment to collaborate with AI in ways that make a student more 
capable rather than more dependent. It's the di�erence between using AI as a thinking 
partner and using it as a ghostwriter you never actually meet.

What makes this a framework rather than a curriculum is that it doesn't prescribe speci�c 
lessons, speci�c tools, or speci�c subjects. It's a lens. An English teacher and a chemistry 
teacher and a middle school social studies teacher can all apply it to what they're already 
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doing without overhauling anything. �at's intentional. �e AI Toolkit for Educators notes 
that there is currently no dedicated, agreed-upon AI literacy framework in widespread use. 
5 What exists instead is a patchwork of tool-speci�c guides, platform tutorials, and 
subject-speci�c resources that don't add up to a coherent approach. 

�e AIM™ Framework is designed to be that coherent approach, without being so rigid that 
it stops being useful the moment a teacher's actual classroom situation doesn't match the 
hypothetical one the framework assumed.

�e three pillars also re�ect something true about how students currently relate to AI. 
Most of them have high tool familiarity and low conceptual understanding. �ey know 
how to use it. �ey don't necessarily know what it's doing, why it sometimes gets things 
wrong, or what it means to use it responsibly. Awareness addresses the conceptual gap. 
Investigation addresses the critical gap. Mastery addresses the ethical and creative one.

�e sections that follow go deep on each pillar, including what they look like in real 
classrooms, what questions are worth asking, and where the most important 
conversations tend to happen. But the framework itself is worth holding simply �rst, 
before all the detail arrives.

Awareness. Investigation. Mastery. In that order, for good reasons.
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A Mental Model for AI in Education
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Awareness: What is this system 
actually doing?
UNDERSTANDING THE LANDSCAPE BEFORE JUDGING IT

Ask a room full of students what AI is and you'll get a fascinating spread of answers. Some 
will describe a robot. Some will describe ChatGPT speci�cally, as if the two are 
synonymous. A few will gesture vaguely at something like "computers that think." One kid 
in the back will say "Skynet" and at least half the class will laugh, which tells you 
something about where a lot of our cultural intuitions about AI actually come from.
None of those answers are entirely wrong. 

But none of them are precise enough to be useful. And precision ma�ers here, because 
the gap between what students think AI is and what it actually does is exactly where 
misconceptions take root and bad decisions get made. So let's start with what AI actually 
is, at least the kind students encounter in their daily lives.

Modern AI systems, particularly the generative ones that have become so visible so 
quickly, are built on pa�ern recognition at enormous scale. A language model doesn't 
understand the words it produces. It predicts them. It has been trained on vast amounts of 
human-generated text and has learned, with remarkable sophistication, which words and 
phrases tend to follow other words and phrases in which kinds of contexts. 

When it writes an essay or answers a question, it isn't reasoning its way to a conclusion 
the way a person does. It's generating a statistically plausible response based on pa�erns 
in its training data. �e output can be genuinely impressive. It can also be completely 
fabricated. Both things are true, and the model itself cannot tell the di�erence.

�is is the foundational concept that everything else in the Awareness pillar builds on. 
Students who understand it aren't just be�er equipped to evaluate AI outputs. �ey start 
asking be�er questions immediately. If it learned from pa�erns in text, whose text? If it 
was trained on data, what data, collected from where, representing whom? �ose 
questions lead somewhere interesting, and they're accessible to students at virtually any 
age if the concept is introduced well.

S E C T I O N  4

WHERE STUDENTS ALREADY ARE

One of the most useful things an educator can do early in this process is ask students to 
map their own relationship with AI before anyone has de�ned it for them.
�e results are almost always surprising, to the students themselves more than anyone. 
When students start tracing where AI might be involved in a typical day, the list gets long 
quickly. �e algorithm that decided which videos appeared in their feed this morning. �e 
autocomplete suggestions that appeared as they typed a text message. �e spam �lter 
that quietly rerouted certain emails. �e face recognition that unlocked their phone. �e 
recommendation at the bo�om of a product page that seemed to already know what they 
were thinking about buying.

Most students don't experience any of these as "AI." �ey experience them as just how 
things work. Which is exactly why making those systems visible is such a productive �rst 
step. When a student realizes that AI has already been shaping signi�cant portions of their 
information environment, the conversation about what it is and how it operates becomes 
immediately personal rather than abstract. 

�at shi�, from "this is a technology topic" to "this is about my actual life," is where real 
engagement starts.

A practical version of this is what I call an AI Audit. Students spend a few days noting 
every moment they suspect AI might be involved in their experience, then bring those 
observations back to class. No special tools required. Just structured a�ention to 
something they've been encountering all along. 

When those observations get shared and compared, pa�erns emerge. So do inequities. 
Students who use di�erent platforms, di�erent devices, or di�erent services will have 
encountered di�erent systems optimized for di�erent goals, with di�erent e�ects on what 
they saw and didn't see. 

�at variation is worth examining carefully, not just as a curiosity but as an early 
introduction to the idea that these systems are not neutral, and that neutrality was never 
really the design goal to begin with.

THE QUESTION UNDERNEATH THE QUESTION

�ere's a moment that tends to happen in good awareness conversations, usually when a 
student asks something that wasn't on the lesson plan.

�e question that ma�ers most in this pillar isn't "what can AI do?" It's "whose experiences 
shaped what AI learned?" �at question moves the conversation from capability to 
construction. It recognizes that training data isn't a neutral sample of human knowledge 
but a particular collection, assembled by particular people, with particular gaps baked in 
from the start. It implies that an AI system can produce a response that is technically 
coherent and experientially incomplete at the same time, and that you'd never know the 
di�erence if you didn't know to look.

Ge�ing students to that question, or something close to it, is the real goal here. Not a deep 
technical understanding of how machine learning works. Not familiarity with any speci�c 
platform. �e goal is the development of an observational habit: noticing that AI is 
present, understanding at a conceptual level what it's doing, and beginning to ask what 
that means for the information it produces and the people it may or may not re�ect 
accurately.

Part of what helps students get there is understanding that AI didn't arrive fully formed 
from nowhere. It was built, incrementally, by people making decisions about what to 
optimize for, what data to collect, and what problems were worth solving. Understanding 
that lineage helps students see AI as a human creation with human �ngerprints on it, 
rather than some autonomous force that simply exists and does things. �at reframe 
sounds subtle, but it changes everything about how students relate to what these systems 
produce.

WHAT AWARENESS IS NOT

It's worth being clear about the edges of this pillar, because awareness can be mistaken 
for something more passive than it should be.

Awareness isn't just exposure. Showing students an AI tool and le�ing them interact with 
it for twenty minutes produces familiarity, not awareness. Familiarity is actually one of the 
things this pillar is designed to complicate, because students who are merely familiar with 
AI tend to trust it more readily than students who understand what's happening 
underneath the interface. 

�e more �uent something feels to use, the easier it becomes to forget to question it.

Awareness also isn't alarm. �e goal isn't to make students anxious or to frame every AI 
system as something to be defended against. �at framing tends to produce either 
paralysis or dismissal, and neither of those is useful. �e goal is clarity: students who are 

genuinely curious, reasonably skeptical, and equipped with enough understanding to 
form their own judgments rather than inheriting someone else's uncritically.

What awareness actually produces, when it's developed well, is a student who notices. 
Who moves through their day with a new kind of a�ention to the systems shaping their 
experience. Who encounters a recommendation, a summary, a generated image, or an 
autocomplete suggestion and thinks, even brie�y, about where it came from and what it 
might be leaving out. 

�at noticing habit is the foundation everything else is built on, and it doesn't require a 
lab, a dedicated unit, or a technology budget. It requires a teacher willing to ask good 
questions and take the answers seriously.
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experience. Who encounters a recommendation, a summary, a generated image, or an 
autocomplete suggestion and thinks, even brie�y, about where it came from and what it 
might be leaving out. 

�at noticing habit is the foundation everything else is built on, and it doesn't require a 
lab, a dedicated unit, or a technology budget. It requires a teacher willing to ask good 
questions and take the answers seriously.
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Investigation: Why did the system 
respond this way?
ASKING BETTER QUESTIONS OF A TOOL THAT SOUNDS VERY CONFIDENT

�ere's a particular kind of trust that �uency creates. When something communicates 
clearly, uses complete sentences, organizes its thoughts logically, and arrives at a 
conclusion without any visible hesitation, we tend to assume it knows what it's talking 
about. �is is a reasonable heuristic when applied to people. It's a genuinely problematic 
one when applied to AI.

Language models are extraordinarily �uent. �ey are also, by design, incapable of 
uncertainty in the way humans experience it. A person who doesn't know the answer to a 
question usually sounds like they don't know. �ey hedge. �ey trail o�. �ey say "I think" 
or "I'm not sure but." An AI system asked the same question will produce a response in the 
same con�dent, structured, well-forma�ed register it uses for everything else, whether it 
has strong training data to draw from or is, to put it plainly, making things up. �e outputs 
look identical from the outside. �at's the problem.

�is is what makes Investigation the most immediately practical pillar of the framework, 
and in many ways the most teachable. Students don't need to understand how a language 
model works at a technical level to learn that its con�dence is not a reliable signal of its 
accuracy. �ey just need to experience that gap directly, which doesn't take long.

THE FIRST TIME IT GETS THINGS WRONG

Most students who use AI tools regularly have already had the experience of catching an 
error. A date that was o�. A quote that turned out not to exist. A summary of a book that 
con�dently described a plot point that wasn't in the book. A "fact" that fell apart the 
moment they checked it against another source.

What varies is whether that experience produced a lesson or just a shrug.
Le� on their own, students tend to respond to AI errors the way they respond to errors in 
any tool: they note it, work around it, and move on without fundamentally revising their 
relationship with the tool. What the Investigation pillar does is take that natural 
experience of catching an error and build a structured practice around it. 

S E C T I O N  5

Not just "AI can be wrong" as a known fact �led away and occasionally remembered, but 
"here is how I check, here is what I look for, here is the habit I bring to every interaction 
with these systems."

�e most e�ective way to build that practice is through direct comparison. Take a 
meaningful question from whatever subject you're teaching, generate an AI response to it, 
and ask students to evaluate it systematically against other sources. 

Not just "is this right or wrong" but a fuller set of questions: What speci�c claims can be 
veri�ed? What's been simpli�ed to the point of distortion? What perspective or context is 
missing? What would an expert in this area notice that a general reader might not?

�is works in any subject. A history class can examine how AI summarizes a complex 
event and what gets �a�ened in the process. A science class can compare an AI 
explanation of a biological process against a textbook and primary literature. An English 
class can put an AI-generated literary analysis next to a published critical essay and ask 
students to articulate exactly what the human writer brought that the AI didn't. �e 
subject almost doesn't ma�er. 

�e habit of systematic evaluation is the key point here.

HALLUCINATIONS, AND WHY THEY'RE ACTUALLY A TEACHING 
OPPORTUNITY

�e term "hallucination" in the context of AI refers to outputs that are con�dently stated 
and entirely fabricated. Made-up citations are the most common example. A student asks 
an AI to help with a research paper, the AI produces a list of sources that look completely 
legitimate, complete with authors, publication names, volume numbers, and page ranges, 
and none of them exist. 

�e AI didn't lie, exactly. It pa�ern-matched its way to what a plausible citation looks like 
and generated one, with no mechanism for checking whether it corresponded to anything 
real.

�is is alarming the �rst time a student encounters it. It's also one of the most valuable 
teaching moments available, because it makes viscerally clear something that's otherwise 
easy to understand intellectually but hard to really feel: the AI has no relationship with the 
truth. It has a relationship with plausibility. �ose two things overlap o�en enough to be 
useful, and diverge o�en enough to be dangerous.

Once students have encountered a hallucination �rsthand, the instinct to verify becomes 
much more natural. �e exercise of asking students to deliberately try to catch an AI in a 
hallucination, by asking it questions where the correct answer is veri�able and the AI is 
likely to be working from incomplete or ambiguous training data, produces exactly the 
skeptical posture that the Investigation pillar is trying to develop. It turns fact-checking 
from a chore into something closer to a game, and the habit tends to stick.

BIAS IS NOT A BUG

One of the more important conversations to have with students during the Investigation 
pillar is about the di�erence between errors and bias. 

Errors are random. Bias is systematic. 

An AI that occasionally gets a date wrong is making errors. An AI that consistently 
describes historical events from the perspective of the dominant culture, consistently 
generates images of doctors that skew toward one demographic, or consistently produces 
outputs that re�ect some communities' experiences more accurately than others, that AI 
is exhibiting bias, and it will keep doing so until the underlying training data or the model 
itself is changed.

�is ma�ers because students who learn only to check for errors will develop a certain 
kind of critical awareness that stops well short of what's actually needed. Checking 
whether a fact is accurate is important. Asking whose experience the AI's framing of that 
fact re�ects, and whose it might be obscuring, is a di�erent and deeper question.

�e classroom conversation around bias tends to be more generative than educators 
expect, particularly when it moves away from abstract concepts and into concrete 
examples. Ask students to prompt an AI to generate a description of a "typical" 
professional in several di�erent �elds and examine what those descriptions assume. 

Ask them to notice how AI-generated historical narratives handle the experiences of 
groups that have been marginalized in mainstream accounts. 

Ask them whether the AI's version of a contested event looks like the version told by 
those most a�ected by it or the version most o�en repeated in dominant discourse. �ese 
aren't comfortable conversations, but they're honest ones, and they produce exactly the 
kind of critical awareness that makes students genuinely more capable of navigating an 
information environment shaped by these systems.

PROMPTS ARE NOT NEUTRAL EITHER

A dimension of Investigation that o�en gets overlooked is the relationship between how a 
question is asked and what answer comes back. Students who understand that AI outputs 
are sensitive to prompt construction have a fundamentally more sophisticated 
relationship with these tools than students who don't.

�is is worth making concrete. Ask an AI to explain a controversial historical event and 
then ask it to explain the same event from the perspective of a speci�c group of people 
who were a�ected by it. Ask it to write a persuasive essay arguing one position and then 
ask it to argue the opposite. Ask it the same factual question phrased two di�erent ways 
and compare the responses. 

What students discover through these exercises is that the AI doesn't have a �xed, stable 
understanding of anything it's asked about. It has a range of possible responses that the 
prompt pulls from in di�erent directions. �at's a technically accurate description of how 
these systems work, and it's also a useful frame for thinking about the information 
environment more broadly: the way a question is framed shapes the answer that 
becomes available.

�e habit of varying the prompt, of approaching the same question from multiple angles 
and treating the di�erences in response as data worth examining, is one of the more 
transferable skills the Investigation pillar produces. It applies to search engines. It applies 
to news sources. It applies to the way students eventually learn to design research 
questions. �e AI is just a particularly responsive and revealing context in which to 
practice it.

BUILDING AN AI CODE OF ETHICS

�e Investigation pillar naturally opens into ethics, because once students start 
questioning AI outputs seriously, they start asking questions that don't have purely factual 
answers. Who is responsible when an AI produces biased content? What obligation do 
people have to disclose when they've used AI in their work? Is there a meaningful 
di�erence between using AI to help brainstorm and using it to generate work you then 
claim as your own? Where does the line sit, and who gets to draw it?

�ese aren't questions with clean answers, and that's precisely what makes them 
valuable. One of the most productive exercises at this stage is asking students to 
collaboratively develop what might be called a classroom AI Code of Ethics: a working 
document that articulates how the class will engage with AI tools, what counts as 

appropriate use, what they owe each other in terms of transparency, and what they think 
responsible use actually looks like in practice. �e document itself ma�ers less than the 
conversation that produces it. Students who have genuinely wrestled with where the lines 
should be are far more likely to notice when they're approaching one than students who 
have simply been told the rules.

Privacy �ts into this conversation too, and it's worth raising directly rather than leaving it 
in the background. Most AI tools collect data. Many students have never thought carefully 
about what that means: what they're sharing, how it might be used, and what their actual 
rights are in that exchange. 

Building awareness of data privacy into the Investigation pillar helps students see 
themselves as people with agency in their digital lives rather than passive users of systems 
they don't fully understand.

�e goal of Investigation, taken as a whole, isn't to make students suspicious of everything 
or exhausted by the e�ort of verifying every piece of information they encounter. It's to 
develop a calibrated skepticism, an instinct for when to look more closely, a set of 
questions they reach for automatically when something deserves scrutiny. 

�at instinct, applied consistently over time, is one of the more durable things education 
can give a person. �e AI context just makes it unusually easy to practice.

Applying AIM™ Across the 
Curriculum
One of the questions educators ask most o�en when they encounter a framework like this 
is some version of "that's interesting, but where does it �t?" �ey're not being dismissive. 
�ey're being practical. A high school biology teacher with a packed curriculum, a 
standardized test on the horizon, and thirty-two students who have wildly di�erent levels 
of preparation doesn't have room for a new subject. She has room, maybe, for a new lens 
on the subject she's already teaching.

�at's exactly what the AIM™ Framework is designed to be.

None of the three pillars require dedicated class time to introduce from scratch. �ey don't 
require a technology unit or a special semester or permission from a curriculum 
commi�ee. �ey require a teacher who is willing to ask slightly di�erent questions about 
the material already in front of them, and who is comfortable le�ing those questions lead 
somewhere unexpected. 

�e framework travels. It works di�erently in di�erent subjects, but it works in all of them, 
and the examples below are meant to illustrate that range rather than prescribe exactly 
how it should look in any speci�c classroom.

HISTORY AND SOCIAL STUDIES

History is one of the richest possible contexts for all three pillars, because history is 
fundamentally a discipline about whose story gets told, by whom, and with what 
omissions. AI, it turns out, has a great deal to say about all three of those questions.

Awareness in a history classroom might start with something as simple as asking students 
to enter a signi�cant historical event into an AI tool and read what comes back. Not to 
evaluate it yet, just to read it. �en ask: who is centered in this account? Whose 
perspective is most visible? What period does the narrative seem to be drawing from? 
Students who have spent any time thinking about historiography will immediately notice 
things that students who haven't will need a moment to see. 

Either way, the AI output becomes a text worth analyzing, which is something history 
teachers know how to do.

Investigation follows naturally. Students can compare the AI's account against primary 
sources, against accounts wri�en by historians from di�erent traditions, against oral 
histories or community narratives that don't appear in mainstream textbook coverage. 

�e gaps between those sources are where the most interesting historical thinking 
happens, and AI has a particular tendency to reproduce the dominant narrative of any 
given event, which makes it a useful foil for exactly the kind of critical analysis history 
education is supposed to develop.

At the mastery level, a genuinely challenging exercise is asking students to use AI to 
construct the most thorough, well-sourced argument they can for a historical 
interpretation they personally disagree with, and then to respond to that argument using 
their own research and reasoning. �is requires them to take seriously a perspective they 
might otherwise dismiss, to understand it well enough to represent it fairly, and then to 
engage with it substantively rather than super�cially. �at's sophisticated historical 
thinking, and the AI makes it more accessible without doing the intellectual work for 
them.

SCIENCE

Science education has a complicated relationship with AI right now, partly because AI is 
increasingly being used in actual scienti�c research and partly because the outputs AI 
produces about scienti�c topics can range from impressively accurate to con�dently, 
dangerously wrong. Both of those things make it an excellent classroom subject.

Awareness in a science class might focus on where students already encounter AI in 
scienti�c contexts without realizing it. Weather forecasting models. Medical diagnostic 
tools. Drug discovery platforms. Agricultural yield prediction. Climate modeling. AI is 
embedded in the practice of science in ways that most science curricula haven't caught up 
with yet, and making that visible gives students a more accurate picture of the �eld they're 
studying and potentially entering.

Investigation in a science classroom has an obvious structure: take an AI explanation of a 
scienti�c concept or process, and subject it to the same scrutiny students would apply to 
any source. Is the mechanism described accurately? Are the numbers right? Does the 
explanation re�ect current scienti�c consensus or an older understanding? Is the 
uncertainty in the science represented honestly, or has the AI smoothed over genuine 
ongoing debate to produce a cleaner answer than the evidence actually supports? 

�at last question is particularly rich in science education, where the di�erence between 
se�led science and active research questions is something students o�en never get a clear 
picture of.

One of the most memorable investigations a science class can run is asking students to 
prompt an AI on a topic where scienti�c understanding has changed signi�cantly over 
time, evolution, the germ theory of disease, the structure of the atom, and examine how 
the AI navigates the historical development of the idea versus the current understanding. 

Does it present the history accurately? Does it distinguish between what was believed and 
what is now known? �ese questions develop exactly the scienti�c epistemology that 
science education is supposed to build.

At the mastery level, the most natural integration is using AI as a research accelerator 
while keeping the intellectual work in student hands. Students can use AI to get a quick 
orientation to an unfamiliar topic, identify the key concepts and terminology, and map the 
basic landscape before diving into primary sources and actual data. What they cannot do, 
if the assignment is designed well, is use AI to do the thinking that the assignment is 
meant to develop. 

Designing assignments that make that distinction clear is one of the more interesting 
instructional challenges the mastery pillar creates for science teachers, and most of them 
�nd it produces be�er assignments than they were writing before.

ENGLISH AND WRITING

English teachers have had the most publicly visible and contentious relationship with AI of 
any subject area, largely because language generation is what these tools are most visibly 
capable of and writing is what English teachers are most responsible for assessing. �e 
conversations in English departments about AI have o�en been framed around detection, 
policy, and prevention, which is understandable but somewhat misses where the real 
opportunity sits.

Awareness in an English classroom is really about expanding what students understand 
authorship to mean. Where does a piece of writing come from? What is the relationship 
between the words on the page and the person who produced them? What does it mean 
to have a voice, and can a system that has no experiences, no stake in the outcome, and 
no persistent self across conversations be said to have one? 

�ese are not new questions in literary study. �ey're questions that get newly interesting 
when the entity producing text is a machine.

Investigation in English might involve giving students an AI-generated essay and a 
human-wri�en essay on the same topic and asking them to identify the speci�c qualities 
that distinguish them. Not just "which is be�er" but what speci�cally is present in one that 
isn't in the other. What does the human writer do with uncertainty? How do they handle 
complexity? Where do they take risks that the AI doesn't? Where does the AI produce 
something that sounds authoritative but dissolves under scrutiny? 

�e comparison exercise develops close reading skills that transfer to any text, and the 
discussion it generates tends to be genuinely lively because students have strong 
intuitions about it that they struggle to articulate precisely, which is exactly where good 
English teaching lives.

At the mastery level, the most productive reframe for writing teachers is moving from "did 
the student use AI" as the central question to "what did the student contribute" as the 
central question. An assignment designed around the la�er is much harder to circumvent 
and much more educationally interesting. Ask students to use AI to generate a �rst dra� 
and then to substantially revise it, documenting every signi�cant change they made and 
explaining why they made it. 

�e revision process is where the learning happens in writing, and an AI dra� is in some 
ways a be�er starting point for teaching revision than a student's own �rst dra�, precisely 
because the student has no emotional a�achment to it and can cut it without hesitation.

THE ARTS

�e relationship between AI and creative work is one of the most genuinely contested 
spaces in this entire conversation, and it deserves more than a footnote. Artists, 
illustrators, musicians, and writers have raised serious and legitimate questions about AI 
systems trained on their work without consent, and those questions belong in the 
classroom as part of what students learn about the ethical dimensions of this technology.

Awareness in an arts classroom might start with that context: where did the training data 
for AI image generators, music composition tools, and writing assistants actually come 
from? What does it mean to train a system on the creative output of human beings who 
didn't agree to contribute to it? What does that do to questions of artistic ownership, 
originality, and value? 

�ese aren't rhetorical questions designed to produce a predetermined conclusion. 
�ey're genuinely open questions that the art world, the legal system, and the technology 
industry are actively working through, and students who engage with them seriously are 
developing exactly the kind of ethical reasoning that creative �elds require.

Investigation in the arts can take a particularly interesting form: using AI-generated 
creative work as a subject of critical analysis rather than a tool for production. What 
choices did the system make in generating this image, this piece of music, this poem? 
What aesthetic sensibility does it seem to re�ect? Whose aesthetic sensibility? What is it 
optimizing for, and how do you know? �ese questions develop critical vocabulary and 
analytical thinking that applies to all creative work, human or otherwise.

Mastery in a creative context is probably the most nuanced version of the pillar across all 
subjects, because the question of where the AI ends and the student begins is both 
practically and philosophically complex. �e most honest and productive approach is to 
make that complexity the subject rather than trying to resolve it. Students who are asked 
to use AI as a creative starting point and then to transform, critique, and respond to what it 
produces, while documenting their thinking throughout, are engaging with questions 
about authorship, intention, and creative identity that artists have always had to grapple 
with. �e AI just makes those questions newly urgent and unusually visible.

MATHEMATICS

Mathematics has an interesting and underexplored relationship with AI literacy, partly 
because AI is built on mathematical foundations that most students never see, and partly 
because math class is one of the few places where the question of whether an answer is 
correct has an actual de�nitive answer. �at second quality makes it uniquely useful for 
Investigation in particular.

Awareness in a mathematics classroom might start with demystifying what AI actually is 
at a structural level, without requiring students to become statisticians. Probability. Pa�ern 
recognition. Weighted decisions. Optimization. �ese are mathematical ideas, and 
students who have encountered them in a math context already have more intuition 
about how AI works than they realize. 

Making that connection explicit, helping students see that the AI generating a paragraph 
of text and the algorithm deciding the shortest route between two points are drawing on 
related mathematical logic, gives math a relevance to contemporary life that students 
o�en don't expect to �nd there.

Investigation in math takes on a character that no other subject can quite replicate, 
because math is one of the few domains where you can check an AI's work with certainty. 
Ask students to use AI to solve a set of problems, then verify every step of the working. 
Not just whether the �nal answer is right, but whether the method is sound, whether the 
AI took a valid path to get there, and whether it would have arrived at the right answer for 
the right reasons or simply landed correctly by a �awed route. 

�at last distinction ma�ers enormously in mathematics education, where the process is 
o�en more important than the answer, and it produces a version of Investigation that is 
rigorous in a very speci�c and satisfying way.

�ere is also something worth exploring in the way AI handles mathematical uncertainty 
and estimation. Ask it to solve a problem that is intentionally ambiguous, or one that has 
multiple valid approaches, and examine how it navigates that ambiguity. 

Does it acknowledge it? Does it pick one path without explanation? Does it present one 
method as if it were the only method? �ese questions develop mathematical thinking 
about the nature of proof, the validity of di�erent approaches, and the di�erence between 
a correct answer and a complete understanding.

At the mastery level, mathematics o�ers one of the clearest illustrations of the 
collaboration principle at the heart of this pillar. AI can execute calculations, generate 
proofs, and work through procedures with speed and accuracy that no student can match 
by hand. 

�e question is what that leaves for the student to do, and the answer is everything that 
actually constitutes mathematical understanding: knowing which procedure is 
appropriate, recognizing why a particular approach reveals something the others don't, 
understanding what the answer means in the context of a real problem, and developing 
the intuition that comes only from having worked through enough problems manually to 
have a feel for when something doesn't look right. �at intuition is not incidental to 
mathematical education. It's the goal. And it cannot be developed by watching an AI do 
the work.

COMPUTER SCIENCE

�ere's a particular irony in the fact that computer science classrooms are sometimes the 
least equipped to handle AI literacy well. �e assumption is that because the subject is 
technical, students in CS courses must already have a sophisticated understanding of AI. In 

practice, knowing how to write code and understanding what a large language model is 
actually doing are quite di�erent kinds of knowledge, and con�ating them does students 
in both directions a disservice.

Awareness in a computer science classroom can go deeper than in any other subject, and 
it should. Students who are learning to write programs have the conceptual foundation to 
understand, at a meaningful level, what it means for a system to be trained on data rather 
than explicitly programmed with rules. 

�e di�erence between writing an algorithm that sorts a list and training a model that 
learns to recognize pa�erns is a genuinely important conceptual distinction, and CS 
students are well positioned to grasp it. 

What awareness asks of them isn't just that they understand it technically but that they sit 
with its implications: if no human explicitly wrote the rules the model is following, where 
did those rules come from, who is responsible for them, and how do you audit something 
you didn't directly create?

Investigation in a CS context has a dimension that other subjects don't: students can 
actually look under the hood, at least partially. Examining how a model's outputs change 
based on di�erent inputs, exploring the documented limitations and known failure modes 
of speci�c systems, reading the technical literature on bias in machine learning, these are 
all forms of investigation that are accessible to students with a programming background 
and that produce a level of understanding most adults who use these tools daily never 
develop. 

A CS class that spends time on adversarial prompting, on the deliberate construction of 
inputs designed to expose the edges of a model's behavior, is doing genuine investigative 
work that builds both technical understanding and critical instinct simultaneously.

�ere's also an ethical dimension to computer science and AI that belongs speci�cally in 
CS classrooms rather than being le� entirely to humanities teachers to address. �e 
people who build these systems make choices. About what data to use and what to 
exclude. About what the model should optimize for. About how to handle edge cases and 
failure modes. About who bears the cost when the system gets something wrong. 
Students who are learning to build so�ware are learning to make exactly these kinds of 
choices, and introducing them to the ethical weight of those choices while they're still 
forming their professional identity is considerably more e�ective than addressing it a�er 
the fact. 

�e question of what responsible engineering looks like in an age of AI systems with 
broad social impact is one of the most important questions in the �eld right now, and it 
belongs in the curriculum.

At the mastery level, computer science students have access to a version of AI 
collaboration that is genuinely di�erent from what other subjects o�er. �ey can build 
with these tools, integrate them into projects, and develop a practical understanding of 
where AI capabilities are genuinely useful and where they produce bri�le, unreliable 
results that require more human oversight than they save in e�ort. �at hands-on, 
build-and-break relationship with AI is one of the most e�ective paths to the kind of 
calibrated judgment mastery requires. 

A CS student who has tried to use AI to generate functional code, debugged the results, 
identi�ed the systematic pa�erns in where it fails, and developed a working sense of when 
to use it and when to write from scratch has internalized the mastery principle in a way 
that will transfer across every context where these tools appear.

A NOTE ON CROSS-DISCIPLINARY POSSIBILITIES

�e most interesting applications of the AIM™ Framework o�en happen at the edges 
between subjects, where a question that starts in one class turns out to connect to 
something being explored in another.

A history class examining how AI summarizes the causes of a war might �nd itself having 
a conversation that belongs equally in a media literacy unit, an ethics seminar, and a 
statistics class. A science class investigating AI bias might end up in territory that overlaps 
with social studies, philosophy, and mathematics. An English class discussing authorship in 
the age of AI might �nd unexpected common ground with the arts and with computer 
science.

�at porousness is a feature of genuine learning rather than a curriculum design problem. 
�e AIM™ Framework doesn't require subjects to stay in their lanes. It creates a shared 
vocabulary that makes cross-disciplinary conversation easier, because students in 
di�erent classes are developing related habits of mind around the same underlying 
questions. When a student trained in Investigation in her English class brings that same 
instinct to a science assignment, that's the framework working exactly as intended.
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Investigation: Why did the system 
respond this way?
ASKING BETTER QUESTIONS OF A TOOL THAT SOUNDS VERY CONFIDENT

�ere's a particular kind of trust that �uency creates. When something communicates 
clearly, uses complete sentences, organizes its thoughts logically, and arrives at a 
conclusion without any visible hesitation, we tend to assume it knows what it's talking 
about. �is is a reasonable heuristic when applied to people. It's a genuinely problematic 
one when applied to AI.

Language models are extraordinarily �uent. �ey are also, by design, incapable of 
uncertainty in the way humans experience it. A person who doesn't know the answer to a 
question usually sounds like they don't know. �ey hedge. �ey trail o�. �ey say "I think" 
or "I'm not sure but." An AI system asked the same question will produce a response in the 
same con�dent, structured, well-forma�ed register it uses for everything else, whether it 
has strong training data to draw from or is, to put it plainly, making things up. �e outputs 
look identical from the outside. �at's the problem.

�is is what makes Investigation the most immediately practical pillar of the framework, 
and in many ways the most teachable. Students don't need to understand how a language 
model works at a technical level to learn that its con�dence is not a reliable signal of its 
accuracy. �ey just need to experience that gap directly, which doesn't take long.

THE FIRST TIME IT GETS THINGS WRONG

Most students who use AI tools regularly have already had the experience of catching an 
error. A date that was o�. A quote that turned out not to exist. A summary of a book that 
con�dently described a plot point that wasn't in the book. A "fact" that fell apart the 
moment they checked it against another source.

What varies is whether that experience produced a lesson or just a shrug.
Le� on their own, students tend to respond to AI errors the way they respond to errors in 
any tool: they note it, work around it, and move on without fundamentally revising their 
relationship with the tool. What the Investigation pillar does is take that natural 
experience of catching an error and build a structured practice around it. 

Not just "AI can be wrong" as a known fact �led away and occasionally remembered, but 
"here is how I check, here is what I look for, here is the habit I bring to every interaction 
with these systems."

�e most e�ective way to build that practice is through direct comparison. Take a 
meaningful question from whatever subject you're teaching, generate an AI response to it, 
and ask students to evaluate it systematically against other sources. 

Not just "is this right or wrong" but a fuller set of questions: What speci�c claims can be 
veri�ed? What's been simpli�ed to the point of distortion? What perspective or context is 
missing? What would an expert in this area notice that a general reader might not?

�is works in any subject. A history class can examine how AI summarizes a complex 
event and what gets �a�ened in the process. A science class can compare an AI 
explanation of a biological process against a textbook and primary literature. An English 
class can put an AI-generated literary analysis next to a published critical essay and ask 
students to articulate exactly what the human writer brought that the AI didn't. �e 
subject almost doesn't ma�er. 

�e habit of systematic evaluation is the key point here.

HALLUCINATIONS, AND WHY THEY'RE ACTUALLY A TEACHING 
OPPORTUNITY

�e term "hallucination" in the context of AI refers to outputs that are con�dently stated 
and entirely fabricated. Made-up citations are the most common example. A student asks 
an AI to help with a research paper, the AI produces a list of sources that look completely 
legitimate, complete with authors, publication names, volume numbers, and page ranges, 
and none of them exist. 

�e AI didn't lie, exactly. It pa�ern-matched its way to what a plausible citation looks like 
and generated one, with no mechanism for checking whether it corresponded to anything 
real.

�is is alarming the �rst time a student encounters it. It's also one of the most valuable 
teaching moments available, because it makes viscerally clear something that's otherwise 
easy to understand intellectually but hard to really feel: the AI has no relationship with the 
truth. It has a relationship with plausibility. �ose two things overlap o�en enough to be 
useful, and diverge o�en enough to be dangerous.

Once students have encountered a hallucination �rsthand, the instinct to verify becomes 
much more natural. �e exercise of asking students to deliberately try to catch an AI in a 
hallucination, by asking it questions where the correct answer is veri�able and the AI is 
likely to be working from incomplete or ambiguous training data, produces exactly the 
skeptical posture that the Investigation pillar is trying to develop. It turns fact-checking 
from a chore into something closer to a game, and the habit tends to stick.

BIAS IS NOT A BUG

One of the more important conversations to have with students during the Investigation 
pillar is about the di�erence between errors and bias. 

Errors are random. Bias is systematic. 

An AI that occasionally gets a date wrong is making errors. An AI that consistently 
describes historical events from the perspective of the dominant culture, consistently 
generates images of doctors that skew toward one demographic, or consistently produces 
outputs that re�ect some communities' experiences more accurately than others, that AI 
is exhibiting bias, and it will keep doing so until the underlying training data or the model 
itself is changed.

�is ma�ers because students who learn only to check for errors will develop a certain 
kind of critical awareness that stops well short of what's actually needed. Checking 
whether a fact is accurate is important. Asking whose experience the AI's framing of that 
fact re�ects, and whose it might be obscuring, is a di�erent and deeper question.

�e classroom conversation around bias tends to be more generative than educators 
expect, particularly when it moves away from abstract concepts and into concrete 
examples. Ask students to prompt an AI to generate a description of a "typical" 
professional in several di�erent �elds and examine what those descriptions assume. 

Ask them to notice how AI-generated historical narratives handle the experiences of 
groups that have been marginalized in mainstream accounts. 

Ask them whether the AI's version of a contested event looks like the version told by 
those most a�ected by it or the version most o�en repeated in dominant discourse. �ese 
aren't comfortable conversations, but they're honest ones, and they produce exactly the 
kind of critical awareness that makes students genuinely more capable of navigating an 
information environment shaped by these systems.

PROMPTS ARE NOT NEUTRAL EITHER

A dimension of Investigation that o�en gets overlooked is the relationship between how a 
question is asked and what answer comes back. Students who understand that AI outputs 
are sensitive to prompt construction have a fundamentally more sophisticated 
relationship with these tools than students who don't.

�is is worth making concrete. Ask an AI to explain a controversial historical event and 
then ask it to explain the same event from the perspective of a speci�c group of people 
who were a�ected by it. Ask it to write a persuasive essay arguing one position and then 
ask it to argue the opposite. Ask it the same factual question phrased two di�erent ways 
and compare the responses. 

What students discover through these exercises is that the AI doesn't have a �xed, stable 
understanding of anything it's asked about. It has a range of possible responses that the 
prompt pulls from in di�erent directions. �at's a technically accurate description of how 
these systems work, and it's also a useful frame for thinking about the information 
environment more broadly: the way a question is framed shapes the answer that 
becomes available.

�e habit of varying the prompt, of approaching the same question from multiple angles 
and treating the di�erences in response as data worth examining, is one of the more 
transferable skills the Investigation pillar produces. It applies to search engines. It applies 
to news sources. It applies to the way students eventually learn to design research 
questions. �e AI is just a particularly responsive and revealing context in which to 
practice it.

BUILDING AN AI CODE OF ETHICS

�e Investigation pillar naturally opens into ethics, because once students start 
questioning AI outputs seriously, they start asking questions that don't have purely factual 
answers. Who is responsible when an AI produces biased content? What obligation do 
people have to disclose when they've used AI in their work? Is there a meaningful 
di�erence between using AI to help brainstorm and using it to generate work you then 
claim as your own? Where does the line sit, and who gets to draw it?

�ese aren't questions with clean answers, and that's precisely what makes them 
valuable. One of the most productive exercises at this stage is asking students to 
collaboratively develop what might be called a classroom AI Code of Ethics: a working 
document that articulates how the class will engage with AI tools, what counts as 

appropriate use, what they owe each other in terms of transparency, and what they think 
responsible use actually looks like in practice. �e document itself ma�ers less than the 
conversation that produces it. Students who have genuinely wrestled with where the lines 
should be are far more likely to notice when they're approaching one than students who 
have simply been told the rules.

Privacy �ts into this conversation too, and it's worth raising directly rather than leaving it 
in the background. Most AI tools collect data. Many students have never thought carefully 
about what that means: what they're sharing, how it might be used, and what their actual 
rights are in that exchange. 

Building awareness of data privacy into the Investigation pillar helps students see 
themselves as people with agency in their digital lives rather than passive users of systems 
they don't fully understand.

�e goal of Investigation, taken as a whole, isn't to make students suspicious of everything 
or exhausted by the e�ort of verifying every piece of information they encounter. It's to 
develop a calibrated skepticism, an instinct for when to look more closely, a set of 
questions they reach for automatically when something deserves scrutiny. 

�at instinct, applied consistently over time, is one of the more durable things education 
can give a person. �e AI context just makes it unusually easy to practice.

Applying AIM™ Across the 
Curriculum
One of the questions educators ask most o�en when they encounter a framework like this 
is some version of "that's interesting, but where does it �t?" �ey're not being dismissive. 
�ey're being practical. A high school biology teacher with a packed curriculum, a 
standardized test on the horizon, and thirty-two students who have wildly di�erent levels 
of preparation doesn't have room for a new subject. She has room, maybe, for a new lens 
on the subject she's already teaching.

�at's exactly what the AIM™ Framework is designed to be.

None of the three pillars require dedicated class time to introduce from scratch. �ey don't 
require a technology unit or a special semester or permission from a curriculum 
commi�ee. �ey require a teacher who is willing to ask slightly di�erent questions about 
the material already in front of them, and who is comfortable le�ing those questions lead 
somewhere unexpected. 

�e framework travels. It works di�erently in di�erent subjects, but it works in all of them, 
and the examples below are meant to illustrate that range rather than prescribe exactly 
how it should look in any speci�c classroom.

HISTORY AND SOCIAL STUDIES

History is one of the richest possible contexts for all three pillars, because history is 
fundamentally a discipline about whose story gets told, by whom, and with what 
omissions. AI, it turns out, has a great deal to say about all three of those questions.

Awareness in a history classroom might start with something as simple as asking students 
to enter a signi�cant historical event into an AI tool and read what comes back. Not to 
evaluate it yet, just to read it. �en ask: who is centered in this account? Whose 
perspective is most visible? What period does the narrative seem to be drawing from? 
Students who have spent any time thinking about historiography will immediately notice 
things that students who haven't will need a moment to see. 

Either way, the AI output becomes a text worth analyzing, which is something history 
teachers know how to do.

Investigation follows naturally. Students can compare the AI's account against primary 
sources, against accounts wri�en by historians from di�erent traditions, against oral 
histories or community narratives that don't appear in mainstream textbook coverage. 

�e gaps between those sources are where the most interesting historical thinking 
happens, and AI has a particular tendency to reproduce the dominant narrative of any 
given event, which makes it a useful foil for exactly the kind of critical analysis history 
education is supposed to develop.

At the mastery level, a genuinely challenging exercise is asking students to use AI to 
construct the most thorough, well-sourced argument they can for a historical 
interpretation they personally disagree with, and then to respond to that argument using 
their own research and reasoning. �is requires them to take seriously a perspective they 
might otherwise dismiss, to understand it well enough to represent it fairly, and then to 
engage with it substantively rather than super�cially. �at's sophisticated historical 
thinking, and the AI makes it more accessible without doing the intellectual work for 
them.

SCIENCE

Science education has a complicated relationship with AI right now, partly because AI is 
increasingly being used in actual scienti�c research and partly because the outputs AI 
produces about scienti�c topics can range from impressively accurate to con�dently, 
dangerously wrong. Both of those things make it an excellent classroom subject.

Awareness in a science class might focus on where students already encounter AI in 
scienti�c contexts without realizing it. Weather forecasting models. Medical diagnostic 
tools. Drug discovery platforms. Agricultural yield prediction. Climate modeling. AI is 
embedded in the practice of science in ways that most science curricula haven't caught up 
with yet, and making that visible gives students a more accurate picture of the �eld they're 
studying and potentially entering.

Investigation in a science classroom has an obvious structure: take an AI explanation of a 
scienti�c concept or process, and subject it to the same scrutiny students would apply to 
any source. Is the mechanism described accurately? Are the numbers right? Does the 
explanation re�ect current scienti�c consensus or an older understanding? Is the 
uncertainty in the science represented honestly, or has the AI smoothed over genuine 
ongoing debate to produce a cleaner answer than the evidence actually supports? 

�at last question is particularly rich in science education, where the di�erence between 
se�led science and active research questions is something students o�en never get a clear 
picture of.

One of the most memorable investigations a science class can run is asking students to 
prompt an AI on a topic where scienti�c understanding has changed signi�cantly over 
time, evolution, the germ theory of disease, the structure of the atom, and examine how 
the AI navigates the historical development of the idea versus the current understanding. 

Does it present the history accurately? Does it distinguish between what was believed and 
what is now known? �ese questions develop exactly the scienti�c epistemology that 
science education is supposed to build.

At the mastery level, the most natural integration is using AI as a research accelerator 
while keeping the intellectual work in student hands. Students can use AI to get a quick 
orientation to an unfamiliar topic, identify the key concepts and terminology, and map the 
basic landscape before diving into primary sources and actual data. What they cannot do, 
if the assignment is designed well, is use AI to do the thinking that the assignment is 
meant to develop. 

Designing assignments that make that distinction clear is one of the more interesting 
instructional challenges the mastery pillar creates for science teachers, and most of them 
�nd it produces be�er assignments than they were writing before.

ENGLISH AND WRITING

English teachers have had the most publicly visible and contentious relationship with AI of 
any subject area, largely because language generation is what these tools are most visibly 
capable of and writing is what English teachers are most responsible for assessing. �e 
conversations in English departments about AI have o�en been framed around detection, 
policy, and prevention, which is understandable but somewhat misses where the real 
opportunity sits.

Awareness in an English classroom is really about expanding what students understand 
authorship to mean. Where does a piece of writing come from? What is the relationship 
between the words on the page and the person who produced them? What does it mean 
to have a voice, and can a system that has no experiences, no stake in the outcome, and 
no persistent self across conversations be said to have one? 

�ese are not new questions in literary study. �ey're questions that get newly interesting 
when the entity producing text is a machine.

Investigation in English might involve giving students an AI-generated essay and a 
human-wri�en essay on the same topic and asking them to identify the speci�c qualities 
that distinguish them. Not just "which is be�er" but what speci�cally is present in one that 
isn't in the other. What does the human writer do with uncertainty? How do they handle 
complexity? Where do they take risks that the AI doesn't? Where does the AI produce 
something that sounds authoritative but dissolves under scrutiny? 

�e comparison exercise develops close reading skills that transfer to any text, and the 
discussion it generates tends to be genuinely lively because students have strong 
intuitions about it that they struggle to articulate precisely, which is exactly where good 
English teaching lives.

At the mastery level, the most productive reframe for writing teachers is moving from "did 
the student use AI" as the central question to "what did the student contribute" as the 
central question. An assignment designed around the la�er is much harder to circumvent 
and much more educationally interesting. Ask students to use AI to generate a �rst dra� 
and then to substantially revise it, documenting every signi�cant change they made and 
explaining why they made it. 

�e revision process is where the learning happens in writing, and an AI dra� is in some 
ways a be�er starting point for teaching revision than a student's own �rst dra�, precisely 
because the student has no emotional a�achment to it and can cut it without hesitation.

THE ARTS

�e relationship between AI and creative work is one of the most genuinely contested 
spaces in this entire conversation, and it deserves more than a footnote. Artists, 
illustrators, musicians, and writers have raised serious and legitimate questions about AI 
systems trained on their work without consent, and those questions belong in the 
classroom as part of what students learn about the ethical dimensions of this technology.

Awareness in an arts classroom might start with that context: where did the training data 
for AI image generators, music composition tools, and writing assistants actually come 
from? What does it mean to train a system on the creative output of human beings who 
didn't agree to contribute to it? What does that do to questions of artistic ownership, 
originality, and value? 

�ese aren't rhetorical questions designed to produce a predetermined conclusion. 
�ey're genuinely open questions that the art world, the legal system, and the technology 
industry are actively working through, and students who engage with them seriously are 
developing exactly the kind of ethical reasoning that creative �elds require.

Investigation in the arts can take a particularly interesting form: using AI-generated 
creative work as a subject of critical analysis rather than a tool for production. What 
choices did the system make in generating this image, this piece of music, this poem? 
What aesthetic sensibility does it seem to re�ect? Whose aesthetic sensibility? What is it 
optimizing for, and how do you know? �ese questions develop critical vocabulary and 
analytical thinking that applies to all creative work, human or otherwise.

Mastery in a creative context is probably the most nuanced version of the pillar across all 
subjects, because the question of where the AI ends and the student begins is both 
practically and philosophically complex. �e most honest and productive approach is to 
make that complexity the subject rather than trying to resolve it. Students who are asked 
to use AI as a creative starting point and then to transform, critique, and respond to what it 
produces, while documenting their thinking throughout, are engaging with questions 
about authorship, intention, and creative identity that artists have always had to grapple 
with. �e AI just makes those questions newly urgent and unusually visible.

MATHEMATICS

Mathematics has an interesting and underexplored relationship with AI literacy, partly 
because AI is built on mathematical foundations that most students never see, and partly 
because math class is one of the few places where the question of whether an answer is 
correct has an actual de�nitive answer. �at second quality makes it uniquely useful for 
Investigation in particular.

Awareness in a mathematics classroom might start with demystifying what AI actually is 
at a structural level, without requiring students to become statisticians. Probability. Pa�ern 
recognition. Weighted decisions. Optimization. �ese are mathematical ideas, and 
students who have encountered them in a math context already have more intuition 
about how AI works than they realize. 

Making that connection explicit, helping students see that the AI generating a paragraph 
of text and the algorithm deciding the shortest route between two points are drawing on 
related mathematical logic, gives math a relevance to contemporary life that students 
o�en don't expect to �nd there.

Investigation in math takes on a character that no other subject can quite replicate, 
because math is one of the few domains where you can check an AI's work with certainty. 
Ask students to use AI to solve a set of problems, then verify every step of the working. 
Not just whether the �nal answer is right, but whether the method is sound, whether the 
AI took a valid path to get there, and whether it would have arrived at the right answer for 
the right reasons or simply landed correctly by a �awed route. 

�at last distinction ma�ers enormously in mathematics education, where the process is 
o�en more important than the answer, and it produces a version of Investigation that is 
rigorous in a very speci�c and satisfying way.

�ere is also something worth exploring in the way AI handles mathematical uncertainty 
and estimation. Ask it to solve a problem that is intentionally ambiguous, or one that has 
multiple valid approaches, and examine how it navigates that ambiguity. 

Does it acknowledge it? Does it pick one path without explanation? Does it present one 
method as if it were the only method? �ese questions develop mathematical thinking 
about the nature of proof, the validity of di�erent approaches, and the di�erence between 
a correct answer and a complete understanding.

At the mastery level, mathematics o�ers one of the clearest illustrations of the 
collaboration principle at the heart of this pillar. AI can execute calculations, generate 
proofs, and work through procedures with speed and accuracy that no student can match 
by hand. 

�e question is what that leaves for the student to do, and the answer is everything that 
actually constitutes mathematical understanding: knowing which procedure is 
appropriate, recognizing why a particular approach reveals something the others don't, 
understanding what the answer means in the context of a real problem, and developing 
the intuition that comes only from having worked through enough problems manually to 
have a feel for when something doesn't look right. �at intuition is not incidental to 
mathematical education. It's the goal. And it cannot be developed by watching an AI do 
the work.

COMPUTER SCIENCE

�ere's a particular irony in the fact that computer science classrooms are sometimes the 
least equipped to handle AI literacy well. �e assumption is that because the subject is 
technical, students in CS courses must already have a sophisticated understanding of AI. In 

practice, knowing how to write code and understanding what a large language model is 
actually doing are quite di�erent kinds of knowledge, and con�ating them does students 
in both directions a disservice.

Awareness in a computer science classroom can go deeper than in any other subject, and 
it should. Students who are learning to write programs have the conceptual foundation to 
understand, at a meaningful level, what it means for a system to be trained on data rather 
than explicitly programmed with rules. 

�e di�erence between writing an algorithm that sorts a list and training a model that 
learns to recognize pa�erns is a genuinely important conceptual distinction, and CS 
students are well positioned to grasp it. 

What awareness asks of them isn't just that they understand it technically but that they sit 
with its implications: if no human explicitly wrote the rules the model is following, where 
did those rules come from, who is responsible for them, and how do you audit something 
you didn't directly create?

Investigation in a CS context has a dimension that other subjects don't: students can 
actually look under the hood, at least partially. Examining how a model's outputs change 
based on di�erent inputs, exploring the documented limitations and known failure modes 
of speci�c systems, reading the technical literature on bias in machine learning, these are 
all forms of investigation that are accessible to students with a programming background 
and that produce a level of understanding most adults who use these tools daily never 
develop. 

A CS class that spends time on adversarial prompting, on the deliberate construction of 
inputs designed to expose the edges of a model's behavior, is doing genuine investigative 
work that builds both technical understanding and critical instinct simultaneously.

�ere's also an ethical dimension to computer science and AI that belongs speci�cally in 
CS classrooms rather than being le� entirely to humanities teachers to address. �e 
people who build these systems make choices. About what data to use and what to 
exclude. About what the model should optimize for. About how to handle edge cases and 
failure modes. About who bears the cost when the system gets something wrong. 
Students who are learning to build so�ware are learning to make exactly these kinds of 
choices, and introducing them to the ethical weight of those choices while they're still 
forming their professional identity is considerably more e�ective than addressing it a�er 
the fact. 

�e question of what responsible engineering looks like in an age of AI systems with 
broad social impact is one of the most important questions in the �eld right now, and it 
belongs in the curriculum.

At the mastery level, computer science students have access to a version of AI 
collaboration that is genuinely di�erent from what other subjects o�er. �ey can build 
with these tools, integrate them into projects, and develop a practical understanding of 
where AI capabilities are genuinely useful and where they produce bri�le, unreliable 
results that require more human oversight than they save in e�ort. �at hands-on, 
build-and-break relationship with AI is one of the most e�ective paths to the kind of 
calibrated judgment mastery requires. 

A CS student who has tried to use AI to generate functional code, debugged the results, 
identi�ed the systematic pa�erns in where it fails, and developed a working sense of when 
to use it and when to write from scratch has internalized the mastery principle in a way 
that will transfer across every context where these tools appear.

A NOTE ON CROSS-DISCIPLINARY POSSIBILITIES

�e most interesting applications of the AIM™ Framework o�en happen at the edges 
between subjects, where a question that starts in one class turns out to connect to 
something being explored in another.

A history class examining how AI summarizes the causes of a war might �nd itself having 
a conversation that belongs equally in a media literacy unit, an ethics seminar, and a 
statistics class. A science class investigating AI bias might end up in territory that overlaps 
with social studies, philosophy, and mathematics. An English class discussing authorship in 
the age of AI might �nd unexpected common ground with the arts and with computer 
science.

�at porousness is a feature of genuine learning rather than a curriculum design problem. 
�e AIM™ Framework doesn't require subjects to stay in their lanes. It creates a shared 
vocabulary that makes cross-disciplinary conversation easier, because students in 
di�erent classes are developing related habits of mind around the same underlying 
questions. When a student trained in Investigation in her English class brings that same 
instinct to a science assignment, that's the framework working exactly as intended.
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Investigation: Why did the system 
respond this way?
ASKING BETTER QUESTIONS OF A TOOL THAT SOUNDS VERY CONFIDENT

�ere's a particular kind of trust that �uency creates. When something communicates 
clearly, uses complete sentences, organizes its thoughts logically, and arrives at a 
conclusion without any visible hesitation, we tend to assume it knows what it's talking 
about. �is is a reasonable heuristic when applied to people. It's a genuinely problematic 
one when applied to AI.

Language models are extraordinarily �uent. �ey are also, by design, incapable of 
uncertainty in the way humans experience it. A person who doesn't know the answer to a 
question usually sounds like they don't know. �ey hedge. �ey trail o�. �ey say "I think" 
or "I'm not sure but." An AI system asked the same question will produce a response in the 
same con�dent, structured, well-forma�ed register it uses for everything else, whether it 
has strong training data to draw from or is, to put it plainly, making things up. �e outputs 
look identical from the outside. �at's the problem.

�is is what makes Investigation the most immediately practical pillar of the framework, 
and in many ways the most teachable. Students don't need to understand how a language 
model works at a technical level to learn that its con�dence is not a reliable signal of its 
accuracy. �ey just need to experience that gap directly, which doesn't take long.

THE FIRST TIME IT GETS THINGS WRONG

Most students who use AI tools regularly have already had the experience of catching an 
error. A date that was o�. A quote that turned out not to exist. A summary of a book that 
con�dently described a plot point that wasn't in the book. A "fact" that fell apart the 
moment they checked it against another source.

What varies is whether that experience produced a lesson or just a shrug.
Le� on their own, students tend to respond to AI errors the way they respond to errors in 
any tool: they note it, work around it, and move on without fundamentally revising their 
relationship with the tool. What the Investigation pillar does is take that natural 
experience of catching an error and build a structured practice around it. 

Not just "AI can be wrong" as a known fact �led away and occasionally remembered, but 
"here is how I check, here is what I look for, here is the habit I bring to every interaction 
with these systems."

�e most e�ective way to build that practice is through direct comparison. Take a 
meaningful question from whatever subject you're teaching, generate an AI response to it, 
and ask students to evaluate it systematically against other sources. 

Not just "is this right or wrong" but a fuller set of questions: What speci�c claims can be 
veri�ed? What's been simpli�ed to the point of distortion? What perspective or context is 
missing? What would an expert in this area notice that a general reader might not?

�is works in any subject. A history class can examine how AI summarizes a complex 
event and what gets �a�ened in the process. A science class can compare an AI 
explanation of a biological process against a textbook and primary literature. An English 
class can put an AI-generated literary analysis next to a published critical essay and ask 
students to articulate exactly what the human writer brought that the AI didn't. �e 
subject almost doesn't ma�er. 

�e habit of systematic evaluation is the key point here.

HALLUCINATIONS, AND WHY THEY'RE ACTUALLY A TEACHING 
OPPORTUNITY

�e term "hallucination" in the context of AI refers to outputs that are con�dently stated 
and entirely fabricated. Made-up citations are the most common example. A student asks 
an AI to help with a research paper, the AI produces a list of sources that look completely 
legitimate, complete with authors, publication names, volume numbers, and page ranges, 
and none of them exist. 

�e AI didn't lie, exactly. It pa�ern-matched its way to what a plausible citation looks like 
and generated one, with no mechanism for checking whether it corresponded to anything 
real.

�is is alarming the �rst time a student encounters it. It's also one of the most valuable 
teaching moments available, because it makes viscerally clear something that's otherwise 
easy to understand intellectually but hard to really feel: the AI has no relationship with the 
truth. It has a relationship with plausibility. �ose two things overlap o�en enough to be 
useful, and diverge o�en enough to be dangerous.

Once students have encountered a hallucination �rsthand, the instinct to verify becomes 
much more natural. �e exercise of asking students to deliberately try to catch an AI in a 
hallucination, by asking it questions where the correct answer is veri�able and the AI is 
likely to be working from incomplete or ambiguous training data, produces exactly the 
skeptical posture that the Investigation pillar is trying to develop. It turns fact-checking 
from a chore into something closer to a game, and the habit tends to stick.

BIAS IS NOT A BUG

One of the more important conversations to have with students during the Investigation 
pillar is about the di�erence between errors and bias. 

Errors are random. Bias is systematic. 

An AI that occasionally gets a date wrong is making errors. An AI that consistently 
describes historical events from the perspective of the dominant culture, consistently 
generates images of doctors that skew toward one demographic, or consistently produces 
outputs that re�ect some communities' experiences more accurately than others, that AI 
is exhibiting bias, and it will keep doing so until the underlying training data or the model 
itself is changed.

�is ma�ers because students who learn only to check for errors will develop a certain 
kind of critical awareness that stops well short of what's actually needed. Checking 
whether a fact is accurate is important. Asking whose experience the AI's framing of that 
fact re�ects, and whose it might be obscuring, is a di�erent and deeper question.

�e classroom conversation around bias tends to be more generative than educators 
expect, particularly when it moves away from abstract concepts and into concrete 
examples. Ask students to prompt an AI to generate a description of a "typical" 
professional in several di�erent �elds and examine what those descriptions assume. 

Ask them to notice how AI-generated historical narratives handle the experiences of 
groups that have been marginalized in mainstream accounts. 

Ask them whether the AI's version of a contested event looks like the version told by 
those most a�ected by it or the version most o�en repeated in dominant discourse. �ese 
aren't comfortable conversations, but they're honest ones, and they produce exactly the 
kind of critical awareness that makes students genuinely more capable of navigating an 
information environment shaped by these systems.

PROMPTS ARE NOT NEUTRAL EITHER

A dimension of Investigation that o�en gets overlooked is the relationship between how a 
question is asked and what answer comes back. Students who understand that AI outputs 
are sensitive to prompt construction have a fundamentally more sophisticated 
relationship with these tools than students who don't.

�is is worth making concrete. Ask an AI to explain a controversial historical event and 
then ask it to explain the same event from the perspective of a speci�c group of people 
who were a�ected by it. Ask it to write a persuasive essay arguing one position and then 
ask it to argue the opposite. Ask it the same factual question phrased two di�erent ways 
and compare the responses. 

What students discover through these exercises is that the AI doesn't have a �xed, stable 
understanding of anything it's asked about. It has a range of possible responses that the 
prompt pulls from in di�erent directions. �at's a technically accurate description of how 
these systems work, and it's also a useful frame for thinking about the information 
environment more broadly: the way a question is framed shapes the answer that 
becomes available.

�e habit of varying the prompt, of approaching the same question from multiple angles 
and treating the di�erences in response as data worth examining, is one of the more 
transferable skills the Investigation pillar produces. It applies to search engines. It applies 
to news sources. It applies to the way students eventually learn to design research 
questions. �e AI is just a particularly responsive and revealing context in which to 
practice it.

BUILDING AN AI CODE OF ETHICS

�e Investigation pillar naturally opens into ethics, because once students start 
questioning AI outputs seriously, they start asking questions that don't have purely factual 
answers. Who is responsible when an AI produces biased content? What obligation do 
people have to disclose when they've used AI in their work? Is there a meaningful 
di�erence between using AI to help brainstorm and using it to generate work you then 
claim as your own? Where does the line sit, and who gets to draw it?

�ese aren't questions with clean answers, and that's precisely what makes them 
valuable. One of the most productive exercises at this stage is asking students to 
collaboratively develop what might be called a classroom AI Code of Ethics: a working 
document that articulates how the class will engage with AI tools, what counts as 

appropriate use, what they owe each other in terms of transparency, and what they think 
responsible use actually looks like in practice. �e document itself ma�ers less than the 
conversation that produces it. Students who have genuinely wrestled with where the lines 
should be are far more likely to notice when they're approaching one than students who 
have simply been told the rules.

Privacy �ts into this conversation too, and it's worth raising directly rather than leaving it 
in the background. Most AI tools collect data. Many students have never thought carefully 
about what that means: what they're sharing, how it might be used, and what their actual 
rights are in that exchange. 

Building awareness of data privacy into the Investigation pillar helps students see 
themselves as people with agency in their digital lives rather than passive users of systems 
they don't fully understand.

�e goal of Investigation, taken as a whole, isn't to make students suspicious of everything 
or exhausted by the e�ort of verifying every piece of information they encounter. It's to 
develop a calibrated skepticism, an instinct for when to look more closely, a set of 
questions they reach for automatically when something deserves scrutiny. 

�at instinct, applied consistently over time, is one of the more durable things education 
can give a person. �e AI context just makes it unusually easy to practice.

Applying AIM™ Across the 
Curriculum
One of the questions educators ask most o�en when they encounter a framework like this 
is some version of "that's interesting, but where does it �t?" �ey're not being dismissive. 
�ey're being practical. A high school biology teacher with a packed curriculum, a 
standardized test on the horizon, and thirty-two students who have wildly di�erent levels 
of preparation doesn't have room for a new subject. She has room, maybe, for a new lens 
on the subject she's already teaching.

�at's exactly what the AIM™ Framework is designed to be.

None of the three pillars require dedicated class time to introduce from scratch. �ey don't 
require a technology unit or a special semester or permission from a curriculum 
commi�ee. �ey require a teacher who is willing to ask slightly di�erent questions about 
the material already in front of them, and who is comfortable le�ing those questions lead 
somewhere unexpected. 

�e framework travels. It works di�erently in di�erent subjects, but it works in all of them, 
and the examples below are meant to illustrate that range rather than prescribe exactly 
how it should look in any speci�c classroom.

HISTORY AND SOCIAL STUDIES

History is one of the richest possible contexts for all three pillars, because history is 
fundamentally a discipline about whose story gets told, by whom, and with what 
omissions. AI, it turns out, has a great deal to say about all three of those questions.

Awareness in a history classroom might start with something as simple as asking students 
to enter a signi�cant historical event into an AI tool and read what comes back. Not to 
evaluate it yet, just to read it. �en ask: who is centered in this account? Whose 
perspective is most visible? What period does the narrative seem to be drawing from? 
Students who have spent any time thinking about historiography will immediately notice 
things that students who haven't will need a moment to see. 

Either way, the AI output becomes a text worth analyzing, which is something history 
teachers know how to do.

Investigation follows naturally. Students can compare the AI's account against primary 
sources, against accounts wri�en by historians from di�erent traditions, against oral 
histories or community narratives that don't appear in mainstream textbook coverage. 

�e gaps between those sources are where the most interesting historical thinking 
happens, and AI has a particular tendency to reproduce the dominant narrative of any 
given event, which makes it a useful foil for exactly the kind of critical analysis history 
education is supposed to develop.

At the mastery level, a genuinely challenging exercise is asking students to use AI to 
construct the most thorough, well-sourced argument they can for a historical 
interpretation they personally disagree with, and then to respond to that argument using 
their own research and reasoning. �is requires them to take seriously a perspective they 
might otherwise dismiss, to understand it well enough to represent it fairly, and then to 
engage with it substantively rather than super�cially. �at's sophisticated historical 
thinking, and the AI makes it more accessible without doing the intellectual work for 
them.

SCIENCE

Science education has a complicated relationship with AI right now, partly because AI is 
increasingly being used in actual scienti�c research and partly because the outputs AI 
produces about scienti�c topics can range from impressively accurate to con�dently, 
dangerously wrong. Both of those things make it an excellent classroom subject.

Awareness in a science class might focus on where students already encounter AI in 
scienti�c contexts without realizing it. Weather forecasting models. Medical diagnostic 
tools. Drug discovery platforms. Agricultural yield prediction. Climate modeling. AI is 
embedded in the practice of science in ways that most science curricula haven't caught up 
with yet, and making that visible gives students a more accurate picture of the �eld they're 
studying and potentially entering.

Investigation in a science classroom has an obvious structure: take an AI explanation of a 
scienti�c concept or process, and subject it to the same scrutiny students would apply to 
any source. Is the mechanism described accurately? Are the numbers right? Does the 
explanation re�ect current scienti�c consensus or an older understanding? Is the 
uncertainty in the science represented honestly, or has the AI smoothed over genuine 
ongoing debate to produce a cleaner answer than the evidence actually supports? 

�at last question is particularly rich in science education, where the di�erence between 
se�led science and active research questions is something students o�en never get a clear 
picture of.

One of the most memorable investigations a science class can run is asking students to 
prompt an AI on a topic where scienti�c understanding has changed signi�cantly over 
time, evolution, the germ theory of disease, the structure of the atom, and examine how 
the AI navigates the historical development of the idea versus the current understanding. 

Does it present the history accurately? Does it distinguish between what was believed and 
what is now known? �ese questions develop exactly the scienti�c epistemology that 
science education is supposed to build.

At the mastery level, the most natural integration is using AI as a research accelerator 
while keeping the intellectual work in student hands. Students can use AI to get a quick 
orientation to an unfamiliar topic, identify the key concepts and terminology, and map the 
basic landscape before diving into primary sources and actual data. What they cannot do, 
if the assignment is designed well, is use AI to do the thinking that the assignment is 
meant to develop. 

Designing assignments that make that distinction clear is one of the more interesting 
instructional challenges the mastery pillar creates for science teachers, and most of them 
�nd it produces be�er assignments than they were writing before.

ENGLISH AND WRITING

English teachers have had the most publicly visible and contentious relationship with AI of 
any subject area, largely because language generation is what these tools are most visibly 
capable of and writing is what English teachers are most responsible for assessing. �e 
conversations in English departments about AI have o�en been framed around detection, 
policy, and prevention, which is understandable but somewhat misses where the real 
opportunity sits.

Awareness in an English classroom is really about expanding what students understand 
authorship to mean. Where does a piece of writing come from? What is the relationship 
between the words on the page and the person who produced them? What does it mean 
to have a voice, and can a system that has no experiences, no stake in the outcome, and 
no persistent self across conversations be said to have one? 

�ese are not new questions in literary study. �ey're questions that get newly interesting 
when the entity producing text is a machine.

Investigation in English might involve giving students an AI-generated essay and a 
human-wri�en essay on the same topic and asking them to identify the speci�c qualities 
that distinguish them. Not just "which is be�er" but what speci�cally is present in one that 
isn't in the other. What does the human writer do with uncertainty? How do they handle 
complexity? Where do they take risks that the AI doesn't? Where does the AI produce 
something that sounds authoritative but dissolves under scrutiny? 

�e comparison exercise develops close reading skills that transfer to any text, and the 
discussion it generates tends to be genuinely lively because students have strong 
intuitions about it that they struggle to articulate precisely, which is exactly where good 
English teaching lives.

At the mastery level, the most productive reframe for writing teachers is moving from "did 
the student use AI" as the central question to "what did the student contribute" as the 
central question. An assignment designed around the la�er is much harder to circumvent 
and much more educationally interesting. Ask students to use AI to generate a �rst dra� 
and then to substantially revise it, documenting every signi�cant change they made and 
explaining why they made it. 

�e revision process is where the learning happens in writing, and an AI dra� is in some 
ways a be�er starting point for teaching revision than a student's own �rst dra�, precisely 
because the student has no emotional a�achment to it and can cut it without hesitation.

THE ARTS

�e relationship between AI and creative work is one of the most genuinely contested 
spaces in this entire conversation, and it deserves more than a footnote. Artists, 
illustrators, musicians, and writers have raised serious and legitimate questions about AI 
systems trained on their work without consent, and those questions belong in the 
classroom as part of what students learn about the ethical dimensions of this technology.

Awareness in an arts classroom might start with that context: where did the training data 
for AI image generators, music composition tools, and writing assistants actually come 
from? What does it mean to train a system on the creative output of human beings who 
didn't agree to contribute to it? What does that do to questions of artistic ownership, 
originality, and value? 

�ese aren't rhetorical questions designed to produce a predetermined conclusion. 
�ey're genuinely open questions that the art world, the legal system, and the technology 
industry are actively working through, and students who engage with them seriously are 
developing exactly the kind of ethical reasoning that creative �elds require.

Investigation in the arts can take a particularly interesting form: using AI-generated 
creative work as a subject of critical analysis rather than a tool for production. What 
choices did the system make in generating this image, this piece of music, this poem? 
What aesthetic sensibility does it seem to re�ect? Whose aesthetic sensibility? What is it 
optimizing for, and how do you know? �ese questions develop critical vocabulary and 
analytical thinking that applies to all creative work, human or otherwise.

Mastery in a creative context is probably the most nuanced version of the pillar across all 
subjects, because the question of where the AI ends and the student begins is both 
practically and philosophically complex. �e most honest and productive approach is to 
make that complexity the subject rather than trying to resolve it. Students who are asked 
to use AI as a creative starting point and then to transform, critique, and respond to what it 
produces, while documenting their thinking throughout, are engaging with questions 
about authorship, intention, and creative identity that artists have always had to grapple 
with. �e AI just makes those questions newly urgent and unusually visible.

MATHEMATICS

Mathematics has an interesting and underexplored relationship with AI literacy, partly 
because AI is built on mathematical foundations that most students never see, and partly 
because math class is one of the few places where the question of whether an answer is 
correct has an actual de�nitive answer. �at second quality makes it uniquely useful for 
Investigation in particular.

Awareness in a mathematics classroom might start with demystifying what AI actually is 
at a structural level, without requiring students to become statisticians. Probability. Pa�ern 
recognition. Weighted decisions. Optimization. �ese are mathematical ideas, and 
students who have encountered them in a math context already have more intuition 
about how AI works than they realize. 

Making that connection explicit, helping students see that the AI generating a paragraph 
of text and the algorithm deciding the shortest route between two points are drawing on 
related mathematical logic, gives math a relevance to contemporary life that students 
o�en don't expect to �nd there.

Investigation in math takes on a character that no other subject can quite replicate, 
because math is one of the few domains where you can check an AI's work with certainty. 
Ask students to use AI to solve a set of problems, then verify every step of the working. 
Not just whether the �nal answer is right, but whether the method is sound, whether the 
AI took a valid path to get there, and whether it would have arrived at the right answer for 
the right reasons or simply landed correctly by a �awed route. 

�at last distinction ma�ers enormously in mathematics education, where the process is 
o�en more important than the answer, and it produces a version of Investigation that is 
rigorous in a very speci�c and satisfying way.

�ere is also something worth exploring in the way AI handles mathematical uncertainty 
and estimation. Ask it to solve a problem that is intentionally ambiguous, or one that has 
multiple valid approaches, and examine how it navigates that ambiguity. 

Does it acknowledge it? Does it pick one path without explanation? Does it present one 
method as if it were the only method? �ese questions develop mathematical thinking 
about the nature of proof, the validity of di�erent approaches, and the di�erence between 
a correct answer and a complete understanding.

At the mastery level, mathematics o�ers one of the clearest illustrations of the 
collaboration principle at the heart of this pillar. AI can execute calculations, generate 
proofs, and work through procedures with speed and accuracy that no student can match 
by hand. 

�e question is what that leaves for the student to do, and the answer is everything that 
actually constitutes mathematical understanding: knowing which procedure is 
appropriate, recognizing why a particular approach reveals something the others don't, 
understanding what the answer means in the context of a real problem, and developing 
the intuition that comes only from having worked through enough problems manually to 
have a feel for when something doesn't look right. �at intuition is not incidental to 
mathematical education. It's the goal. And it cannot be developed by watching an AI do 
the work.

COMPUTER SCIENCE

�ere's a particular irony in the fact that computer science classrooms are sometimes the 
least equipped to handle AI literacy well. �e assumption is that because the subject is 
technical, students in CS courses must already have a sophisticated understanding of AI. In 

practice, knowing how to write code and understanding what a large language model is 
actually doing are quite di�erent kinds of knowledge, and con�ating them does students 
in both directions a disservice.

Awareness in a computer science classroom can go deeper than in any other subject, and 
it should. Students who are learning to write programs have the conceptual foundation to 
understand, at a meaningful level, what it means for a system to be trained on data rather 
than explicitly programmed with rules. 

�e di�erence between writing an algorithm that sorts a list and training a model that 
learns to recognize pa�erns is a genuinely important conceptual distinction, and CS 
students are well positioned to grasp it. 

What awareness asks of them isn't just that they understand it technically but that they sit 
with its implications: if no human explicitly wrote the rules the model is following, where 
did those rules come from, who is responsible for them, and how do you audit something 
you didn't directly create?

Investigation in a CS context has a dimension that other subjects don't: students can 
actually look under the hood, at least partially. Examining how a model's outputs change 
based on di�erent inputs, exploring the documented limitations and known failure modes 
of speci�c systems, reading the technical literature on bias in machine learning, these are 
all forms of investigation that are accessible to students with a programming background 
and that produce a level of understanding most adults who use these tools daily never 
develop. 

A CS class that spends time on adversarial prompting, on the deliberate construction of 
inputs designed to expose the edges of a model's behavior, is doing genuine investigative 
work that builds both technical understanding and critical instinct simultaneously.

�ere's also an ethical dimension to computer science and AI that belongs speci�cally in 
CS classrooms rather than being le� entirely to humanities teachers to address. �e 
people who build these systems make choices. About what data to use and what to 
exclude. About what the model should optimize for. About how to handle edge cases and 
failure modes. About who bears the cost when the system gets something wrong. 
Students who are learning to build so�ware are learning to make exactly these kinds of 
choices, and introducing them to the ethical weight of those choices while they're still 
forming their professional identity is considerably more e�ective than addressing it a�er 
the fact. 

�e question of what responsible engineering looks like in an age of AI systems with 
broad social impact is one of the most important questions in the �eld right now, and it 
belongs in the curriculum.

At the mastery level, computer science students have access to a version of AI 
collaboration that is genuinely di�erent from what other subjects o�er. �ey can build 
with these tools, integrate them into projects, and develop a practical understanding of 
where AI capabilities are genuinely useful and where they produce bri�le, unreliable 
results that require more human oversight than they save in e�ort. �at hands-on, 
build-and-break relationship with AI is one of the most e�ective paths to the kind of 
calibrated judgment mastery requires. 

A CS student who has tried to use AI to generate functional code, debugged the results, 
identi�ed the systematic pa�erns in where it fails, and developed a working sense of when 
to use it and when to write from scratch has internalized the mastery principle in a way 
that will transfer across every context where these tools appear.

A NOTE ON CROSS-DISCIPLINARY POSSIBILITIES

�e most interesting applications of the AIM™ Framework o�en happen at the edges 
between subjects, where a question that starts in one class turns out to connect to 
something being explored in another.

A history class examining how AI summarizes the causes of a war might �nd itself having 
a conversation that belongs equally in a media literacy unit, an ethics seminar, and a 
statistics class. A science class investigating AI bias might end up in territory that overlaps 
with social studies, philosophy, and mathematics. An English class discussing authorship in 
the age of AI might �nd unexpected common ground with the arts and with computer 
science.

�at porousness is a feature of genuine learning rather than a curriculum design problem. 
�e AIM™ Framework doesn't require subjects to stay in their lanes. It creates a shared 
vocabulary that makes cross-disciplinary conversation easier, because students in 
di�erent classes are developing related habits of mind around the same underlying 
questions. When a student trained in Investigation in her English class brings that same 
instinct to a science assignment, that's the framework working exactly as intended.
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Investigation: Why did the system 
respond this way?
ASKING BETTER QUESTIONS OF A TOOL THAT SOUNDS VERY CONFIDENT

�ere's a particular kind of trust that �uency creates. When something communicates 
clearly, uses complete sentences, organizes its thoughts logically, and arrives at a 
conclusion without any visible hesitation, we tend to assume it knows what it's talking 
about. �is is a reasonable heuristic when applied to people. It's a genuinely problematic 
one when applied to AI.

Language models are extraordinarily �uent. �ey are also, by design, incapable of 
uncertainty in the way humans experience it. A person who doesn't know the answer to a 
question usually sounds like they don't know. �ey hedge. �ey trail o�. �ey say "I think" 
or "I'm not sure but." An AI system asked the same question will produce a response in the 
same con�dent, structured, well-forma�ed register it uses for everything else, whether it 
has strong training data to draw from or is, to put it plainly, making things up. �e outputs 
look identical from the outside. �at's the problem.

�is is what makes Investigation the most immediately practical pillar of the framework, 
and in many ways the most teachable. Students don't need to understand how a language 
model works at a technical level to learn that its con�dence is not a reliable signal of its 
accuracy. �ey just need to experience that gap directly, which doesn't take long.

THE FIRST TIME IT GETS THINGS WRONG

Most students who use AI tools regularly have already had the experience of catching an 
error. A date that was o�. A quote that turned out not to exist. A summary of a book that 
con�dently described a plot point that wasn't in the book. A "fact" that fell apart the 
moment they checked it against another source.

What varies is whether that experience produced a lesson or just a shrug.
Le� on their own, students tend to respond to AI errors the way they respond to errors in 
any tool: they note it, work around it, and move on without fundamentally revising their 
relationship with the tool. What the Investigation pillar does is take that natural 
experience of catching an error and build a structured practice around it. 

Not just "AI can be wrong" as a known fact �led away and occasionally remembered, but 
"here is how I check, here is what I look for, here is the habit I bring to every interaction 
with these systems."

�e most e�ective way to build that practice is through direct comparison. Take a 
meaningful question from whatever subject you're teaching, generate an AI response to it, 
and ask students to evaluate it systematically against other sources. 

Not just "is this right or wrong" but a fuller set of questions: What speci�c claims can be 
veri�ed? What's been simpli�ed to the point of distortion? What perspective or context is 
missing? What would an expert in this area notice that a general reader might not?

�is works in any subject. A history class can examine how AI summarizes a complex 
event and what gets �a�ened in the process. A science class can compare an AI 
explanation of a biological process against a textbook and primary literature. An English 
class can put an AI-generated literary analysis next to a published critical essay and ask 
students to articulate exactly what the human writer brought that the AI didn't. �e 
subject almost doesn't ma�er. 

�e habit of systematic evaluation is the key point here.

HALLUCINATIONS, AND WHY THEY'RE ACTUALLY A TEACHING 
OPPORTUNITY

�e term "hallucination" in the context of AI refers to outputs that are con�dently stated 
and entirely fabricated. Made-up citations are the most common example. A student asks 
an AI to help with a research paper, the AI produces a list of sources that look completely 
legitimate, complete with authors, publication names, volume numbers, and page ranges, 
and none of them exist. 

�e AI didn't lie, exactly. It pa�ern-matched its way to what a plausible citation looks like 
and generated one, with no mechanism for checking whether it corresponded to anything 
real.

�is is alarming the �rst time a student encounters it. It's also one of the most valuable 
teaching moments available, because it makes viscerally clear something that's otherwise 
easy to understand intellectually but hard to really feel: the AI has no relationship with the 
truth. It has a relationship with plausibility. �ose two things overlap o�en enough to be 
useful, and diverge o�en enough to be dangerous.

Once students have encountered a hallucination �rsthand, the instinct to verify becomes 
much more natural. �e exercise of asking students to deliberately try to catch an AI in a 
hallucination, by asking it questions where the correct answer is veri�able and the AI is 
likely to be working from incomplete or ambiguous training data, produces exactly the 
skeptical posture that the Investigation pillar is trying to develop. It turns fact-checking 
from a chore into something closer to a game, and the habit tends to stick.

BIAS IS NOT A BUG

One of the more important conversations to have with students during the Investigation 
pillar is about the di�erence between errors and bias. 

Errors are random. Bias is systematic. 

An AI that occasionally gets a date wrong is making errors. An AI that consistently 
describes historical events from the perspective of the dominant culture, consistently 
generates images of doctors that skew toward one demographic, or consistently produces 
outputs that re�ect some communities' experiences more accurately than others, that AI 
is exhibiting bias, and it will keep doing so until the underlying training data or the model 
itself is changed.

�is ma�ers because students who learn only to check for errors will develop a certain 
kind of critical awareness that stops well short of what's actually needed. Checking 
whether a fact is accurate is important. Asking whose experience the AI's framing of that 
fact re�ects, and whose it might be obscuring, is a di�erent and deeper question.

�e classroom conversation around bias tends to be more generative than educators 
expect, particularly when it moves away from abstract concepts and into concrete 
examples. Ask students to prompt an AI to generate a description of a "typical" 
professional in several di�erent �elds and examine what those descriptions assume. 

Ask them to notice how AI-generated historical narratives handle the experiences of 
groups that have been marginalized in mainstream accounts. 

Ask them whether the AI's version of a contested event looks like the version told by 
those most a�ected by it or the version most o�en repeated in dominant discourse. �ese 
aren't comfortable conversations, but they're honest ones, and they produce exactly the 
kind of critical awareness that makes students genuinely more capable of navigating an 
information environment shaped by these systems.

PROMPTS ARE NOT NEUTRAL EITHER

A dimension of Investigation that o�en gets overlooked is the relationship between how a 
question is asked and what answer comes back. Students who understand that AI outputs 
are sensitive to prompt construction have a fundamentally more sophisticated 
relationship with these tools than students who don't.

�is is worth making concrete. Ask an AI to explain a controversial historical event and 
then ask it to explain the same event from the perspective of a speci�c group of people 
who were a�ected by it. Ask it to write a persuasive essay arguing one position and then 
ask it to argue the opposite. Ask it the same factual question phrased two di�erent ways 
and compare the responses. 

What students discover through these exercises is that the AI doesn't have a �xed, stable 
understanding of anything it's asked about. It has a range of possible responses that the 
prompt pulls from in di�erent directions. �at's a technically accurate description of how 
these systems work, and it's also a useful frame for thinking about the information 
environment more broadly: the way a question is framed shapes the answer that 
becomes available.

�e habit of varying the prompt, of approaching the same question from multiple angles 
and treating the di�erences in response as data worth examining, is one of the more 
transferable skills the Investigation pillar produces. It applies to search engines. It applies 
to news sources. It applies to the way students eventually learn to design research 
questions. �e AI is just a particularly responsive and revealing context in which to 
practice it.

BUILDING AN AI CODE OF ETHICS

�e Investigation pillar naturally opens into ethics, because once students start 
questioning AI outputs seriously, they start asking questions that don't have purely factual 
answers. Who is responsible when an AI produces biased content? What obligation do 
people have to disclose when they've used AI in their work? Is there a meaningful 
di�erence between using AI to help brainstorm and using it to generate work you then 
claim as your own? Where does the line sit, and who gets to draw it?

�ese aren't questions with clean answers, and that's precisely what makes them 
valuable. One of the most productive exercises at this stage is asking students to 
collaboratively develop what might be called a classroom AI Code of Ethics: a working 
document that articulates how the class will engage with AI tools, what counts as 

appropriate use, what they owe each other in terms of transparency, and what they think 
responsible use actually looks like in practice. �e document itself ma�ers less than the 
conversation that produces it. Students who have genuinely wrestled with where the lines 
should be are far more likely to notice when they're approaching one than students who 
have simply been told the rules.

Privacy �ts into this conversation too, and it's worth raising directly rather than leaving it 
in the background. Most AI tools collect data. Many students have never thought carefully 
about what that means: what they're sharing, how it might be used, and what their actual 
rights are in that exchange. 

Building awareness of data privacy into the Investigation pillar helps students see 
themselves as people with agency in their digital lives rather than passive users of systems 
they don't fully understand.

�e goal of Investigation, taken as a whole, isn't to make students suspicious of everything 
or exhausted by the e�ort of verifying every piece of information they encounter. It's to 
develop a calibrated skepticism, an instinct for when to look more closely, a set of 
questions they reach for automatically when something deserves scrutiny. 

�at instinct, applied consistently over time, is one of the more durable things education 
can give a person. �e AI context just makes it unusually easy to practice.

Applying AIM™ Across the 
Curriculum
One of the questions educators ask most o�en when they encounter a framework like this 
is some version of "that's interesting, but where does it �t?" �ey're not being dismissive. 
�ey're being practical. A high school biology teacher with a packed curriculum, a 
standardized test on the horizon, and thirty-two students who have wildly di�erent levels 
of preparation doesn't have room for a new subject. She has room, maybe, for a new lens 
on the subject she's already teaching.

�at's exactly what the AIM™ Framework is designed to be.

None of the three pillars require dedicated class time to introduce from scratch. �ey don't 
require a technology unit or a special semester or permission from a curriculum 
commi�ee. �ey require a teacher who is willing to ask slightly di�erent questions about 
the material already in front of them, and who is comfortable le�ing those questions lead 
somewhere unexpected. 

�e framework travels. It works di�erently in di�erent subjects, but it works in all of them, 
and the examples below are meant to illustrate that range rather than prescribe exactly 
how it should look in any speci�c classroom.

HISTORY AND SOCIAL STUDIES

History is one of the richest possible contexts for all three pillars, because history is 
fundamentally a discipline about whose story gets told, by whom, and with what 
omissions. AI, it turns out, has a great deal to say about all three of those questions.

Awareness in a history classroom might start with something as simple as asking students 
to enter a signi�cant historical event into an AI tool and read what comes back. Not to 
evaluate it yet, just to read it. �en ask: who is centered in this account? Whose 
perspective is most visible? What period does the narrative seem to be drawing from? 
Students who have spent any time thinking about historiography will immediately notice 
things that students who haven't will need a moment to see. 

Either way, the AI output becomes a text worth analyzing, which is something history 
teachers know how to do.

Investigation follows naturally. Students can compare the AI's account against primary 
sources, against accounts wri�en by historians from di�erent traditions, against oral 
histories or community narratives that don't appear in mainstream textbook coverage. 

�e gaps between those sources are where the most interesting historical thinking 
happens, and AI has a particular tendency to reproduce the dominant narrative of any 
given event, which makes it a useful foil for exactly the kind of critical analysis history 
education is supposed to develop.

At the mastery level, a genuinely challenging exercise is asking students to use AI to 
construct the most thorough, well-sourced argument they can for a historical 
interpretation they personally disagree with, and then to respond to that argument using 
their own research and reasoning. �is requires them to take seriously a perspective they 
might otherwise dismiss, to understand it well enough to represent it fairly, and then to 
engage with it substantively rather than super�cially. �at's sophisticated historical 
thinking, and the AI makes it more accessible without doing the intellectual work for 
them.

SCIENCE

Science education has a complicated relationship with AI right now, partly because AI is 
increasingly being used in actual scienti�c research and partly because the outputs AI 
produces about scienti�c topics can range from impressively accurate to con�dently, 
dangerously wrong. Both of those things make it an excellent classroom subject.

Awareness in a science class might focus on where students already encounter AI in 
scienti�c contexts without realizing it. Weather forecasting models. Medical diagnostic 
tools. Drug discovery platforms. Agricultural yield prediction. Climate modeling. AI is 
embedded in the practice of science in ways that most science curricula haven't caught up 
with yet, and making that visible gives students a more accurate picture of the �eld they're 
studying and potentially entering.

Investigation in a science classroom has an obvious structure: take an AI explanation of a 
scienti�c concept or process, and subject it to the same scrutiny students would apply to 
any source. Is the mechanism described accurately? Are the numbers right? Does the 
explanation re�ect current scienti�c consensus or an older understanding? Is the 
uncertainty in the science represented honestly, or has the AI smoothed over genuine 
ongoing debate to produce a cleaner answer than the evidence actually supports? 

�at last question is particularly rich in science education, where the di�erence between 
se�led science and active research questions is something students o�en never get a clear 
picture of.

One of the most memorable investigations a science class can run is asking students to 
prompt an AI on a topic where scienti�c understanding has changed signi�cantly over 
time, evolution, the germ theory of disease, the structure of the atom, and examine how 
the AI navigates the historical development of the idea versus the current understanding. 

Does it present the history accurately? Does it distinguish between what was believed and 
what is now known? �ese questions develop exactly the scienti�c epistemology that 
science education is supposed to build.

At the mastery level, the most natural integration is using AI as a research accelerator 
while keeping the intellectual work in student hands. Students can use AI to get a quick 
orientation to an unfamiliar topic, identify the key concepts and terminology, and map the 
basic landscape before diving into primary sources and actual data. What they cannot do, 
if the assignment is designed well, is use AI to do the thinking that the assignment is 
meant to develop. 

Designing assignments that make that distinction clear is one of the more interesting 
instructional challenges the mastery pillar creates for science teachers, and most of them 
�nd it produces be�er assignments than they were writing before.

ENGLISH AND WRITING

English teachers have had the most publicly visible and contentious relationship with AI of 
any subject area, largely because language generation is what these tools are most visibly 
capable of and writing is what English teachers are most responsible for assessing. �e 
conversations in English departments about AI have o�en been framed around detection, 
policy, and prevention, which is understandable but somewhat misses where the real 
opportunity sits.

Awareness in an English classroom is really about expanding what students understand 
authorship to mean. Where does a piece of writing come from? What is the relationship 
between the words on the page and the person who produced them? What does it mean 
to have a voice, and can a system that has no experiences, no stake in the outcome, and 
no persistent self across conversations be said to have one? 

�ese are not new questions in literary study. �ey're questions that get newly interesting 
when the entity producing text is a machine.

Investigation in English might involve giving students an AI-generated essay and a 
human-wri�en essay on the same topic and asking them to identify the speci�c qualities 
that distinguish them. Not just "which is be�er" but what speci�cally is present in one that 
isn't in the other. What does the human writer do with uncertainty? How do they handle 
complexity? Where do they take risks that the AI doesn't? Where does the AI produce 
something that sounds authoritative but dissolves under scrutiny? 

�e comparison exercise develops close reading skills that transfer to any text, and the 
discussion it generates tends to be genuinely lively because students have strong 
intuitions about it that they struggle to articulate precisely, which is exactly where good 
English teaching lives.

At the mastery level, the most productive reframe for writing teachers is moving from "did 
the student use AI" as the central question to "what did the student contribute" as the 
central question. An assignment designed around the la�er is much harder to circumvent 
and much more educationally interesting. Ask students to use AI to generate a �rst dra� 
and then to substantially revise it, documenting every signi�cant change they made and 
explaining why they made it. 

�e revision process is where the learning happens in writing, and an AI dra� is in some 
ways a be�er starting point for teaching revision than a student's own �rst dra�, precisely 
because the student has no emotional a�achment to it and can cut it without hesitation.

THE ARTS

�e relationship between AI and creative work is one of the most genuinely contested 
spaces in this entire conversation, and it deserves more than a footnote. Artists, 
illustrators, musicians, and writers have raised serious and legitimate questions about AI 
systems trained on their work without consent, and those questions belong in the 
classroom as part of what students learn about the ethical dimensions of this technology.

Awareness in an arts classroom might start with that context: where did the training data 
for AI image generators, music composition tools, and writing assistants actually come 
from? What does it mean to train a system on the creative output of human beings who 
didn't agree to contribute to it? What does that do to questions of artistic ownership, 
originality, and value? 

�ese aren't rhetorical questions designed to produce a predetermined conclusion. 
�ey're genuinely open questions that the art world, the legal system, and the technology 
industry are actively working through, and students who engage with them seriously are 
developing exactly the kind of ethical reasoning that creative �elds require.

Investigation in the arts can take a particularly interesting form: using AI-generated 
creative work as a subject of critical analysis rather than a tool for production. What 
choices did the system make in generating this image, this piece of music, this poem? 
What aesthetic sensibility does it seem to re�ect? Whose aesthetic sensibility? What is it 
optimizing for, and how do you know? �ese questions develop critical vocabulary and 
analytical thinking that applies to all creative work, human or otherwise.

Mastery in a creative context is probably the most nuanced version of the pillar across all 
subjects, because the question of where the AI ends and the student begins is both 
practically and philosophically complex. �e most honest and productive approach is to 
make that complexity the subject rather than trying to resolve it. Students who are asked 
to use AI as a creative starting point and then to transform, critique, and respond to what it 
produces, while documenting their thinking throughout, are engaging with questions 
about authorship, intention, and creative identity that artists have always had to grapple 
with. �e AI just makes those questions newly urgent and unusually visible.

MATHEMATICS

Mathematics has an interesting and underexplored relationship with AI literacy, partly 
because AI is built on mathematical foundations that most students never see, and partly 
because math class is one of the few places where the question of whether an answer is 
correct has an actual de�nitive answer. �at second quality makes it uniquely useful for 
Investigation in particular.

Awareness in a mathematics classroom might start with demystifying what AI actually is 
at a structural level, without requiring students to become statisticians. Probability. Pa�ern 
recognition. Weighted decisions. Optimization. �ese are mathematical ideas, and 
students who have encountered them in a math context already have more intuition 
about how AI works than they realize. 

Making that connection explicit, helping students see that the AI generating a paragraph 
of text and the algorithm deciding the shortest route between two points are drawing on 
related mathematical logic, gives math a relevance to contemporary life that students 
o�en don't expect to �nd there.

Investigation in math takes on a character that no other subject can quite replicate, 
because math is one of the few domains where you can check an AI's work with certainty. 
Ask students to use AI to solve a set of problems, then verify every step of the working. 
Not just whether the �nal answer is right, but whether the method is sound, whether the 
AI took a valid path to get there, and whether it would have arrived at the right answer for 
the right reasons or simply landed correctly by a �awed route. 

�at last distinction ma�ers enormously in mathematics education, where the process is 
o�en more important than the answer, and it produces a version of Investigation that is 
rigorous in a very speci�c and satisfying way.

�ere is also something worth exploring in the way AI handles mathematical uncertainty 
and estimation. Ask it to solve a problem that is intentionally ambiguous, or one that has 
multiple valid approaches, and examine how it navigates that ambiguity. 

Does it acknowledge it? Does it pick one path without explanation? Does it present one 
method as if it were the only method? �ese questions develop mathematical thinking 
about the nature of proof, the validity of di�erent approaches, and the di�erence between 
a correct answer and a complete understanding.

At the mastery level, mathematics o�ers one of the clearest illustrations of the 
collaboration principle at the heart of this pillar. AI can execute calculations, generate 
proofs, and work through procedures with speed and accuracy that no student can match 
by hand. 

�e question is what that leaves for the student to do, and the answer is everything that 
actually constitutes mathematical understanding: knowing which procedure is 
appropriate, recognizing why a particular approach reveals something the others don't, 
understanding what the answer means in the context of a real problem, and developing 
the intuition that comes only from having worked through enough problems manually to 
have a feel for when something doesn't look right. �at intuition is not incidental to 
mathematical education. It's the goal. And it cannot be developed by watching an AI do 
the work.

COMPUTER SCIENCE

�ere's a particular irony in the fact that computer science classrooms are sometimes the 
least equipped to handle AI literacy well. �e assumption is that because the subject is 
technical, students in CS courses must already have a sophisticated understanding of AI. In 

practice, knowing how to write code and understanding what a large language model is 
actually doing are quite di�erent kinds of knowledge, and con�ating them does students 
in both directions a disservice.

Awareness in a computer science classroom can go deeper than in any other subject, and 
it should. Students who are learning to write programs have the conceptual foundation to 
understand, at a meaningful level, what it means for a system to be trained on data rather 
than explicitly programmed with rules. 

�e di�erence between writing an algorithm that sorts a list and training a model that 
learns to recognize pa�erns is a genuinely important conceptual distinction, and CS 
students are well positioned to grasp it. 

What awareness asks of them isn't just that they understand it technically but that they sit 
with its implications: if no human explicitly wrote the rules the model is following, where 
did those rules come from, who is responsible for them, and how do you audit something 
you didn't directly create?

Investigation in a CS context has a dimension that other subjects don't: students can 
actually look under the hood, at least partially. Examining how a model's outputs change 
based on di�erent inputs, exploring the documented limitations and known failure modes 
of speci�c systems, reading the technical literature on bias in machine learning, these are 
all forms of investigation that are accessible to students with a programming background 
and that produce a level of understanding most adults who use these tools daily never 
develop. 

A CS class that spends time on adversarial prompting, on the deliberate construction of 
inputs designed to expose the edges of a model's behavior, is doing genuine investigative 
work that builds both technical understanding and critical instinct simultaneously.

�ere's also an ethical dimension to computer science and AI that belongs speci�cally in 
CS classrooms rather than being le� entirely to humanities teachers to address. �e 
people who build these systems make choices. About what data to use and what to 
exclude. About what the model should optimize for. About how to handle edge cases and 
failure modes. About who bears the cost when the system gets something wrong. 
Students who are learning to build so�ware are learning to make exactly these kinds of 
choices, and introducing them to the ethical weight of those choices while they're still 
forming their professional identity is considerably more e�ective than addressing it a�er 
the fact. 

�e question of what responsible engineering looks like in an age of AI systems with 
broad social impact is one of the most important questions in the �eld right now, and it 
belongs in the curriculum.

At the mastery level, computer science students have access to a version of AI 
collaboration that is genuinely di�erent from what other subjects o�er. �ey can build 
with these tools, integrate them into projects, and develop a practical understanding of 
where AI capabilities are genuinely useful and where they produce bri�le, unreliable 
results that require more human oversight than they save in e�ort. �at hands-on, 
build-and-break relationship with AI is one of the most e�ective paths to the kind of 
calibrated judgment mastery requires. 

A CS student who has tried to use AI to generate functional code, debugged the results, 
identi�ed the systematic pa�erns in where it fails, and developed a working sense of when 
to use it and when to write from scratch has internalized the mastery principle in a way 
that will transfer across every context where these tools appear.

A NOTE ON CROSS-DISCIPLINARY POSSIBILITIES

�e most interesting applications of the AIM™ Framework o�en happen at the edges 
between subjects, where a question that starts in one class turns out to connect to 
something being explored in another.

A history class examining how AI summarizes the causes of a war might �nd itself having 
a conversation that belongs equally in a media literacy unit, an ethics seminar, and a 
statistics class. A science class investigating AI bias might end up in territory that overlaps 
with social studies, philosophy, and mathematics. An English class discussing authorship in 
the age of AI might �nd unexpected common ground with the arts and with computer 
science.

�at porousness is a feature of genuine learning rather than a curriculum design problem. 
�e AIM™ Framework doesn't require subjects to stay in their lanes. It creates a shared 
vocabulary that makes cross-disciplinary conversation easier, because students in 
di�erent classes are developing related habits of mind around the same underlying 
questions. When a student trained in Investigation in her English class brings that same 
instinct to a science assignment, that's the framework working exactly as intended.
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Investigation: Why did the system 
respond this way?
ASKING BETTER QUESTIONS OF A TOOL THAT SOUNDS VERY CONFIDENT

�ere's a particular kind of trust that �uency creates. When something communicates 
clearly, uses complete sentences, organizes its thoughts logically, and arrives at a 
conclusion without any visible hesitation, we tend to assume it knows what it's talking 
about. �is is a reasonable heuristic when applied to people. It's a genuinely problematic 
one when applied to AI.

Language models are extraordinarily �uent. �ey are also, by design, incapable of 
uncertainty in the way humans experience it. A person who doesn't know the answer to a 
question usually sounds like they don't know. �ey hedge. �ey trail o�. �ey say "I think" 
or "I'm not sure but." An AI system asked the same question will produce a response in the 
same con�dent, structured, well-forma�ed register it uses for everything else, whether it 
has strong training data to draw from or is, to put it plainly, making things up. �e outputs 
look identical from the outside. �at's the problem.

�is is what makes Investigation the most immediately practical pillar of the framework, 
and in many ways the most teachable. Students don't need to understand how a language 
model works at a technical level to learn that its con�dence is not a reliable signal of its 
accuracy. �ey just need to experience that gap directly, which doesn't take long.

THE FIRST TIME IT GETS THINGS WRONG

Most students who use AI tools regularly have already had the experience of catching an 
error. A date that was o�. A quote that turned out not to exist. A summary of a book that 
con�dently described a plot point that wasn't in the book. A "fact" that fell apart the 
moment they checked it against another source.

What varies is whether that experience produced a lesson or just a shrug.
Le� on their own, students tend to respond to AI errors the way they respond to errors in 
any tool: they note it, work around it, and move on without fundamentally revising their 
relationship with the tool. What the Investigation pillar does is take that natural 
experience of catching an error and build a structured practice around it. 

Not just "AI can be wrong" as a known fact �led away and occasionally remembered, but 
"here is how I check, here is what I look for, here is the habit I bring to every interaction 
with these systems."

�e most e�ective way to build that practice is through direct comparison. Take a 
meaningful question from whatever subject you're teaching, generate an AI response to it, 
and ask students to evaluate it systematically against other sources. 

Not just "is this right or wrong" but a fuller set of questions: What speci�c claims can be 
veri�ed? What's been simpli�ed to the point of distortion? What perspective or context is 
missing? What would an expert in this area notice that a general reader might not?

�is works in any subject. A history class can examine how AI summarizes a complex 
event and what gets �a�ened in the process. A science class can compare an AI 
explanation of a biological process against a textbook and primary literature. An English 
class can put an AI-generated literary analysis next to a published critical essay and ask 
students to articulate exactly what the human writer brought that the AI didn't. �e 
subject almost doesn't ma�er. 

�e habit of systematic evaluation is the key point here.

HALLUCINATIONS, AND WHY THEY'RE ACTUALLY A TEACHING 
OPPORTUNITY

�e term "hallucination" in the context of AI refers to outputs that are con�dently stated 
and entirely fabricated. Made-up citations are the most common example. A student asks 
an AI to help with a research paper, the AI produces a list of sources that look completely 
legitimate, complete with authors, publication names, volume numbers, and page ranges, 
and none of them exist. 

�e AI didn't lie, exactly. It pa�ern-matched its way to what a plausible citation looks like 
and generated one, with no mechanism for checking whether it corresponded to anything 
real.

�is is alarming the �rst time a student encounters it. It's also one of the most valuable 
teaching moments available, because it makes viscerally clear something that's otherwise 
easy to understand intellectually but hard to really feel: the AI has no relationship with the 
truth. It has a relationship with plausibility. �ose two things overlap o�en enough to be 
useful, and diverge o�en enough to be dangerous.

Once students have encountered a hallucination �rsthand, the instinct to verify becomes 
much more natural. �e exercise of asking students to deliberately try to catch an AI in a 
hallucination, by asking it questions where the correct answer is veri�able and the AI is 
likely to be working from incomplete or ambiguous training data, produces exactly the 
skeptical posture that the Investigation pillar is trying to develop. It turns fact-checking 
from a chore into something closer to a game, and the habit tends to stick.

BIAS IS NOT A BUG

One of the more important conversations to have with students during the Investigation 
pillar is about the di�erence between errors and bias. 

Errors are random. Bias is systematic. 

An AI that occasionally gets a date wrong is making errors. An AI that consistently 
describes historical events from the perspective of the dominant culture, consistently 
generates images of doctors that skew toward one demographic, or consistently produces 
outputs that re�ect some communities' experiences more accurately than others, that AI 
is exhibiting bias, and it will keep doing so until the underlying training data or the model 
itself is changed.

�is ma�ers because students who learn only to check for errors will develop a certain 
kind of critical awareness that stops well short of what's actually needed. Checking 
whether a fact is accurate is important. Asking whose experience the AI's framing of that 
fact re�ects, and whose it might be obscuring, is a di�erent and deeper question.

�e classroom conversation around bias tends to be more generative than educators 
expect, particularly when it moves away from abstract concepts and into concrete 
examples. Ask students to prompt an AI to generate a description of a "typical" 
professional in several di�erent �elds and examine what those descriptions assume. 

Ask them to notice how AI-generated historical narratives handle the experiences of 
groups that have been marginalized in mainstream accounts. 

Ask them whether the AI's version of a contested event looks like the version told by 
those most a�ected by it or the version most o�en repeated in dominant discourse. �ese 
aren't comfortable conversations, but they're honest ones, and they produce exactly the 
kind of critical awareness that makes students genuinely more capable of navigating an 
information environment shaped by these systems.

PROMPTS ARE NOT NEUTRAL EITHER

A dimension of Investigation that o�en gets overlooked is the relationship between how a 
question is asked and what answer comes back. Students who understand that AI outputs 
are sensitive to prompt construction have a fundamentally more sophisticated 
relationship with these tools than students who don't.

�is is worth making concrete. Ask an AI to explain a controversial historical event and 
then ask it to explain the same event from the perspective of a speci�c group of people 
who were a�ected by it. Ask it to write a persuasive essay arguing one position and then 
ask it to argue the opposite. Ask it the same factual question phrased two di�erent ways 
and compare the responses. 

What students discover through these exercises is that the AI doesn't have a �xed, stable 
understanding of anything it's asked about. It has a range of possible responses that the 
prompt pulls from in di�erent directions. �at's a technically accurate description of how 
these systems work, and it's also a useful frame for thinking about the information 
environment more broadly: the way a question is framed shapes the answer that 
becomes available.

�e habit of varying the prompt, of approaching the same question from multiple angles 
and treating the di�erences in response as data worth examining, is one of the more 
transferable skills the Investigation pillar produces. It applies to search engines. It applies 
to news sources. It applies to the way students eventually learn to design research 
questions. �e AI is just a particularly responsive and revealing context in which to 
practice it.

BUILDING AN AI CODE OF ETHICS

�e Investigation pillar naturally opens into ethics, because once students start 
questioning AI outputs seriously, they start asking questions that don't have purely factual 
answers. Who is responsible when an AI produces biased content? What obligation do 
people have to disclose when they've used AI in their work? Is there a meaningful 
di�erence between using AI to help brainstorm and using it to generate work you then 
claim as your own? Where does the line sit, and who gets to draw it?

�ese aren't questions with clean answers, and that's precisely what makes them 
valuable. One of the most productive exercises at this stage is asking students to 
collaboratively develop what might be called a classroom AI Code of Ethics: a working 
document that articulates how the class will engage with AI tools, what counts as 

appropriate use, what they owe each other in terms of transparency, and what they think 
responsible use actually looks like in practice. �e document itself ma�ers less than the 
conversation that produces it. Students who have genuinely wrestled with where the lines 
should be are far more likely to notice when they're approaching one than students who 
have simply been told the rules.

Privacy �ts into this conversation too, and it's worth raising directly rather than leaving it 
in the background. Most AI tools collect data. Many students have never thought carefully 
about what that means: what they're sharing, how it might be used, and what their actual 
rights are in that exchange. 

Building awareness of data privacy into the Investigation pillar helps students see 
themselves as people with agency in their digital lives rather than passive users of systems 
they don't fully understand.

�e goal of Investigation, taken as a whole, isn't to make students suspicious of everything 
or exhausted by the e�ort of verifying every piece of information they encounter. It's to 
develop a calibrated skepticism, an instinct for when to look more closely, a set of 
questions they reach for automatically when something deserves scrutiny. 

�at instinct, applied consistently over time, is one of the more durable things education 
can give a person. �e AI context just makes it unusually easy to practice.

Applying AIM™ Across the 
Curriculum
One of the questions educators ask most o�en when they encounter a framework like this 
is some version of "that's interesting, but where does it �t?" �ey're not being dismissive. 
�ey're being practical. A high school biology teacher with a packed curriculum, a 
standardized test on the horizon, and thirty-two students who have wildly di�erent levels 
of preparation doesn't have room for a new subject. She has room, maybe, for a new lens 
on the subject she's already teaching.

�at's exactly what the AIM™ Framework is designed to be.

None of the three pillars require dedicated class time to introduce from scratch. �ey don't 
require a technology unit or a special semester or permission from a curriculum 
commi�ee. �ey require a teacher who is willing to ask slightly di�erent questions about 
the material already in front of them, and who is comfortable le�ing those questions lead 
somewhere unexpected. 

�e framework travels. It works di�erently in di�erent subjects, but it works in all of them, 
and the examples below are meant to illustrate that range rather than prescribe exactly 
how it should look in any speci�c classroom.

HISTORY AND SOCIAL STUDIES

History is one of the richest possible contexts for all three pillars, because history is 
fundamentally a discipline about whose story gets told, by whom, and with what 
omissions. AI, it turns out, has a great deal to say about all three of those questions.

Awareness in a history classroom might start with something as simple as asking students 
to enter a signi�cant historical event into an AI tool and read what comes back. Not to 
evaluate it yet, just to read it. �en ask: who is centered in this account? Whose 
perspective is most visible? What period does the narrative seem to be drawing from? 
Students who have spent any time thinking about historiography will immediately notice 
things that students who haven't will need a moment to see. 

Either way, the AI output becomes a text worth analyzing, which is something history 
teachers know how to do.

Investigation follows naturally. Students can compare the AI's account against primary 
sources, against accounts wri�en by historians from di�erent traditions, against oral 
histories or community narratives that don't appear in mainstream textbook coverage. 

�e gaps between those sources are where the most interesting historical thinking 
happens, and AI has a particular tendency to reproduce the dominant narrative of any 
given event, which makes it a useful foil for exactly the kind of critical analysis history 
education is supposed to develop.

At the mastery level, a genuinely challenging exercise is asking students to use AI to 
construct the most thorough, well-sourced argument they can for a historical 
interpretation they personally disagree with, and then to respond to that argument using 
their own research and reasoning. �is requires them to take seriously a perspective they 
might otherwise dismiss, to understand it well enough to represent it fairly, and then to 
engage with it substantively rather than super�cially. �at's sophisticated historical 
thinking, and the AI makes it more accessible without doing the intellectual work for 
them.

SCIENCE

Science education has a complicated relationship with AI right now, partly because AI is 
increasingly being used in actual scienti�c research and partly because the outputs AI 
produces about scienti�c topics can range from impressively accurate to con�dently, 
dangerously wrong. Both of those things make it an excellent classroom subject.

Awareness in a science class might focus on where students already encounter AI in 
scienti�c contexts without realizing it. Weather forecasting models. Medical diagnostic 
tools. Drug discovery platforms. Agricultural yield prediction. Climate modeling. AI is 
embedded in the practice of science in ways that most science curricula haven't caught up 
with yet, and making that visible gives students a more accurate picture of the �eld they're 
studying and potentially entering.

Investigation in a science classroom has an obvious structure: take an AI explanation of a 
scienti�c concept or process, and subject it to the same scrutiny students would apply to 
any source. Is the mechanism described accurately? Are the numbers right? Does the 
explanation re�ect current scienti�c consensus or an older understanding? Is the 
uncertainty in the science represented honestly, or has the AI smoothed over genuine 
ongoing debate to produce a cleaner answer than the evidence actually supports? 

�at last question is particularly rich in science education, where the di�erence between 
se�led science and active research questions is something students o�en never get a clear 
picture of.

One of the most memorable investigations a science class can run is asking students to 
prompt an AI on a topic where scienti�c understanding has changed signi�cantly over 
time, evolution, the germ theory of disease, the structure of the atom, and examine how 
the AI navigates the historical development of the idea versus the current understanding. 

Does it present the history accurately? Does it distinguish between what was believed and 
what is now known? �ese questions develop exactly the scienti�c epistemology that 
science education is supposed to build.

At the mastery level, the most natural integration is using AI as a research accelerator 
while keeping the intellectual work in student hands. Students can use AI to get a quick 
orientation to an unfamiliar topic, identify the key concepts and terminology, and map the 
basic landscape before diving into primary sources and actual data. What they cannot do, 
if the assignment is designed well, is use AI to do the thinking that the assignment is 
meant to develop. 

Designing assignments that make that distinction clear is one of the more interesting 
instructional challenges the mastery pillar creates for science teachers, and most of them 
�nd it produces be�er assignments than they were writing before.

ENGLISH AND WRITING

English teachers have had the most publicly visible and contentious relationship with AI of 
any subject area, largely because language generation is what these tools are most visibly 
capable of and writing is what English teachers are most responsible for assessing. �e 
conversations in English departments about AI have o�en been framed around detection, 
policy, and prevention, which is understandable but somewhat misses where the real 
opportunity sits.

Awareness in an English classroom is really about expanding what students understand 
authorship to mean. Where does a piece of writing come from? What is the relationship 
between the words on the page and the person who produced them? What does it mean 
to have a voice, and can a system that has no experiences, no stake in the outcome, and 
no persistent self across conversations be said to have one? 

�ese are not new questions in literary study. �ey're questions that get newly interesting 
when the entity producing text is a machine.

Investigation in English might involve giving students an AI-generated essay and a 
human-wri�en essay on the same topic and asking them to identify the speci�c qualities 
that distinguish them. Not just "which is be�er" but what speci�cally is present in one that 
isn't in the other. What does the human writer do with uncertainty? How do they handle 
complexity? Where do they take risks that the AI doesn't? Where does the AI produce 
something that sounds authoritative but dissolves under scrutiny? 

�e comparison exercise develops close reading skills that transfer to any text, and the 
discussion it generates tends to be genuinely lively because students have strong 
intuitions about it that they struggle to articulate precisely, which is exactly where good 
English teaching lives.

At the mastery level, the most productive reframe for writing teachers is moving from "did 
the student use AI" as the central question to "what did the student contribute" as the 
central question. An assignment designed around the la�er is much harder to circumvent 
and much more educationally interesting. Ask students to use AI to generate a �rst dra� 
and then to substantially revise it, documenting every signi�cant change they made and 
explaining why they made it. 

�e revision process is where the learning happens in writing, and an AI dra� is in some 
ways a be�er starting point for teaching revision than a student's own �rst dra�, precisely 
because the student has no emotional a�achment to it and can cut it without hesitation.

THE ARTS

�e relationship between AI and creative work is one of the most genuinely contested 
spaces in this entire conversation, and it deserves more than a footnote. Artists, 
illustrators, musicians, and writers have raised serious and legitimate questions about AI 
systems trained on their work without consent, and those questions belong in the 
classroom as part of what students learn about the ethical dimensions of this technology.

Awareness in an arts classroom might start with that context: where did the training data 
for AI image generators, music composition tools, and writing assistants actually come 
from? What does it mean to train a system on the creative output of human beings who 
didn't agree to contribute to it? What does that do to questions of artistic ownership, 
originality, and value? 

�ese aren't rhetorical questions designed to produce a predetermined conclusion. 
�ey're genuinely open questions that the art world, the legal system, and the technology 
industry are actively working through, and students who engage with them seriously are 
developing exactly the kind of ethical reasoning that creative �elds require.

Investigation in the arts can take a particularly interesting form: using AI-generated 
creative work as a subject of critical analysis rather than a tool for production. What 
choices did the system make in generating this image, this piece of music, this poem? 
What aesthetic sensibility does it seem to re�ect? Whose aesthetic sensibility? What is it 
optimizing for, and how do you know? �ese questions develop critical vocabulary and 
analytical thinking that applies to all creative work, human or otherwise.

Mastery in a creative context is probably the most nuanced version of the pillar across all 
subjects, because the question of where the AI ends and the student begins is both 
practically and philosophically complex. �e most honest and productive approach is to 
make that complexity the subject rather than trying to resolve it. Students who are asked 
to use AI as a creative starting point and then to transform, critique, and respond to what it 
produces, while documenting their thinking throughout, are engaging with questions 
about authorship, intention, and creative identity that artists have always had to grapple 
with. �e AI just makes those questions newly urgent and unusually visible.

MATHEMATICS

Mathematics has an interesting and underexplored relationship with AI literacy, partly 
because AI is built on mathematical foundations that most students never see, and partly 
because math class is one of the few places where the question of whether an answer is 
correct has an actual de�nitive answer. �at second quality makes it uniquely useful for 
Investigation in particular.

Awareness in a mathematics classroom might start with demystifying what AI actually is 
at a structural level, without requiring students to become statisticians. Probability. Pa�ern 
recognition. Weighted decisions. Optimization. �ese are mathematical ideas, and 
students who have encountered them in a math context already have more intuition 
about how AI works than they realize. 

Making that connection explicit, helping students see that the AI generating a paragraph 
of text and the algorithm deciding the shortest route between two points are drawing on 
related mathematical logic, gives math a relevance to contemporary life that students 
o�en don't expect to �nd there.

Investigation in math takes on a character that no other subject can quite replicate, 
because math is one of the few domains where you can check an AI's work with certainty. 
Ask students to use AI to solve a set of problems, then verify every step of the working. 
Not just whether the �nal answer is right, but whether the method is sound, whether the 
AI took a valid path to get there, and whether it would have arrived at the right answer for 
the right reasons or simply landed correctly by a �awed route. 

�at last distinction ma�ers enormously in mathematics education, where the process is 
o�en more important than the answer, and it produces a version of Investigation that is 
rigorous in a very speci�c and satisfying way.

�ere is also something worth exploring in the way AI handles mathematical uncertainty 
and estimation. Ask it to solve a problem that is intentionally ambiguous, or one that has 
multiple valid approaches, and examine how it navigates that ambiguity. 

Does it acknowledge it? Does it pick one path without explanation? Does it present one 
method as if it were the only method? �ese questions develop mathematical thinking 
about the nature of proof, the validity of di�erent approaches, and the di�erence between 
a correct answer and a complete understanding.

At the mastery level, mathematics o�ers one of the clearest illustrations of the 
collaboration principle at the heart of this pillar. AI can execute calculations, generate 
proofs, and work through procedures with speed and accuracy that no student can match 
by hand. 

�e question is what that leaves for the student to do, and the answer is everything that 
actually constitutes mathematical understanding: knowing which procedure is 
appropriate, recognizing why a particular approach reveals something the others don't, 
understanding what the answer means in the context of a real problem, and developing 
the intuition that comes only from having worked through enough problems manually to 
have a feel for when something doesn't look right. �at intuition is not incidental to 
mathematical education. It's the goal. And it cannot be developed by watching an AI do 
the work.

COMPUTER SCIENCE

�ere's a particular irony in the fact that computer science classrooms are sometimes the 
least equipped to handle AI literacy well. �e assumption is that because the subject is 
technical, students in CS courses must already have a sophisticated understanding of AI. In 

practice, knowing how to write code and understanding what a large language model is 
actually doing are quite di�erent kinds of knowledge, and con�ating them does students 
in both directions a disservice.

Awareness in a computer science classroom can go deeper than in any other subject, and 
it should. Students who are learning to write programs have the conceptual foundation to 
understand, at a meaningful level, what it means for a system to be trained on data rather 
than explicitly programmed with rules. 

�e di�erence between writing an algorithm that sorts a list and training a model that 
learns to recognize pa�erns is a genuinely important conceptual distinction, and CS 
students are well positioned to grasp it. 

What awareness asks of them isn't just that they understand it technically but that they sit 
with its implications: if no human explicitly wrote the rules the model is following, where 
did those rules come from, who is responsible for them, and how do you audit something 
you didn't directly create?

Investigation in a CS context has a dimension that other subjects don't: students can 
actually look under the hood, at least partially. Examining how a model's outputs change 
based on di�erent inputs, exploring the documented limitations and known failure modes 
of speci�c systems, reading the technical literature on bias in machine learning, these are 
all forms of investigation that are accessible to students with a programming background 
and that produce a level of understanding most adults who use these tools daily never 
develop. 

A CS class that spends time on adversarial prompting, on the deliberate construction of 
inputs designed to expose the edges of a model's behavior, is doing genuine investigative 
work that builds both technical understanding and critical instinct simultaneously.

�ere's also an ethical dimension to computer science and AI that belongs speci�cally in 
CS classrooms rather than being le� entirely to humanities teachers to address. �e 
people who build these systems make choices. About what data to use and what to 
exclude. About what the model should optimize for. About how to handle edge cases and 
failure modes. About who bears the cost when the system gets something wrong. 
Students who are learning to build so�ware are learning to make exactly these kinds of 
choices, and introducing them to the ethical weight of those choices while they're still 
forming their professional identity is considerably more e�ective than addressing it a�er 
the fact. 

�e question of what responsible engineering looks like in an age of AI systems with 
broad social impact is one of the most important questions in the �eld right now, and it 
belongs in the curriculum.

At the mastery level, computer science students have access to a version of AI 
collaboration that is genuinely di�erent from what other subjects o�er. �ey can build 
with these tools, integrate them into projects, and develop a practical understanding of 
where AI capabilities are genuinely useful and where they produce bri�le, unreliable 
results that require more human oversight than they save in e�ort. �at hands-on, 
build-and-break relationship with AI is one of the most e�ective paths to the kind of 
calibrated judgment mastery requires. 

A CS student who has tried to use AI to generate functional code, debugged the results, 
identi�ed the systematic pa�erns in where it fails, and developed a working sense of when 
to use it and when to write from scratch has internalized the mastery principle in a way 
that will transfer across every context where these tools appear.

A NOTE ON CROSS-DISCIPLINARY POSSIBILITIES

�e most interesting applications of the AIM™ Framework o�en happen at the edges 
between subjects, where a question that starts in one class turns out to connect to 
something being explored in another.

A history class examining how AI summarizes the causes of a war might �nd itself having 
a conversation that belongs equally in a media literacy unit, an ethics seminar, and a 
statistics class. A science class investigating AI bias might end up in territory that overlaps 
with social studies, philosophy, and mathematics. An English class discussing authorship in 
the age of AI might �nd unexpected common ground with the arts and with computer 
science.

�at porousness is a feature of genuine learning rather than a curriculum design problem. 
�e AIM™ Framework doesn't require subjects to stay in their lanes. It creates a shared 
vocabulary that makes cross-disciplinary conversation easier, because students in 
di�erent classes are developing related habits of mind around the same underlying 
questions. When a student trained in Investigation in her English class brings that same 
instinct to a science assignment, that's the framework working exactly as intended.
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Mastery: How should I use this 
system to extend my thinking?
LEARNING TO WORK WITH AI THOUGHTFULLY 
WHILE STAYING DISTINCTLY HUMAN

�ere's a version of this conversation that frames mastery as the destination where 
students �nally know how to use AI well. Get the prompts right. Understand the outputs. 
Apply the tools e�ciently. Move on.

�at version is missing the point almost entirely.

Mastery, in the context of this framework, isn't about pro�ciency with a set of tools. It's 
about developing the judgment to collaborate with AI in a way that makes you more 
capable, more creative, and more yourself, rather than less. �at distinction sounds 
philosophical until you see what it looks like in practice, and then it becomes very 
concrete very quickly.

Consider two students completing the same writing assignment. �e �rst opens an AI tool, 
enters the prompt, reads the output, makes a few edits, and submits it. �e second uses 
the same tool to generate three di�erent approaches to the argument, evaluates them 
against her own thinking, identi�es the one that most closely aligns with what she actually 
wants to say, throws most of it out, and uses it as a loose sca�old for a paper that is 
recognizably hers. Both students used AI. Only one of them did any thinking.

Mastery is what the second student is developing. Not a rejection of AI as a resource, but a 
relationship with it in which her judgment is always the active ingredient. �e AI generates 
options. She decides. �e AI produces a dra�. She interrogates it. 

�e AI suggests a direction. She evaluates whether it's actually the right one. �at 
back-and-forth requires the student to know what she thinks, which turns out to be a 
harder and more valuable thing to develop than knowing how to write a good prompt.

THE COLLABORATION TRAP

One of the subtler risks of AI in education isn't plagiarism, which gets most of the a�ention 
and is in some ways the easier problem. It's the quieter erosion of the struggle that 
produces actual learning.

�ere's a reason learning feels hard sometimes. Not the frustrating, pointless kind of hard, 
but the generative kind, where you're working at the edge of what you currently 
understand and the e�ort of ge�ing there is building something real. Writing a �rst dra� 
that doesn't work and having to �gure out why. 

Solving a problem incorrectly and tracing back through your reasoning to �nd where it 
went wrong. Trying to articulate an argument clearly enough that someone else could 
follow it, and discovering in the process that you didn't understand it as well as you 
thought. �ese experiences aren't incidental to learning. �ey largely are the learning.

AI, used carelessly, can short-circuit all of them. Not maliciously. �e tool is just doing 
what it's designed to do, which is produce a plausible, polished output as e�ciently as 
possible. �e problem is that e�ciency and learning are sometimes in direct tension, and 
a tool optimized for one can quietly undermine the other if there's no human judgment in 
the loop deciding when to use it and when to put it away.

Mastery-level thinking requires students to hold that tension consciously. To understand 
that there are moments when using AI to accelerate a task makes complete sense and 
moments when reaching for it will cost them the exact experience they needed to have. 
Developing the wisdom to tell those moments apart is not a technical skill. It's a re�ective 
one, and it takes practice.

WHAT HUMAN SKILLS ACTUALLY LOOK LIKE RIGHT NOW

�e conversation about which human skills AI can't replace tends to generate a list that 
sounds reasonable and slightly hollow at the same time. Creativity. Critical thinking. 
Empathy. Communication. �ese things appear on every future-of-work slide deck ever 
made, o�en alongside a stock photo of people collaborating around a whiteboard, and the 
repetition has made them feel abstract in a way that isn't useful.
So let's make them speci�c.

Creativity, at its deepest, isn't the ability to produce something original. It's the ability to 
make a connection that nobody else has made yet because nobody else has lived exactly 
your life, read exactly your books, had exactly your failures, or noticed exactly what you 

noticed. AI can produce novelty at scale. It can recombine existing pa�erns in ways that 
are genuinely surprising. What it cannot do is bring a real perspective to a problem, 
because it doesn't have one. 

A student who has been through something, thought carefully about it, and found a way 
to express what it actually meant is making something that an AI prompt cannot replicate, 
regardless of how sophisticated the model is.

Empathy is similarly irreplaceable in a way that goes beyond the sentimental. �e ability 
to sit with another person's reality long enough to understand it from the inside, to read 
what isn't being said as accurately as what is, to notice when someone needs something 
di�erent from what they're asking for, these are capabilities that shape outcomes in 
medicine, in education, in leadership, in every �eld where the work ultimately involves 
human beings relating to other human beings. AI can simulate empathetic language with 
impressive accuracy. It cannot actually care about the answer.

Adaptability deserves more a�ention than it typically gets in these conversations, because 
it's arguably the most immediately practical skill for students entering a world where the 
speci�c tools and work�ows they'll encounter are impossible to predict. �e students who 
will navigate that world most e�ectively aren't necessarily the ones who mastered the 
most tools. �ey're the ones who developed a genuine tolerance for uncertainty, a habit 
of staying curious when things change, and a capacity to rebuild their understanding when 
new information demands it. �at disposition is built in classrooms, through experiences 
that require students to not know the answer yet and keep going anyway.

WHAT MASTERY LOOKS LIKE ACROSS DIFFERENT CLASSROOMS

Because mastery is about judgment rather than tool pro�ciency, it looks quite di�erent 
depending on the context, and that's a feature rather than a limitation.
In a writing class, mastery might look like a student who uses AI to generate a rough 
structural outline, then interrogates that structure against what she actually wants to 
argue, rebuilds it according to her own logic, and produces a �nal paper where the AI's 
contribution is genuinely invisible because she's transformed it entirely. �e assignment 
teaches her something about her own thinking process. �e AI made that process more 
e�cient without replacing it.

In a science class, mastery might look like students using AI to survey background 
information on a topic quickly, then developing a research question that goes somewhere 
the AI summary didn't, designing an investigation around it, and returning to AI later in 

the process to pressure-test their conclusions against a broader range of sources. �e AI is 
a tool at speci�c moments in a process that the student is driving.

In a social studies or ethics class, mastery might look like a structured debate in which 
students are required to use AI to generate the strongest possible version of the argument 
they disagree with, then respond to it with their own reasoning. �is is a particularly 
e�ective exercise because it forces students to engage seriously with positions they might 
otherwise dismiss, and it makes clear that the quality of their response depends entirely 
on the quality of their thinking, not the quality of their prompt.

In a creative arts class, mastery might look like using AI-generated images or text as raw 
material for something the student then shapes, critiques, and transforms according to her 
own artistic judgment. �e AI produces a starting point. �e student produces the work.
What these examples share isn't a technique. It's a posture: the student is always the 
decision-maker. �e AI is always the tool. �at relationship doesn't happen by default. It 
has to be taught, modeled, and reinforced over time until it becomes the natural way 
students approach these systems.

THE REFLECTION PRACTICE

One of the most straightforward and e�ective ways to build mastery in any classroom is to 
make the process of AI collaboration visible through structured re�ection.
When students complete an assignment that involved AI in any way, ask them to 
document what that involvement actually looked like: what they asked, what came back, 
what they decided to use, what they discarded, and why. Not as a policing mechanism, but 
as a genuine metacognitive exercise. 

What did you contribute that the AI couldn't? Where did your judgment change the 
direction of the work? What would have been lost if you'd simply submi�ed the AI's 
output?

�ese questions do something important. �ey require students to locate themselves in 
their own work, to identify the speci�c places where their thinking, their experience, and 
their perspective shaped what got produced. Over time, that practice builds a kind of 
authorial con�dence that has nothing to do with AI speci�cally and everything to do with 
students understanding that they have something worth saying.

 

�at they are not just editors of machine-generated content but people with perspectives 
that ma�er and a responsibility to develop those perspectives rather than outsource 
them.

THE EDUCATOR AS MODEL

None of this happens in a vacuum, and it doesn't happen by accident. Mastery-level 
thinking in students tends to develop most reliably when they've seen it modeled by 
someone they respect, which means educators have a role here that goes beyond 
designing assignments.

When a teacher uses AI in front of a class and narrates their decision-making out loud, 
that's teaching mastery. When they say "I asked it this and here's what it gave me, and 
here's why I don't think that's quite right," they're demonstrating exactly the kind of 
judgment they want students to develop. When they admit that a tool surprised them, or 
that they had to check something three times before they felt con�dent enough to use it, 
they're modeling the intellectual honesty that mastery requires.

�is is also the most honest response to the reality that no educator is, or should be 
expected to be, an AI expert. �e teachers who serve their students best in this moment 
aren't the ones who have positioned themselves as authorities on technology. 

�ey're the ones who are openly, visibly, thoughtfully �guring it out alongside their 
students. �at willingness to learn in public is one of the most powerful things an 
educator can model, and right now, in this particular moment, it happens to be exactly 
what the situation calls for.

Applying AIM™ Across the 
Curriculum
One of the questions educators ask most o�en when they encounter a framework like this 
is some version of "that's interesting, but where does it �t?" �ey're not being dismissive. 
�ey're being practical. A high school biology teacher with a packed curriculum, a 
standardized test on the horizon, and thirty-two students who have wildly di�erent levels 
of preparation doesn't have room for a new subject. She has room, maybe, for a new lens 
on the subject she's already teaching.

�at's exactly what the AIM™ Framework is designed to be.

None of the three pillars require dedicated class time to introduce from scratch. �ey don't 
require a technology unit or a special semester or permission from a curriculum 
commi�ee. �ey require a teacher who is willing to ask slightly di�erent questions about 
the material already in front of them, and who is comfortable le�ing those questions lead 
somewhere unexpected. 

�e framework travels. It works di�erently in di�erent subjects, but it works in all of them, 
and the examples below are meant to illustrate that range rather than prescribe exactly 
how it should look in any speci�c classroom.

HISTORY AND SOCIAL STUDIES

History is one of the richest possible contexts for all three pillars, because history is 
fundamentally a discipline about whose story gets told, by whom, and with what 
omissions. AI, it turns out, has a great deal to say about all three of those questions.

Awareness in a history classroom might start with something as simple as asking students 
to enter a signi�cant historical event into an AI tool and read what comes back. Not to 
evaluate it yet, just to read it. �en ask: who is centered in this account? Whose 
perspective is most visible? What period does the narrative seem to be drawing from? 
Students who have spent any time thinking about historiography will immediately notice 
things that students who haven't will need a moment to see. 

Either way, the AI output becomes a text worth analyzing, which is something history 
teachers know how to do.

Investigation follows naturally. Students can compare the AI's account against primary 
sources, against accounts wri�en by historians from di�erent traditions, against oral 
histories or community narratives that don't appear in mainstream textbook coverage. 

�e gaps between those sources are where the most interesting historical thinking 
happens, and AI has a particular tendency to reproduce the dominant narrative of any 
given event, which makes it a useful foil for exactly the kind of critical analysis history 
education is supposed to develop.

At the mastery level, a genuinely challenging exercise is asking students to use AI to 
construct the most thorough, well-sourced argument they can for a historical 
interpretation they personally disagree with, and then to respond to that argument using 
their own research and reasoning. �is requires them to take seriously a perspective they 
might otherwise dismiss, to understand it well enough to represent it fairly, and then to 
engage with it substantively rather than super�cially. �at's sophisticated historical 
thinking, and the AI makes it more accessible without doing the intellectual work for 
them.

SCIENCE

Science education has a complicated relationship with AI right now, partly because AI is 
increasingly being used in actual scienti�c research and partly because the outputs AI 
produces about scienti�c topics can range from impressively accurate to con�dently, 
dangerously wrong. Both of those things make it an excellent classroom subject.

Awareness in a science class might focus on where students already encounter AI in 
scienti�c contexts without realizing it. Weather forecasting models. Medical diagnostic 
tools. Drug discovery platforms. Agricultural yield prediction. Climate modeling. AI is 
embedded in the practice of science in ways that most science curricula haven't caught up 
with yet, and making that visible gives students a more accurate picture of the �eld they're 
studying and potentially entering.

Investigation in a science classroom has an obvious structure: take an AI explanation of a 
scienti�c concept or process, and subject it to the same scrutiny students would apply to 
any source. Is the mechanism described accurately? Are the numbers right? Does the 
explanation re�ect current scienti�c consensus or an older understanding? Is the 
uncertainty in the science represented honestly, or has the AI smoothed over genuine 
ongoing debate to produce a cleaner answer than the evidence actually supports? 

�at last question is particularly rich in science education, where the di�erence between 
se�led science and active research questions is something students o�en never get a clear 
picture of.

One of the most memorable investigations a science class can run is asking students to 
prompt an AI on a topic where scienti�c understanding has changed signi�cantly over 
time, evolution, the germ theory of disease, the structure of the atom, and examine how 
the AI navigates the historical development of the idea versus the current understanding. 

Does it present the history accurately? Does it distinguish between what was believed and 
what is now known? �ese questions develop exactly the scienti�c epistemology that 
science education is supposed to build.

At the mastery level, the most natural integration is using AI as a research accelerator 
while keeping the intellectual work in student hands. Students can use AI to get a quick 
orientation to an unfamiliar topic, identify the key concepts and terminology, and map the 
basic landscape before diving into primary sources and actual data. What they cannot do, 
if the assignment is designed well, is use AI to do the thinking that the assignment is 
meant to develop. 

Designing assignments that make that distinction clear is one of the more interesting 
instructional challenges the mastery pillar creates for science teachers, and most of them 
�nd it produces be�er assignments than they were writing before.

ENGLISH AND WRITING

English teachers have had the most publicly visible and contentious relationship with AI of 
any subject area, largely because language generation is what these tools are most visibly 
capable of and writing is what English teachers are most responsible for assessing. �e 
conversations in English departments about AI have o�en been framed around detection, 
policy, and prevention, which is understandable but somewhat misses where the real 
opportunity sits.

Awareness in an English classroom is really about expanding what students understand 
authorship to mean. Where does a piece of writing come from? What is the relationship 
between the words on the page and the person who produced them? What does it mean 
to have a voice, and can a system that has no experiences, no stake in the outcome, and 
no persistent self across conversations be said to have one? 

�ese are not new questions in literary study. �ey're questions that get newly interesting 
when the entity producing text is a machine.

Investigation in English might involve giving students an AI-generated essay and a 
human-wri�en essay on the same topic and asking them to identify the speci�c qualities 
that distinguish them. Not just "which is be�er" but what speci�cally is present in one that 
isn't in the other. What does the human writer do with uncertainty? How do they handle 
complexity? Where do they take risks that the AI doesn't? Where does the AI produce 
something that sounds authoritative but dissolves under scrutiny? 

�e comparison exercise develops close reading skills that transfer to any text, and the 
discussion it generates tends to be genuinely lively because students have strong 
intuitions about it that they struggle to articulate precisely, which is exactly where good 
English teaching lives.

At the mastery level, the most productive reframe for writing teachers is moving from "did 
the student use AI" as the central question to "what did the student contribute" as the 
central question. An assignment designed around the la�er is much harder to circumvent 
and much more educationally interesting. Ask students to use AI to generate a �rst dra� 
and then to substantially revise it, documenting every signi�cant change they made and 
explaining why they made it. 

�e revision process is where the learning happens in writing, and an AI dra� is in some 
ways a be�er starting point for teaching revision than a student's own �rst dra�, precisely 
because the student has no emotional a�achment to it and can cut it without hesitation.

THE ARTS

�e relationship between AI and creative work is one of the most genuinely contested 
spaces in this entire conversation, and it deserves more than a footnote. Artists, 
illustrators, musicians, and writers have raised serious and legitimate questions about AI 
systems trained on their work without consent, and those questions belong in the 
classroom as part of what students learn about the ethical dimensions of this technology.

Awareness in an arts classroom might start with that context: where did the training data 
for AI image generators, music composition tools, and writing assistants actually come 
from? What does it mean to train a system on the creative output of human beings who 
didn't agree to contribute to it? What does that do to questions of artistic ownership, 
originality, and value? 

�ese aren't rhetorical questions designed to produce a predetermined conclusion. 
�ey're genuinely open questions that the art world, the legal system, and the technology 
industry are actively working through, and students who engage with them seriously are 
developing exactly the kind of ethical reasoning that creative �elds require.

Investigation in the arts can take a particularly interesting form: using AI-generated 
creative work as a subject of critical analysis rather than a tool for production. What 
choices did the system make in generating this image, this piece of music, this poem? 
What aesthetic sensibility does it seem to re�ect? Whose aesthetic sensibility? What is it 
optimizing for, and how do you know? �ese questions develop critical vocabulary and 
analytical thinking that applies to all creative work, human or otherwise.

Mastery in a creative context is probably the most nuanced version of the pillar across all 
subjects, because the question of where the AI ends and the student begins is both 
practically and philosophically complex. �e most honest and productive approach is to 
make that complexity the subject rather than trying to resolve it. Students who are asked 
to use AI as a creative starting point and then to transform, critique, and respond to what it 
produces, while documenting their thinking throughout, are engaging with questions 
about authorship, intention, and creative identity that artists have always had to grapple 
with. �e AI just makes those questions newly urgent and unusually visible.

MATHEMATICS

Mathematics has an interesting and underexplored relationship with AI literacy, partly 
because AI is built on mathematical foundations that most students never see, and partly 
because math class is one of the few places where the question of whether an answer is 
correct has an actual de�nitive answer. �at second quality makes it uniquely useful for 
Investigation in particular.

Awareness in a mathematics classroom might start with demystifying what AI actually is 
at a structural level, without requiring students to become statisticians. Probability. Pa�ern 
recognition. Weighted decisions. Optimization. �ese are mathematical ideas, and 
students who have encountered them in a math context already have more intuition 
about how AI works than they realize. 

Making that connection explicit, helping students see that the AI generating a paragraph 
of text and the algorithm deciding the shortest route between two points are drawing on 
related mathematical logic, gives math a relevance to contemporary life that students 
o�en don't expect to �nd there.

Investigation in math takes on a character that no other subject can quite replicate, 
because math is one of the few domains where you can check an AI's work with certainty. 
Ask students to use AI to solve a set of problems, then verify every step of the working. 
Not just whether the �nal answer is right, but whether the method is sound, whether the 
AI took a valid path to get there, and whether it would have arrived at the right answer for 
the right reasons or simply landed correctly by a �awed route. 

�at last distinction ma�ers enormously in mathematics education, where the process is 
o�en more important than the answer, and it produces a version of Investigation that is 
rigorous in a very speci�c and satisfying way.

�ere is also something worth exploring in the way AI handles mathematical uncertainty 
and estimation. Ask it to solve a problem that is intentionally ambiguous, or one that has 
multiple valid approaches, and examine how it navigates that ambiguity. 

Does it acknowledge it? Does it pick one path without explanation? Does it present one 
method as if it were the only method? �ese questions develop mathematical thinking 
about the nature of proof, the validity of di�erent approaches, and the di�erence between 
a correct answer and a complete understanding.

At the mastery level, mathematics o�ers one of the clearest illustrations of the 
collaboration principle at the heart of this pillar. AI can execute calculations, generate 
proofs, and work through procedures with speed and accuracy that no student can match 
by hand. 

�e question is what that leaves for the student to do, and the answer is everything that 
actually constitutes mathematical understanding: knowing which procedure is 
appropriate, recognizing why a particular approach reveals something the others don't, 
understanding what the answer means in the context of a real problem, and developing 
the intuition that comes only from having worked through enough problems manually to 
have a feel for when something doesn't look right. �at intuition is not incidental to 
mathematical education. It's the goal. And it cannot be developed by watching an AI do 
the work.

COMPUTER SCIENCE

�ere's a particular irony in the fact that computer science classrooms are sometimes the 
least equipped to handle AI literacy well. �e assumption is that because the subject is 
technical, students in CS courses must already have a sophisticated understanding of AI. In 

practice, knowing how to write code and understanding what a large language model is 
actually doing are quite di�erent kinds of knowledge, and con�ating them does students 
in both directions a disservice.

Awareness in a computer science classroom can go deeper than in any other subject, and 
it should. Students who are learning to write programs have the conceptual foundation to 
understand, at a meaningful level, what it means for a system to be trained on data rather 
than explicitly programmed with rules. 

�e di�erence between writing an algorithm that sorts a list and training a model that 
learns to recognize pa�erns is a genuinely important conceptual distinction, and CS 
students are well positioned to grasp it. 

What awareness asks of them isn't just that they understand it technically but that they sit 
with its implications: if no human explicitly wrote the rules the model is following, where 
did those rules come from, who is responsible for them, and how do you audit something 
you didn't directly create?

Investigation in a CS context has a dimension that other subjects don't: students can 
actually look under the hood, at least partially. Examining how a model's outputs change 
based on di�erent inputs, exploring the documented limitations and known failure modes 
of speci�c systems, reading the technical literature on bias in machine learning, these are 
all forms of investigation that are accessible to students with a programming background 
and that produce a level of understanding most adults who use these tools daily never 
develop. 

A CS class that spends time on adversarial prompting, on the deliberate construction of 
inputs designed to expose the edges of a model's behavior, is doing genuine investigative 
work that builds both technical understanding and critical instinct simultaneously.

�ere's also an ethical dimension to computer science and AI that belongs speci�cally in 
CS classrooms rather than being le� entirely to humanities teachers to address. �e 
people who build these systems make choices. About what data to use and what to 
exclude. About what the model should optimize for. About how to handle edge cases and 
failure modes. About who bears the cost when the system gets something wrong. 
Students who are learning to build so�ware are learning to make exactly these kinds of 
choices, and introducing them to the ethical weight of those choices while they're still 
forming their professional identity is considerably more e�ective than addressing it a�er 
the fact. 

�e question of what responsible engineering looks like in an age of AI systems with 
broad social impact is one of the most important questions in the �eld right now, and it 
belongs in the curriculum.

At the mastery level, computer science students have access to a version of AI 
collaboration that is genuinely di�erent from what other subjects o�er. �ey can build 
with these tools, integrate them into projects, and develop a practical understanding of 
where AI capabilities are genuinely useful and where they produce bri�le, unreliable 
results that require more human oversight than they save in e�ort. �at hands-on, 
build-and-break relationship with AI is one of the most e�ective paths to the kind of 
calibrated judgment mastery requires. 

A CS student who has tried to use AI to generate functional code, debugged the results, 
identi�ed the systematic pa�erns in where it fails, and developed a working sense of when 
to use it and when to write from scratch has internalized the mastery principle in a way 
that will transfer across every context where these tools appear.

A NOTE ON CROSS-DISCIPLINARY POSSIBILITIES

�e most interesting applications of the AIM™ Framework o�en happen at the edges 
between subjects, where a question that starts in one class turns out to connect to 
something being explored in another.

A history class examining how AI summarizes the causes of a war might �nd itself having 
a conversation that belongs equally in a media literacy unit, an ethics seminar, and a 
statistics class. A science class investigating AI bias might end up in territory that overlaps 
with social studies, philosophy, and mathematics. An English class discussing authorship in 
the age of AI might �nd unexpected common ground with the arts and with computer 
science.

�at porousness is a feature of genuine learning rather than a curriculum design problem. 
�e AIM™ Framework doesn't require subjects to stay in their lanes. It creates a shared 
vocabulary that makes cross-disciplinary conversation easier, because students in 
di�erent classes are developing related habits of mind around the same underlying 
questions. When a student trained in Investigation in her English class brings that same 
instinct to a science assignment, that's the framework working exactly as intended.
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Mastery: How should I use this 
system to extend my thinking?
LEARNING TO WORK WITH AI THOUGHTFULLY 
WHILE STAYING DISTINCTLY HUMAN

�ere's a version of this conversation that frames mastery as the destination where 
students �nally know how to use AI well. Get the prompts right. Understand the outputs. 
Apply the tools e�ciently. Move on.

�at version is missing the point almost entirely.

Mastery, in the context of this framework, isn't about pro�ciency with a set of tools. It's 
about developing the judgment to collaborate with AI in a way that makes you more 
capable, more creative, and more yourself, rather than less. �at distinction sounds 
philosophical until you see what it looks like in practice, and then it becomes very 
concrete very quickly.

Consider two students completing the same writing assignment. �e �rst opens an AI tool, 
enters the prompt, reads the output, makes a few edits, and submits it. �e second uses 
the same tool to generate three di�erent approaches to the argument, evaluates them 
against her own thinking, identi�es the one that most closely aligns with what she actually 
wants to say, throws most of it out, and uses it as a loose sca�old for a paper that is 
recognizably hers. Both students used AI. Only one of them did any thinking.

Mastery is what the second student is developing. Not a rejection of AI as a resource, but a 
relationship with it in which her judgment is always the active ingredient. �e AI generates 
options. She decides. �e AI produces a dra�. She interrogates it. 

�e AI suggests a direction. She evaluates whether it's actually the right one. �at 
back-and-forth requires the student to know what she thinks, which turns out to be a 
harder and more valuable thing to develop than knowing how to write a good prompt.

THE COLLABORATION TRAP

One of the subtler risks of AI in education isn't plagiarism, which gets most of the a�ention 
and is in some ways the easier problem. It's the quieter erosion of the struggle that 
produces actual learning.

�ere's a reason learning feels hard sometimes. Not the frustrating, pointless kind of hard, 
but the generative kind, where you're working at the edge of what you currently 
understand and the e�ort of ge�ing there is building something real. Writing a �rst dra� 
that doesn't work and having to �gure out why. 

Solving a problem incorrectly and tracing back through your reasoning to �nd where it 
went wrong. Trying to articulate an argument clearly enough that someone else could 
follow it, and discovering in the process that you didn't understand it as well as you 
thought. �ese experiences aren't incidental to learning. �ey largely are the learning.

AI, used carelessly, can short-circuit all of them. Not maliciously. �e tool is just doing 
what it's designed to do, which is produce a plausible, polished output as e�ciently as 
possible. �e problem is that e�ciency and learning are sometimes in direct tension, and 
a tool optimized for one can quietly undermine the other if there's no human judgment in 
the loop deciding when to use it and when to put it away.

Mastery-level thinking requires students to hold that tension consciously. To understand 
that there are moments when using AI to accelerate a task makes complete sense and 
moments when reaching for it will cost them the exact experience they needed to have. 
Developing the wisdom to tell those moments apart is not a technical skill. It's a re�ective 
one, and it takes practice.

WHAT HUMAN SKILLS ACTUALLY LOOK LIKE RIGHT NOW

�e conversation about which human skills AI can't replace tends to generate a list that 
sounds reasonable and slightly hollow at the same time. Creativity. Critical thinking. 
Empathy. Communication. �ese things appear on every future-of-work slide deck ever 
made, o�en alongside a stock photo of people collaborating around a whiteboard, and the 
repetition has made them feel abstract in a way that isn't useful.
So let's make them speci�c.

Creativity, at its deepest, isn't the ability to produce something original. It's the ability to 
make a connection that nobody else has made yet because nobody else has lived exactly 
your life, read exactly your books, had exactly your failures, or noticed exactly what you 

noticed. AI can produce novelty at scale. It can recombine existing pa�erns in ways that 
are genuinely surprising. What it cannot do is bring a real perspective to a problem, 
because it doesn't have one. 

A student who has been through something, thought carefully about it, and found a way 
to express what it actually meant is making something that an AI prompt cannot replicate, 
regardless of how sophisticated the model is.

Empathy is similarly irreplaceable in a way that goes beyond the sentimental. �e ability 
to sit with another person's reality long enough to understand it from the inside, to read 
what isn't being said as accurately as what is, to notice when someone needs something 
di�erent from what they're asking for, these are capabilities that shape outcomes in 
medicine, in education, in leadership, in every �eld where the work ultimately involves 
human beings relating to other human beings. AI can simulate empathetic language with 
impressive accuracy. It cannot actually care about the answer.

Adaptability deserves more a�ention than it typically gets in these conversations, because 
it's arguably the most immediately practical skill for students entering a world where the 
speci�c tools and work�ows they'll encounter are impossible to predict. �e students who 
will navigate that world most e�ectively aren't necessarily the ones who mastered the 
most tools. �ey're the ones who developed a genuine tolerance for uncertainty, a habit 
of staying curious when things change, and a capacity to rebuild their understanding when 
new information demands it. �at disposition is built in classrooms, through experiences 
that require students to not know the answer yet and keep going anyway.

WHAT MASTERY LOOKS LIKE ACROSS DIFFERENT CLASSROOMS

Because mastery is about judgment rather than tool pro�ciency, it looks quite di�erent 
depending on the context, and that's a feature rather than a limitation.
In a writing class, mastery might look like a student who uses AI to generate a rough 
structural outline, then interrogates that structure against what she actually wants to 
argue, rebuilds it according to her own logic, and produces a �nal paper where the AI's 
contribution is genuinely invisible because she's transformed it entirely. �e assignment 
teaches her something about her own thinking process. �e AI made that process more 
e�cient without replacing it.

In a science class, mastery might look like students using AI to survey background 
information on a topic quickly, then developing a research question that goes somewhere 
the AI summary didn't, designing an investigation around it, and returning to AI later in 

the process to pressure-test their conclusions against a broader range of sources. �e AI is 
a tool at speci�c moments in a process that the student is driving.

In a social studies or ethics class, mastery might look like a structured debate in which 
students are required to use AI to generate the strongest possible version of the argument 
they disagree with, then respond to it with their own reasoning. �is is a particularly 
e�ective exercise because it forces students to engage seriously with positions they might 
otherwise dismiss, and it makes clear that the quality of their response depends entirely 
on the quality of their thinking, not the quality of their prompt.

In a creative arts class, mastery might look like using AI-generated images or text as raw 
material for something the student then shapes, critiques, and transforms according to her 
own artistic judgment. �e AI produces a starting point. �e student produces the work.
What these examples share isn't a technique. It's a posture: the student is always the 
decision-maker. �e AI is always the tool. �at relationship doesn't happen by default. It 
has to be taught, modeled, and reinforced over time until it becomes the natural way 
students approach these systems.

THE REFLECTION PRACTICE

One of the most straightforward and e�ective ways to build mastery in any classroom is to 
make the process of AI collaboration visible through structured re�ection.
When students complete an assignment that involved AI in any way, ask them to 
document what that involvement actually looked like: what they asked, what came back, 
what they decided to use, what they discarded, and why. Not as a policing mechanism, but 
as a genuine metacognitive exercise. 

What did you contribute that the AI couldn't? Where did your judgment change the 
direction of the work? What would have been lost if you'd simply submi�ed the AI's 
output?

�ese questions do something important. �ey require students to locate themselves in 
their own work, to identify the speci�c places where their thinking, their experience, and 
their perspective shaped what got produced. Over time, that practice builds a kind of 
authorial con�dence that has nothing to do with AI speci�cally and everything to do with 
students understanding that they have something worth saying.

 

�at they are not just editors of machine-generated content but people with perspectives 
that ma�er and a responsibility to develop those perspectives rather than outsource 
them.

THE EDUCATOR AS MODEL

None of this happens in a vacuum, and it doesn't happen by accident. Mastery-level 
thinking in students tends to develop most reliably when they've seen it modeled by 
someone they respect, which means educators have a role here that goes beyond 
designing assignments.

When a teacher uses AI in front of a class and narrates their decision-making out loud, 
that's teaching mastery. When they say "I asked it this and here's what it gave me, and 
here's why I don't think that's quite right," they're demonstrating exactly the kind of 
judgment they want students to develop. When they admit that a tool surprised them, or 
that they had to check something three times before they felt con�dent enough to use it, 
they're modeling the intellectual honesty that mastery requires.

�is is also the most honest response to the reality that no educator is, or should be 
expected to be, an AI expert. �e teachers who serve their students best in this moment 
aren't the ones who have positioned themselves as authorities on technology. 

�ey're the ones who are openly, visibly, thoughtfully �guring it out alongside their 
students. �at willingness to learn in public is one of the most powerful things an 
educator can model, and right now, in this particular moment, it happens to be exactly 
what the situation calls for.

Applying AIM™ Across the 
Curriculum
One of the questions educators ask most o�en when they encounter a framework like this 
is some version of "that's interesting, but where does it �t?" �ey're not being dismissive. 
�ey're being practical. A high school biology teacher with a packed curriculum, a 
standardized test on the horizon, and thirty-two students who have wildly di�erent levels 
of preparation doesn't have room for a new subject. She has room, maybe, for a new lens 
on the subject she's already teaching.

�at's exactly what the AIM™ Framework is designed to be.

None of the three pillars require dedicated class time to introduce from scratch. �ey don't 
require a technology unit or a special semester or permission from a curriculum 
commi�ee. �ey require a teacher who is willing to ask slightly di�erent questions about 
the material already in front of them, and who is comfortable le�ing those questions lead 
somewhere unexpected. 

�e framework travels. It works di�erently in di�erent subjects, but it works in all of them, 
and the examples below are meant to illustrate that range rather than prescribe exactly 
how it should look in any speci�c classroom.

HISTORY AND SOCIAL STUDIES

History is one of the richest possible contexts for all three pillars, because history is 
fundamentally a discipline about whose story gets told, by whom, and with what 
omissions. AI, it turns out, has a great deal to say about all three of those questions.

Awareness in a history classroom might start with something as simple as asking students 
to enter a signi�cant historical event into an AI tool and read what comes back. Not to 
evaluate it yet, just to read it. �en ask: who is centered in this account? Whose 
perspective is most visible? What period does the narrative seem to be drawing from? 
Students who have spent any time thinking about historiography will immediately notice 
things that students who haven't will need a moment to see. 

Either way, the AI output becomes a text worth analyzing, which is something history 
teachers know how to do.

Investigation follows naturally. Students can compare the AI's account against primary 
sources, against accounts wri�en by historians from di�erent traditions, against oral 
histories or community narratives that don't appear in mainstream textbook coverage. 

�e gaps between those sources are where the most interesting historical thinking 
happens, and AI has a particular tendency to reproduce the dominant narrative of any 
given event, which makes it a useful foil for exactly the kind of critical analysis history 
education is supposed to develop.

At the mastery level, a genuinely challenging exercise is asking students to use AI to 
construct the most thorough, well-sourced argument they can for a historical 
interpretation they personally disagree with, and then to respond to that argument using 
their own research and reasoning. �is requires them to take seriously a perspective they 
might otherwise dismiss, to understand it well enough to represent it fairly, and then to 
engage with it substantively rather than super�cially. �at's sophisticated historical 
thinking, and the AI makes it more accessible without doing the intellectual work for 
them.

SCIENCE

Science education has a complicated relationship with AI right now, partly because AI is 
increasingly being used in actual scienti�c research and partly because the outputs AI 
produces about scienti�c topics can range from impressively accurate to con�dently, 
dangerously wrong. Both of those things make it an excellent classroom subject.

Awareness in a science class might focus on where students already encounter AI in 
scienti�c contexts without realizing it. Weather forecasting models. Medical diagnostic 
tools. Drug discovery platforms. Agricultural yield prediction. Climate modeling. AI is 
embedded in the practice of science in ways that most science curricula haven't caught up 
with yet, and making that visible gives students a more accurate picture of the �eld they're 
studying and potentially entering.

Investigation in a science classroom has an obvious structure: take an AI explanation of a 
scienti�c concept or process, and subject it to the same scrutiny students would apply to 
any source. Is the mechanism described accurately? Are the numbers right? Does the 
explanation re�ect current scienti�c consensus or an older understanding? Is the 
uncertainty in the science represented honestly, or has the AI smoothed over genuine 
ongoing debate to produce a cleaner answer than the evidence actually supports? 

�at last question is particularly rich in science education, where the di�erence between 
se�led science and active research questions is something students o�en never get a clear 
picture of.

One of the most memorable investigations a science class can run is asking students to 
prompt an AI on a topic where scienti�c understanding has changed signi�cantly over 
time, evolution, the germ theory of disease, the structure of the atom, and examine how 
the AI navigates the historical development of the idea versus the current understanding. 

Does it present the history accurately? Does it distinguish between what was believed and 
what is now known? �ese questions develop exactly the scienti�c epistemology that 
science education is supposed to build.

At the mastery level, the most natural integration is using AI as a research accelerator 
while keeping the intellectual work in student hands. Students can use AI to get a quick 
orientation to an unfamiliar topic, identify the key concepts and terminology, and map the 
basic landscape before diving into primary sources and actual data. What they cannot do, 
if the assignment is designed well, is use AI to do the thinking that the assignment is 
meant to develop. 

Designing assignments that make that distinction clear is one of the more interesting 
instructional challenges the mastery pillar creates for science teachers, and most of them 
�nd it produces be�er assignments than they were writing before.

ENGLISH AND WRITING

English teachers have had the most publicly visible and contentious relationship with AI of 
any subject area, largely because language generation is what these tools are most visibly 
capable of and writing is what English teachers are most responsible for assessing. �e 
conversations in English departments about AI have o�en been framed around detection, 
policy, and prevention, which is understandable but somewhat misses where the real 
opportunity sits.

Awareness in an English classroom is really about expanding what students understand 
authorship to mean. Where does a piece of writing come from? What is the relationship 
between the words on the page and the person who produced them? What does it mean 
to have a voice, and can a system that has no experiences, no stake in the outcome, and 
no persistent self across conversations be said to have one? 

�ese are not new questions in literary study. �ey're questions that get newly interesting 
when the entity producing text is a machine.

Investigation in English might involve giving students an AI-generated essay and a 
human-wri�en essay on the same topic and asking them to identify the speci�c qualities 
that distinguish them. Not just "which is be�er" but what speci�cally is present in one that 
isn't in the other. What does the human writer do with uncertainty? How do they handle 
complexity? Where do they take risks that the AI doesn't? Where does the AI produce 
something that sounds authoritative but dissolves under scrutiny? 

�e comparison exercise develops close reading skills that transfer to any text, and the 
discussion it generates tends to be genuinely lively because students have strong 
intuitions about it that they struggle to articulate precisely, which is exactly where good 
English teaching lives.

At the mastery level, the most productive reframe for writing teachers is moving from "did 
the student use AI" as the central question to "what did the student contribute" as the 
central question. An assignment designed around the la�er is much harder to circumvent 
and much more educationally interesting. Ask students to use AI to generate a �rst dra� 
and then to substantially revise it, documenting every signi�cant change they made and 
explaining why they made it. 

�e revision process is where the learning happens in writing, and an AI dra� is in some 
ways a be�er starting point for teaching revision than a student's own �rst dra�, precisely 
because the student has no emotional a�achment to it and can cut it without hesitation.

THE ARTS

�e relationship between AI and creative work is one of the most genuinely contested 
spaces in this entire conversation, and it deserves more than a footnote. Artists, 
illustrators, musicians, and writers have raised serious and legitimate questions about AI 
systems trained on their work without consent, and those questions belong in the 
classroom as part of what students learn about the ethical dimensions of this technology.

Awareness in an arts classroom might start with that context: where did the training data 
for AI image generators, music composition tools, and writing assistants actually come 
from? What does it mean to train a system on the creative output of human beings who 
didn't agree to contribute to it? What does that do to questions of artistic ownership, 
originality, and value? 

�ese aren't rhetorical questions designed to produce a predetermined conclusion. 
�ey're genuinely open questions that the art world, the legal system, and the technology 
industry are actively working through, and students who engage with them seriously are 
developing exactly the kind of ethical reasoning that creative �elds require.

Investigation in the arts can take a particularly interesting form: using AI-generated 
creative work as a subject of critical analysis rather than a tool for production. What 
choices did the system make in generating this image, this piece of music, this poem? 
What aesthetic sensibility does it seem to re�ect? Whose aesthetic sensibility? What is it 
optimizing for, and how do you know? �ese questions develop critical vocabulary and 
analytical thinking that applies to all creative work, human or otherwise.

Mastery in a creative context is probably the most nuanced version of the pillar across all 
subjects, because the question of where the AI ends and the student begins is both 
practically and philosophically complex. �e most honest and productive approach is to 
make that complexity the subject rather than trying to resolve it. Students who are asked 
to use AI as a creative starting point and then to transform, critique, and respond to what it 
produces, while documenting their thinking throughout, are engaging with questions 
about authorship, intention, and creative identity that artists have always had to grapple 
with. �e AI just makes those questions newly urgent and unusually visible.

MATHEMATICS

Mathematics has an interesting and underexplored relationship with AI literacy, partly 
because AI is built on mathematical foundations that most students never see, and partly 
because math class is one of the few places where the question of whether an answer is 
correct has an actual de�nitive answer. �at second quality makes it uniquely useful for 
Investigation in particular.

Awareness in a mathematics classroom might start with demystifying what AI actually is 
at a structural level, without requiring students to become statisticians. Probability. Pa�ern 
recognition. Weighted decisions. Optimization. �ese are mathematical ideas, and 
students who have encountered them in a math context already have more intuition 
about how AI works than they realize. 

Making that connection explicit, helping students see that the AI generating a paragraph 
of text and the algorithm deciding the shortest route between two points are drawing on 
related mathematical logic, gives math a relevance to contemporary life that students 
o�en don't expect to �nd there.

Investigation in math takes on a character that no other subject can quite replicate, 
because math is one of the few domains where you can check an AI's work with certainty. 
Ask students to use AI to solve a set of problems, then verify every step of the working. 
Not just whether the �nal answer is right, but whether the method is sound, whether the 
AI took a valid path to get there, and whether it would have arrived at the right answer for 
the right reasons or simply landed correctly by a �awed route. 

�at last distinction ma�ers enormously in mathematics education, where the process is 
o�en more important than the answer, and it produces a version of Investigation that is 
rigorous in a very speci�c and satisfying way.

�ere is also something worth exploring in the way AI handles mathematical uncertainty 
and estimation. Ask it to solve a problem that is intentionally ambiguous, or one that has 
multiple valid approaches, and examine how it navigates that ambiguity. 

Does it acknowledge it? Does it pick one path without explanation? Does it present one 
method as if it were the only method? �ese questions develop mathematical thinking 
about the nature of proof, the validity of di�erent approaches, and the di�erence between 
a correct answer and a complete understanding.

At the mastery level, mathematics o�ers one of the clearest illustrations of the 
collaboration principle at the heart of this pillar. AI can execute calculations, generate 
proofs, and work through procedures with speed and accuracy that no student can match 
by hand. 

�e question is what that leaves for the student to do, and the answer is everything that 
actually constitutes mathematical understanding: knowing which procedure is 
appropriate, recognizing why a particular approach reveals something the others don't, 
understanding what the answer means in the context of a real problem, and developing 
the intuition that comes only from having worked through enough problems manually to 
have a feel for when something doesn't look right. �at intuition is not incidental to 
mathematical education. It's the goal. And it cannot be developed by watching an AI do 
the work.

COMPUTER SCIENCE

�ere's a particular irony in the fact that computer science classrooms are sometimes the 
least equipped to handle AI literacy well. �e assumption is that because the subject is 
technical, students in CS courses must already have a sophisticated understanding of AI. In 

practice, knowing how to write code and understanding what a large language model is 
actually doing are quite di�erent kinds of knowledge, and con�ating them does students 
in both directions a disservice.

Awareness in a computer science classroom can go deeper than in any other subject, and 
it should. Students who are learning to write programs have the conceptual foundation to 
understand, at a meaningful level, what it means for a system to be trained on data rather 
than explicitly programmed with rules. 

�e di�erence between writing an algorithm that sorts a list and training a model that 
learns to recognize pa�erns is a genuinely important conceptual distinction, and CS 
students are well positioned to grasp it. 

What awareness asks of them isn't just that they understand it technically but that they sit 
with its implications: if no human explicitly wrote the rules the model is following, where 
did those rules come from, who is responsible for them, and how do you audit something 
you didn't directly create?

Investigation in a CS context has a dimension that other subjects don't: students can 
actually look under the hood, at least partially. Examining how a model's outputs change 
based on di�erent inputs, exploring the documented limitations and known failure modes 
of speci�c systems, reading the technical literature on bias in machine learning, these are 
all forms of investigation that are accessible to students with a programming background 
and that produce a level of understanding most adults who use these tools daily never 
develop. 

A CS class that spends time on adversarial prompting, on the deliberate construction of 
inputs designed to expose the edges of a model's behavior, is doing genuine investigative 
work that builds both technical understanding and critical instinct simultaneously.

�ere's also an ethical dimension to computer science and AI that belongs speci�cally in 
CS classrooms rather than being le� entirely to humanities teachers to address. �e 
people who build these systems make choices. About what data to use and what to 
exclude. About what the model should optimize for. About how to handle edge cases and 
failure modes. About who bears the cost when the system gets something wrong. 
Students who are learning to build so�ware are learning to make exactly these kinds of 
choices, and introducing them to the ethical weight of those choices while they're still 
forming their professional identity is considerably more e�ective than addressing it a�er 
the fact. 

�e question of what responsible engineering looks like in an age of AI systems with 
broad social impact is one of the most important questions in the �eld right now, and it 
belongs in the curriculum.

At the mastery level, computer science students have access to a version of AI 
collaboration that is genuinely di�erent from what other subjects o�er. �ey can build 
with these tools, integrate them into projects, and develop a practical understanding of 
where AI capabilities are genuinely useful and where they produce bri�le, unreliable 
results that require more human oversight than they save in e�ort. �at hands-on, 
build-and-break relationship with AI is one of the most e�ective paths to the kind of 
calibrated judgment mastery requires. 

A CS student who has tried to use AI to generate functional code, debugged the results, 
identi�ed the systematic pa�erns in where it fails, and developed a working sense of when 
to use it and when to write from scratch has internalized the mastery principle in a way 
that will transfer across every context where these tools appear.

A NOTE ON CROSS-DISCIPLINARY POSSIBILITIES

�e most interesting applications of the AIM™ Framework o�en happen at the edges 
between subjects, where a question that starts in one class turns out to connect to 
something being explored in another.

A history class examining how AI summarizes the causes of a war might �nd itself having 
a conversation that belongs equally in a media literacy unit, an ethics seminar, and a 
statistics class. A science class investigating AI bias might end up in territory that overlaps 
with social studies, philosophy, and mathematics. An English class discussing authorship in 
the age of AI might �nd unexpected common ground with the arts and with computer 
science.

�at porousness is a feature of genuine learning rather than a curriculum design problem. 
�e AIM™ Framework doesn't require subjects to stay in their lanes. It creates a shared 
vocabulary that makes cross-disciplinary conversation easier, because students in 
di�erent classes are developing related habits of mind around the same underlying 
questions. When a student trained in Investigation in her English class brings that same 
instinct to a science assignment, that's the framework working exactly as intended.
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Mastery: How should I use this 
system to extend my thinking?
LEARNING TO WORK WITH AI THOUGHTFULLY 
WHILE STAYING DISTINCTLY HUMAN

�ere's a version of this conversation that frames mastery as the destination where 
students �nally know how to use AI well. Get the prompts right. Understand the outputs. 
Apply the tools e�ciently. Move on.

�at version is missing the point almost entirely.

Mastery, in the context of this framework, isn't about pro�ciency with a set of tools. It's 
about developing the judgment to collaborate with AI in a way that makes you more 
capable, more creative, and more yourself, rather than less. �at distinction sounds 
philosophical until you see what it looks like in practice, and then it becomes very 
concrete very quickly.

Consider two students completing the same writing assignment. �e �rst opens an AI tool, 
enters the prompt, reads the output, makes a few edits, and submits it. �e second uses 
the same tool to generate three di�erent approaches to the argument, evaluates them 
against her own thinking, identi�es the one that most closely aligns with what she actually 
wants to say, throws most of it out, and uses it as a loose sca�old for a paper that is 
recognizably hers. Both students used AI. Only one of them did any thinking.

Mastery is what the second student is developing. Not a rejection of AI as a resource, but a 
relationship with it in which her judgment is always the active ingredient. �e AI generates 
options. She decides. �e AI produces a dra�. She interrogates it. 

�e AI suggests a direction. She evaluates whether it's actually the right one. �at 
back-and-forth requires the student to know what she thinks, which turns out to be a 
harder and more valuable thing to develop than knowing how to write a good prompt.

THE COLLABORATION TRAP

One of the subtler risks of AI in education isn't plagiarism, which gets most of the a�ention 
and is in some ways the easier problem. It's the quieter erosion of the struggle that 
produces actual learning.

�ere's a reason learning feels hard sometimes. Not the frustrating, pointless kind of hard, 
but the generative kind, where you're working at the edge of what you currently 
understand and the e�ort of ge�ing there is building something real. Writing a �rst dra� 
that doesn't work and having to �gure out why. 

Solving a problem incorrectly and tracing back through your reasoning to �nd where it 
went wrong. Trying to articulate an argument clearly enough that someone else could 
follow it, and discovering in the process that you didn't understand it as well as you 
thought. �ese experiences aren't incidental to learning. �ey largely are the learning.

AI, used carelessly, can short-circuit all of them. Not maliciously. �e tool is just doing 
what it's designed to do, which is produce a plausible, polished output as e�ciently as 
possible. �e problem is that e�ciency and learning are sometimes in direct tension, and 
a tool optimized for one can quietly undermine the other if there's no human judgment in 
the loop deciding when to use it and when to put it away.

Mastery-level thinking requires students to hold that tension consciously. To understand 
that there are moments when using AI to accelerate a task makes complete sense and 
moments when reaching for it will cost them the exact experience they needed to have. 
Developing the wisdom to tell those moments apart is not a technical skill. It's a re�ective 
one, and it takes practice.

WHAT HUMAN SKILLS ACTUALLY LOOK LIKE RIGHT NOW

�e conversation about which human skills AI can't replace tends to generate a list that 
sounds reasonable and slightly hollow at the same time. Creativity. Critical thinking. 
Empathy. Communication. �ese things appear on every future-of-work slide deck ever 
made, o�en alongside a stock photo of people collaborating around a whiteboard, and the 
repetition has made them feel abstract in a way that isn't useful.
So let's make them speci�c.

Creativity, at its deepest, isn't the ability to produce something original. It's the ability to 
make a connection that nobody else has made yet because nobody else has lived exactly 
your life, read exactly your books, had exactly your failures, or noticed exactly what you 

noticed. AI can produce novelty at scale. It can recombine existing pa�erns in ways that 
are genuinely surprising. What it cannot do is bring a real perspective to a problem, 
because it doesn't have one. 

A student who has been through something, thought carefully about it, and found a way 
to express what it actually meant is making something that an AI prompt cannot replicate, 
regardless of how sophisticated the model is.

Empathy is similarly irreplaceable in a way that goes beyond the sentimental. �e ability 
to sit with another person's reality long enough to understand it from the inside, to read 
what isn't being said as accurately as what is, to notice when someone needs something 
di�erent from what they're asking for, these are capabilities that shape outcomes in 
medicine, in education, in leadership, in every �eld where the work ultimately involves 
human beings relating to other human beings. AI can simulate empathetic language with 
impressive accuracy. It cannot actually care about the answer.

Adaptability deserves more a�ention than it typically gets in these conversations, because 
it's arguably the most immediately practical skill for students entering a world where the 
speci�c tools and work�ows they'll encounter are impossible to predict. �e students who 
will navigate that world most e�ectively aren't necessarily the ones who mastered the 
most tools. �ey're the ones who developed a genuine tolerance for uncertainty, a habit 
of staying curious when things change, and a capacity to rebuild their understanding when 
new information demands it. �at disposition is built in classrooms, through experiences 
that require students to not know the answer yet and keep going anyway.

WHAT MASTERY LOOKS LIKE ACROSS DIFFERENT CLASSROOMS

Because mastery is about judgment rather than tool pro�ciency, it looks quite di�erent 
depending on the context, and that's a feature rather than a limitation.
In a writing class, mastery might look like a student who uses AI to generate a rough 
structural outline, then interrogates that structure against what she actually wants to 
argue, rebuilds it according to her own logic, and produces a �nal paper where the AI's 
contribution is genuinely invisible because she's transformed it entirely. �e assignment 
teaches her something about her own thinking process. �e AI made that process more 
e�cient without replacing it.

In a science class, mastery might look like students using AI to survey background 
information on a topic quickly, then developing a research question that goes somewhere 
the AI summary didn't, designing an investigation around it, and returning to AI later in 

the process to pressure-test their conclusions against a broader range of sources. �e AI is 
a tool at speci�c moments in a process that the student is driving.

In a social studies or ethics class, mastery might look like a structured debate in which 
students are required to use AI to generate the strongest possible version of the argument 
they disagree with, then respond to it with their own reasoning. �is is a particularly 
e�ective exercise because it forces students to engage seriously with positions they might 
otherwise dismiss, and it makes clear that the quality of their response depends entirely 
on the quality of their thinking, not the quality of their prompt.

In a creative arts class, mastery might look like using AI-generated images or text as raw 
material for something the student then shapes, critiques, and transforms according to her 
own artistic judgment. �e AI produces a starting point. �e student produces the work.
What these examples share isn't a technique. It's a posture: the student is always the 
decision-maker. �e AI is always the tool. �at relationship doesn't happen by default. It 
has to be taught, modeled, and reinforced over time until it becomes the natural way 
students approach these systems.

THE REFLECTION PRACTICE

One of the most straightforward and e�ective ways to build mastery in any classroom is to 
make the process of AI collaboration visible through structured re�ection.
When students complete an assignment that involved AI in any way, ask them to 
document what that involvement actually looked like: what they asked, what came back, 
what they decided to use, what they discarded, and why. Not as a policing mechanism, but 
as a genuine metacognitive exercise. 

What did you contribute that the AI couldn't? Where did your judgment change the 
direction of the work? What would have been lost if you'd simply submi�ed the AI's 
output?

�ese questions do something important. �ey require students to locate themselves in 
their own work, to identify the speci�c places where their thinking, their experience, and 
their perspective shaped what got produced. Over time, that practice builds a kind of 
authorial con�dence that has nothing to do with AI speci�cally and everything to do with 
students understanding that they have something worth saying.

 

�at they are not just editors of machine-generated content but people with perspectives 
that ma�er and a responsibility to develop those perspectives rather than outsource 
them.

THE EDUCATOR AS MODEL

None of this happens in a vacuum, and it doesn't happen by accident. Mastery-level 
thinking in students tends to develop most reliably when they've seen it modeled by 
someone they respect, which means educators have a role here that goes beyond 
designing assignments.

When a teacher uses AI in front of a class and narrates their decision-making out loud, 
that's teaching mastery. When they say "I asked it this and here's what it gave me, and 
here's why I don't think that's quite right," they're demonstrating exactly the kind of 
judgment they want students to develop. When they admit that a tool surprised them, or 
that they had to check something three times before they felt con�dent enough to use it, 
they're modeling the intellectual honesty that mastery requires.

�is is also the most honest response to the reality that no educator is, or should be 
expected to be, an AI expert. �e teachers who serve their students best in this moment 
aren't the ones who have positioned themselves as authorities on technology. 

�ey're the ones who are openly, visibly, thoughtfully �guring it out alongside their 
students. �at willingness to learn in public is one of the most powerful things an 
educator can model, and right now, in this particular moment, it happens to be exactly 
what the situation calls for.

Applying AIM™ Across the 
Curriculum
One of the questions educators ask most o�en when they encounter a framework like this 
is some version of "that's interesting, but where does it �t?" �ey're not being dismissive. 
�ey're being practical. A high school biology teacher with a packed curriculum, a 
standardized test on the horizon, and thirty-two students who have wildly di�erent levels 
of preparation doesn't have room for a new subject. She has room, maybe, for a new lens 
on the subject she's already teaching.

�at's exactly what the AIM™ Framework is designed to be.

None of the three pillars require dedicated class time to introduce from scratch. �ey don't 
require a technology unit or a special semester or permission from a curriculum 
commi�ee. �ey require a teacher who is willing to ask slightly di�erent questions about 
the material already in front of them, and who is comfortable le�ing those questions lead 
somewhere unexpected. 

�e framework travels. It works di�erently in di�erent subjects, but it works in all of them, 
and the examples below are meant to illustrate that range rather than prescribe exactly 
how it should look in any speci�c classroom.

HISTORY AND SOCIAL STUDIES

History is one of the richest possible contexts for all three pillars, because history is 
fundamentally a discipline about whose story gets told, by whom, and with what 
omissions. AI, it turns out, has a great deal to say about all three of those questions.

Awareness in a history classroom might start with something as simple as asking students 
to enter a signi�cant historical event into an AI tool and read what comes back. Not to 
evaluate it yet, just to read it. �en ask: who is centered in this account? Whose 
perspective is most visible? What period does the narrative seem to be drawing from? 
Students who have spent any time thinking about historiography will immediately notice 
things that students who haven't will need a moment to see. 

Either way, the AI output becomes a text worth analyzing, which is something history 
teachers know how to do.

Investigation follows naturally. Students can compare the AI's account against primary 
sources, against accounts wri�en by historians from di�erent traditions, against oral 
histories or community narratives that don't appear in mainstream textbook coverage. 

�e gaps between those sources are where the most interesting historical thinking 
happens, and AI has a particular tendency to reproduce the dominant narrative of any 
given event, which makes it a useful foil for exactly the kind of critical analysis history 
education is supposed to develop.

At the mastery level, a genuinely challenging exercise is asking students to use AI to 
construct the most thorough, well-sourced argument they can for a historical 
interpretation they personally disagree with, and then to respond to that argument using 
their own research and reasoning. �is requires them to take seriously a perspective they 
might otherwise dismiss, to understand it well enough to represent it fairly, and then to 
engage with it substantively rather than super�cially. �at's sophisticated historical 
thinking, and the AI makes it more accessible without doing the intellectual work for 
them.

SCIENCE

Science education has a complicated relationship with AI right now, partly because AI is 
increasingly being used in actual scienti�c research and partly because the outputs AI 
produces about scienti�c topics can range from impressively accurate to con�dently, 
dangerously wrong. Both of those things make it an excellent classroom subject.

Awareness in a science class might focus on where students already encounter AI in 
scienti�c contexts without realizing it. Weather forecasting models. Medical diagnostic 
tools. Drug discovery platforms. Agricultural yield prediction. Climate modeling. AI is 
embedded in the practice of science in ways that most science curricula haven't caught up 
with yet, and making that visible gives students a more accurate picture of the �eld they're 
studying and potentially entering.

Investigation in a science classroom has an obvious structure: take an AI explanation of a 
scienti�c concept or process, and subject it to the same scrutiny students would apply to 
any source. Is the mechanism described accurately? Are the numbers right? Does the 
explanation re�ect current scienti�c consensus or an older understanding? Is the 
uncertainty in the science represented honestly, or has the AI smoothed over genuine 
ongoing debate to produce a cleaner answer than the evidence actually supports? 

�at last question is particularly rich in science education, where the di�erence between 
se�led science and active research questions is something students o�en never get a clear 
picture of.

One of the most memorable investigations a science class can run is asking students to 
prompt an AI on a topic where scienti�c understanding has changed signi�cantly over 
time, evolution, the germ theory of disease, the structure of the atom, and examine how 
the AI navigates the historical development of the idea versus the current understanding. 

Does it present the history accurately? Does it distinguish between what was believed and 
what is now known? �ese questions develop exactly the scienti�c epistemology that 
science education is supposed to build.

At the mastery level, the most natural integration is using AI as a research accelerator 
while keeping the intellectual work in student hands. Students can use AI to get a quick 
orientation to an unfamiliar topic, identify the key concepts and terminology, and map the 
basic landscape before diving into primary sources and actual data. What they cannot do, 
if the assignment is designed well, is use AI to do the thinking that the assignment is 
meant to develop. 

Designing assignments that make that distinction clear is one of the more interesting 
instructional challenges the mastery pillar creates for science teachers, and most of them 
�nd it produces be�er assignments than they were writing before.

ENGLISH AND WRITING

English teachers have had the most publicly visible and contentious relationship with AI of 
any subject area, largely because language generation is what these tools are most visibly 
capable of and writing is what English teachers are most responsible for assessing. �e 
conversations in English departments about AI have o�en been framed around detection, 
policy, and prevention, which is understandable but somewhat misses where the real 
opportunity sits.

Awareness in an English classroom is really about expanding what students understand 
authorship to mean. Where does a piece of writing come from? What is the relationship 
between the words on the page and the person who produced them? What does it mean 
to have a voice, and can a system that has no experiences, no stake in the outcome, and 
no persistent self across conversations be said to have one? 

�ese are not new questions in literary study. �ey're questions that get newly interesting 
when the entity producing text is a machine.

Investigation in English might involve giving students an AI-generated essay and a 
human-wri�en essay on the same topic and asking them to identify the speci�c qualities 
that distinguish them. Not just "which is be�er" but what speci�cally is present in one that 
isn't in the other. What does the human writer do with uncertainty? How do they handle 
complexity? Where do they take risks that the AI doesn't? Where does the AI produce 
something that sounds authoritative but dissolves under scrutiny? 

�e comparison exercise develops close reading skills that transfer to any text, and the 
discussion it generates tends to be genuinely lively because students have strong 
intuitions about it that they struggle to articulate precisely, which is exactly where good 
English teaching lives.

At the mastery level, the most productive reframe for writing teachers is moving from "did 
the student use AI" as the central question to "what did the student contribute" as the 
central question. An assignment designed around the la�er is much harder to circumvent 
and much more educationally interesting. Ask students to use AI to generate a �rst dra� 
and then to substantially revise it, documenting every signi�cant change they made and 
explaining why they made it. 

�e revision process is where the learning happens in writing, and an AI dra� is in some 
ways a be�er starting point for teaching revision than a student's own �rst dra�, precisely 
because the student has no emotional a�achment to it and can cut it without hesitation.

THE ARTS

�e relationship between AI and creative work is one of the most genuinely contested 
spaces in this entire conversation, and it deserves more than a footnote. Artists, 
illustrators, musicians, and writers have raised serious and legitimate questions about AI 
systems trained on their work without consent, and those questions belong in the 
classroom as part of what students learn about the ethical dimensions of this technology.

Awareness in an arts classroom might start with that context: where did the training data 
for AI image generators, music composition tools, and writing assistants actually come 
from? What does it mean to train a system on the creative output of human beings who 
didn't agree to contribute to it? What does that do to questions of artistic ownership, 
originality, and value? 

�ese aren't rhetorical questions designed to produce a predetermined conclusion. 
�ey're genuinely open questions that the art world, the legal system, and the technology 
industry are actively working through, and students who engage with them seriously are 
developing exactly the kind of ethical reasoning that creative �elds require.

Investigation in the arts can take a particularly interesting form: using AI-generated 
creative work as a subject of critical analysis rather than a tool for production. What 
choices did the system make in generating this image, this piece of music, this poem? 
What aesthetic sensibility does it seem to re�ect? Whose aesthetic sensibility? What is it 
optimizing for, and how do you know? �ese questions develop critical vocabulary and 
analytical thinking that applies to all creative work, human or otherwise.

Mastery in a creative context is probably the most nuanced version of the pillar across all 
subjects, because the question of where the AI ends and the student begins is both 
practically and philosophically complex. �e most honest and productive approach is to 
make that complexity the subject rather than trying to resolve it. Students who are asked 
to use AI as a creative starting point and then to transform, critique, and respond to what it 
produces, while documenting their thinking throughout, are engaging with questions 
about authorship, intention, and creative identity that artists have always had to grapple 
with. �e AI just makes those questions newly urgent and unusually visible.

MATHEMATICS

Mathematics has an interesting and underexplored relationship with AI literacy, partly 
because AI is built on mathematical foundations that most students never see, and partly 
because math class is one of the few places where the question of whether an answer is 
correct has an actual de�nitive answer. �at second quality makes it uniquely useful for 
Investigation in particular.

Awareness in a mathematics classroom might start with demystifying what AI actually is 
at a structural level, without requiring students to become statisticians. Probability. Pa�ern 
recognition. Weighted decisions. Optimization. �ese are mathematical ideas, and 
students who have encountered them in a math context already have more intuition 
about how AI works than they realize. 

Making that connection explicit, helping students see that the AI generating a paragraph 
of text and the algorithm deciding the shortest route between two points are drawing on 
related mathematical logic, gives math a relevance to contemporary life that students 
o�en don't expect to �nd there.

Investigation in math takes on a character that no other subject can quite replicate, 
because math is one of the few domains where you can check an AI's work with certainty. 
Ask students to use AI to solve a set of problems, then verify every step of the working. 
Not just whether the �nal answer is right, but whether the method is sound, whether the 
AI took a valid path to get there, and whether it would have arrived at the right answer for 
the right reasons or simply landed correctly by a �awed route. 

�at last distinction ma�ers enormously in mathematics education, where the process is 
o�en more important than the answer, and it produces a version of Investigation that is 
rigorous in a very speci�c and satisfying way.

�ere is also something worth exploring in the way AI handles mathematical uncertainty 
and estimation. Ask it to solve a problem that is intentionally ambiguous, or one that has 
multiple valid approaches, and examine how it navigates that ambiguity. 

Does it acknowledge it? Does it pick one path without explanation? Does it present one 
method as if it were the only method? �ese questions develop mathematical thinking 
about the nature of proof, the validity of di�erent approaches, and the di�erence between 
a correct answer and a complete understanding.

At the mastery level, mathematics o�ers one of the clearest illustrations of the 
collaboration principle at the heart of this pillar. AI can execute calculations, generate 
proofs, and work through procedures with speed and accuracy that no student can match 
by hand. 

�e question is what that leaves for the student to do, and the answer is everything that 
actually constitutes mathematical understanding: knowing which procedure is 
appropriate, recognizing why a particular approach reveals something the others don't, 
understanding what the answer means in the context of a real problem, and developing 
the intuition that comes only from having worked through enough problems manually to 
have a feel for when something doesn't look right. �at intuition is not incidental to 
mathematical education. It's the goal. And it cannot be developed by watching an AI do 
the work.

COMPUTER SCIENCE

�ere's a particular irony in the fact that computer science classrooms are sometimes the 
least equipped to handle AI literacy well. �e assumption is that because the subject is 
technical, students in CS courses must already have a sophisticated understanding of AI. In 

practice, knowing how to write code and understanding what a large language model is 
actually doing are quite di�erent kinds of knowledge, and con�ating them does students 
in both directions a disservice.

Awareness in a computer science classroom can go deeper than in any other subject, and 
it should. Students who are learning to write programs have the conceptual foundation to 
understand, at a meaningful level, what it means for a system to be trained on data rather 
than explicitly programmed with rules. 

�e di�erence between writing an algorithm that sorts a list and training a model that 
learns to recognize pa�erns is a genuinely important conceptual distinction, and CS 
students are well positioned to grasp it. 

What awareness asks of them isn't just that they understand it technically but that they sit 
with its implications: if no human explicitly wrote the rules the model is following, where 
did those rules come from, who is responsible for them, and how do you audit something 
you didn't directly create?

Investigation in a CS context has a dimension that other subjects don't: students can 
actually look under the hood, at least partially. Examining how a model's outputs change 
based on di�erent inputs, exploring the documented limitations and known failure modes 
of speci�c systems, reading the technical literature on bias in machine learning, these are 
all forms of investigation that are accessible to students with a programming background 
and that produce a level of understanding most adults who use these tools daily never 
develop. 

A CS class that spends time on adversarial prompting, on the deliberate construction of 
inputs designed to expose the edges of a model's behavior, is doing genuine investigative 
work that builds both technical understanding and critical instinct simultaneously.

�ere's also an ethical dimension to computer science and AI that belongs speci�cally in 
CS classrooms rather than being le� entirely to humanities teachers to address. �e 
people who build these systems make choices. About what data to use and what to 
exclude. About what the model should optimize for. About how to handle edge cases and 
failure modes. About who bears the cost when the system gets something wrong. 
Students who are learning to build so�ware are learning to make exactly these kinds of 
choices, and introducing them to the ethical weight of those choices while they're still 
forming their professional identity is considerably more e�ective than addressing it a�er 
the fact. 

�e question of what responsible engineering looks like in an age of AI systems with 
broad social impact is one of the most important questions in the �eld right now, and it 
belongs in the curriculum.

At the mastery level, computer science students have access to a version of AI 
collaboration that is genuinely di�erent from what other subjects o�er. �ey can build 
with these tools, integrate them into projects, and develop a practical understanding of 
where AI capabilities are genuinely useful and where they produce bri�le, unreliable 
results that require more human oversight than they save in e�ort. �at hands-on, 
build-and-break relationship with AI is one of the most e�ective paths to the kind of 
calibrated judgment mastery requires. 

A CS student who has tried to use AI to generate functional code, debugged the results, 
identi�ed the systematic pa�erns in where it fails, and developed a working sense of when 
to use it and when to write from scratch has internalized the mastery principle in a way 
that will transfer across every context where these tools appear.

A NOTE ON CROSS-DISCIPLINARY POSSIBILITIES

�e most interesting applications of the AIM™ Framework o�en happen at the edges 
between subjects, where a question that starts in one class turns out to connect to 
something being explored in another.

A history class examining how AI summarizes the causes of a war might �nd itself having 
a conversation that belongs equally in a media literacy unit, an ethics seminar, and a 
statistics class. A science class investigating AI bias might end up in territory that overlaps 
with social studies, philosophy, and mathematics. An English class discussing authorship in 
the age of AI might �nd unexpected common ground with the arts and with computer 
science.

�at porousness is a feature of genuine learning rather than a curriculum design problem. 
�e AIM™ Framework doesn't require subjects to stay in their lanes. It creates a shared 
vocabulary that makes cross-disciplinary conversation easier, because students in 
di�erent classes are developing related habits of mind around the same underlying 
questions. When a student trained in Investigation in her English class brings that same 
instinct to a science assignment, that's the framework working exactly as intended.
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Mastery: How should I use this 
system to extend my thinking?
LEARNING TO WORK WITH AI THOUGHTFULLY 
WHILE STAYING DISTINCTLY HUMAN

�ere's a version of this conversation that frames mastery as the destination where 
students �nally know how to use AI well. Get the prompts right. Understand the outputs. 
Apply the tools e�ciently. Move on.

�at version is missing the point almost entirely.

Mastery, in the context of this framework, isn't about pro�ciency with a set of tools. It's 
about developing the judgment to collaborate with AI in a way that makes you more 
capable, more creative, and more yourself, rather than less. �at distinction sounds 
philosophical until you see what it looks like in practice, and then it becomes very 
concrete very quickly.

Consider two students completing the same writing assignment. �e �rst opens an AI tool, 
enters the prompt, reads the output, makes a few edits, and submits it. �e second uses 
the same tool to generate three di�erent approaches to the argument, evaluates them 
against her own thinking, identi�es the one that most closely aligns with what she actually 
wants to say, throws most of it out, and uses it as a loose sca�old for a paper that is 
recognizably hers. Both students used AI. Only one of them did any thinking.

Mastery is what the second student is developing. Not a rejection of AI as a resource, but a 
relationship with it in which her judgment is always the active ingredient. �e AI generates 
options. She decides. �e AI produces a dra�. She interrogates it. 

�e AI suggests a direction. She evaluates whether it's actually the right one. �at 
back-and-forth requires the student to know what she thinks, which turns out to be a 
harder and more valuable thing to develop than knowing how to write a good prompt.

THE COLLABORATION TRAP

One of the subtler risks of AI in education isn't plagiarism, which gets most of the a�ention 
and is in some ways the easier problem. It's the quieter erosion of the struggle that 
produces actual learning.

�ere's a reason learning feels hard sometimes. Not the frustrating, pointless kind of hard, 
but the generative kind, where you're working at the edge of what you currently 
understand and the e�ort of ge�ing there is building something real. Writing a �rst dra� 
that doesn't work and having to �gure out why. 

Solving a problem incorrectly and tracing back through your reasoning to �nd where it 
went wrong. Trying to articulate an argument clearly enough that someone else could 
follow it, and discovering in the process that you didn't understand it as well as you 
thought. �ese experiences aren't incidental to learning. �ey largely are the learning.

AI, used carelessly, can short-circuit all of them. Not maliciously. �e tool is just doing 
what it's designed to do, which is produce a plausible, polished output as e�ciently as 
possible. �e problem is that e�ciency and learning are sometimes in direct tension, and 
a tool optimized for one can quietly undermine the other if there's no human judgment in 
the loop deciding when to use it and when to put it away.

Mastery-level thinking requires students to hold that tension consciously. To understand 
that there are moments when using AI to accelerate a task makes complete sense and 
moments when reaching for it will cost them the exact experience they needed to have. 
Developing the wisdom to tell those moments apart is not a technical skill. It's a re�ective 
one, and it takes practice.

WHAT HUMAN SKILLS ACTUALLY LOOK LIKE RIGHT NOW

�e conversation about which human skills AI can't replace tends to generate a list that 
sounds reasonable and slightly hollow at the same time. Creativity. Critical thinking. 
Empathy. Communication. �ese things appear on every future-of-work slide deck ever 
made, o�en alongside a stock photo of people collaborating around a whiteboard, and the 
repetition has made them feel abstract in a way that isn't useful.
So let's make them speci�c.

Creativity, at its deepest, isn't the ability to produce something original. It's the ability to 
make a connection that nobody else has made yet because nobody else has lived exactly 
your life, read exactly your books, had exactly your failures, or noticed exactly what you 

noticed. AI can produce novelty at scale. It can recombine existing pa�erns in ways that 
are genuinely surprising. What it cannot do is bring a real perspective to a problem, 
because it doesn't have one. 

A student who has been through something, thought carefully about it, and found a way 
to express what it actually meant is making something that an AI prompt cannot replicate, 
regardless of how sophisticated the model is.

Empathy is similarly irreplaceable in a way that goes beyond the sentimental. �e ability 
to sit with another person's reality long enough to understand it from the inside, to read 
what isn't being said as accurately as what is, to notice when someone needs something 
di�erent from what they're asking for, these are capabilities that shape outcomes in 
medicine, in education, in leadership, in every �eld where the work ultimately involves 
human beings relating to other human beings. AI can simulate empathetic language with 
impressive accuracy. It cannot actually care about the answer.

Adaptability deserves more a�ention than it typically gets in these conversations, because 
it's arguably the most immediately practical skill for students entering a world where the 
speci�c tools and work�ows they'll encounter are impossible to predict. �e students who 
will navigate that world most e�ectively aren't necessarily the ones who mastered the 
most tools. �ey're the ones who developed a genuine tolerance for uncertainty, a habit 
of staying curious when things change, and a capacity to rebuild their understanding when 
new information demands it. �at disposition is built in classrooms, through experiences 
that require students to not know the answer yet and keep going anyway.

WHAT MASTERY LOOKS LIKE ACROSS DIFFERENT CLASSROOMS

Because mastery is about judgment rather than tool pro�ciency, it looks quite di�erent 
depending on the context, and that's a feature rather than a limitation.
In a writing class, mastery might look like a student who uses AI to generate a rough 
structural outline, then interrogates that structure against what she actually wants to 
argue, rebuilds it according to her own logic, and produces a �nal paper where the AI's 
contribution is genuinely invisible because she's transformed it entirely. �e assignment 
teaches her something about her own thinking process. �e AI made that process more 
e�cient without replacing it.

In a science class, mastery might look like students using AI to survey background 
information on a topic quickly, then developing a research question that goes somewhere 
the AI summary didn't, designing an investigation around it, and returning to AI later in 

the process to pressure-test their conclusions against a broader range of sources. �e AI is 
a tool at speci�c moments in a process that the student is driving.

In a social studies or ethics class, mastery might look like a structured debate in which 
students are required to use AI to generate the strongest possible version of the argument 
they disagree with, then respond to it with their own reasoning. �is is a particularly 
e�ective exercise because it forces students to engage seriously with positions they might 
otherwise dismiss, and it makes clear that the quality of their response depends entirely 
on the quality of their thinking, not the quality of their prompt.

In a creative arts class, mastery might look like using AI-generated images or text as raw 
material for something the student then shapes, critiques, and transforms according to her 
own artistic judgment. �e AI produces a starting point. �e student produces the work.
What these examples share isn't a technique. It's a posture: the student is always the 
decision-maker. �e AI is always the tool. �at relationship doesn't happen by default. It 
has to be taught, modeled, and reinforced over time until it becomes the natural way 
students approach these systems.

THE REFLECTION PRACTICE

One of the most straightforward and e�ective ways to build mastery in any classroom is to 
make the process of AI collaboration visible through structured re�ection.
When students complete an assignment that involved AI in any way, ask them to 
document what that involvement actually looked like: what they asked, what came back, 
what they decided to use, what they discarded, and why. Not as a policing mechanism, but 
as a genuine metacognitive exercise. 

What did you contribute that the AI couldn't? Where did your judgment change the 
direction of the work? What would have been lost if you'd simply submi�ed the AI's 
output?

�ese questions do something important. �ey require students to locate themselves in 
their own work, to identify the speci�c places where their thinking, their experience, and 
their perspective shaped what got produced. Over time, that practice builds a kind of 
authorial con�dence that has nothing to do with AI speci�cally and everything to do with 
students understanding that they have something worth saying.

 

�at they are not just editors of machine-generated content but people with perspectives 
that ma�er and a responsibility to develop those perspectives rather than outsource 
them.

THE EDUCATOR AS MODEL

None of this happens in a vacuum, and it doesn't happen by accident. Mastery-level 
thinking in students tends to develop most reliably when they've seen it modeled by 
someone they respect, which means educators have a role here that goes beyond 
designing assignments.

When a teacher uses AI in front of a class and narrates their decision-making out loud, 
that's teaching mastery. When they say "I asked it this and here's what it gave me, and 
here's why I don't think that's quite right," they're demonstrating exactly the kind of 
judgment they want students to develop. When they admit that a tool surprised them, or 
that they had to check something three times before they felt con�dent enough to use it, 
they're modeling the intellectual honesty that mastery requires.

�is is also the most honest response to the reality that no educator is, or should be 
expected to be, an AI expert. �e teachers who serve their students best in this moment 
aren't the ones who have positioned themselves as authorities on technology. 

�ey're the ones who are openly, visibly, thoughtfully �guring it out alongside their 
students. �at willingness to learn in public is one of the most powerful things an 
educator can model, and right now, in this particular moment, it happens to be exactly 
what the situation calls for.

Applying AIM™ Across the 
Curriculum
One of the questions educators ask most o�en when they encounter a framework like this 
is some version of "that's interesting, but where does it �t?" �ey're not being dismissive. 
�ey're being practical. A high school biology teacher with a packed curriculum, a 
standardized test on the horizon, and thirty-two students who have wildly di�erent levels 
of preparation doesn't have room for a new subject. She has room, maybe, for a new lens 
on the subject she's already teaching.

�at's exactly what the AIM™ Framework is designed to be.

None of the three pillars require dedicated class time to introduce from scratch. �ey don't 
require a technology unit or a special semester or permission from a curriculum 
commi�ee. �ey require a teacher who is willing to ask slightly di�erent questions about 
the material already in front of them, and who is comfortable le�ing those questions lead 
somewhere unexpected. 

�e framework travels. It works di�erently in di�erent subjects, but it works in all of them, 
and the examples below are meant to illustrate that range rather than prescribe exactly 
how it should look in any speci�c classroom.

HISTORY AND SOCIAL STUDIES

History is one of the richest possible contexts for all three pillars, because history is 
fundamentally a discipline about whose story gets told, by whom, and with what 
omissions. AI, it turns out, has a great deal to say about all three of those questions.

Awareness in a history classroom might start with something as simple as asking students 
to enter a signi�cant historical event into an AI tool and read what comes back. Not to 
evaluate it yet, just to read it. �en ask: who is centered in this account? Whose 
perspective is most visible? What period does the narrative seem to be drawing from? 
Students who have spent any time thinking about historiography will immediately notice 
things that students who haven't will need a moment to see. 

Either way, the AI output becomes a text worth analyzing, which is something history 
teachers know how to do.

Investigation follows naturally. Students can compare the AI's account against primary 
sources, against accounts wri�en by historians from di�erent traditions, against oral 
histories or community narratives that don't appear in mainstream textbook coverage. 

�e gaps between those sources are where the most interesting historical thinking 
happens, and AI has a particular tendency to reproduce the dominant narrative of any 
given event, which makes it a useful foil for exactly the kind of critical analysis history 
education is supposed to develop.

At the mastery level, a genuinely challenging exercise is asking students to use AI to 
construct the most thorough, well-sourced argument they can for a historical 
interpretation they personally disagree with, and then to respond to that argument using 
their own research and reasoning. �is requires them to take seriously a perspective they 
might otherwise dismiss, to understand it well enough to represent it fairly, and then to 
engage with it substantively rather than super�cially. �at's sophisticated historical 
thinking, and the AI makes it more accessible without doing the intellectual work for 
them.

SCIENCE

Science education has a complicated relationship with AI right now, partly because AI is 
increasingly being used in actual scienti�c research and partly because the outputs AI 
produces about scienti�c topics can range from impressively accurate to con�dently, 
dangerously wrong. Both of those things make it an excellent classroom subject.

Awareness in a science class might focus on where students already encounter AI in 
scienti�c contexts without realizing it. Weather forecasting models. Medical diagnostic 
tools. Drug discovery platforms. Agricultural yield prediction. Climate modeling. AI is 
embedded in the practice of science in ways that most science curricula haven't caught up 
with yet, and making that visible gives students a more accurate picture of the �eld they're 
studying and potentially entering.

Investigation in a science classroom has an obvious structure: take an AI explanation of a 
scienti�c concept or process, and subject it to the same scrutiny students would apply to 
any source. Is the mechanism described accurately? Are the numbers right? Does the 
explanation re�ect current scienti�c consensus or an older understanding? Is the 
uncertainty in the science represented honestly, or has the AI smoothed over genuine 
ongoing debate to produce a cleaner answer than the evidence actually supports? 

�at last question is particularly rich in science education, where the di�erence between 
se�led science and active research questions is something students o�en never get a clear 
picture of.

One of the most memorable investigations a science class can run is asking students to 
prompt an AI on a topic where scienti�c understanding has changed signi�cantly over 
time, evolution, the germ theory of disease, the structure of the atom, and examine how 
the AI navigates the historical development of the idea versus the current understanding. 

Does it present the history accurately? Does it distinguish between what was believed and 
what is now known? �ese questions develop exactly the scienti�c epistemology that 
science education is supposed to build.

At the mastery level, the most natural integration is using AI as a research accelerator 
while keeping the intellectual work in student hands. Students can use AI to get a quick 
orientation to an unfamiliar topic, identify the key concepts and terminology, and map the 
basic landscape before diving into primary sources and actual data. What they cannot do, 
if the assignment is designed well, is use AI to do the thinking that the assignment is 
meant to develop. 

Designing assignments that make that distinction clear is one of the more interesting 
instructional challenges the mastery pillar creates for science teachers, and most of them 
�nd it produces be�er assignments than they were writing before.

ENGLISH AND WRITING

English teachers have had the most publicly visible and contentious relationship with AI of 
any subject area, largely because language generation is what these tools are most visibly 
capable of and writing is what English teachers are most responsible for assessing. �e 
conversations in English departments about AI have o�en been framed around detection, 
policy, and prevention, which is understandable but somewhat misses where the real 
opportunity sits.

Awareness in an English classroom is really about expanding what students understand 
authorship to mean. Where does a piece of writing come from? What is the relationship 
between the words on the page and the person who produced them? What does it mean 
to have a voice, and can a system that has no experiences, no stake in the outcome, and 
no persistent self across conversations be said to have one? 

�ese are not new questions in literary study. �ey're questions that get newly interesting 
when the entity producing text is a machine.

Investigation in English might involve giving students an AI-generated essay and a 
human-wri�en essay on the same topic and asking them to identify the speci�c qualities 
that distinguish them. Not just "which is be�er" but what speci�cally is present in one that 
isn't in the other. What does the human writer do with uncertainty? How do they handle 
complexity? Where do they take risks that the AI doesn't? Where does the AI produce 
something that sounds authoritative but dissolves under scrutiny? 

�e comparison exercise develops close reading skills that transfer to any text, and the 
discussion it generates tends to be genuinely lively because students have strong 
intuitions about it that they struggle to articulate precisely, which is exactly where good 
English teaching lives.

At the mastery level, the most productive reframe for writing teachers is moving from "did 
the student use AI" as the central question to "what did the student contribute" as the 
central question. An assignment designed around the la�er is much harder to circumvent 
and much more educationally interesting. Ask students to use AI to generate a �rst dra� 
and then to substantially revise it, documenting every signi�cant change they made and 
explaining why they made it. 

�e revision process is where the learning happens in writing, and an AI dra� is in some 
ways a be�er starting point for teaching revision than a student's own �rst dra�, precisely 
because the student has no emotional a�achment to it and can cut it without hesitation.

THE ARTS

�e relationship between AI and creative work is one of the most genuinely contested 
spaces in this entire conversation, and it deserves more than a footnote. Artists, 
illustrators, musicians, and writers have raised serious and legitimate questions about AI 
systems trained on their work without consent, and those questions belong in the 
classroom as part of what students learn about the ethical dimensions of this technology.

Awareness in an arts classroom might start with that context: where did the training data 
for AI image generators, music composition tools, and writing assistants actually come 
from? What does it mean to train a system on the creative output of human beings who 
didn't agree to contribute to it? What does that do to questions of artistic ownership, 
originality, and value? 

�ese aren't rhetorical questions designed to produce a predetermined conclusion. 
�ey're genuinely open questions that the art world, the legal system, and the technology 
industry are actively working through, and students who engage with them seriously are 
developing exactly the kind of ethical reasoning that creative �elds require.

Investigation in the arts can take a particularly interesting form: using AI-generated 
creative work as a subject of critical analysis rather than a tool for production. What 
choices did the system make in generating this image, this piece of music, this poem? 
What aesthetic sensibility does it seem to re�ect? Whose aesthetic sensibility? What is it 
optimizing for, and how do you know? �ese questions develop critical vocabulary and 
analytical thinking that applies to all creative work, human or otherwise.

Mastery in a creative context is probably the most nuanced version of the pillar across all 
subjects, because the question of where the AI ends and the student begins is both 
practically and philosophically complex. �e most honest and productive approach is to 
make that complexity the subject rather than trying to resolve it. Students who are asked 
to use AI as a creative starting point and then to transform, critique, and respond to what it 
produces, while documenting their thinking throughout, are engaging with questions 
about authorship, intention, and creative identity that artists have always had to grapple 
with. �e AI just makes those questions newly urgent and unusually visible.

MATHEMATICS

Mathematics has an interesting and underexplored relationship with AI literacy, partly 
because AI is built on mathematical foundations that most students never see, and partly 
because math class is one of the few places where the question of whether an answer is 
correct has an actual de�nitive answer. �at second quality makes it uniquely useful for 
Investigation in particular.

Awareness in a mathematics classroom might start with demystifying what AI actually is 
at a structural level, without requiring students to become statisticians. Probability. Pa�ern 
recognition. Weighted decisions. Optimization. �ese are mathematical ideas, and 
students who have encountered them in a math context already have more intuition 
about how AI works than they realize. 

Making that connection explicit, helping students see that the AI generating a paragraph 
of text and the algorithm deciding the shortest route between two points are drawing on 
related mathematical logic, gives math a relevance to contemporary life that students 
o�en don't expect to �nd there.

Investigation in math takes on a character that no other subject can quite replicate, 
because math is one of the few domains where you can check an AI's work with certainty. 
Ask students to use AI to solve a set of problems, then verify every step of the working. 
Not just whether the �nal answer is right, but whether the method is sound, whether the 
AI took a valid path to get there, and whether it would have arrived at the right answer for 
the right reasons or simply landed correctly by a �awed route. 

�at last distinction ma�ers enormously in mathematics education, where the process is 
o�en more important than the answer, and it produces a version of Investigation that is 
rigorous in a very speci�c and satisfying way.

�ere is also something worth exploring in the way AI handles mathematical uncertainty 
and estimation. Ask it to solve a problem that is intentionally ambiguous, or one that has 
multiple valid approaches, and examine how it navigates that ambiguity. 

Does it acknowledge it? Does it pick one path without explanation? Does it present one 
method as if it were the only method? �ese questions develop mathematical thinking 
about the nature of proof, the validity of di�erent approaches, and the di�erence between 
a correct answer and a complete understanding.

At the mastery level, mathematics o�ers one of the clearest illustrations of the 
collaboration principle at the heart of this pillar. AI can execute calculations, generate 
proofs, and work through procedures with speed and accuracy that no student can match 
by hand. 

�e question is what that leaves for the student to do, and the answer is everything that 
actually constitutes mathematical understanding: knowing which procedure is 
appropriate, recognizing why a particular approach reveals something the others don't, 
understanding what the answer means in the context of a real problem, and developing 
the intuition that comes only from having worked through enough problems manually to 
have a feel for when something doesn't look right. �at intuition is not incidental to 
mathematical education. It's the goal. And it cannot be developed by watching an AI do 
the work.

COMPUTER SCIENCE

�ere's a particular irony in the fact that computer science classrooms are sometimes the 
least equipped to handle AI literacy well. �e assumption is that because the subject is 
technical, students in CS courses must already have a sophisticated understanding of AI. In 

practice, knowing how to write code and understanding what a large language model is 
actually doing are quite di�erent kinds of knowledge, and con�ating them does students 
in both directions a disservice.

Awareness in a computer science classroom can go deeper than in any other subject, and 
it should. Students who are learning to write programs have the conceptual foundation to 
understand, at a meaningful level, what it means for a system to be trained on data rather 
than explicitly programmed with rules. 

�e di�erence between writing an algorithm that sorts a list and training a model that 
learns to recognize pa�erns is a genuinely important conceptual distinction, and CS 
students are well positioned to grasp it. 

What awareness asks of them isn't just that they understand it technically but that they sit 
with its implications: if no human explicitly wrote the rules the model is following, where 
did those rules come from, who is responsible for them, and how do you audit something 
you didn't directly create?

Investigation in a CS context has a dimension that other subjects don't: students can 
actually look under the hood, at least partially. Examining how a model's outputs change 
based on di�erent inputs, exploring the documented limitations and known failure modes 
of speci�c systems, reading the technical literature on bias in machine learning, these are 
all forms of investigation that are accessible to students with a programming background 
and that produce a level of understanding most adults who use these tools daily never 
develop. 

A CS class that spends time on adversarial prompting, on the deliberate construction of 
inputs designed to expose the edges of a model's behavior, is doing genuine investigative 
work that builds both technical understanding and critical instinct simultaneously.

�ere's also an ethical dimension to computer science and AI that belongs speci�cally in 
CS classrooms rather than being le� entirely to humanities teachers to address. �e 
people who build these systems make choices. About what data to use and what to 
exclude. About what the model should optimize for. About how to handle edge cases and 
failure modes. About who bears the cost when the system gets something wrong. 
Students who are learning to build so�ware are learning to make exactly these kinds of 
choices, and introducing them to the ethical weight of those choices while they're still 
forming their professional identity is considerably more e�ective than addressing it a�er 
the fact. 

�e question of what responsible engineering looks like in an age of AI systems with 
broad social impact is one of the most important questions in the �eld right now, and it 
belongs in the curriculum.

At the mastery level, computer science students have access to a version of AI 
collaboration that is genuinely di�erent from what other subjects o�er. �ey can build 
with these tools, integrate them into projects, and develop a practical understanding of 
where AI capabilities are genuinely useful and where they produce bri�le, unreliable 
results that require more human oversight than they save in e�ort. �at hands-on, 
build-and-break relationship with AI is one of the most e�ective paths to the kind of 
calibrated judgment mastery requires. 

A CS student who has tried to use AI to generate functional code, debugged the results, 
identi�ed the systematic pa�erns in where it fails, and developed a working sense of when 
to use it and when to write from scratch has internalized the mastery principle in a way 
that will transfer across every context where these tools appear.

A NOTE ON CROSS-DISCIPLINARY POSSIBILITIES

�e most interesting applications of the AIM™ Framework o�en happen at the edges 
between subjects, where a question that starts in one class turns out to connect to 
something being explored in another.

A history class examining how AI summarizes the causes of a war might �nd itself having 
a conversation that belongs equally in a media literacy unit, an ethics seminar, and a 
statistics class. A science class investigating AI bias might end up in territory that overlaps 
with social studies, philosophy, and mathematics. An English class discussing authorship in 
the age of AI might �nd unexpected common ground with the arts and with computer 
science.

�at porousness is a feature of genuine learning rather than a curriculum design problem. 
�e AIM™ Framework doesn't require subjects to stay in their lanes. It creates a shared 
vocabulary that makes cross-disciplinary conversation easier, because students in 
di�erent classes are developing related habits of mind around the same underlying 
questions. When a student trained in Investigation in her English class brings that same 
instinct to a science assignment, that's the framework working exactly as intended.
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Mastery: How should I use this 
system to extend my thinking?
LEARNING TO WORK WITH AI THOUGHTFULLY 
WHILE STAYING DISTINCTLY HUMAN

�ere's a version of this conversation that frames mastery as the destination where 
students �nally know how to use AI well. Get the prompts right. Understand the outputs. 
Apply the tools e�ciently. Move on.

�at version is missing the point almost entirely.

Mastery, in the context of this framework, isn't about pro�ciency with a set of tools. It's 
about developing the judgment to collaborate with AI in a way that makes you more 
capable, more creative, and more yourself, rather than less. �at distinction sounds 
philosophical until you see what it looks like in practice, and then it becomes very 
concrete very quickly.

Consider two students completing the same writing assignment. �e �rst opens an AI tool, 
enters the prompt, reads the output, makes a few edits, and submits it. �e second uses 
the same tool to generate three di�erent approaches to the argument, evaluates them 
against her own thinking, identi�es the one that most closely aligns with what she actually 
wants to say, throws most of it out, and uses it as a loose sca�old for a paper that is 
recognizably hers. Both students used AI. Only one of them did any thinking.

Mastery is what the second student is developing. Not a rejection of AI as a resource, but a 
relationship with it in which her judgment is always the active ingredient. �e AI generates 
options. She decides. �e AI produces a dra�. She interrogates it. 

�e AI suggests a direction. She evaluates whether it's actually the right one. �at 
back-and-forth requires the student to know what she thinks, which turns out to be a 
harder and more valuable thing to develop than knowing how to write a good prompt.

THE COLLABORATION TRAP

One of the subtler risks of AI in education isn't plagiarism, which gets most of the a�ention 
and is in some ways the easier problem. It's the quieter erosion of the struggle that 
produces actual learning.

�ere's a reason learning feels hard sometimes. Not the frustrating, pointless kind of hard, 
but the generative kind, where you're working at the edge of what you currently 
understand and the e�ort of ge�ing there is building something real. Writing a �rst dra� 
that doesn't work and having to �gure out why. 

Solving a problem incorrectly and tracing back through your reasoning to �nd where it 
went wrong. Trying to articulate an argument clearly enough that someone else could 
follow it, and discovering in the process that you didn't understand it as well as you 
thought. �ese experiences aren't incidental to learning. �ey largely are the learning.

AI, used carelessly, can short-circuit all of them. Not maliciously. �e tool is just doing 
what it's designed to do, which is produce a plausible, polished output as e�ciently as 
possible. �e problem is that e�ciency and learning are sometimes in direct tension, and 
a tool optimized for one can quietly undermine the other if there's no human judgment in 
the loop deciding when to use it and when to put it away.

Mastery-level thinking requires students to hold that tension consciously. To understand 
that there are moments when using AI to accelerate a task makes complete sense and 
moments when reaching for it will cost them the exact experience they needed to have. 
Developing the wisdom to tell those moments apart is not a technical skill. It's a re�ective 
one, and it takes practice.

WHAT HUMAN SKILLS ACTUALLY LOOK LIKE RIGHT NOW

�e conversation about which human skills AI can't replace tends to generate a list that 
sounds reasonable and slightly hollow at the same time. Creativity. Critical thinking. 
Empathy. Communication. �ese things appear on every future-of-work slide deck ever 
made, o�en alongside a stock photo of people collaborating around a whiteboard, and the 
repetition has made them feel abstract in a way that isn't useful.
So let's make them speci�c.

Creativity, at its deepest, isn't the ability to produce something original. It's the ability to 
make a connection that nobody else has made yet because nobody else has lived exactly 
your life, read exactly your books, had exactly your failures, or noticed exactly what you 

noticed. AI can produce novelty at scale. It can recombine existing pa�erns in ways that 
are genuinely surprising. What it cannot do is bring a real perspective to a problem, 
because it doesn't have one. 

A student who has been through something, thought carefully about it, and found a way 
to express what it actually meant is making something that an AI prompt cannot replicate, 
regardless of how sophisticated the model is.

Empathy is similarly irreplaceable in a way that goes beyond the sentimental. �e ability 
to sit with another person's reality long enough to understand it from the inside, to read 
what isn't being said as accurately as what is, to notice when someone needs something 
di�erent from what they're asking for, these are capabilities that shape outcomes in 
medicine, in education, in leadership, in every �eld where the work ultimately involves 
human beings relating to other human beings. AI can simulate empathetic language with 
impressive accuracy. It cannot actually care about the answer.

Adaptability deserves more a�ention than it typically gets in these conversations, because 
it's arguably the most immediately practical skill for students entering a world where the 
speci�c tools and work�ows they'll encounter are impossible to predict. �e students who 
will navigate that world most e�ectively aren't necessarily the ones who mastered the 
most tools. �ey're the ones who developed a genuine tolerance for uncertainty, a habit 
of staying curious when things change, and a capacity to rebuild their understanding when 
new information demands it. �at disposition is built in classrooms, through experiences 
that require students to not know the answer yet and keep going anyway.

WHAT MASTERY LOOKS LIKE ACROSS DIFFERENT CLASSROOMS

Because mastery is about judgment rather than tool pro�ciency, it looks quite di�erent 
depending on the context, and that's a feature rather than a limitation.
In a writing class, mastery might look like a student who uses AI to generate a rough 
structural outline, then interrogates that structure against what she actually wants to 
argue, rebuilds it according to her own logic, and produces a �nal paper where the AI's 
contribution is genuinely invisible because she's transformed it entirely. �e assignment 
teaches her something about her own thinking process. �e AI made that process more 
e�cient without replacing it.

In a science class, mastery might look like students using AI to survey background 
information on a topic quickly, then developing a research question that goes somewhere 
the AI summary didn't, designing an investigation around it, and returning to AI later in 

the process to pressure-test their conclusions against a broader range of sources. �e AI is 
a tool at speci�c moments in a process that the student is driving.

In a social studies or ethics class, mastery might look like a structured debate in which 
students are required to use AI to generate the strongest possible version of the argument 
they disagree with, then respond to it with their own reasoning. �is is a particularly 
e�ective exercise because it forces students to engage seriously with positions they might 
otherwise dismiss, and it makes clear that the quality of their response depends entirely 
on the quality of their thinking, not the quality of their prompt.

In a creative arts class, mastery might look like using AI-generated images or text as raw 
material for something the student then shapes, critiques, and transforms according to her 
own artistic judgment. �e AI produces a starting point. �e student produces the work.
What these examples share isn't a technique. It's a posture: the student is always the 
decision-maker. �e AI is always the tool. �at relationship doesn't happen by default. It 
has to be taught, modeled, and reinforced over time until it becomes the natural way 
students approach these systems.

THE REFLECTION PRACTICE

One of the most straightforward and e�ective ways to build mastery in any classroom is to 
make the process of AI collaboration visible through structured re�ection.
When students complete an assignment that involved AI in any way, ask them to 
document what that involvement actually looked like: what they asked, what came back, 
what they decided to use, what they discarded, and why. Not as a policing mechanism, but 
as a genuine metacognitive exercise. 

What did you contribute that the AI couldn't? Where did your judgment change the 
direction of the work? What would have been lost if you'd simply submi�ed the AI's 
output?

�ese questions do something important. �ey require students to locate themselves in 
their own work, to identify the speci�c places where their thinking, their experience, and 
their perspective shaped what got produced. Over time, that practice builds a kind of 
authorial con�dence that has nothing to do with AI speci�cally and everything to do with 
students understanding that they have something worth saying.

 

�at they are not just editors of machine-generated content but people with perspectives 
that ma�er and a responsibility to develop those perspectives rather than outsource 
them.

THE EDUCATOR AS MODEL

None of this happens in a vacuum, and it doesn't happen by accident. Mastery-level 
thinking in students tends to develop most reliably when they've seen it modeled by 
someone they respect, which means educators have a role here that goes beyond 
designing assignments.

When a teacher uses AI in front of a class and narrates their decision-making out loud, 
that's teaching mastery. When they say "I asked it this and here's what it gave me, and 
here's why I don't think that's quite right," they're demonstrating exactly the kind of 
judgment they want students to develop. When they admit that a tool surprised them, or 
that they had to check something three times before they felt con�dent enough to use it, 
they're modeling the intellectual honesty that mastery requires.

�is is also the most honest response to the reality that no educator is, or should be 
expected to be, an AI expert. �e teachers who serve their students best in this moment 
aren't the ones who have positioned themselves as authorities on technology. 

�ey're the ones who are openly, visibly, thoughtfully �guring it out alongside their 
students. �at willingness to learn in public is one of the most powerful things an 
educator can model, and right now, in this particular moment, it happens to be exactly 
what the situation calls for.

Applying AIM™ Across the 
Curriculum
One of the questions educators ask most o�en when they encounter a framework like this 
is some version of "that's interesting, but where does it �t?" �ey're not being dismissive. 
�ey're being practical. A high school biology teacher with a packed curriculum, a 
standardized test on the horizon, and thirty-two students who have wildly di�erent levels 
of preparation doesn't have room for a new subject. She has room, maybe, for a new lens 
on the subject she's already teaching.

�at's exactly what the AIM™ Framework is designed to be.

None of the three pillars require dedicated class time to introduce from scratch. �ey don't 
require a technology unit or a special semester or permission from a curriculum 
commi�ee. �ey require a teacher who is willing to ask slightly di�erent questions about 
the material already in front of them, and who is comfortable le�ing those questions lead 
somewhere unexpected. 

�e framework travels. It works di�erently in di�erent subjects, but it works in all of them, 
and the examples below are meant to illustrate that range rather than prescribe exactly 
how it should look in any speci�c classroom.

HISTORY AND SOCIAL STUDIES

History is one of the richest possible contexts for all three pillars, because history is 
fundamentally a discipline about whose story gets told, by whom, and with what 
omissions. AI, it turns out, has a great deal to say about all three of those questions.

Awareness in a history classroom might start with something as simple as asking students 
to enter a signi�cant historical event into an AI tool and read what comes back. Not to 
evaluate it yet, just to read it. �en ask: who is centered in this account? Whose 
perspective is most visible? What period does the narrative seem to be drawing from? 
Students who have spent any time thinking about historiography will immediately notice 
things that students who haven't will need a moment to see. 

Either way, the AI output becomes a text worth analyzing, which is something history 
teachers know how to do.

Investigation follows naturally. Students can compare the AI's account against primary 
sources, against accounts wri�en by historians from di�erent traditions, against oral 
histories or community narratives that don't appear in mainstream textbook coverage. 

�e gaps between those sources are where the most interesting historical thinking 
happens, and AI has a particular tendency to reproduce the dominant narrative of any 
given event, which makes it a useful foil for exactly the kind of critical analysis history 
education is supposed to develop.

At the mastery level, a genuinely challenging exercise is asking students to use AI to 
construct the most thorough, well-sourced argument they can for a historical 
interpretation they personally disagree with, and then to respond to that argument using 
their own research and reasoning. �is requires them to take seriously a perspective they 
might otherwise dismiss, to understand it well enough to represent it fairly, and then to 
engage with it substantively rather than super�cially. �at's sophisticated historical 
thinking, and the AI makes it more accessible without doing the intellectual work for 
them.

SCIENCE

Science education has a complicated relationship with AI right now, partly because AI is 
increasingly being used in actual scienti�c research and partly because the outputs AI 
produces about scienti�c topics can range from impressively accurate to con�dently, 
dangerously wrong. Both of those things make it an excellent classroom subject.

Awareness in a science class might focus on where students already encounter AI in 
scienti�c contexts without realizing it. Weather forecasting models. Medical diagnostic 
tools. Drug discovery platforms. Agricultural yield prediction. Climate modeling. AI is 
embedded in the practice of science in ways that most science curricula haven't caught up 
with yet, and making that visible gives students a more accurate picture of the �eld they're 
studying and potentially entering.

Investigation in a science classroom has an obvious structure: take an AI explanation of a 
scienti�c concept or process, and subject it to the same scrutiny students would apply to 
any source. Is the mechanism described accurately? Are the numbers right? Does the 
explanation re�ect current scienti�c consensus or an older understanding? Is the 
uncertainty in the science represented honestly, or has the AI smoothed over genuine 
ongoing debate to produce a cleaner answer than the evidence actually supports? 

�at last question is particularly rich in science education, where the di�erence between 
se�led science and active research questions is something students o�en never get a clear 
picture of.

One of the most memorable investigations a science class can run is asking students to 
prompt an AI on a topic where scienti�c understanding has changed signi�cantly over 
time, evolution, the germ theory of disease, the structure of the atom, and examine how 
the AI navigates the historical development of the idea versus the current understanding. 

Does it present the history accurately? Does it distinguish between what was believed and 
what is now known? �ese questions develop exactly the scienti�c epistemology that 
science education is supposed to build.

At the mastery level, the most natural integration is using AI as a research accelerator 
while keeping the intellectual work in student hands. Students can use AI to get a quick 
orientation to an unfamiliar topic, identify the key concepts and terminology, and map the 
basic landscape before diving into primary sources and actual data. What they cannot do, 
if the assignment is designed well, is use AI to do the thinking that the assignment is 
meant to develop. 

Designing assignments that make that distinction clear is one of the more interesting 
instructional challenges the mastery pillar creates for science teachers, and most of them 
�nd it produces be�er assignments than they were writing before.

ENGLISH AND WRITING

English teachers have had the most publicly visible and contentious relationship with AI of 
any subject area, largely because language generation is what these tools are most visibly 
capable of and writing is what English teachers are most responsible for assessing. �e 
conversations in English departments about AI have o�en been framed around detection, 
policy, and prevention, which is understandable but somewhat misses where the real 
opportunity sits.

Awareness in an English classroom is really about expanding what students understand 
authorship to mean. Where does a piece of writing come from? What is the relationship 
between the words on the page and the person who produced them? What does it mean 
to have a voice, and can a system that has no experiences, no stake in the outcome, and 
no persistent self across conversations be said to have one? 

�ese are not new questions in literary study. �ey're questions that get newly interesting 
when the entity producing text is a machine.

Investigation in English might involve giving students an AI-generated essay and a 
human-wri�en essay on the same topic and asking them to identify the speci�c qualities 
that distinguish them. Not just "which is be�er" but what speci�cally is present in one that 
isn't in the other. What does the human writer do with uncertainty? How do they handle 
complexity? Where do they take risks that the AI doesn't? Where does the AI produce 
something that sounds authoritative but dissolves under scrutiny? 

�e comparison exercise develops close reading skills that transfer to any text, and the 
discussion it generates tends to be genuinely lively because students have strong 
intuitions about it that they struggle to articulate precisely, which is exactly where good 
English teaching lives.

At the mastery level, the most productive reframe for writing teachers is moving from "did 
the student use AI" as the central question to "what did the student contribute" as the 
central question. An assignment designed around the la�er is much harder to circumvent 
and much more educationally interesting. Ask students to use AI to generate a �rst dra� 
and then to substantially revise it, documenting every signi�cant change they made and 
explaining why they made it. 

�e revision process is where the learning happens in writing, and an AI dra� is in some 
ways a be�er starting point for teaching revision than a student's own �rst dra�, precisely 
because the student has no emotional a�achment to it and can cut it without hesitation.

THE ARTS

�e relationship between AI and creative work is one of the most genuinely contested 
spaces in this entire conversation, and it deserves more than a footnote. Artists, 
illustrators, musicians, and writers have raised serious and legitimate questions about AI 
systems trained on their work without consent, and those questions belong in the 
classroom as part of what students learn about the ethical dimensions of this technology.

Awareness in an arts classroom might start with that context: where did the training data 
for AI image generators, music composition tools, and writing assistants actually come 
from? What does it mean to train a system on the creative output of human beings who 
didn't agree to contribute to it? What does that do to questions of artistic ownership, 
originality, and value? 

�ese aren't rhetorical questions designed to produce a predetermined conclusion. 
�ey're genuinely open questions that the art world, the legal system, and the technology 
industry are actively working through, and students who engage with them seriously are 
developing exactly the kind of ethical reasoning that creative �elds require.

Investigation in the arts can take a particularly interesting form: using AI-generated 
creative work as a subject of critical analysis rather than a tool for production. What 
choices did the system make in generating this image, this piece of music, this poem? 
What aesthetic sensibility does it seem to re�ect? Whose aesthetic sensibility? What is it 
optimizing for, and how do you know? �ese questions develop critical vocabulary and 
analytical thinking that applies to all creative work, human or otherwise.

Mastery in a creative context is probably the most nuanced version of the pillar across all 
subjects, because the question of where the AI ends and the student begins is both 
practically and philosophically complex. �e most honest and productive approach is to 
make that complexity the subject rather than trying to resolve it. Students who are asked 
to use AI as a creative starting point and then to transform, critique, and respond to what it 
produces, while documenting their thinking throughout, are engaging with questions 
about authorship, intention, and creative identity that artists have always had to grapple 
with. �e AI just makes those questions newly urgent and unusually visible.

MATHEMATICS

Mathematics has an interesting and underexplored relationship with AI literacy, partly 
because AI is built on mathematical foundations that most students never see, and partly 
because math class is one of the few places where the question of whether an answer is 
correct has an actual de�nitive answer. �at second quality makes it uniquely useful for 
Investigation in particular.

Awareness in a mathematics classroom might start with demystifying what AI actually is 
at a structural level, without requiring students to become statisticians. Probability. Pa�ern 
recognition. Weighted decisions. Optimization. �ese are mathematical ideas, and 
students who have encountered them in a math context already have more intuition 
about how AI works than they realize. 

Making that connection explicit, helping students see that the AI generating a paragraph 
of text and the algorithm deciding the shortest route between two points are drawing on 
related mathematical logic, gives math a relevance to contemporary life that students 
o�en don't expect to �nd there.

Investigation in math takes on a character that no other subject can quite replicate, 
because math is one of the few domains where you can check an AI's work with certainty. 
Ask students to use AI to solve a set of problems, then verify every step of the working. 
Not just whether the �nal answer is right, but whether the method is sound, whether the 
AI took a valid path to get there, and whether it would have arrived at the right answer for 
the right reasons or simply landed correctly by a �awed route. 

�at last distinction ma�ers enormously in mathematics education, where the process is 
o�en more important than the answer, and it produces a version of Investigation that is 
rigorous in a very speci�c and satisfying way.

�ere is also something worth exploring in the way AI handles mathematical uncertainty 
and estimation. Ask it to solve a problem that is intentionally ambiguous, or one that has 
multiple valid approaches, and examine how it navigates that ambiguity. 

Does it acknowledge it? Does it pick one path without explanation? Does it present one 
method as if it were the only method? �ese questions develop mathematical thinking 
about the nature of proof, the validity of di�erent approaches, and the di�erence between 
a correct answer and a complete understanding.

At the mastery level, mathematics o�ers one of the clearest illustrations of the 
collaboration principle at the heart of this pillar. AI can execute calculations, generate 
proofs, and work through procedures with speed and accuracy that no student can match 
by hand. 

�e question is what that leaves for the student to do, and the answer is everything that 
actually constitutes mathematical understanding: knowing which procedure is 
appropriate, recognizing why a particular approach reveals something the others don't, 
understanding what the answer means in the context of a real problem, and developing 
the intuition that comes only from having worked through enough problems manually to 
have a feel for when something doesn't look right. �at intuition is not incidental to 
mathematical education. It's the goal. And it cannot be developed by watching an AI do 
the work.

COMPUTER SCIENCE

�ere's a particular irony in the fact that computer science classrooms are sometimes the 
least equipped to handle AI literacy well. �e assumption is that because the subject is 
technical, students in CS courses must already have a sophisticated understanding of AI. In 

practice, knowing how to write code and understanding what a large language model is 
actually doing are quite di�erent kinds of knowledge, and con�ating them does students 
in both directions a disservice.

Awareness in a computer science classroom can go deeper than in any other subject, and 
it should. Students who are learning to write programs have the conceptual foundation to 
understand, at a meaningful level, what it means for a system to be trained on data rather 
than explicitly programmed with rules. 

�e di�erence between writing an algorithm that sorts a list and training a model that 
learns to recognize pa�erns is a genuinely important conceptual distinction, and CS 
students are well positioned to grasp it. 

What awareness asks of them isn't just that they understand it technically but that they sit 
with its implications: if no human explicitly wrote the rules the model is following, where 
did those rules come from, who is responsible for them, and how do you audit something 
you didn't directly create?

Investigation in a CS context has a dimension that other subjects don't: students can 
actually look under the hood, at least partially. Examining how a model's outputs change 
based on di�erent inputs, exploring the documented limitations and known failure modes 
of speci�c systems, reading the technical literature on bias in machine learning, these are 
all forms of investigation that are accessible to students with a programming background 
and that produce a level of understanding most adults who use these tools daily never 
develop. 

A CS class that spends time on adversarial prompting, on the deliberate construction of 
inputs designed to expose the edges of a model's behavior, is doing genuine investigative 
work that builds both technical understanding and critical instinct simultaneously.

�ere's also an ethical dimension to computer science and AI that belongs speci�cally in 
CS classrooms rather than being le� entirely to humanities teachers to address. �e 
people who build these systems make choices. About what data to use and what to 
exclude. About what the model should optimize for. About how to handle edge cases and 
failure modes. About who bears the cost when the system gets something wrong. 
Students who are learning to build so�ware are learning to make exactly these kinds of 
choices, and introducing them to the ethical weight of those choices while they're still 
forming their professional identity is considerably more e�ective than addressing it a�er 
the fact. 

�e question of what responsible engineering looks like in an age of AI systems with 
broad social impact is one of the most important questions in the �eld right now, and it 
belongs in the curriculum.

At the mastery level, computer science students have access to a version of AI 
collaboration that is genuinely di�erent from what other subjects o�er. �ey can build 
with these tools, integrate them into projects, and develop a practical understanding of 
where AI capabilities are genuinely useful and where they produce bri�le, unreliable 
results that require more human oversight than they save in e�ort. �at hands-on, 
build-and-break relationship with AI is one of the most e�ective paths to the kind of 
calibrated judgment mastery requires. 

A CS student who has tried to use AI to generate functional code, debugged the results, 
identi�ed the systematic pa�erns in where it fails, and developed a working sense of when 
to use it and when to write from scratch has internalized the mastery principle in a way 
that will transfer across every context where these tools appear.

A NOTE ON CROSS-DISCIPLINARY POSSIBILITIES

�e most interesting applications of the AIM™ Framework o�en happen at the edges 
between subjects, where a question that starts in one class turns out to connect to 
something being explored in another.

A history class examining how AI summarizes the causes of a war might �nd itself having 
a conversation that belongs equally in a media literacy unit, an ethics seminar, and a 
statistics class. A science class investigating AI bias might end up in territory that overlaps 
with social studies, philosophy, and mathematics. An English class discussing authorship in 
the age of AI might �nd unexpected common ground with the arts and with computer 
science.

�at porousness is a feature of genuine learning rather than a curriculum design problem. 
�e AIM™ Framework doesn't require subjects to stay in their lanes. It creates a shared 
vocabulary that makes cross-disciplinary conversation easier, because students in 
di�erent classes are developing related habits of mind around the same underlying 
questions. When a student trained in Investigation in her English class brings that same 
instinct to a science assignment, that's the framework working exactly as intended.
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Applying AIM™ Across the 
Curriculum
One of the questions educators ask most o�en when they encounter a framework like this 
is some version of "that's interesting, but where does it �t?" �ey're not being dismissive. 
�ey're being practical. A high school biology teacher with a packed curriculum, a 
standardized test on the horizon, and thirty-two students who have wildly di�erent levels 
of preparation doesn't have room for a new subject. She has room, maybe, for a new lens 
on the subject she's already teaching.

�at's exactly what the AIM™ Framework is designed to be.

None of the three pillars require dedicated class time to introduce from scratch. �ey don't 
require a technology unit or a special semester or permission from a curriculum 
commi�ee. �ey require a teacher who is willing to ask slightly di�erent questions about 
the material already in front of them, and who is comfortable le�ing those questions lead 
somewhere unexpected. 

�e framework travels. It works di�erently in di�erent subjects, but it works in all of them, 
and the examples below are meant to illustrate that range rather than prescribe exactly 
how it should look in any speci�c classroom.

HISTORY AND SOCIAL STUDIES

History is one of the richest possible contexts for all three pillars, because history is 
fundamentally a discipline about whose story gets told, by whom, and with what 
omissions. AI, it turns out, has a great deal to say about all three of those questions.

Awareness in a history classroom might start with something as simple as asking students 
to enter a signi�cant historical event into an AI tool and read what comes back. Not to 
evaluate it yet, just to read it. �en ask: who is centered in this account? Whose 
perspective is most visible? What period does the narrative seem to be drawing from? 
Students who have spent any time thinking about historiography will immediately notice 
things that students who haven't will need a moment to see. 

Either way, the AI output becomes a text worth analyzing, which is something history 
teachers know how to do.
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Investigation follows naturally. Students can compare the AI's account against primary 
sources, against accounts wri�en by historians from di�erent traditions, against oral 
histories or community narratives that don't appear in mainstream textbook coverage. 

�e gaps between those sources are where the most interesting historical thinking 
happens, and AI has a particular tendency to reproduce the dominant narrative of any 
given event, which makes it a useful foil for exactly the kind of critical analysis history 
education is supposed to develop.

At the mastery level, a genuinely challenging exercise is asking students to use AI to 
construct the most thorough, well-sourced argument they can for a historical 
interpretation they personally disagree with, and then to respond to that argument using 
their own research and reasoning. �is requires them to take seriously a perspective they 
might otherwise dismiss, to understand it well enough to represent it fairly, and then to 
engage with it substantively rather than super�cially. �at's sophisticated historical 
thinking, and the AI makes it more accessible without doing the intellectual work for 
them.

SCIENCE

Science education has a complicated relationship with AI right now, partly because AI is 
increasingly being used in actual scienti�c research and partly because the outputs AI 
produces about scienti�c topics can range from impressively accurate to con�dently, 
dangerously wrong. Both of those things make it an excellent classroom subject.

Awareness in a science class might focus on where students already encounter AI in 
scienti�c contexts without realizing it. Weather forecasting models. Medical diagnostic 
tools. Drug discovery platforms. Agricultural yield prediction. Climate modeling. AI is 
embedded in the practice of science in ways that most science curricula haven't caught up 
with yet, and making that visible gives students a more accurate picture of the �eld they're 
studying and potentially entering.

Investigation in a science classroom has an obvious structure: take an AI explanation of a 
scienti�c concept or process, and subject it to the same scrutiny students would apply to 
any source. Is the mechanism described accurately? Are the numbers right? Does the 
explanation re�ect current scienti�c consensus or an older understanding? Is the 
uncertainty in the science represented honestly, or has the AI smoothed over genuine 
ongoing debate to produce a cleaner answer than the evidence actually supports? 

�at last question is particularly rich in science education, where the di�erence between 
se�led science and active research questions is something students o�en never get a clear 
picture of.

One of the most memorable investigations a science class can run is asking students to 
prompt an AI on a topic where scienti�c understanding has changed signi�cantly over 
time, evolution, the germ theory of disease, the structure of the atom, and examine how 
the AI navigates the historical development of the idea versus the current understanding. 

Does it present the history accurately? Does it distinguish between what was believed and 
what is now known? �ese questions develop exactly the scienti�c epistemology that 
science education is supposed to build.

At the mastery level, the most natural integration is using AI as a research accelerator 
while keeping the intellectual work in student hands. Students can use AI to get a quick 
orientation to an unfamiliar topic, identify the key concepts and terminology, and map the 
basic landscape before diving into primary sources and actual data. What they cannot do, 
if the assignment is designed well, is use AI to do the thinking that the assignment is 
meant to develop. 

Designing assignments that make that distinction clear is one of the more interesting 
instructional challenges the mastery pillar creates for science teachers, and most of them 
�nd it produces be�er assignments than they were writing before.

ENGLISH AND WRITING

English teachers have had the most publicly visible and contentious relationship with AI of 
any subject area, largely because language generation is what these tools are most visibly 
capable of and writing is what English teachers are most responsible for assessing. �e 
conversations in English departments about AI have o�en been framed around detection, 
policy, and prevention, which is understandable but somewhat misses where the real 
opportunity sits.

Awareness in an English classroom is really about expanding what students understand 
authorship to mean. Where does a piece of writing come from? What is the relationship 
between the words on the page and the person who produced them? What does it mean 
to have a voice, and can a system that has no experiences, no stake in the outcome, and 
no persistent self across conversations be said to have one? 

�ese are not new questions in literary study. �ey're questions that get newly interesting 
when the entity producing text is a machine.

Investigation in English might involve giving students an AI-generated essay and a 
human-wri�en essay on the same topic and asking them to identify the speci�c qualities 
that distinguish them. Not just "which is be�er" but what speci�cally is present in one that 
isn't in the other. What does the human writer do with uncertainty? How do they handle 
complexity? Where do they take risks that the AI doesn't? Where does the AI produce 
something that sounds authoritative but dissolves under scrutiny? 

�e comparison exercise develops close reading skills that transfer to any text, and the 
discussion it generates tends to be genuinely lively because students have strong 
intuitions about it that they struggle to articulate precisely, which is exactly where good 
English teaching lives.

At the mastery level, the most productive reframe for writing teachers is moving from "did 
the student use AI" as the central question to "what did the student contribute" as the 
central question. An assignment designed around the la�er is much harder to circumvent 
and much more educationally interesting. Ask students to use AI to generate a �rst dra� 
and then to substantially revise it, documenting every signi�cant change they made and 
explaining why they made it. 

�e revision process is where the learning happens in writing, and an AI dra� is in some 
ways a be�er starting point for teaching revision than a student's own �rst dra�, precisely 
because the student has no emotional a�achment to it and can cut it without hesitation.

THE ARTS

�e relationship between AI and creative work is one of the most genuinely contested 
spaces in this entire conversation, and it deserves more than a footnote. Artists, 
illustrators, musicians, and writers have raised serious and legitimate questions about AI 
systems trained on their work without consent, and those questions belong in the 
classroom as part of what students learn about the ethical dimensions of this technology.

Awareness in an arts classroom might start with that context: where did the training data 
for AI image generators, music composition tools, and writing assistants actually come 
from? What does it mean to train a system on the creative output of human beings who 
didn't agree to contribute to it? What does that do to questions of artistic ownership, 
originality, and value? 

�ese aren't rhetorical questions designed to produce a predetermined conclusion. 
�ey're genuinely open questions that the art world, the legal system, and the technology 
industry are actively working through, and students who engage with them seriously are 
developing exactly the kind of ethical reasoning that creative �elds require.

Investigation in the arts can take a particularly interesting form: using AI-generated 
creative work as a subject of critical analysis rather than a tool for production. What 
choices did the system make in generating this image, this piece of music, this poem? 
What aesthetic sensibility does it seem to re�ect? Whose aesthetic sensibility? What is it 
optimizing for, and how do you know? �ese questions develop critical vocabulary and 
analytical thinking that applies to all creative work, human or otherwise.

Mastery in a creative context is probably the most nuanced version of the pillar across all 
subjects, because the question of where the AI ends and the student begins is both 
practically and philosophically complex. �e most honest and productive approach is to 
make that complexity the subject rather than trying to resolve it. Students who are asked 
to use AI as a creative starting point and then to transform, critique, and respond to what it 
produces, while documenting their thinking throughout, are engaging with questions 
about authorship, intention, and creative identity that artists have always had to grapple 
with. �e AI just makes those questions newly urgent and unusually visible.

MATHEMATICS

Mathematics has an interesting and underexplored relationship with AI literacy, partly 
because AI is built on mathematical foundations that most students never see, and partly 
because math class is one of the few places where the question of whether an answer is 
correct has an actual de�nitive answer. �at second quality makes it uniquely useful for 
Investigation in particular.

Awareness in a mathematics classroom might start with demystifying what AI actually is 
at a structural level, without requiring students to become statisticians. Probability. Pa�ern 
recognition. Weighted decisions. Optimization. �ese are mathematical ideas, and 
students who have encountered them in a math context already have more intuition 
about how AI works than they realize. 

Making that connection explicit, helping students see that the AI generating a paragraph 
of text and the algorithm deciding the shortest route between two points are drawing on 
related mathematical logic, gives math a relevance to contemporary life that students 
o�en don't expect to �nd there.

Investigation in math takes on a character that no other subject can quite replicate, 
because math is one of the few domains where you can check an AI's work with certainty. 
Ask students to use AI to solve a set of problems, then verify every step of the working. 
Not just whether the �nal answer is right, but whether the method is sound, whether the 
AI took a valid path to get there, and whether it would have arrived at the right answer for 
the right reasons or simply landed correctly by a �awed route. 

�at last distinction ma�ers enormously in mathematics education, where the process is 
o�en more important than the answer, and it produces a version of Investigation that is 
rigorous in a very speci�c and satisfying way.

�ere is also something worth exploring in the way AI handles mathematical uncertainty 
and estimation. Ask it to solve a problem that is intentionally ambiguous, or one that has 
multiple valid approaches, and examine how it navigates that ambiguity. 

Does it acknowledge it? Does it pick one path without explanation? Does it present one 
method as if it were the only method? �ese questions develop mathematical thinking 
about the nature of proof, the validity of di�erent approaches, and the di�erence between 
a correct answer and a complete understanding.

At the mastery level, mathematics o�ers one of the clearest illustrations of the 
collaboration principle at the heart of this pillar. AI can execute calculations, generate 
proofs, and work through procedures with speed and accuracy that no student can match 
by hand. 

�e question is what that leaves for the student to do, and the answer is everything that 
actually constitutes mathematical understanding: knowing which procedure is 
appropriate, recognizing why a particular approach reveals something the others don't, 
understanding what the answer means in the context of a real problem, and developing 
the intuition that comes only from having worked through enough problems manually to 
have a feel for when something doesn't look right. �at intuition is not incidental to 
mathematical education. It's the goal. And it cannot be developed by watching an AI do 
the work.

COMPUTER SCIENCE

�ere's a particular irony in the fact that computer science classrooms are sometimes the 
least equipped to handle AI literacy well. �e assumption is that because the subject is 
technical, students in CS courses must already have a sophisticated understanding of AI. In 

practice, knowing how to write code and understanding what a large language model is 
actually doing are quite di�erent kinds of knowledge, and con�ating them does students 
in both directions a disservice.

Awareness in a computer science classroom can go deeper than in any other subject, and 
it should. Students who are learning to write programs have the conceptual foundation to 
understand, at a meaningful level, what it means for a system to be trained on data rather 
than explicitly programmed with rules. 

�e di�erence between writing an algorithm that sorts a list and training a model that 
learns to recognize pa�erns is a genuinely important conceptual distinction, and CS 
students are well positioned to grasp it. 

What awareness asks of them isn't just that they understand it technically but that they sit 
with its implications: if no human explicitly wrote the rules the model is following, where 
did those rules come from, who is responsible for them, and how do you audit something 
you didn't directly create?

Investigation in a CS context has a dimension that other subjects don't: students can 
actually look under the hood, at least partially. Examining how a model's outputs change 
based on di�erent inputs, exploring the documented limitations and known failure modes 
of speci�c systems, reading the technical literature on bias in machine learning, these are 
all forms of investigation that are accessible to students with a programming background 
and that produce a level of understanding most adults who use these tools daily never 
develop. 

A CS class that spends time on adversarial prompting, on the deliberate construction of 
inputs designed to expose the edges of a model's behavior, is doing genuine investigative 
work that builds both technical understanding and critical instinct simultaneously.

�ere's also an ethical dimension to computer science and AI that belongs speci�cally in 
CS classrooms rather than being le� entirely to humanities teachers to address. �e 
people who build these systems make choices. About what data to use and what to 
exclude. About what the model should optimize for. About how to handle edge cases and 
failure modes. About who bears the cost when the system gets something wrong. 
Students who are learning to build so�ware are learning to make exactly these kinds of 
choices, and introducing them to the ethical weight of those choices while they're still 
forming their professional identity is considerably more e�ective than addressing it a�er 
the fact. 

�e question of what responsible engineering looks like in an age of AI systems with 
broad social impact is one of the most important questions in the �eld right now, and it 
belongs in the curriculum.

At the mastery level, computer science students have access to a version of AI 
collaboration that is genuinely di�erent from what other subjects o�er. �ey can build 
with these tools, integrate them into projects, and develop a practical understanding of 
where AI capabilities are genuinely useful and where they produce bri�le, unreliable 
results that require more human oversight than they save in e�ort. �at hands-on, 
build-and-break relationship with AI is one of the most e�ective paths to the kind of 
calibrated judgment mastery requires. 

A CS student who has tried to use AI to generate functional code, debugged the results, 
identi�ed the systematic pa�erns in where it fails, and developed a working sense of when 
to use it and when to write from scratch has internalized the mastery principle in a way 
that will transfer across every context where these tools appear.

A NOTE ON CROSS-DISCIPLINARY POSSIBILITIES

�e most interesting applications of the AIM™ Framework o�en happen at the edges 
between subjects, where a question that starts in one class turns out to connect to 
something being explored in another.

A history class examining how AI summarizes the causes of a war might �nd itself having 
a conversation that belongs equally in a media literacy unit, an ethics seminar, and a 
statistics class. A science class investigating AI bias might end up in territory that overlaps 
with social studies, philosophy, and mathematics. An English class discussing authorship in 
the age of AI might �nd unexpected common ground with the arts and with computer 
science.

�at porousness is a feature of genuine learning rather than a curriculum design problem. 
�e AIM™ Framework doesn't require subjects to stay in their lanes. It creates a shared 
vocabulary that makes cross-disciplinary conversation easier, because students in 
di�erent classes are developing related habits of mind around the same underlying 
questions. When a student trained in Investigation in her English class brings that same 
instinct to a science assignment, that's the framework working exactly as intended.
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Applying AIM™ Across the 
Curriculum
One of the questions educators ask most o�en when they encounter a framework like this 
is some version of "that's interesting, but where does it �t?" �ey're not being dismissive. 
�ey're being practical. A high school biology teacher with a packed curriculum, a 
standardized test on the horizon, and thirty-two students who have wildly di�erent levels 
of preparation doesn't have room for a new subject. She has room, maybe, for a new lens 
on the subject she's already teaching.

�at's exactly what the AIM™ Framework is designed to be.

None of the three pillars require dedicated class time to introduce from scratch. �ey don't 
require a technology unit or a special semester or permission from a curriculum 
commi�ee. �ey require a teacher who is willing to ask slightly di�erent questions about 
the material already in front of them, and who is comfortable le�ing those questions lead 
somewhere unexpected. 

�e framework travels. It works di�erently in di�erent subjects, but it works in all of them, 
and the examples below are meant to illustrate that range rather than prescribe exactly 
how it should look in any speci�c classroom.

HISTORY AND SOCIAL STUDIES

History is one of the richest possible contexts for all three pillars, because history is 
fundamentally a discipline about whose story gets told, by whom, and with what 
omissions. AI, it turns out, has a great deal to say about all three of those questions.

Awareness in a history classroom might start with something as simple as asking students 
to enter a signi�cant historical event into an AI tool and read what comes back. Not to 
evaluate it yet, just to read it. �en ask: who is centered in this account? Whose 
perspective is most visible? What period does the narrative seem to be drawing from? 
Students who have spent any time thinking about historiography will immediately notice 
things that students who haven't will need a moment to see. 

Either way, the AI output becomes a text worth analyzing, which is something history 
teachers know how to do.

Investigation follows naturally. Students can compare the AI's account against primary 
sources, against accounts wri�en by historians from di�erent traditions, against oral 
histories or community narratives that don't appear in mainstream textbook coverage. 

�e gaps between those sources are where the most interesting historical thinking 
happens, and AI has a particular tendency to reproduce the dominant narrative of any 
given event, which makes it a useful foil for exactly the kind of critical analysis history 
education is supposed to develop.

At the mastery level, a genuinely challenging exercise is asking students to use AI to 
construct the most thorough, well-sourced argument they can for a historical 
interpretation they personally disagree with, and then to respond to that argument using 
their own research and reasoning. �is requires them to take seriously a perspective they 
might otherwise dismiss, to understand it well enough to represent it fairly, and then to 
engage with it substantively rather than super�cially. �at's sophisticated historical 
thinking, and the AI makes it more accessible without doing the intellectual work for 
them.

SCIENCE

Science education has a complicated relationship with AI right now, partly because AI is 
increasingly being used in actual scienti�c research and partly because the outputs AI 
produces about scienti�c topics can range from impressively accurate to con�dently, 
dangerously wrong. Both of those things make it an excellent classroom subject.

Awareness in a science class might focus on where students already encounter AI in 
scienti�c contexts without realizing it. Weather forecasting models. Medical diagnostic 
tools. Drug discovery platforms. Agricultural yield prediction. Climate modeling. AI is 
embedded in the practice of science in ways that most science curricula haven't caught up 
with yet, and making that visible gives students a more accurate picture of the �eld they're 
studying and potentially entering.

Investigation in a science classroom has an obvious structure: take an AI explanation of a 
scienti�c concept or process, and subject it to the same scrutiny students would apply to 
any source. Is the mechanism described accurately? Are the numbers right? Does the 
explanation re�ect current scienti�c consensus or an older understanding? Is the 
uncertainty in the science represented honestly, or has the AI smoothed over genuine 
ongoing debate to produce a cleaner answer than the evidence actually supports? 

�at last question is particularly rich in science education, where the di�erence between 
se�led science and active research questions is something students o�en never get a clear 
picture of.

One of the most memorable investigations a science class can run is asking students to 
prompt an AI on a topic where scienti�c understanding has changed signi�cantly over 
time, evolution, the germ theory of disease, the structure of the atom, and examine how 
the AI navigates the historical development of the idea versus the current understanding. 

Does it present the history accurately? Does it distinguish between what was believed and 
what is now known? �ese questions develop exactly the scienti�c epistemology that 
science education is supposed to build.

At the mastery level, the most natural integration is using AI as a research accelerator 
while keeping the intellectual work in student hands. Students can use AI to get a quick 
orientation to an unfamiliar topic, identify the key concepts and terminology, and map the 
basic landscape before diving into primary sources and actual data. What they cannot do, 
if the assignment is designed well, is use AI to do the thinking that the assignment is 
meant to develop. 

Designing assignments that make that distinction clear is one of the more interesting 
instructional challenges the mastery pillar creates for science teachers, and most of them 
�nd it produces be�er assignments than they were writing before.

ENGLISH AND WRITING

English teachers have had the most publicly visible and contentious relationship with AI of 
any subject area, largely because language generation is what these tools are most visibly 
capable of and writing is what English teachers are most responsible for assessing. �e 
conversations in English departments about AI have o�en been framed around detection, 
policy, and prevention, which is understandable but somewhat misses where the real 
opportunity sits.

Awareness in an English classroom is really about expanding what students understand 
authorship to mean. Where does a piece of writing come from? What is the relationship 
between the words on the page and the person who produced them? What does it mean 
to have a voice, and can a system that has no experiences, no stake in the outcome, and 
no persistent self across conversations be said to have one? 

�ese are not new questions in literary study. �ey're questions that get newly interesting 
when the entity producing text is a machine.

Investigation in English might involve giving students an AI-generated essay and a 
human-wri�en essay on the same topic and asking them to identify the speci�c qualities 
that distinguish them. Not just "which is be�er" but what speci�cally is present in one that 
isn't in the other. What does the human writer do with uncertainty? How do they handle 
complexity? Where do they take risks that the AI doesn't? Where does the AI produce 
something that sounds authoritative but dissolves under scrutiny? 

�e comparison exercise develops close reading skills that transfer to any text, and the 
discussion it generates tends to be genuinely lively because students have strong 
intuitions about it that they struggle to articulate precisely, which is exactly where good 
English teaching lives.

At the mastery level, the most productive reframe for writing teachers is moving from "did 
the student use AI" as the central question to "what did the student contribute" as the 
central question. An assignment designed around the la�er is much harder to circumvent 
and much more educationally interesting. Ask students to use AI to generate a �rst dra� 
and then to substantially revise it, documenting every signi�cant change they made and 
explaining why they made it. 

�e revision process is where the learning happens in writing, and an AI dra� is in some 
ways a be�er starting point for teaching revision than a student's own �rst dra�, precisely 
because the student has no emotional a�achment to it and can cut it without hesitation.

THE ARTS

�e relationship between AI and creative work is one of the most genuinely contested 
spaces in this entire conversation, and it deserves more than a footnote. Artists, 
illustrators, musicians, and writers have raised serious and legitimate questions about AI 
systems trained on their work without consent, and those questions belong in the 
classroom as part of what students learn about the ethical dimensions of this technology.

Awareness in an arts classroom might start with that context: where did the training data 
for AI image generators, music composition tools, and writing assistants actually come 
from? What does it mean to train a system on the creative output of human beings who 
didn't agree to contribute to it? What does that do to questions of artistic ownership, 
originality, and value? 

�ese aren't rhetorical questions designed to produce a predetermined conclusion. 
�ey're genuinely open questions that the art world, the legal system, and the technology 
industry are actively working through, and students who engage with them seriously are 
developing exactly the kind of ethical reasoning that creative �elds require.

Investigation in the arts can take a particularly interesting form: using AI-generated 
creative work as a subject of critical analysis rather than a tool for production. What 
choices did the system make in generating this image, this piece of music, this poem? 
What aesthetic sensibility does it seem to re�ect? Whose aesthetic sensibility? What is it 
optimizing for, and how do you know? �ese questions develop critical vocabulary and 
analytical thinking that applies to all creative work, human or otherwise.

Mastery in a creative context is probably the most nuanced version of the pillar across all 
subjects, because the question of where the AI ends and the student begins is both 
practically and philosophically complex. �e most honest and productive approach is to 
make that complexity the subject rather than trying to resolve it. Students who are asked 
to use AI as a creative starting point and then to transform, critique, and respond to what it 
produces, while documenting their thinking throughout, are engaging with questions 
about authorship, intention, and creative identity that artists have always had to grapple 
with. �e AI just makes those questions newly urgent and unusually visible.

MATHEMATICS

Mathematics has an interesting and underexplored relationship with AI literacy, partly 
because AI is built on mathematical foundations that most students never see, and partly 
because math class is one of the few places where the question of whether an answer is 
correct has an actual de�nitive answer. �at second quality makes it uniquely useful for 
Investigation in particular.

Awareness in a mathematics classroom might start with demystifying what AI actually is 
at a structural level, without requiring students to become statisticians. Probability. Pa�ern 
recognition. Weighted decisions. Optimization. �ese are mathematical ideas, and 
students who have encountered them in a math context already have more intuition 
about how AI works than they realize. 

Making that connection explicit, helping students see that the AI generating a paragraph 
of text and the algorithm deciding the shortest route between two points are drawing on 
related mathematical logic, gives math a relevance to contemporary life that students 
o�en don't expect to �nd there.

Investigation in math takes on a character that no other subject can quite replicate, 
because math is one of the few domains where you can check an AI's work with certainty. 
Ask students to use AI to solve a set of problems, then verify every step of the working. 
Not just whether the �nal answer is right, but whether the method is sound, whether the 
AI took a valid path to get there, and whether it would have arrived at the right answer for 
the right reasons or simply landed correctly by a �awed route. 

�at last distinction ma�ers enormously in mathematics education, where the process is 
o�en more important than the answer, and it produces a version of Investigation that is 
rigorous in a very speci�c and satisfying way.

�ere is also something worth exploring in the way AI handles mathematical uncertainty 
and estimation. Ask it to solve a problem that is intentionally ambiguous, or one that has 
multiple valid approaches, and examine how it navigates that ambiguity. 

Does it acknowledge it? Does it pick one path without explanation? Does it present one 
method as if it were the only method? �ese questions develop mathematical thinking 
about the nature of proof, the validity of di�erent approaches, and the di�erence between 
a correct answer and a complete understanding.

At the mastery level, mathematics o�ers one of the clearest illustrations of the 
collaboration principle at the heart of this pillar. AI can execute calculations, generate 
proofs, and work through procedures with speed and accuracy that no student can match 
by hand. 

�e question is what that leaves for the student to do, and the answer is everything that 
actually constitutes mathematical understanding: knowing which procedure is 
appropriate, recognizing why a particular approach reveals something the others don't, 
understanding what the answer means in the context of a real problem, and developing 
the intuition that comes only from having worked through enough problems manually to 
have a feel for when something doesn't look right. �at intuition is not incidental to 
mathematical education. It's the goal. And it cannot be developed by watching an AI do 
the work.

COMPUTER SCIENCE

�ere's a particular irony in the fact that computer science classrooms are sometimes the 
least equipped to handle AI literacy well. �e assumption is that because the subject is 
technical, students in CS courses must already have a sophisticated understanding of AI. In 

practice, knowing how to write code and understanding what a large language model is 
actually doing are quite di�erent kinds of knowledge, and con�ating them does students 
in both directions a disservice.

Awareness in a computer science classroom can go deeper than in any other subject, and 
it should. Students who are learning to write programs have the conceptual foundation to 
understand, at a meaningful level, what it means for a system to be trained on data rather 
than explicitly programmed with rules. 

�e di�erence between writing an algorithm that sorts a list and training a model that 
learns to recognize pa�erns is a genuinely important conceptual distinction, and CS 
students are well positioned to grasp it. 

What awareness asks of them isn't just that they understand it technically but that they sit 
with its implications: if no human explicitly wrote the rules the model is following, where 
did those rules come from, who is responsible for them, and how do you audit something 
you didn't directly create?

Investigation in a CS context has a dimension that other subjects don't: students can 
actually look under the hood, at least partially. Examining how a model's outputs change 
based on di�erent inputs, exploring the documented limitations and known failure modes 
of speci�c systems, reading the technical literature on bias in machine learning, these are 
all forms of investigation that are accessible to students with a programming background 
and that produce a level of understanding most adults who use these tools daily never 
develop. 

A CS class that spends time on adversarial prompting, on the deliberate construction of 
inputs designed to expose the edges of a model's behavior, is doing genuine investigative 
work that builds both technical understanding and critical instinct simultaneously.

�ere's also an ethical dimension to computer science and AI that belongs speci�cally in 
CS classrooms rather than being le� entirely to humanities teachers to address. �e 
people who build these systems make choices. About what data to use and what to 
exclude. About what the model should optimize for. About how to handle edge cases and 
failure modes. About who bears the cost when the system gets something wrong. 
Students who are learning to build so�ware are learning to make exactly these kinds of 
choices, and introducing them to the ethical weight of those choices while they're still 
forming their professional identity is considerably more e�ective than addressing it a�er 
the fact. 

�e question of what responsible engineering looks like in an age of AI systems with 
broad social impact is one of the most important questions in the �eld right now, and it 
belongs in the curriculum.

At the mastery level, computer science students have access to a version of AI 
collaboration that is genuinely di�erent from what other subjects o�er. �ey can build 
with these tools, integrate them into projects, and develop a practical understanding of 
where AI capabilities are genuinely useful and where they produce bri�le, unreliable 
results that require more human oversight than they save in e�ort. �at hands-on, 
build-and-break relationship with AI is one of the most e�ective paths to the kind of 
calibrated judgment mastery requires. 

A CS student who has tried to use AI to generate functional code, debugged the results, 
identi�ed the systematic pa�erns in where it fails, and developed a working sense of when 
to use it and when to write from scratch has internalized the mastery principle in a way 
that will transfer across every context where these tools appear.

A NOTE ON CROSS-DISCIPLINARY POSSIBILITIES

�e most interesting applications of the AIM™ Framework o�en happen at the edges 
between subjects, where a question that starts in one class turns out to connect to 
something being explored in another.

A history class examining how AI summarizes the causes of a war might �nd itself having 
a conversation that belongs equally in a media literacy unit, an ethics seminar, and a 
statistics class. A science class investigating AI bias might end up in territory that overlaps 
with social studies, philosophy, and mathematics. An English class discussing authorship in 
the age of AI might �nd unexpected common ground with the arts and with computer 
science.

�at porousness is a feature of genuine learning rather than a curriculum design problem. 
�e AIM™ Framework doesn't require subjects to stay in their lanes. It creates a shared 
vocabulary that makes cross-disciplinary conversation easier, because students in 
di�erent classes are developing related habits of mind around the same underlying 
questions. When a student trained in Investigation in her English class brings that same 
instinct to a science assignment, that's the framework working exactly as intended.
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Applying AIM™ Across the 
Curriculum
One of the questions educators ask most o�en when they encounter a framework like this 
is some version of "that's interesting, but where does it �t?" �ey're not being dismissive. 
�ey're being practical. A high school biology teacher with a packed curriculum, a 
standardized test on the horizon, and thirty-two students who have wildly di�erent levels 
of preparation doesn't have room for a new subject. She has room, maybe, for a new lens 
on the subject she's already teaching.

�at's exactly what the AIM™ Framework is designed to be.

None of the three pillars require dedicated class time to introduce from scratch. �ey don't 
require a technology unit or a special semester or permission from a curriculum 
commi�ee. �ey require a teacher who is willing to ask slightly di�erent questions about 
the material already in front of them, and who is comfortable le�ing those questions lead 
somewhere unexpected. 

�e framework travels. It works di�erently in di�erent subjects, but it works in all of them, 
and the examples below are meant to illustrate that range rather than prescribe exactly 
how it should look in any speci�c classroom.

HISTORY AND SOCIAL STUDIES

History is one of the richest possible contexts for all three pillars, because history is 
fundamentally a discipline about whose story gets told, by whom, and with what 
omissions. AI, it turns out, has a great deal to say about all three of those questions.

Awareness in a history classroom might start with something as simple as asking students 
to enter a signi�cant historical event into an AI tool and read what comes back. Not to 
evaluate it yet, just to read it. �en ask: who is centered in this account? Whose 
perspective is most visible? What period does the narrative seem to be drawing from? 
Students who have spent any time thinking about historiography will immediately notice 
things that students who haven't will need a moment to see. 

Either way, the AI output becomes a text worth analyzing, which is something history 
teachers know how to do.

Investigation follows naturally. Students can compare the AI's account against primary 
sources, against accounts wri�en by historians from di�erent traditions, against oral 
histories or community narratives that don't appear in mainstream textbook coverage. 

�e gaps between those sources are where the most interesting historical thinking 
happens, and AI has a particular tendency to reproduce the dominant narrative of any 
given event, which makes it a useful foil for exactly the kind of critical analysis history 
education is supposed to develop.

At the mastery level, a genuinely challenging exercise is asking students to use AI to 
construct the most thorough, well-sourced argument they can for a historical 
interpretation they personally disagree with, and then to respond to that argument using 
their own research and reasoning. �is requires them to take seriously a perspective they 
might otherwise dismiss, to understand it well enough to represent it fairly, and then to 
engage with it substantively rather than super�cially. �at's sophisticated historical 
thinking, and the AI makes it more accessible without doing the intellectual work for 
them.

SCIENCE

Science education has a complicated relationship with AI right now, partly because AI is 
increasingly being used in actual scienti�c research and partly because the outputs AI 
produces about scienti�c topics can range from impressively accurate to con�dently, 
dangerously wrong. Both of those things make it an excellent classroom subject.

Awareness in a science class might focus on where students already encounter AI in 
scienti�c contexts without realizing it. Weather forecasting models. Medical diagnostic 
tools. Drug discovery platforms. Agricultural yield prediction. Climate modeling. AI is 
embedded in the practice of science in ways that most science curricula haven't caught up 
with yet, and making that visible gives students a more accurate picture of the �eld they're 
studying and potentially entering.

Investigation in a science classroom has an obvious structure: take an AI explanation of a 
scienti�c concept or process, and subject it to the same scrutiny students would apply to 
any source. Is the mechanism described accurately? Are the numbers right? Does the 
explanation re�ect current scienti�c consensus or an older understanding? Is the 
uncertainty in the science represented honestly, or has the AI smoothed over genuine 
ongoing debate to produce a cleaner answer than the evidence actually supports? 

�at last question is particularly rich in science education, where the di�erence between 
se�led science and active research questions is something students o�en never get a clear 
picture of.

One of the most memorable investigations a science class can run is asking students to 
prompt an AI on a topic where scienti�c understanding has changed signi�cantly over 
time, evolution, the germ theory of disease, the structure of the atom, and examine how 
the AI navigates the historical development of the idea versus the current understanding. 

Does it present the history accurately? Does it distinguish between what was believed and 
what is now known? �ese questions develop exactly the scienti�c epistemology that 
science education is supposed to build.

At the mastery level, the most natural integration is using AI as a research accelerator 
while keeping the intellectual work in student hands. Students can use AI to get a quick 
orientation to an unfamiliar topic, identify the key concepts and terminology, and map the 
basic landscape before diving into primary sources and actual data. What they cannot do, 
if the assignment is designed well, is use AI to do the thinking that the assignment is 
meant to develop. 

Designing assignments that make that distinction clear is one of the more interesting 
instructional challenges the mastery pillar creates for science teachers, and most of them 
�nd it produces be�er assignments than they were writing before.

ENGLISH AND WRITING

English teachers have had the most publicly visible and contentious relationship with AI of 
any subject area, largely because language generation is what these tools are most visibly 
capable of and writing is what English teachers are most responsible for assessing. �e 
conversations in English departments about AI have o�en been framed around detection, 
policy, and prevention, which is understandable but somewhat misses where the real 
opportunity sits.

Awareness in an English classroom is really about expanding what students understand 
authorship to mean. Where does a piece of writing come from? What is the relationship 
between the words on the page and the person who produced them? What does it mean 
to have a voice, and can a system that has no experiences, no stake in the outcome, and 
no persistent self across conversations be said to have one? 

�ese are not new questions in literary study. �ey're questions that get newly interesting 
when the entity producing text is a machine.

Investigation in English might involve giving students an AI-generated essay and a 
human-wri�en essay on the same topic and asking them to identify the speci�c qualities 
that distinguish them. Not just "which is be�er" but what speci�cally is present in one that 
isn't in the other. What does the human writer do with uncertainty? How do they handle 
complexity? Where do they take risks that the AI doesn't? Where does the AI produce 
something that sounds authoritative but dissolves under scrutiny? 

�e comparison exercise develops close reading skills that transfer to any text, and the 
discussion it generates tends to be genuinely lively because students have strong 
intuitions about it that they struggle to articulate precisely, which is exactly where good 
English teaching lives.

At the mastery level, the most productive reframe for writing teachers is moving from "did 
the student use AI" as the central question to "what did the student contribute" as the 
central question. An assignment designed around the la�er is much harder to circumvent 
and much more educationally interesting. Ask students to use AI to generate a �rst dra� 
and then to substantially revise it, documenting every signi�cant change they made and 
explaining why they made it. 

�e revision process is where the learning happens in writing, and an AI dra� is in some 
ways a be�er starting point for teaching revision than a student's own �rst dra�, precisely 
because the student has no emotional a�achment to it and can cut it without hesitation.

THE ARTS

�e relationship between AI and creative work is one of the most genuinely contested 
spaces in this entire conversation, and it deserves more than a footnote. Artists, 
illustrators, musicians, and writers have raised serious and legitimate questions about AI 
systems trained on their work without consent, and those questions belong in the 
classroom as part of what students learn about the ethical dimensions of this technology.

Awareness in an arts classroom might start with that context: where did the training data 
for AI image generators, music composition tools, and writing assistants actually come 
from? What does it mean to train a system on the creative output of human beings who 
didn't agree to contribute to it? What does that do to questions of artistic ownership, 
originality, and value? 

�ese aren't rhetorical questions designed to produce a predetermined conclusion. 
�ey're genuinely open questions that the art world, the legal system, and the technology 
industry are actively working through, and students who engage with them seriously are 
developing exactly the kind of ethical reasoning that creative �elds require.

Investigation in the arts can take a particularly interesting form: using AI-generated 
creative work as a subject of critical analysis rather than a tool for production. What 
choices did the system make in generating this image, this piece of music, this poem? 
What aesthetic sensibility does it seem to re�ect? Whose aesthetic sensibility? What is it 
optimizing for, and how do you know? �ese questions develop critical vocabulary and 
analytical thinking that applies to all creative work, human or otherwise.

Mastery in a creative context is probably the most nuanced version of the pillar across all 
subjects, because the question of where the AI ends and the student begins is both 
practically and philosophically complex. �e most honest and productive approach is to 
make that complexity the subject rather than trying to resolve it. Students who are asked 
to use AI as a creative starting point and then to transform, critique, and respond to what it 
produces, while documenting their thinking throughout, are engaging with questions 
about authorship, intention, and creative identity that artists have always had to grapple 
with. �e AI just makes those questions newly urgent and unusually visible.

MATHEMATICS

Mathematics has an interesting and underexplored relationship with AI literacy, partly 
because AI is built on mathematical foundations that most students never see, and partly 
because math class is one of the few places where the question of whether an answer is 
correct has an actual de�nitive answer. �at second quality makes it uniquely useful for 
Investigation in particular.

Awareness in a mathematics classroom might start with demystifying what AI actually is 
at a structural level, without requiring students to become statisticians. Probability. Pa�ern 
recognition. Weighted decisions. Optimization. �ese are mathematical ideas, and 
students who have encountered them in a math context already have more intuition 
about how AI works than they realize. 

Making that connection explicit, helping students see that the AI generating a paragraph 
of text and the algorithm deciding the shortest route between two points are drawing on 
related mathematical logic, gives math a relevance to contemporary life that students 
o�en don't expect to �nd there.

Investigation in math takes on a character that no other subject can quite replicate, 
because math is one of the few domains where you can check an AI's work with certainty. 
Ask students to use AI to solve a set of problems, then verify every step of the working. 
Not just whether the �nal answer is right, but whether the method is sound, whether the 
AI took a valid path to get there, and whether it would have arrived at the right answer for 
the right reasons or simply landed correctly by a �awed route. 

�at last distinction ma�ers enormously in mathematics education, where the process is 
o�en more important than the answer, and it produces a version of Investigation that is 
rigorous in a very speci�c and satisfying way.

�ere is also something worth exploring in the way AI handles mathematical uncertainty 
and estimation. Ask it to solve a problem that is intentionally ambiguous, or one that has 
multiple valid approaches, and examine how it navigates that ambiguity. 

Does it acknowledge it? Does it pick one path without explanation? Does it present one 
method as if it were the only method? �ese questions develop mathematical thinking 
about the nature of proof, the validity of di�erent approaches, and the di�erence between 
a correct answer and a complete understanding.

At the mastery level, mathematics o�ers one of the clearest illustrations of the 
collaboration principle at the heart of this pillar. AI can execute calculations, generate 
proofs, and work through procedures with speed and accuracy that no student can match 
by hand. 

�e question is what that leaves for the student to do, and the answer is everything that 
actually constitutes mathematical understanding: knowing which procedure is 
appropriate, recognizing why a particular approach reveals something the others don't, 
understanding what the answer means in the context of a real problem, and developing 
the intuition that comes only from having worked through enough problems manually to 
have a feel for when something doesn't look right. �at intuition is not incidental to 
mathematical education. It's the goal. And it cannot be developed by watching an AI do 
the work.

COMPUTER SCIENCE

�ere's a particular irony in the fact that computer science classrooms are sometimes the 
least equipped to handle AI literacy well. �e assumption is that because the subject is 
technical, students in CS courses must already have a sophisticated understanding of AI. In 

practice, knowing how to write code and understanding what a large language model is 
actually doing are quite di�erent kinds of knowledge, and con�ating them does students 
in both directions a disservice.

Awareness in a computer science classroom can go deeper than in any other subject, and 
it should. Students who are learning to write programs have the conceptual foundation to 
understand, at a meaningful level, what it means for a system to be trained on data rather 
than explicitly programmed with rules. 

�e di�erence between writing an algorithm that sorts a list and training a model that 
learns to recognize pa�erns is a genuinely important conceptual distinction, and CS 
students are well positioned to grasp it. 

What awareness asks of them isn't just that they understand it technically but that they sit 
with its implications: if no human explicitly wrote the rules the model is following, where 
did those rules come from, who is responsible for them, and how do you audit something 
you didn't directly create?

Investigation in a CS context has a dimension that other subjects don't: students can 
actually look under the hood, at least partially. Examining how a model's outputs change 
based on di�erent inputs, exploring the documented limitations and known failure modes 
of speci�c systems, reading the technical literature on bias in machine learning, these are 
all forms of investigation that are accessible to students with a programming background 
and that produce a level of understanding most adults who use these tools daily never 
develop. 

A CS class that spends time on adversarial prompting, on the deliberate construction of 
inputs designed to expose the edges of a model's behavior, is doing genuine investigative 
work that builds both technical understanding and critical instinct simultaneously.

�ere's also an ethical dimension to computer science and AI that belongs speci�cally in 
CS classrooms rather than being le� entirely to humanities teachers to address. �e 
people who build these systems make choices. About what data to use and what to 
exclude. About what the model should optimize for. About how to handle edge cases and 
failure modes. About who bears the cost when the system gets something wrong. 
Students who are learning to build so�ware are learning to make exactly these kinds of 
choices, and introducing them to the ethical weight of those choices while they're still 
forming their professional identity is considerably more e�ective than addressing it a�er 
the fact. 

�e question of what responsible engineering looks like in an age of AI systems with 
broad social impact is one of the most important questions in the �eld right now, and it 
belongs in the curriculum.

At the mastery level, computer science students have access to a version of AI 
collaboration that is genuinely di�erent from what other subjects o�er. �ey can build 
with these tools, integrate them into projects, and develop a practical understanding of 
where AI capabilities are genuinely useful and where they produce bri�le, unreliable 
results that require more human oversight than they save in e�ort. �at hands-on, 
build-and-break relationship with AI is one of the most e�ective paths to the kind of 
calibrated judgment mastery requires. 

A CS student who has tried to use AI to generate functional code, debugged the results, 
identi�ed the systematic pa�erns in where it fails, and developed a working sense of when 
to use it and when to write from scratch has internalized the mastery principle in a way 
that will transfer across every context where these tools appear.

A NOTE ON CROSS-DISCIPLINARY POSSIBILITIES

�e most interesting applications of the AIM™ Framework o�en happen at the edges 
between subjects, where a question that starts in one class turns out to connect to 
something being explored in another.

A history class examining how AI summarizes the causes of a war might �nd itself having 
a conversation that belongs equally in a media literacy unit, an ethics seminar, and a 
statistics class. A science class investigating AI bias might end up in territory that overlaps 
with social studies, philosophy, and mathematics. An English class discussing authorship in 
the age of AI might �nd unexpected common ground with the arts and with computer 
science.

�at porousness is a feature of genuine learning rather than a curriculum design problem. 
�e AIM™ Framework doesn't require subjects to stay in their lanes. It creates a shared 
vocabulary that makes cross-disciplinary conversation easier, because students in 
di�erent classes are developing related habits of mind around the same underlying 
questions. When a student trained in Investigation in her English class brings that same 
instinct to a science assignment, that's the framework working exactly as intended.
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Applying AIM™ Across the 
Curriculum
One of the questions educators ask most o�en when they encounter a framework like this 
is some version of "that's interesting, but where does it �t?" �ey're not being dismissive. 
�ey're being practical. A high school biology teacher with a packed curriculum, a 
standardized test on the horizon, and thirty-two students who have wildly di�erent levels 
of preparation doesn't have room for a new subject. She has room, maybe, for a new lens 
on the subject she's already teaching.

�at's exactly what the AIM™ Framework is designed to be.

None of the three pillars require dedicated class time to introduce from scratch. �ey don't 
require a technology unit or a special semester or permission from a curriculum 
commi�ee. �ey require a teacher who is willing to ask slightly di�erent questions about 
the material already in front of them, and who is comfortable le�ing those questions lead 
somewhere unexpected. 

�e framework travels. It works di�erently in di�erent subjects, but it works in all of them, 
and the examples below are meant to illustrate that range rather than prescribe exactly 
how it should look in any speci�c classroom.

HISTORY AND SOCIAL STUDIES

History is one of the richest possible contexts for all three pillars, because history is 
fundamentally a discipline about whose story gets told, by whom, and with what 
omissions. AI, it turns out, has a great deal to say about all three of those questions.

Awareness in a history classroom might start with something as simple as asking students 
to enter a signi�cant historical event into an AI tool and read what comes back. Not to 
evaluate it yet, just to read it. �en ask: who is centered in this account? Whose 
perspective is most visible? What period does the narrative seem to be drawing from? 
Students who have spent any time thinking about historiography will immediately notice 
things that students who haven't will need a moment to see. 

Either way, the AI output becomes a text worth analyzing, which is something history 
teachers know how to do.

Investigation follows naturally. Students can compare the AI's account against primary 
sources, against accounts wri�en by historians from di�erent traditions, against oral 
histories or community narratives that don't appear in mainstream textbook coverage. 

�e gaps between those sources are where the most interesting historical thinking 
happens, and AI has a particular tendency to reproduce the dominant narrative of any 
given event, which makes it a useful foil for exactly the kind of critical analysis history 
education is supposed to develop.

At the mastery level, a genuinely challenging exercise is asking students to use AI to 
construct the most thorough, well-sourced argument they can for a historical 
interpretation they personally disagree with, and then to respond to that argument using 
their own research and reasoning. �is requires them to take seriously a perspective they 
might otherwise dismiss, to understand it well enough to represent it fairly, and then to 
engage with it substantively rather than super�cially. �at's sophisticated historical 
thinking, and the AI makes it more accessible without doing the intellectual work for 
them.

SCIENCE

Science education has a complicated relationship with AI right now, partly because AI is 
increasingly being used in actual scienti�c research and partly because the outputs AI 
produces about scienti�c topics can range from impressively accurate to con�dently, 
dangerously wrong. Both of those things make it an excellent classroom subject.

Awareness in a science class might focus on where students already encounter AI in 
scienti�c contexts without realizing it. Weather forecasting models. Medical diagnostic 
tools. Drug discovery platforms. Agricultural yield prediction. Climate modeling. AI is 
embedded in the practice of science in ways that most science curricula haven't caught up 
with yet, and making that visible gives students a more accurate picture of the �eld they're 
studying and potentially entering.

Investigation in a science classroom has an obvious structure: take an AI explanation of a 
scienti�c concept or process, and subject it to the same scrutiny students would apply to 
any source. Is the mechanism described accurately? Are the numbers right? Does the 
explanation re�ect current scienti�c consensus or an older understanding? Is the 
uncertainty in the science represented honestly, or has the AI smoothed over genuine 
ongoing debate to produce a cleaner answer than the evidence actually supports? 

�at last question is particularly rich in science education, where the di�erence between 
se�led science and active research questions is something students o�en never get a clear 
picture of.

One of the most memorable investigations a science class can run is asking students to 
prompt an AI on a topic where scienti�c understanding has changed signi�cantly over 
time, evolution, the germ theory of disease, the structure of the atom, and examine how 
the AI navigates the historical development of the idea versus the current understanding. 

Does it present the history accurately? Does it distinguish between what was believed and 
what is now known? �ese questions develop exactly the scienti�c epistemology that 
science education is supposed to build.

At the mastery level, the most natural integration is using AI as a research accelerator 
while keeping the intellectual work in student hands. Students can use AI to get a quick 
orientation to an unfamiliar topic, identify the key concepts and terminology, and map the 
basic landscape before diving into primary sources and actual data. What they cannot do, 
if the assignment is designed well, is use AI to do the thinking that the assignment is 
meant to develop. 

Designing assignments that make that distinction clear is one of the more interesting 
instructional challenges the mastery pillar creates for science teachers, and most of them 
�nd it produces be�er assignments than they were writing before.

ENGLISH AND WRITING

English teachers have had the most publicly visible and contentious relationship with AI of 
any subject area, largely because language generation is what these tools are most visibly 
capable of and writing is what English teachers are most responsible for assessing. �e 
conversations in English departments about AI have o�en been framed around detection, 
policy, and prevention, which is understandable but somewhat misses where the real 
opportunity sits.

Awareness in an English classroom is really about expanding what students understand 
authorship to mean. Where does a piece of writing come from? What is the relationship 
between the words on the page and the person who produced them? What does it mean 
to have a voice, and can a system that has no experiences, no stake in the outcome, and 
no persistent self across conversations be said to have one? 

�ese are not new questions in literary study. �ey're questions that get newly interesting 
when the entity producing text is a machine.

Investigation in English might involve giving students an AI-generated essay and a 
human-wri�en essay on the same topic and asking them to identify the speci�c qualities 
that distinguish them. Not just "which is be�er" but what speci�cally is present in one that 
isn't in the other. What does the human writer do with uncertainty? How do they handle 
complexity? Where do they take risks that the AI doesn't? Where does the AI produce 
something that sounds authoritative but dissolves under scrutiny? 

�e comparison exercise develops close reading skills that transfer to any text, and the 
discussion it generates tends to be genuinely lively because students have strong 
intuitions about it that they struggle to articulate precisely, which is exactly where good 
English teaching lives.

At the mastery level, the most productive reframe for writing teachers is moving from "did 
the student use AI" as the central question to "what did the student contribute" as the 
central question. An assignment designed around the la�er is much harder to circumvent 
and much more educationally interesting. Ask students to use AI to generate a �rst dra� 
and then to substantially revise it, documenting every signi�cant change they made and 
explaining why they made it. 

�e revision process is where the learning happens in writing, and an AI dra� is in some 
ways a be�er starting point for teaching revision than a student's own �rst dra�, precisely 
because the student has no emotional a�achment to it and can cut it without hesitation.

THE ARTS

�e relationship between AI and creative work is one of the most genuinely contested 
spaces in this entire conversation, and it deserves more than a footnote. Artists, 
illustrators, musicians, and writers have raised serious and legitimate questions about AI 
systems trained on their work without consent, and those questions belong in the 
classroom as part of what students learn about the ethical dimensions of this technology.

Awareness in an arts classroom might start with that context: where did the training data 
for AI image generators, music composition tools, and writing assistants actually come 
from? What does it mean to train a system on the creative output of human beings who 
didn't agree to contribute to it? What does that do to questions of artistic ownership, 
originality, and value? 

�ese aren't rhetorical questions designed to produce a predetermined conclusion. 
�ey're genuinely open questions that the art world, the legal system, and the technology 
industry are actively working through, and students who engage with them seriously are 
developing exactly the kind of ethical reasoning that creative �elds require.

Investigation in the arts can take a particularly interesting form: using AI-generated 
creative work as a subject of critical analysis rather than a tool for production. What 
choices did the system make in generating this image, this piece of music, this poem? 
What aesthetic sensibility does it seem to re�ect? Whose aesthetic sensibility? What is it 
optimizing for, and how do you know? �ese questions develop critical vocabulary and 
analytical thinking that applies to all creative work, human or otherwise.

Mastery in a creative context is probably the most nuanced version of the pillar across all 
subjects, because the question of where the AI ends and the student begins is both 
practically and philosophically complex. �e most honest and productive approach is to 
make that complexity the subject rather than trying to resolve it. Students who are asked 
to use AI as a creative starting point and then to transform, critique, and respond to what it 
produces, while documenting their thinking throughout, are engaging with questions 
about authorship, intention, and creative identity that artists have always had to grapple 
with. �e AI just makes those questions newly urgent and unusually visible.

MATHEMATICS

Mathematics has an interesting and underexplored relationship with AI literacy, partly 
because AI is built on mathematical foundations that most students never see, and partly 
because math class is one of the few places where the question of whether an answer is 
correct has an actual de�nitive answer. �at second quality makes it uniquely useful for 
Investigation in particular.

Awareness in a mathematics classroom might start with demystifying what AI actually is 
at a structural level, without requiring students to become statisticians. Probability. Pa�ern 
recognition. Weighted decisions. Optimization. �ese are mathematical ideas, and 
students who have encountered them in a math context already have more intuition 
about how AI works than they realize. 

Making that connection explicit, helping students see that the AI generating a paragraph 
of text and the algorithm deciding the shortest route between two points are drawing on 
related mathematical logic, gives math a relevance to contemporary life that students 
o�en don't expect to �nd there.

Investigation in math takes on a character that no other subject can quite replicate, 
because math is one of the few domains where you can check an AI's work with certainty. 
Ask students to use AI to solve a set of problems, then verify every step of the working. 
Not just whether the �nal answer is right, but whether the method is sound, whether the 
AI took a valid path to get there, and whether it would have arrived at the right answer for 
the right reasons or simply landed correctly by a �awed route. 

�at last distinction ma�ers enormously in mathematics education, where the process is 
o�en more important than the answer, and it produces a version of Investigation that is 
rigorous in a very speci�c and satisfying way.

�ere is also something worth exploring in the way AI handles mathematical uncertainty 
and estimation. Ask it to solve a problem that is intentionally ambiguous, or one that has 
multiple valid approaches, and examine how it navigates that ambiguity. 

Does it acknowledge it? Does it pick one path without explanation? Does it present one 
method as if it were the only method? �ese questions develop mathematical thinking 
about the nature of proof, the validity of di�erent approaches, and the di�erence between 
a correct answer and a complete understanding.

At the mastery level, mathematics o�ers one of the clearest illustrations of the 
collaboration principle at the heart of this pillar. AI can execute calculations, generate 
proofs, and work through procedures with speed and accuracy that no student can match 
by hand. 

�e question is what that leaves for the student to do, and the answer is everything that 
actually constitutes mathematical understanding: knowing which procedure is 
appropriate, recognizing why a particular approach reveals something the others don't, 
understanding what the answer means in the context of a real problem, and developing 
the intuition that comes only from having worked through enough problems manually to 
have a feel for when something doesn't look right. �at intuition is not incidental to 
mathematical education. It's the goal. And it cannot be developed by watching an AI do 
the work.

COMPUTER SCIENCE

�ere's a particular irony in the fact that computer science classrooms are sometimes the 
least equipped to handle AI literacy well. �e assumption is that because the subject is 
technical, students in CS courses must already have a sophisticated understanding of AI. In 

practice, knowing how to write code and understanding what a large language model is 
actually doing are quite di�erent kinds of knowledge, and con�ating them does students 
in both directions a disservice.

Awareness in a computer science classroom can go deeper than in any other subject, and 
it should. Students who are learning to write programs have the conceptual foundation to 
understand, at a meaningful level, what it means for a system to be trained on data rather 
than explicitly programmed with rules. 

�e di�erence between writing an algorithm that sorts a list and training a model that 
learns to recognize pa�erns is a genuinely important conceptual distinction, and CS 
students are well positioned to grasp it. 

What awareness asks of them isn't just that they understand it technically but that they sit 
with its implications: if no human explicitly wrote the rules the model is following, where 
did those rules come from, who is responsible for them, and how do you audit something 
you didn't directly create?

Investigation in a CS context has a dimension that other subjects don't: students can 
actually look under the hood, at least partially. Examining how a model's outputs change 
based on di�erent inputs, exploring the documented limitations and known failure modes 
of speci�c systems, reading the technical literature on bias in machine learning, these are 
all forms of investigation that are accessible to students with a programming background 
and that produce a level of understanding most adults who use these tools daily never 
develop. 

A CS class that spends time on adversarial prompting, on the deliberate construction of 
inputs designed to expose the edges of a model's behavior, is doing genuine investigative 
work that builds both technical understanding and critical instinct simultaneously.

�ere's also an ethical dimension to computer science and AI that belongs speci�cally in 
CS classrooms rather than being le� entirely to humanities teachers to address. �e 
people who build these systems make choices. About what data to use and what to 
exclude. About what the model should optimize for. About how to handle edge cases and 
failure modes. About who bears the cost when the system gets something wrong. 
Students who are learning to build so�ware are learning to make exactly these kinds of 
choices, and introducing them to the ethical weight of those choices while they're still 
forming their professional identity is considerably more e�ective than addressing it a�er 
the fact. 

�e question of what responsible engineering looks like in an age of AI systems with 
broad social impact is one of the most important questions in the �eld right now, and it 
belongs in the curriculum.

At the mastery level, computer science students have access to a version of AI 
collaboration that is genuinely di�erent from what other subjects o�er. �ey can build 
with these tools, integrate them into projects, and develop a practical understanding of 
where AI capabilities are genuinely useful and where they produce bri�le, unreliable 
results that require more human oversight than they save in e�ort. �at hands-on, 
build-and-break relationship with AI is one of the most e�ective paths to the kind of 
calibrated judgment mastery requires. 

A CS student who has tried to use AI to generate functional code, debugged the results, 
identi�ed the systematic pa�erns in where it fails, and developed a working sense of when 
to use it and when to write from scratch has internalized the mastery principle in a way 
that will transfer across every context where these tools appear.

A NOTE ON CROSS-DISCIPLINARY POSSIBILITIES

�e most interesting applications of the AIM™ Framework o�en happen at the edges 
between subjects, where a question that starts in one class turns out to connect to 
something being explored in another.

A history class examining how AI summarizes the causes of a war might �nd itself having 
a conversation that belongs equally in a media literacy unit, an ethics seminar, and a 
statistics class. A science class investigating AI bias might end up in territory that overlaps 
with social studies, philosophy, and mathematics. An English class discussing authorship in 
the age of AI might �nd unexpected common ground with the arts and with computer 
science.

�at porousness is a feature of genuine learning rather than a curriculum design problem. 
�e AIM™ Framework doesn't require subjects to stay in their lanes. It creates a shared 
vocabulary that makes cross-disciplinary conversation easier, because students in 
di�erent classes are developing related habits of mind around the same underlying 
questions. When a student trained in Investigation in her English class brings that same 
instinct to a science assignment, that's the framework working exactly as intended.
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Applying AIM™ Across the 
Curriculum
One of the questions educators ask most o�en when they encounter a framework like this 
is some version of "that's interesting, but where does it �t?" �ey're not being dismissive. 
�ey're being practical. A high school biology teacher with a packed curriculum, a 
standardized test on the horizon, and thirty-two students who have wildly di�erent levels 
of preparation doesn't have room for a new subject. She has room, maybe, for a new lens 
on the subject she's already teaching.

�at's exactly what the AIM™ Framework is designed to be.

None of the three pillars require dedicated class time to introduce from scratch. �ey don't 
require a technology unit or a special semester or permission from a curriculum 
commi�ee. �ey require a teacher who is willing to ask slightly di�erent questions about 
the material already in front of them, and who is comfortable le�ing those questions lead 
somewhere unexpected. 

�e framework travels. It works di�erently in di�erent subjects, but it works in all of them, 
and the examples below are meant to illustrate that range rather than prescribe exactly 
how it should look in any speci�c classroom.

HISTORY AND SOCIAL STUDIES

History is one of the richest possible contexts for all three pillars, because history is 
fundamentally a discipline about whose story gets told, by whom, and with what 
omissions. AI, it turns out, has a great deal to say about all three of those questions.

Awareness in a history classroom might start with something as simple as asking students 
to enter a signi�cant historical event into an AI tool and read what comes back. Not to 
evaluate it yet, just to read it. �en ask: who is centered in this account? Whose 
perspective is most visible? What period does the narrative seem to be drawing from? 
Students who have spent any time thinking about historiography will immediately notice 
things that students who haven't will need a moment to see. 

Either way, the AI output becomes a text worth analyzing, which is something history 
teachers know how to do.

Investigation follows naturally. Students can compare the AI's account against primary 
sources, against accounts wri�en by historians from di�erent traditions, against oral 
histories or community narratives that don't appear in mainstream textbook coverage. 

�e gaps between those sources are where the most interesting historical thinking 
happens, and AI has a particular tendency to reproduce the dominant narrative of any 
given event, which makes it a useful foil for exactly the kind of critical analysis history 
education is supposed to develop.

At the mastery level, a genuinely challenging exercise is asking students to use AI to 
construct the most thorough, well-sourced argument they can for a historical 
interpretation they personally disagree with, and then to respond to that argument using 
their own research and reasoning. �is requires them to take seriously a perspective they 
might otherwise dismiss, to understand it well enough to represent it fairly, and then to 
engage with it substantively rather than super�cially. �at's sophisticated historical 
thinking, and the AI makes it more accessible without doing the intellectual work for 
them.

SCIENCE

Science education has a complicated relationship with AI right now, partly because AI is 
increasingly being used in actual scienti�c research and partly because the outputs AI 
produces about scienti�c topics can range from impressively accurate to con�dently, 
dangerously wrong. Both of those things make it an excellent classroom subject.

Awareness in a science class might focus on where students already encounter AI in 
scienti�c contexts without realizing it. Weather forecasting models. Medical diagnostic 
tools. Drug discovery platforms. Agricultural yield prediction. Climate modeling. AI is 
embedded in the practice of science in ways that most science curricula haven't caught up 
with yet, and making that visible gives students a more accurate picture of the �eld they're 
studying and potentially entering.

Investigation in a science classroom has an obvious structure: take an AI explanation of a 
scienti�c concept or process, and subject it to the same scrutiny students would apply to 
any source. Is the mechanism described accurately? Are the numbers right? Does the 
explanation re�ect current scienti�c consensus or an older understanding? Is the 
uncertainty in the science represented honestly, or has the AI smoothed over genuine 
ongoing debate to produce a cleaner answer than the evidence actually supports? 

�at last question is particularly rich in science education, where the di�erence between 
se�led science and active research questions is something students o�en never get a clear 
picture of.

One of the most memorable investigations a science class can run is asking students to 
prompt an AI on a topic where scienti�c understanding has changed signi�cantly over 
time, evolution, the germ theory of disease, the structure of the atom, and examine how 
the AI navigates the historical development of the idea versus the current understanding. 

Does it present the history accurately? Does it distinguish between what was believed and 
what is now known? �ese questions develop exactly the scienti�c epistemology that 
science education is supposed to build.

At the mastery level, the most natural integration is using AI as a research accelerator 
while keeping the intellectual work in student hands. Students can use AI to get a quick 
orientation to an unfamiliar topic, identify the key concepts and terminology, and map the 
basic landscape before diving into primary sources and actual data. What they cannot do, 
if the assignment is designed well, is use AI to do the thinking that the assignment is 
meant to develop. 

Designing assignments that make that distinction clear is one of the more interesting 
instructional challenges the mastery pillar creates for science teachers, and most of them 
�nd it produces be�er assignments than they were writing before.

ENGLISH AND WRITING

English teachers have had the most publicly visible and contentious relationship with AI of 
any subject area, largely because language generation is what these tools are most visibly 
capable of and writing is what English teachers are most responsible for assessing. �e 
conversations in English departments about AI have o�en been framed around detection, 
policy, and prevention, which is understandable but somewhat misses where the real 
opportunity sits.

Awareness in an English classroom is really about expanding what students understand 
authorship to mean. Where does a piece of writing come from? What is the relationship 
between the words on the page and the person who produced them? What does it mean 
to have a voice, and can a system that has no experiences, no stake in the outcome, and 
no persistent self across conversations be said to have one? 

�ese are not new questions in literary study. �ey're questions that get newly interesting 
when the entity producing text is a machine.

Investigation in English might involve giving students an AI-generated essay and a 
human-wri�en essay on the same topic and asking them to identify the speci�c qualities 
that distinguish them. Not just "which is be�er" but what speci�cally is present in one that 
isn't in the other. What does the human writer do with uncertainty? How do they handle 
complexity? Where do they take risks that the AI doesn't? Where does the AI produce 
something that sounds authoritative but dissolves under scrutiny? 

�e comparison exercise develops close reading skills that transfer to any text, and the 
discussion it generates tends to be genuinely lively because students have strong 
intuitions about it that they struggle to articulate precisely, which is exactly where good 
English teaching lives.

At the mastery level, the most productive reframe for writing teachers is moving from "did 
the student use AI" as the central question to "what did the student contribute" as the 
central question. An assignment designed around the la�er is much harder to circumvent 
and much more educationally interesting. Ask students to use AI to generate a �rst dra� 
and then to substantially revise it, documenting every signi�cant change they made and 
explaining why they made it. 

�e revision process is where the learning happens in writing, and an AI dra� is in some 
ways a be�er starting point for teaching revision than a student's own �rst dra�, precisely 
because the student has no emotional a�achment to it and can cut it without hesitation.

THE ARTS

�e relationship between AI and creative work is one of the most genuinely contested 
spaces in this entire conversation, and it deserves more than a footnote. Artists, 
illustrators, musicians, and writers have raised serious and legitimate questions about AI 
systems trained on their work without consent, and those questions belong in the 
classroom as part of what students learn about the ethical dimensions of this technology.

Awareness in an arts classroom might start with that context: where did the training data 
for AI image generators, music composition tools, and writing assistants actually come 
from? What does it mean to train a system on the creative output of human beings who 
didn't agree to contribute to it? What does that do to questions of artistic ownership, 
originality, and value? 

�ese aren't rhetorical questions designed to produce a predetermined conclusion. 
�ey're genuinely open questions that the art world, the legal system, and the technology 
industry are actively working through, and students who engage with them seriously are 
developing exactly the kind of ethical reasoning that creative �elds require.

Investigation in the arts can take a particularly interesting form: using AI-generated 
creative work as a subject of critical analysis rather than a tool for production. What 
choices did the system make in generating this image, this piece of music, this poem? 
What aesthetic sensibility does it seem to re�ect? Whose aesthetic sensibility? What is it 
optimizing for, and how do you know? �ese questions develop critical vocabulary and 
analytical thinking that applies to all creative work, human or otherwise.

Mastery in a creative context is probably the most nuanced version of the pillar across all 
subjects, because the question of where the AI ends and the student begins is both 
practically and philosophically complex. �e most honest and productive approach is to 
make that complexity the subject rather than trying to resolve it. Students who are asked 
to use AI as a creative starting point and then to transform, critique, and respond to what it 
produces, while documenting their thinking throughout, are engaging with questions 
about authorship, intention, and creative identity that artists have always had to grapple 
with. �e AI just makes those questions newly urgent and unusually visible.

MATHEMATICS

Mathematics has an interesting and underexplored relationship with AI literacy, partly 
because AI is built on mathematical foundations that most students never see, and partly 
because math class is one of the few places where the question of whether an answer is 
correct has an actual de�nitive answer. �at second quality makes it uniquely useful for 
Investigation in particular.

Awareness in a mathematics classroom might start with demystifying what AI actually is 
at a structural level, without requiring students to become statisticians. Probability. Pa�ern 
recognition. Weighted decisions. Optimization. �ese are mathematical ideas, and 
students who have encountered them in a math context already have more intuition 
about how AI works than they realize. 

Making that connection explicit, helping students see that the AI generating a paragraph 
of text and the algorithm deciding the shortest route between two points are drawing on 
related mathematical logic, gives math a relevance to contemporary life that students 
o�en don't expect to �nd there.

Investigation in math takes on a character that no other subject can quite replicate, 
because math is one of the few domains where you can check an AI's work with certainty. 
Ask students to use AI to solve a set of problems, then verify every step of the working. 
Not just whether the �nal answer is right, but whether the method is sound, whether the 
AI took a valid path to get there, and whether it would have arrived at the right answer for 
the right reasons or simply landed correctly by a �awed route. 

�at last distinction ma�ers enormously in mathematics education, where the process is 
o�en more important than the answer, and it produces a version of Investigation that is 
rigorous in a very speci�c and satisfying way.

�ere is also something worth exploring in the way AI handles mathematical uncertainty 
and estimation. Ask it to solve a problem that is intentionally ambiguous, or one that has 
multiple valid approaches, and examine how it navigates that ambiguity. 

Does it acknowledge it? Does it pick one path without explanation? Does it present one 
method as if it were the only method? �ese questions develop mathematical thinking 
about the nature of proof, the validity of di�erent approaches, and the di�erence between 
a correct answer and a complete understanding.

At the mastery level, mathematics o�ers one of the clearest illustrations of the 
collaboration principle at the heart of this pillar. AI can execute calculations, generate 
proofs, and work through procedures with speed and accuracy that no student can match 
by hand. 

�e question is what that leaves for the student to do, and the answer is everything that 
actually constitutes mathematical understanding: knowing which procedure is 
appropriate, recognizing why a particular approach reveals something the others don't, 
understanding what the answer means in the context of a real problem, and developing 
the intuition that comes only from having worked through enough problems manually to 
have a feel for when something doesn't look right. �at intuition is not incidental to 
mathematical education. It's the goal. And it cannot be developed by watching an AI do 
the work.

COMPUTER SCIENCE

�ere's a particular irony in the fact that computer science classrooms are sometimes the 
least equipped to handle AI literacy well. �e assumption is that because the subject is 
technical, students in CS courses must already have a sophisticated understanding of AI. In 

practice, knowing how to write code and understanding what a large language model is 
actually doing are quite di�erent kinds of knowledge, and con�ating them does students 
in both directions a disservice.

Awareness in a computer science classroom can go deeper than in any other subject, and 
it should. Students who are learning to write programs have the conceptual foundation to 
understand, at a meaningful level, what it means for a system to be trained on data rather 
than explicitly programmed with rules. 

�e di�erence between writing an algorithm that sorts a list and training a model that 
learns to recognize pa�erns is a genuinely important conceptual distinction, and CS 
students are well positioned to grasp it. 

What awareness asks of them isn't just that they understand it technically but that they sit 
with its implications: if no human explicitly wrote the rules the model is following, where 
did those rules come from, who is responsible for them, and how do you audit something 
you didn't directly create?

Investigation in a CS context has a dimension that other subjects don't: students can 
actually look under the hood, at least partially. Examining how a model's outputs change 
based on di�erent inputs, exploring the documented limitations and known failure modes 
of speci�c systems, reading the technical literature on bias in machine learning, these are 
all forms of investigation that are accessible to students with a programming background 
and that produce a level of understanding most adults who use these tools daily never 
develop. 

A CS class that spends time on adversarial prompting, on the deliberate construction of 
inputs designed to expose the edges of a model's behavior, is doing genuine investigative 
work that builds both technical understanding and critical instinct simultaneously.

�ere's also an ethical dimension to computer science and AI that belongs speci�cally in 
CS classrooms rather than being le� entirely to humanities teachers to address. �e 
people who build these systems make choices. About what data to use and what to 
exclude. About what the model should optimize for. About how to handle edge cases and 
failure modes. About who bears the cost when the system gets something wrong. 
Students who are learning to build so�ware are learning to make exactly these kinds of 
choices, and introducing them to the ethical weight of those choices while they're still 
forming their professional identity is considerably more e�ective than addressing it a�er 
the fact. 

�e question of what responsible engineering looks like in an age of AI systems with 
broad social impact is one of the most important questions in the �eld right now, and it 
belongs in the curriculum.

At the mastery level, computer science students have access to a version of AI 
collaboration that is genuinely di�erent from what other subjects o�er. �ey can build 
with these tools, integrate them into projects, and develop a practical understanding of 
where AI capabilities are genuinely useful and where they produce bri�le, unreliable 
results that require more human oversight than they save in e�ort. �at hands-on, 
build-and-break relationship with AI is one of the most e�ective paths to the kind of 
calibrated judgment mastery requires. 

A CS student who has tried to use AI to generate functional code, debugged the results, 
identi�ed the systematic pa�erns in where it fails, and developed a working sense of when 
to use it and when to write from scratch has internalized the mastery principle in a way 
that will transfer across every context where these tools appear.

A NOTE ON CROSS-DISCIPLINARY POSSIBILITIES

�e most interesting applications of the AIM™ Framework o�en happen at the edges 
between subjects, where a question that starts in one class turns out to connect to 
something being explored in another.

A history class examining how AI summarizes the causes of a war might �nd itself having 
a conversation that belongs equally in a media literacy unit, an ethics seminar, and a 
statistics class. A science class investigating AI bias might end up in territory that overlaps 
with social studies, philosophy, and mathematics. An English class discussing authorship in 
the age of AI might �nd unexpected common ground with the arts and with computer 
science.

�at porousness is a feature of genuine learning rather than a curriculum design problem. 
�e AIM™ Framework doesn't require subjects to stay in their lanes. It creates a shared 
vocabulary that makes cross-disciplinary conversation easier, because students in 
di�erent classes are developing related habits of mind around the same underlying 
questions. When a student trained in Investigation in her English class brings that same 
instinct to a science assignment, that's the framework working exactly as intended.
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Applying AIM™ Across the 
Curriculum
One of the questions educators ask most o�en when they encounter a framework like this 
is some version of "that's interesting, but where does it �t?" �ey're not being dismissive. 
�ey're being practical. A high school biology teacher with a packed curriculum, a 
standardized test on the horizon, and thirty-two students who have wildly di�erent levels 
of preparation doesn't have room for a new subject. She has room, maybe, for a new lens 
on the subject she's already teaching.

�at's exactly what the AIM™ Framework is designed to be.

None of the three pillars require dedicated class time to introduce from scratch. �ey don't 
require a technology unit or a special semester or permission from a curriculum 
commi�ee. �ey require a teacher who is willing to ask slightly di�erent questions about 
the material already in front of them, and who is comfortable le�ing those questions lead 
somewhere unexpected. 

�e framework travels. It works di�erently in di�erent subjects, but it works in all of them, 
and the examples below are meant to illustrate that range rather than prescribe exactly 
how it should look in any speci�c classroom.

HISTORY AND SOCIAL STUDIES

History is one of the richest possible contexts for all three pillars, because history is 
fundamentally a discipline about whose story gets told, by whom, and with what 
omissions. AI, it turns out, has a great deal to say about all three of those questions.

Awareness in a history classroom might start with something as simple as asking students 
to enter a signi�cant historical event into an AI tool and read what comes back. Not to 
evaluate it yet, just to read it. �en ask: who is centered in this account? Whose 
perspective is most visible? What period does the narrative seem to be drawing from? 
Students who have spent any time thinking about historiography will immediately notice 
things that students who haven't will need a moment to see. 

Either way, the AI output becomes a text worth analyzing, which is something history 
teachers know how to do.

Investigation follows naturally. Students can compare the AI's account against primary 
sources, against accounts wri�en by historians from di�erent traditions, against oral 
histories or community narratives that don't appear in mainstream textbook coverage. 

�e gaps between those sources are where the most interesting historical thinking 
happens, and AI has a particular tendency to reproduce the dominant narrative of any 
given event, which makes it a useful foil for exactly the kind of critical analysis history 
education is supposed to develop.

At the mastery level, a genuinely challenging exercise is asking students to use AI to 
construct the most thorough, well-sourced argument they can for a historical 
interpretation they personally disagree with, and then to respond to that argument using 
their own research and reasoning. �is requires them to take seriously a perspective they 
might otherwise dismiss, to understand it well enough to represent it fairly, and then to 
engage with it substantively rather than super�cially. �at's sophisticated historical 
thinking, and the AI makes it more accessible without doing the intellectual work for 
them.

SCIENCE

Science education has a complicated relationship with AI right now, partly because AI is 
increasingly being used in actual scienti�c research and partly because the outputs AI 
produces about scienti�c topics can range from impressively accurate to con�dently, 
dangerously wrong. Both of those things make it an excellent classroom subject.

Awareness in a science class might focus on where students already encounter AI in 
scienti�c contexts without realizing it. Weather forecasting models. Medical diagnostic 
tools. Drug discovery platforms. Agricultural yield prediction. Climate modeling. AI is 
embedded in the practice of science in ways that most science curricula haven't caught up 
with yet, and making that visible gives students a more accurate picture of the �eld they're 
studying and potentially entering.

Investigation in a science classroom has an obvious structure: take an AI explanation of a 
scienti�c concept or process, and subject it to the same scrutiny students would apply to 
any source. Is the mechanism described accurately? Are the numbers right? Does the 
explanation re�ect current scienti�c consensus or an older understanding? Is the 
uncertainty in the science represented honestly, or has the AI smoothed over genuine 
ongoing debate to produce a cleaner answer than the evidence actually supports? 

�at last question is particularly rich in science education, where the di�erence between 
se�led science and active research questions is something students o�en never get a clear 
picture of.

One of the most memorable investigations a science class can run is asking students to 
prompt an AI on a topic where scienti�c understanding has changed signi�cantly over 
time, evolution, the germ theory of disease, the structure of the atom, and examine how 
the AI navigates the historical development of the idea versus the current understanding. 

Does it present the history accurately? Does it distinguish between what was believed and 
what is now known? �ese questions develop exactly the scienti�c epistemology that 
science education is supposed to build.

At the mastery level, the most natural integration is using AI as a research accelerator 
while keeping the intellectual work in student hands. Students can use AI to get a quick 
orientation to an unfamiliar topic, identify the key concepts and terminology, and map the 
basic landscape before diving into primary sources and actual data. What they cannot do, 
if the assignment is designed well, is use AI to do the thinking that the assignment is 
meant to develop. 

Designing assignments that make that distinction clear is one of the more interesting 
instructional challenges the mastery pillar creates for science teachers, and most of them 
�nd it produces be�er assignments than they were writing before.

ENGLISH AND WRITING

English teachers have had the most publicly visible and contentious relationship with AI of 
any subject area, largely because language generation is what these tools are most visibly 
capable of and writing is what English teachers are most responsible for assessing. �e 
conversations in English departments about AI have o�en been framed around detection, 
policy, and prevention, which is understandable but somewhat misses where the real 
opportunity sits.

Awareness in an English classroom is really about expanding what students understand 
authorship to mean. Where does a piece of writing come from? What is the relationship 
between the words on the page and the person who produced them? What does it mean 
to have a voice, and can a system that has no experiences, no stake in the outcome, and 
no persistent self across conversations be said to have one? 

�ese are not new questions in literary study. �ey're questions that get newly interesting 
when the entity producing text is a machine.

Investigation in English might involve giving students an AI-generated essay and a 
human-wri�en essay on the same topic and asking them to identify the speci�c qualities 
that distinguish them. Not just "which is be�er" but what speci�cally is present in one that 
isn't in the other. What does the human writer do with uncertainty? How do they handle 
complexity? Where do they take risks that the AI doesn't? Where does the AI produce 
something that sounds authoritative but dissolves under scrutiny? 

�e comparison exercise develops close reading skills that transfer to any text, and the 
discussion it generates tends to be genuinely lively because students have strong 
intuitions about it that they struggle to articulate precisely, which is exactly where good 
English teaching lives.

At the mastery level, the most productive reframe for writing teachers is moving from "did 
the student use AI" as the central question to "what did the student contribute" as the 
central question. An assignment designed around the la�er is much harder to circumvent 
and much more educationally interesting. Ask students to use AI to generate a �rst dra� 
and then to substantially revise it, documenting every signi�cant change they made and 
explaining why they made it. 

�e revision process is where the learning happens in writing, and an AI dra� is in some 
ways a be�er starting point for teaching revision than a student's own �rst dra�, precisely 
because the student has no emotional a�achment to it and can cut it without hesitation.

THE ARTS

�e relationship between AI and creative work is one of the most genuinely contested 
spaces in this entire conversation, and it deserves more than a footnote. Artists, 
illustrators, musicians, and writers have raised serious and legitimate questions about AI 
systems trained on their work without consent, and those questions belong in the 
classroom as part of what students learn about the ethical dimensions of this technology.

Awareness in an arts classroom might start with that context: where did the training data 
for AI image generators, music composition tools, and writing assistants actually come 
from? What does it mean to train a system on the creative output of human beings who 
didn't agree to contribute to it? What does that do to questions of artistic ownership, 
originality, and value? 

�ese aren't rhetorical questions designed to produce a predetermined conclusion. 
�ey're genuinely open questions that the art world, the legal system, and the technology 
industry are actively working through, and students who engage with them seriously are 
developing exactly the kind of ethical reasoning that creative �elds require.

Investigation in the arts can take a particularly interesting form: using AI-generated 
creative work as a subject of critical analysis rather than a tool for production. What 
choices did the system make in generating this image, this piece of music, this poem? 
What aesthetic sensibility does it seem to re�ect? Whose aesthetic sensibility? What is it 
optimizing for, and how do you know? �ese questions develop critical vocabulary and 
analytical thinking that applies to all creative work, human or otherwise.

Mastery in a creative context is probably the most nuanced version of the pillar across all 
subjects, because the question of where the AI ends and the student begins is both 
practically and philosophically complex. �e most honest and productive approach is to 
make that complexity the subject rather than trying to resolve it. Students who are asked 
to use AI as a creative starting point and then to transform, critique, and respond to what it 
produces, while documenting their thinking throughout, are engaging with questions 
about authorship, intention, and creative identity that artists have always had to grapple 
with. �e AI just makes those questions newly urgent and unusually visible.

MATHEMATICS

Mathematics has an interesting and underexplored relationship with AI literacy, partly 
because AI is built on mathematical foundations that most students never see, and partly 
because math class is one of the few places where the question of whether an answer is 
correct has an actual de�nitive answer. �at second quality makes it uniquely useful for 
Investigation in particular.

Awareness in a mathematics classroom might start with demystifying what AI actually is 
at a structural level, without requiring students to become statisticians. Probability. Pa�ern 
recognition. Weighted decisions. Optimization. �ese are mathematical ideas, and 
students who have encountered them in a math context already have more intuition 
about how AI works than they realize. 

Making that connection explicit, helping students see that the AI generating a paragraph 
of text and the algorithm deciding the shortest route between two points are drawing on 
related mathematical logic, gives math a relevance to contemporary life that students 
o�en don't expect to �nd there.

Investigation in math takes on a character that no other subject can quite replicate, 
because math is one of the few domains where you can check an AI's work with certainty. 
Ask students to use AI to solve a set of problems, then verify every step of the working. 
Not just whether the �nal answer is right, but whether the method is sound, whether the 
AI took a valid path to get there, and whether it would have arrived at the right answer for 
the right reasons or simply landed correctly by a �awed route. 

�at last distinction ma�ers enormously in mathematics education, where the process is 
o�en more important than the answer, and it produces a version of Investigation that is 
rigorous in a very speci�c and satisfying way.

�ere is also something worth exploring in the way AI handles mathematical uncertainty 
and estimation. Ask it to solve a problem that is intentionally ambiguous, or one that has 
multiple valid approaches, and examine how it navigates that ambiguity. 

Does it acknowledge it? Does it pick one path without explanation? Does it present one 
method as if it were the only method? �ese questions develop mathematical thinking 
about the nature of proof, the validity of di�erent approaches, and the di�erence between 
a correct answer and a complete understanding.

At the mastery level, mathematics o�ers one of the clearest illustrations of the 
collaboration principle at the heart of this pillar. AI can execute calculations, generate 
proofs, and work through procedures with speed and accuracy that no student can match 
by hand. 

�e question is what that leaves for the student to do, and the answer is everything that 
actually constitutes mathematical understanding: knowing which procedure is 
appropriate, recognizing why a particular approach reveals something the others don't, 
understanding what the answer means in the context of a real problem, and developing 
the intuition that comes only from having worked through enough problems manually to 
have a feel for when something doesn't look right. �at intuition is not incidental to 
mathematical education. It's the goal. And it cannot be developed by watching an AI do 
the work.

COMPUTER SCIENCE

�ere's a particular irony in the fact that computer science classrooms are sometimes the 
least equipped to handle AI literacy well. �e assumption is that because the subject is 
technical, students in CS courses must already have a sophisticated understanding of AI. In 

practice, knowing how to write code and understanding what a large language model is 
actually doing are quite di�erent kinds of knowledge, and con�ating them does students 
in both directions a disservice.

Awareness in a computer science classroom can go deeper than in any other subject, and 
it should. Students who are learning to write programs have the conceptual foundation to 
understand, at a meaningful level, what it means for a system to be trained on data rather 
than explicitly programmed with rules. 

�e di�erence between writing an algorithm that sorts a list and training a model that 
learns to recognize pa�erns is a genuinely important conceptual distinction, and CS 
students are well positioned to grasp it. 

What awareness asks of them isn't just that they understand it technically but that they sit 
with its implications: if no human explicitly wrote the rules the model is following, where 
did those rules come from, who is responsible for them, and how do you audit something 
you didn't directly create?

Investigation in a CS context has a dimension that other subjects don't: students can 
actually look under the hood, at least partially. Examining how a model's outputs change 
based on di�erent inputs, exploring the documented limitations and known failure modes 
of speci�c systems, reading the technical literature on bias in machine learning, these are 
all forms of investigation that are accessible to students with a programming background 
and that produce a level of understanding most adults who use these tools daily never 
develop. 

A CS class that spends time on adversarial prompting, on the deliberate construction of 
inputs designed to expose the edges of a model's behavior, is doing genuine investigative 
work that builds both technical understanding and critical instinct simultaneously.

�ere's also an ethical dimension to computer science and AI that belongs speci�cally in 
CS classrooms rather than being le� entirely to humanities teachers to address. �e 
people who build these systems make choices. About what data to use and what to 
exclude. About what the model should optimize for. About how to handle edge cases and 
failure modes. About who bears the cost when the system gets something wrong. 
Students who are learning to build so�ware are learning to make exactly these kinds of 
choices, and introducing them to the ethical weight of those choices while they're still 
forming their professional identity is considerably more e�ective than addressing it a�er 
the fact. 

�e question of what responsible engineering looks like in an age of AI systems with 
broad social impact is one of the most important questions in the �eld right now, and it 
belongs in the curriculum.

At the mastery level, computer science students have access to a version of AI 
collaboration that is genuinely di�erent from what other subjects o�er. �ey can build 
with these tools, integrate them into projects, and develop a practical understanding of 
where AI capabilities are genuinely useful and where they produce bri�le, unreliable 
results that require more human oversight than they save in e�ort. �at hands-on, 
build-and-break relationship with AI is one of the most e�ective paths to the kind of 
calibrated judgment mastery requires. 

A CS student who has tried to use AI to generate functional code, debugged the results, 
identi�ed the systematic pa�erns in where it fails, and developed a working sense of when 
to use it and when to write from scratch has internalized the mastery principle in a way 
that will transfer across every context where these tools appear.

A NOTE ON CROSS-DISCIPLINARY POSSIBILITIES

�e most interesting applications of the AIM™ Framework o�en happen at the edges 
between subjects, where a question that starts in one class turns out to connect to 
something being explored in another.

A history class examining how AI summarizes the causes of a war might �nd itself having 
a conversation that belongs equally in a media literacy unit, an ethics seminar, and a 
statistics class. A science class investigating AI bias might end up in territory that overlaps 
with social studies, philosophy, and mathematics. An English class discussing authorship in 
the age of AI might �nd unexpected common ground with the arts and with computer 
science.

�at porousness is a feature of genuine learning rather than a curriculum design problem. 
�e AIM™ Framework doesn't require subjects to stay in their lanes. It creates a shared 
vocabulary that makes cross-disciplinary conversation easier, because students in 
di�erent classes are developing related habits of mind around the same underlying 
questions. When a student trained in Investigation in her English class brings that same 
instinct to a science assignment, that's the framework working exactly as intended.
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Applying AIM™ Across the 
Curriculum
One of the questions educators ask most o�en when they encounter a framework like this 
is some version of "that's interesting, but where does it �t?" �ey're not being dismissive. 
�ey're being practical. A high school biology teacher with a packed curriculum, a 
standardized test on the horizon, and thirty-two students who have wildly di�erent levels 
of preparation doesn't have room for a new subject. She has room, maybe, for a new lens 
on the subject she's already teaching.

�at's exactly what the AIM™ Framework is designed to be.

None of the three pillars require dedicated class time to introduce from scratch. �ey don't 
require a technology unit or a special semester or permission from a curriculum 
commi�ee. �ey require a teacher who is willing to ask slightly di�erent questions about 
the material already in front of them, and who is comfortable le�ing those questions lead 
somewhere unexpected. 

�e framework travels. It works di�erently in di�erent subjects, but it works in all of them, 
and the examples below are meant to illustrate that range rather than prescribe exactly 
how it should look in any speci�c classroom.

HISTORY AND SOCIAL STUDIES

History is one of the richest possible contexts for all three pillars, because history is 
fundamentally a discipline about whose story gets told, by whom, and with what 
omissions. AI, it turns out, has a great deal to say about all three of those questions.

Awareness in a history classroom might start with something as simple as asking students 
to enter a signi�cant historical event into an AI tool and read what comes back. Not to 
evaluate it yet, just to read it. �en ask: who is centered in this account? Whose 
perspective is most visible? What period does the narrative seem to be drawing from? 
Students who have spent any time thinking about historiography will immediately notice 
things that students who haven't will need a moment to see. 

Either way, the AI output becomes a text worth analyzing, which is something history 
teachers know how to do.

Investigation follows naturally. Students can compare the AI's account against primary 
sources, against accounts wri�en by historians from di�erent traditions, against oral 
histories or community narratives that don't appear in mainstream textbook coverage. 

�e gaps between those sources are where the most interesting historical thinking 
happens, and AI has a particular tendency to reproduce the dominant narrative of any 
given event, which makes it a useful foil for exactly the kind of critical analysis history 
education is supposed to develop.

At the mastery level, a genuinely challenging exercise is asking students to use AI to 
construct the most thorough, well-sourced argument they can for a historical 
interpretation they personally disagree with, and then to respond to that argument using 
their own research and reasoning. �is requires them to take seriously a perspective they 
might otherwise dismiss, to understand it well enough to represent it fairly, and then to 
engage with it substantively rather than super�cially. �at's sophisticated historical 
thinking, and the AI makes it more accessible without doing the intellectual work for 
them.

SCIENCE

Science education has a complicated relationship with AI right now, partly because AI is 
increasingly being used in actual scienti�c research and partly because the outputs AI 
produces about scienti�c topics can range from impressively accurate to con�dently, 
dangerously wrong. Both of those things make it an excellent classroom subject.

Awareness in a science class might focus on where students already encounter AI in 
scienti�c contexts without realizing it. Weather forecasting models. Medical diagnostic 
tools. Drug discovery platforms. Agricultural yield prediction. Climate modeling. AI is 
embedded in the practice of science in ways that most science curricula haven't caught up 
with yet, and making that visible gives students a more accurate picture of the �eld they're 
studying and potentially entering.

Investigation in a science classroom has an obvious structure: take an AI explanation of a 
scienti�c concept or process, and subject it to the same scrutiny students would apply to 
any source. Is the mechanism described accurately? Are the numbers right? Does the 
explanation re�ect current scienti�c consensus or an older understanding? Is the 
uncertainty in the science represented honestly, or has the AI smoothed over genuine 
ongoing debate to produce a cleaner answer than the evidence actually supports? 

�at last question is particularly rich in science education, where the di�erence between 
se�led science and active research questions is something students o�en never get a clear 
picture of.

One of the most memorable investigations a science class can run is asking students to 
prompt an AI on a topic where scienti�c understanding has changed signi�cantly over 
time, evolution, the germ theory of disease, the structure of the atom, and examine how 
the AI navigates the historical development of the idea versus the current understanding. 

Does it present the history accurately? Does it distinguish between what was believed and 
what is now known? �ese questions develop exactly the scienti�c epistemology that 
science education is supposed to build.

At the mastery level, the most natural integration is using AI as a research accelerator 
while keeping the intellectual work in student hands. Students can use AI to get a quick 
orientation to an unfamiliar topic, identify the key concepts and terminology, and map the 
basic landscape before diving into primary sources and actual data. What they cannot do, 
if the assignment is designed well, is use AI to do the thinking that the assignment is 
meant to develop. 

Designing assignments that make that distinction clear is one of the more interesting 
instructional challenges the mastery pillar creates for science teachers, and most of them 
�nd it produces be�er assignments than they were writing before.

ENGLISH AND WRITING

English teachers have had the most publicly visible and contentious relationship with AI of 
any subject area, largely because language generation is what these tools are most visibly 
capable of and writing is what English teachers are most responsible for assessing. �e 
conversations in English departments about AI have o�en been framed around detection, 
policy, and prevention, which is understandable but somewhat misses where the real 
opportunity sits.

Awareness in an English classroom is really about expanding what students understand 
authorship to mean. Where does a piece of writing come from? What is the relationship 
between the words on the page and the person who produced them? What does it mean 
to have a voice, and can a system that has no experiences, no stake in the outcome, and 
no persistent self across conversations be said to have one? 

�ese are not new questions in literary study. �ey're questions that get newly interesting 
when the entity producing text is a machine.

Investigation in English might involve giving students an AI-generated essay and a 
human-wri�en essay on the same topic and asking them to identify the speci�c qualities 
that distinguish them. Not just "which is be�er" but what speci�cally is present in one that 
isn't in the other. What does the human writer do with uncertainty? How do they handle 
complexity? Where do they take risks that the AI doesn't? Where does the AI produce 
something that sounds authoritative but dissolves under scrutiny? 

�e comparison exercise develops close reading skills that transfer to any text, and the 
discussion it generates tends to be genuinely lively because students have strong 
intuitions about it that they struggle to articulate precisely, which is exactly where good 
English teaching lives.

At the mastery level, the most productive reframe for writing teachers is moving from "did 
the student use AI" as the central question to "what did the student contribute" as the 
central question. An assignment designed around the la�er is much harder to circumvent 
and much more educationally interesting. Ask students to use AI to generate a �rst dra� 
and then to substantially revise it, documenting every signi�cant change they made and 
explaining why they made it. 

�e revision process is where the learning happens in writing, and an AI dra� is in some 
ways a be�er starting point for teaching revision than a student's own �rst dra�, precisely 
because the student has no emotional a�achment to it and can cut it without hesitation.

THE ARTS

�e relationship between AI and creative work is one of the most genuinely contested 
spaces in this entire conversation, and it deserves more than a footnote. Artists, 
illustrators, musicians, and writers have raised serious and legitimate questions about AI 
systems trained on their work without consent, and those questions belong in the 
classroom as part of what students learn about the ethical dimensions of this technology.

Awareness in an arts classroom might start with that context: where did the training data 
for AI image generators, music composition tools, and writing assistants actually come 
from? What does it mean to train a system on the creative output of human beings who 
didn't agree to contribute to it? What does that do to questions of artistic ownership, 
originality, and value? 

�ese aren't rhetorical questions designed to produce a predetermined conclusion. 
�ey're genuinely open questions that the art world, the legal system, and the technology 
industry are actively working through, and students who engage with them seriously are 
developing exactly the kind of ethical reasoning that creative �elds require.

Investigation in the arts can take a particularly interesting form: using AI-generated 
creative work as a subject of critical analysis rather than a tool for production. What 
choices did the system make in generating this image, this piece of music, this poem? 
What aesthetic sensibility does it seem to re�ect? Whose aesthetic sensibility? What is it 
optimizing for, and how do you know? �ese questions develop critical vocabulary and 
analytical thinking that applies to all creative work, human or otherwise.

Mastery in a creative context is probably the most nuanced version of the pillar across all 
subjects, because the question of where the AI ends and the student begins is both 
practically and philosophically complex. �e most honest and productive approach is to 
make that complexity the subject rather than trying to resolve it. Students who are asked 
to use AI as a creative starting point and then to transform, critique, and respond to what it 
produces, while documenting their thinking throughout, are engaging with questions 
about authorship, intention, and creative identity that artists have always had to grapple 
with. �e AI just makes those questions newly urgent and unusually visible.

MATHEMATICS

Mathematics has an interesting and underexplored relationship with AI literacy, partly 
because AI is built on mathematical foundations that most students never see, and partly 
because math class is one of the few places where the question of whether an answer is 
correct has an actual de�nitive answer. �at second quality makes it uniquely useful for 
Investigation in particular.

Awareness in a mathematics classroom might start with demystifying what AI actually is 
at a structural level, without requiring students to become statisticians. Probability. Pa�ern 
recognition. Weighted decisions. Optimization. �ese are mathematical ideas, and 
students who have encountered them in a math context already have more intuition 
about how AI works than they realize. 

Making that connection explicit, helping students see that the AI generating a paragraph 
of text and the algorithm deciding the shortest route between two points are drawing on 
related mathematical logic, gives math a relevance to contemporary life that students 
o�en don't expect to �nd there.

Investigation in math takes on a character that no other subject can quite replicate, 
because math is one of the few domains where you can check an AI's work with certainty. 
Ask students to use AI to solve a set of problems, then verify every step of the working. 
Not just whether the �nal answer is right, but whether the method is sound, whether the 
AI took a valid path to get there, and whether it would have arrived at the right answer for 
the right reasons or simply landed correctly by a �awed route. 

�at last distinction ma�ers enormously in mathematics education, where the process is 
o�en more important than the answer, and it produces a version of Investigation that is 
rigorous in a very speci�c and satisfying way.

�ere is also something worth exploring in the way AI handles mathematical uncertainty 
and estimation. Ask it to solve a problem that is intentionally ambiguous, or one that has 
multiple valid approaches, and examine how it navigates that ambiguity. 

Does it acknowledge it? Does it pick one path without explanation? Does it present one 
method as if it were the only method? �ese questions develop mathematical thinking 
about the nature of proof, the validity of di�erent approaches, and the di�erence between 
a correct answer and a complete understanding.

At the mastery level, mathematics o�ers one of the clearest illustrations of the 
collaboration principle at the heart of this pillar. AI can execute calculations, generate 
proofs, and work through procedures with speed and accuracy that no student can match 
by hand. 

�e question is what that leaves for the student to do, and the answer is everything that 
actually constitutes mathematical understanding: knowing which procedure is 
appropriate, recognizing why a particular approach reveals something the others don't, 
understanding what the answer means in the context of a real problem, and developing 
the intuition that comes only from having worked through enough problems manually to 
have a feel for when something doesn't look right. �at intuition is not incidental to 
mathematical education. It's the goal. And it cannot be developed by watching an AI do 
the work.

COMPUTER SCIENCE

�ere's a particular irony in the fact that computer science classrooms are sometimes the 
least equipped to handle AI literacy well. �e assumption is that because the subject is 
technical, students in CS courses must already have a sophisticated understanding of AI. In 

practice, knowing how to write code and understanding what a large language model is 
actually doing are quite di�erent kinds of knowledge, and con�ating them does students 
in both directions a disservice.

Awareness in a computer science classroom can go deeper than in any other subject, and 
it should. Students who are learning to write programs have the conceptual foundation to 
understand, at a meaningful level, what it means for a system to be trained on data rather 
than explicitly programmed with rules. 

�e di�erence between writing an algorithm that sorts a list and training a model that 
learns to recognize pa�erns is a genuinely important conceptual distinction, and CS 
students are well positioned to grasp it. 

What awareness asks of them isn't just that they understand it technically but that they sit 
with its implications: if no human explicitly wrote the rules the model is following, where 
did those rules come from, who is responsible for them, and how do you audit something 
you didn't directly create?

Investigation in a CS context has a dimension that other subjects don't: students can 
actually look under the hood, at least partially. Examining how a model's outputs change 
based on di�erent inputs, exploring the documented limitations and known failure modes 
of speci�c systems, reading the technical literature on bias in machine learning, these are 
all forms of investigation that are accessible to students with a programming background 
and that produce a level of understanding most adults who use these tools daily never 
develop. 

A CS class that spends time on adversarial prompting, on the deliberate construction of 
inputs designed to expose the edges of a model's behavior, is doing genuine investigative 
work that builds both technical understanding and critical instinct simultaneously.

�ere's also an ethical dimension to computer science and AI that belongs speci�cally in 
CS classrooms rather than being le� entirely to humanities teachers to address. �e 
people who build these systems make choices. About what data to use and what to 
exclude. About what the model should optimize for. About how to handle edge cases and 
failure modes. About who bears the cost when the system gets something wrong. 
Students who are learning to build so�ware are learning to make exactly these kinds of 
choices, and introducing them to the ethical weight of those choices while they're still 
forming their professional identity is considerably more e�ective than addressing it a�er 
the fact. 

�e question of what responsible engineering looks like in an age of AI systems with 
broad social impact is one of the most important questions in the �eld right now, and it 
belongs in the curriculum.

At the mastery level, computer science students have access to a version of AI 
collaboration that is genuinely di�erent from what other subjects o�er. �ey can build 
with these tools, integrate them into projects, and develop a practical understanding of 
where AI capabilities are genuinely useful and where they produce bri�le, unreliable 
results that require more human oversight than they save in e�ort. �at hands-on, 
build-and-break relationship with AI is one of the most e�ective paths to the kind of 
calibrated judgment mastery requires. 

A CS student who has tried to use AI to generate functional code, debugged the results, 
identi�ed the systematic pa�erns in where it fails, and developed a working sense of when 
to use it and when to write from scratch has internalized the mastery principle in a way 
that will transfer across every context where these tools appear.

A NOTE ON CROSS-DISCIPLINARY POSSIBILITIES

�e most interesting applications of the AIM™ Framework o�en happen at the edges 
between subjects, where a question that starts in one class turns out to connect to 
something being explored in another.

A history class examining how AI summarizes the causes of a war might �nd itself having 
a conversation that belongs equally in a media literacy unit, an ethics seminar, and a 
statistics class. A science class investigating AI bias might end up in territory that overlaps 
with social studies, philosophy, and mathematics. An English class discussing authorship in 
the age of AI might �nd unexpected common ground with the arts and with computer 
science.

�at porousness is a feature of genuine learning rather than a curriculum design problem. 
�e AIM™ Framework doesn't require subjects to stay in their lanes. It creates a shared 
vocabulary that makes cross-disciplinary conversation easier, because students in 
di�erent classes are developing related habits of mind around the same underlying 
questions. When a student trained in Investigation in her English class brings that same 
instinct to a science assignment, that's the framework working exactly as intended.
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Applying AIM™ Across the 
Curriculum
One of the questions educators ask most o�en when they encounter a framework like this 
is some version of "that's interesting, but where does it �t?" �ey're not being dismissive. 
�ey're being practical. A high school biology teacher with a packed curriculum, a 
standardized test on the horizon, and thirty-two students who have wildly di�erent levels 
of preparation doesn't have room for a new subject. She has room, maybe, for a new lens 
on the subject she's already teaching.

�at's exactly what the AIM™ Framework is designed to be.

None of the three pillars require dedicated class time to introduce from scratch. �ey don't 
require a technology unit or a special semester or permission from a curriculum 
commi�ee. �ey require a teacher who is willing to ask slightly di�erent questions about 
the material already in front of them, and who is comfortable le�ing those questions lead 
somewhere unexpected. 

�e framework travels. It works di�erently in di�erent subjects, but it works in all of them, 
and the examples below are meant to illustrate that range rather than prescribe exactly 
how it should look in any speci�c classroom.

HISTORY AND SOCIAL STUDIES

History is one of the richest possible contexts for all three pillars, because history is 
fundamentally a discipline about whose story gets told, by whom, and with what 
omissions. AI, it turns out, has a great deal to say about all three of those questions.

Awareness in a history classroom might start with something as simple as asking students 
to enter a signi�cant historical event into an AI tool and read what comes back. Not to 
evaluate it yet, just to read it. �en ask: who is centered in this account? Whose 
perspective is most visible? What period does the narrative seem to be drawing from? 
Students who have spent any time thinking about historiography will immediately notice 
things that students who haven't will need a moment to see. 

Either way, the AI output becomes a text worth analyzing, which is something history 
teachers know how to do.

Investigation follows naturally. Students can compare the AI's account against primary 
sources, against accounts wri�en by historians from di�erent traditions, against oral 
histories or community narratives that don't appear in mainstream textbook coverage. 

�e gaps between those sources are where the most interesting historical thinking 
happens, and AI has a particular tendency to reproduce the dominant narrative of any 
given event, which makes it a useful foil for exactly the kind of critical analysis history 
education is supposed to develop.

At the mastery level, a genuinely challenging exercise is asking students to use AI to 
construct the most thorough, well-sourced argument they can for a historical 
interpretation they personally disagree with, and then to respond to that argument using 
their own research and reasoning. �is requires them to take seriously a perspective they 
might otherwise dismiss, to understand it well enough to represent it fairly, and then to 
engage with it substantively rather than super�cially. �at's sophisticated historical 
thinking, and the AI makes it more accessible without doing the intellectual work for 
them.

SCIENCE

Science education has a complicated relationship with AI right now, partly because AI is 
increasingly being used in actual scienti�c research and partly because the outputs AI 
produces about scienti�c topics can range from impressively accurate to con�dently, 
dangerously wrong. Both of those things make it an excellent classroom subject.

Awareness in a science class might focus on where students already encounter AI in 
scienti�c contexts without realizing it. Weather forecasting models. Medical diagnostic 
tools. Drug discovery platforms. Agricultural yield prediction. Climate modeling. AI is 
embedded in the practice of science in ways that most science curricula haven't caught up 
with yet, and making that visible gives students a more accurate picture of the �eld they're 
studying and potentially entering.

Investigation in a science classroom has an obvious structure: take an AI explanation of a 
scienti�c concept or process, and subject it to the same scrutiny students would apply to 
any source. Is the mechanism described accurately? Are the numbers right? Does the 
explanation re�ect current scienti�c consensus or an older understanding? Is the 
uncertainty in the science represented honestly, or has the AI smoothed over genuine 
ongoing debate to produce a cleaner answer than the evidence actually supports? 

�at last question is particularly rich in science education, where the di�erence between 
se�led science and active research questions is something students o�en never get a clear 
picture of.

One of the most memorable investigations a science class can run is asking students to 
prompt an AI on a topic where scienti�c understanding has changed signi�cantly over 
time, evolution, the germ theory of disease, the structure of the atom, and examine how 
the AI navigates the historical development of the idea versus the current understanding. 

Does it present the history accurately? Does it distinguish between what was believed and 
what is now known? �ese questions develop exactly the scienti�c epistemology that 
science education is supposed to build.

At the mastery level, the most natural integration is using AI as a research accelerator 
while keeping the intellectual work in student hands. Students can use AI to get a quick 
orientation to an unfamiliar topic, identify the key concepts and terminology, and map the 
basic landscape before diving into primary sources and actual data. What they cannot do, 
if the assignment is designed well, is use AI to do the thinking that the assignment is 
meant to develop. 

Designing assignments that make that distinction clear is one of the more interesting 
instructional challenges the mastery pillar creates for science teachers, and most of them 
�nd it produces be�er assignments than they were writing before.

ENGLISH AND WRITING

English teachers have had the most publicly visible and contentious relationship with AI of 
any subject area, largely because language generation is what these tools are most visibly 
capable of and writing is what English teachers are most responsible for assessing. �e 
conversations in English departments about AI have o�en been framed around detection, 
policy, and prevention, which is understandable but somewhat misses where the real 
opportunity sits.

Awareness in an English classroom is really about expanding what students understand 
authorship to mean. Where does a piece of writing come from? What is the relationship 
between the words on the page and the person who produced them? What does it mean 
to have a voice, and can a system that has no experiences, no stake in the outcome, and 
no persistent self across conversations be said to have one? 

�ese are not new questions in literary study. �ey're questions that get newly interesting 
when the entity producing text is a machine.

Investigation in English might involve giving students an AI-generated essay and a 
human-wri�en essay on the same topic and asking them to identify the speci�c qualities 
that distinguish them. Not just "which is be�er" but what speci�cally is present in one that 
isn't in the other. What does the human writer do with uncertainty? How do they handle 
complexity? Where do they take risks that the AI doesn't? Where does the AI produce 
something that sounds authoritative but dissolves under scrutiny? 

�e comparison exercise develops close reading skills that transfer to any text, and the 
discussion it generates tends to be genuinely lively because students have strong 
intuitions about it that they struggle to articulate precisely, which is exactly where good 
English teaching lives.

At the mastery level, the most productive reframe for writing teachers is moving from "did 
the student use AI" as the central question to "what did the student contribute" as the 
central question. An assignment designed around the la�er is much harder to circumvent 
and much more educationally interesting. Ask students to use AI to generate a �rst dra� 
and then to substantially revise it, documenting every signi�cant change they made and 
explaining why they made it. 

�e revision process is where the learning happens in writing, and an AI dra� is in some 
ways a be�er starting point for teaching revision than a student's own �rst dra�, precisely 
because the student has no emotional a�achment to it and can cut it without hesitation.

THE ARTS

�e relationship between AI and creative work is one of the most genuinely contested 
spaces in this entire conversation, and it deserves more than a footnote. Artists, 
illustrators, musicians, and writers have raised serious and legitimate questions about AI 
systems trained on their work without consent, and those questions belong in the 
classroom as part of what students learn about the ethical dimensions of this technology.

Awareness in an arts classroom might start with that context: where did the training data 
for AI image generators, music composition tools, and writing assistants actually come 
from? What does it mean to train a system on the creative output of human beings who 
didn't agree to contribute to it? What does that do to questions of artistic ownership, 
originality, and value? 

�ese aren't rhetorical questions designed to produce a predetermined conclusion. 
�ey're genuinely open questions that the art world, the legal system, and the technology 
industry are actively working through, and students who engage with them seriously are 
developing exactly the kind of ethical reasoning that creative �elds require.

Investigation in the arts can take a particularly interesting form: using AI-generated 
creative work as a subject of critical analysis rather than a tool for production. What 
choices did the system make in generating this image, this piece of music, this poem? 
What aesthetic sensibility does it seem to re�ect? Whose aesthetic sensibility? What is it 
optimizing for, and how do you know? �ese questions develop critical vocabulary and 
analytical thinking that applies to all creative work, human or otherwise.

Mastery in a creative context is probably the most nuanced version of the pillar across all 
subjects, because the question of where the AI ends and the student begins is both 
practically and philosophically complex. �e most honest and productive approach is to 
make that complexity the subject rather than trying to resolve it. Students who are asked 
to use AI as a creative starting point and then to transform, critique, and respond to what it 
produces, while documenting their thinking throughout, are engaging with questions 
about authorship, intention, and creative identity that artists have always had to grapple 
with. �e AI just makes those questions newly urgent and unusually visible.

MATHEMATICS

Mathematics has an interesting and underexplored relationship with AI literacy, partly 
because AI is built on mathematical foundations that most students never see, and partly 
because math class is one of the few places where the question of whether an answer is 
correct has an actual de�nitive answer. �at second quality makes it uniquely useful for 
Investigation in particular.

Awareness in a mathematics classroom might start with demystifying what AI actually is 
at a structural level, without requiring students to become statisticians. Probability. Pa�ern 
recognition. Weighted decisions. Optimization. �ese are mathematical ideas, and 
students who have encountered them in a math context already have more intuition 
about how AI works than they realize. 

Making that connection explicit, helping students see that the AI generating a paragraph 
of text and the algorithm deciding the shortest route between two points are drawing on 
related mathematical logic, gives math a relevance to contemporary life that students 
o�en don't expect to �nd there.

Investigation in math takes on a character that no other subject can quite replicate, 
because math is one of the few domains where you can check an AI's work with certainty. 
Ask students to use AI to solve a set of problems, then verify every step of the working. 
Not just whether the �nal answer is right, but whether the method is sound, whether the 
AI took a valid path to get there, and whether it would have arrived at the right answer for 
the right reasons or simply landed correctly by a �awed route. 

�at last distinction ma�ers enormously in mathematics education, where the process is 
o�en more important than the answer, and it produces a version of Investigation that is 
rigorous in a very speci�c and satisfying way.

�ere is also something worth exploring in the way AI handles mathematical uncertainty 
and estimation. Ask it to solve a problem that is intentionally ambiguous, or one that has 
multiple valid approaches, and examine how it navigates that ambiguity. 

Does it acknowledge it? Does it pick one path without explanation? Does it present one 
method as if it were the only method? �ese questions develop mathematical thinking 
about the nature of proof, the validity of di�erent approaches, and the di�erence between 
a correct answer and a complete understanding.

At the mastery level, mathematics o�ers one of the clearest illustrations of the 
collaboration principle at the heart of this pillar. AI can execute calculations, generate 
proofs, and work through procedures with speed and accuracy that no student can match 
by hand. 

�e question is what that leaves for the student to do, and the answer is everything that 
actually constitutes mathematical understanding: knowing which procedure is 
appropriate, recognizing why a particular approach reveals something the others don't, 
understanding what the answer means in the context of a real problem, and developing 
the intuition that comes only from having worked through enough problems manually to 
have a feel for when something doesn't look right. �at intuition is not incidental to 
mathematical education. It's the goal. And it cannot be developed by watching an AI do 
the work.

COMPUTER SCIENCE

�ere's a particular irony in the fact that computer science classrooms are sometimes the 
least equipped to handle AI literacy well. �e assumption is that because the subject is 
technical, students in CS courses must already have a sophisticated understanding of AI. In 

practice, knowing how to write code and understanding what a large language model is 
actually doing are quite di�erent kinds of knowledge, and con�ating them does students 
in both directions a disservice.

Awareness in a computer science classroom can go deeper than in any other subject, and 
it should. Students who are learning to write programs have the conceptual foundation to 
understand, at a meaningful level, what it means for a system to be trained on data rather 
than explicitly programmed with rules. 

�e di�erence between writing an algorithm that sorts a list and training a model that 
learns to recognize pa�erns is a genuinely important conceptual distinction, and CS 
students are well positioned to grasp it. 

What awareness asks of them isn't just that they understand it technically but that they sit 
with its implications: if no human explicitly wrote the rules the model is following, where 
did those rules come from, who is responsible for them, and how do you audit something 
you didn't directly create?

Investigation in a CS context has a dimension that other subjects don't: students can 
actually look under the hood, at least partially. Examining how a model's outputs change 
based on di�erent inputs, exploring the documented limitations and known failure modes 
of speci�c systems, reading the technical literature on bias in machine learning, these are 
all forms of investigation that are accessible to students with a programming background 
and that produce a level of understanding most adults who use these tools daily never 
develop. 

A CS class that spends time on adversarial prompting, on the deliberate construction of 
inputs designed to expose the edges of a model's behavior, is doing genuine investigative 
work that builds both technical understanding and critical instinct simultaneously.

�ere's also an ethical dimension to computer science and AI that belongs speci�cally in 
CS classrooms rather than being le� entirely to humanities teachers to address. �e 
people who build these systems make choices. About what data to use and what to 
exclude. About what the model should optimize for. About how to handle edge cases and 
failure modes. About who bears the cost when the system gets something wrong. 
Students who are learning to build so�ware are learning to make exactly these kinds of 
choices, and introducing them to the ethical weight of those choices while they're still 
forming their professional identity is considerably more e�ective than addressing it a�er 
the fact. 

�e question of what responsible engineering looks like in an age of AI systems with 
broad social impact is one of the most important questions in the �eld right now, and it 
belongs in the curriculum.

At the mastery level, computer science students have access to a version of AI 
collaboration that is genuinely di�erent from what other subjects o�er. �ey can build 
with these tools, integrate them into projects, and develop a practical understanding of 
where AI capabilities are genuinely useful and where they produce bri�le, unreliable 
results that require more human oversight than they save in e�ort. �at hands-on, 
build-and-break relationship with AI is one of the most e�ective paths to the kind of 
calibrated judgment mastery requires. 

A CS student who has tried to use AI to generate functional code, debugged the results, 
identi�ed the systematic pa�erns in where it fails, and developed a working sense of when 
to use it and when to write from scratch has internalized the mastery principle in a way 
that will transfer across every context where these tools appear.

A NOTE ON CROSS-DISCIPLINARY POSSIBILITIES

�e most interesting applications of the AIM™ Framework o�en happen at the edges 
between subjects, where a question that starts in one class turns out to connect to 
something being explored in another.

A history class examining how AI summarizes the causes of a war might �nd itself having 
a conversation that belongs equally in a media literacy unit, an ethics seminar, and a 
statistics class. A science class investigating AI bias might end up in territory that overlaps 
with social studies, philosophy, and mathematics. An English class discussing authorship in 
the age of AI might �nd unexpected common ground with the arts and with computer 
science.

�at porousness is a feature of genuine learning rather than a curriculum design problem. 
�e AIM™ Framework doesn't require subjects to stay in their lanes. It creates a shared 
vocabulary that makes cross-disciplinary conversation easier, because students in 
di�erent classes are developing related habits of mind around the same underlying 
questions. When a student trained in Investigation in her English class brings that same 
instinct to a science assignment, that's the framework working exactly as intended.
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Applying AIM™ Across the 
Curriculum
One of the questions educators ask most o�en when they encounter a framework like this 
is some version of "that's interesting, but where does it �t?" �ey're not being dismissive. 
�ey're being practical. A high school biology teacher with a packed curriculum, a 
standardized test on the horizon, and thirty-two students who have wildly di�erent levels 
of preparation doesn't have room for a new subject. She has room, maybe, for a new lens 
on the subject she's already teaching.

�at's exactly what the AIM™ Framework is designed to be.

None of the three pillars require dedicated class time to introduce from scratch. �ey don't 
require a technology unit or a special semester or permission from a curriculum 
commi�ee. �ey require a teacher who is willing to ask slightly di�erent questions about 
the material already in front of them, and who is comfortable le�ing those questions lead 
somewhere unexpected. 

�e framework travels. It works di�erently in di�erent subjects, but it works in all of them, 
and the examples below are meant to illustrate that range rather than prescribe exactly 
how it should look in any speci�c classroom.

HISTORY AND SOCIAL STUDIES

History is one of the richest possible contexts for all three pillars, because history is 
fundamentally a discipline about whose story gets told, by whom, and with what 
omissions. AI, it turns out, has a great deal to say about all three of those questions.

Awareness in a history classroom might start with something as simple as asking students 
to enter a signi�cant historical event into an AI tool and read what comes back. Not to 
evaluate it yet, just to read it. �en ask: who is centered in this account? Whose 
perspective is most visible? What period does the narrative seem to be drawing from? 
Students who have spent any time thinking about historiography will immediately notice 
things that students who haven't will need a moment to see. 

Either way, the AI output becomes a text worth analyzing, which is something history 
teachers know how to do.

Investigation follows naturally. Students can compare the AI's account against primary 
sources, against accounts wri�en by historians from di�erent traditions, against oral 
histories or community narratives that don't appear in mainstream textbook coverage. 

�e gaps between those sources are where the most interesting historical thinking 
happens, and AI has a particular tendency to reproduce the dominant narrative of any 
given event, which makes it a useful foil for exactly the kind of critical analysis history 
education is supposed to develop.

At the mastery level, a genuinely challenging exercise is asking students to use AI to 
construct the most thorough, well-sourced argument they can for a historical 
interpretation they personally disagree with, and then to respond to that argument using 
their own research and reasoning. �is requires them to take seriously a perspective they 
might otherwise dismiss, to understand it well enough to represent it fairly, and then to 
engage with it substantively rather than super�cially. �at's sophisticated historical 
thinking, and the AI makes it more accessible without doing the intellectual work for 
them.

SCIENCE

Science education has a complicated relationship with AI right now, partly because AI is 
increasingly being used in actual scienti�c research and partly because the outputs AI 
produces about scienti�c topics can range from impressively accurate to con�dently, 
dangerously wrong. Both of those things make it an excellent classroom subject.

Awareness in a science class might focus on where students already encounter AI in 
scienti�c contexts without realizing it. Weather forecasting models. Medical diagnostic 
tools. Drug discovery platforms. Agricultural yield prediction. Climate modeling. AI is 
embedded in the practice of science in ways that most science curricula haven't caught up 
with yet, and making that visible gives students a more accurate picture of the �eld they're 
studying and potentially entering.

Investigation in a science classroom has an obvious structure: take an AI explanation of a 
scienti�c concept or process, and subject it to the same scrutiny students would apply to 
any source. Is the mechanism described accurately? Are the numbers right? Does the 
explanation re�ect current scienti�c consensus or an older understanding? Is the 
uncertainty in the science represented honestly, or has the AI smoothed over genuine 
ongoing debate to produce a cleaner answer than the evidence actually supports? 

�at last question is particularly rich in science education, where the di�erence between 
se�led science and active research questions is something students o�en never get a clear 
picture of.

One of the most memorable investigations a science class can run is asking students to 
prompt an AI on a topic where scienti�c understanding has changed signi�cantly over 
time, evolution, the germ theory of disease, the structure of the atom, and examine how 
the AI navigates the historical development of the idea versus the current understanding. 

Does it present the history accurately? Does it distinguish between what was believed and 
what is now known? �ese questions develop exactly the scienti�c epistemology that 
science education is supposed to build.

At the mastery level, the most natural integration is using AI as a research accelerator 
while keeping the intellectual work in student hands. Students can use AI to get a quick 
orientation to an unfamiliar topic, identify the key concepts and terminology, and map the 
basic landscape before diving into primary sources and actual data. What they cannot do, 
if the assignment is designed well, is use AI to do the thinking that the assignment is 
meant to develop. 

Designing assignments that make that distinction clear is one of the more interesting 
instructional challenges the mastery pillar creates for science teachers, and most of them 
�nd it produces be�er assignments than they were writing before.

ENGLISH AND WRITING

English teachers have had the most publicly visible and contentious relationship with AI of 
any subject area, largely because language generation is what these tools are most visibly 
capable of and writing is what English teachers are most responsible for assessing. �e 
conversations in English departments about AI have o�en been framed around detection, 
policy, and prevention, which is understandable but somewhat misses where the real 
opportunity sits.

Awareness in an English classroom is really about expanding what students understand 
authorship to mean. Where does a piece of writing come from? What is the relationship 
between the words on the page and the person who produced them? What does it mean 
to have a voice, and can a system that has no experiences, no stake in the outcome, and 
no persistent self across conversations be said to have one? 

�ese are not new questions in literary study. �ey're questions that get newly interesting 
when the entity producing text is a machine.

Investigation in English might involve giving students an AI-generated essay and a 
human-wri�en essay on the same topic and asking them to identify the speci�c qualities 
that distinguish them. Not just "which is be�er" but what speci�cally is present in one that 
isn't in the other. What does the human writer do with uncertainty? How do they handle 
complexity? Where do they take risks that the AI doesn't? Where does the AI produce 
something that sounds authoritative but dissolves under scrutiny? 

�e comparison exercise develops close reading skills that transfer to any text, and the 
discussion it generates tends to be genuinely lively because students have strong 
intuitions about it that they struggle to articulate precisely, which is exactly where good 
English teaching lives.

At the mastery level, the most productive reframe for writing teachers is moving from "did 
the student use AI" as the central question to "what did the student contribute" as the 
central question. An assignment designed around the la�er is much harder to circumvent 
and much more educationally interesting. Ask students to use AI to generate a �rst dra� 
and then to substantially revise it, documenting every signi�cant change they made and 
explaining why they made it. 

�e revision process is where the learning happens in writing, and an AI dra� is in some 
ways a be�er starting point for teaching revision than a student's own �rst dra�, precisely 
because the student has no emotional a�achment to it and can cut it without hesitation.

THE ARTS

�e relationship between AI and creative work is one of the most genuinely contested 
spaces in this entire conversation, and it deserves more than a footnote. Artists, 
illustrators, musicians, and writers have raised serious and legitimate questions about AI 
systems trained on their work without consent, and those questions belong in the 
classroom as part of what students learn about the ethical dimensions of this technology.

Awareness in an arts classroom might start with that context: where did the training data 
for AI image generators, music composition tools, and writing assistants actually come 
from? What does it mean to train a system on the creative output of human beings who 
didn't agree to contribute to it? What does that do to questions of artistic ownership, 
originality, and value? 

�ese aren't rhetorical questions designed to produce a predetermined conclusion. 
�ey're genuinely open questions that the art world, the legal system, and the technology 
industry are actively working through, and students who engage with them seriously are 
developing exactly the kind of ethical reasoning that creative �elds require.

Investigation in the arts can take a particularly interesting form: using AI-generated 
creative work as a subject of critical analysis rather than a tool for production. What 
choices did the system make in generating this image, this piece of music, this poem? 
What aesthetic sensibility does it seem to re�ect? Whose aesthetic sensibility? What is it 
optimizing for, and how do you know? �ese questions develop critical vocabulary and 
analytical thinking that applies to all creative work, human or otherwise.

Mastery in a creative context is probably the most nuanced version of the pillar across all 
subjects, because the question of where the AI ends and the student begins is both 
practically and philosophically complex. �e most honest and productive approach is to 
make that complexity the subject rather than trying to resolve it. Students who are asked 
to use AI as a creative starting point and then to transform, critique, and respond to what it 
produces, while documenting their thinking throughout, are engaging with questions 
about authorship, intention, and creative identity that artists have always had to grapple 
with. �e AI just makes those questions newly urgent and unusually visible.

MATHEMATICS

Mathematics has an interesting and underexplored relationship with AI literacy, partly 
because AI is built on mathematical foundations that most students never see, and partly 
because math class is one of the few places where the question of whether an answer is 
correct has an actual de�nitive answer. �at second quality makes it uniquely useful for 
Investigation in particular.

Awareness in a mathematics classroom might start with demystifying what AI actually is 
at a structural level, without requiring students to become statisticians. Probability. Pa�ern 
recognition. Weighted decisions. Optimization. �ese are mathematical ideas, and 
students who have encountered them in a math context already have more intuition 
about how AI works than they realize. 

Making that connection explicit, helping students see that the AI generating a paragraph 
of text and the algorithm deciding the shortest route between two points are drawing on 
related mathematical logic, gives math a relevance to contemporary life that students 
o�en don't expect to �nd there.

Investigation in math takes on a character that no other subject can quite replicate, 
because math is one of the few domains where you can check an AI's work with certainty. 
Ask students to use AI to solve a set of problems, then verify every step of the working. 
Not just whether the �nal answer is right, but whether the method is sound, whether the 
AI took a valid path to get there, and whether it would have arrived at the right answer for 
the right reasons or simply landed correctly by a �awed route. 

�at last distinction ma�ers enormously in mathematics education, where the process is 
o�en more important than the answer, and it produces a version of Investigation that is 
rigorous in a very speci�c and satisfying way.

�ere is also something worth exploring in the way AI handles mathematical uncertainty 
and estimation. Ask it to solve a problem that is intentionally ambiguous, or one that has 
multiple valid approaches, and examine how it navigates that ambiguity. 

Does it acknowledge it? Does it pick one path without explanation? Does it present one 
method as if it were the only method? �ese questions develop mathematical thinking 
about the nature of proof, the validity of di�erent approaches, and the di�erence between 
a correct answer and a complete understanding.

At the mastery level, mathematics o�ers one of the clearest illustrations of the 
collaboration principle at the heart of this pillar. AI can execute calculations, generate 
proofs, and work through procedures with speed and accuracy that no student can match 
by hand. 

�e question is what that leaves for the student to do, and the answer is everything that 
actually constitutes mathematical understanding: knowing which procedure is 
appropriate, recognizing why a particular approach reveals something the others don't, 
understanding what the answer means in the context of a real problem, and developing 
the intuition that comes only from having worked through enough problems manually to 
have a feel for when something doesn't look right. �at intuition is not incidental to 
mathematical education. It's the goal. And it cannot be developed by watching an AI do 
the work.

COMPUTER SCIENCE

�ere's a particular irony in the fact that computer science classrooms are sometimes the 
least equipped to handle AI literacy well. �e assumption is that because the subject is 
technical, students in CS courses must already have a sophisticated understanding of AI. In 

practice, knowing how to write code and understanding what a large language model is 
actually doing are quite di�erent kinds of knowledge, and con�ating them does students 
in both directions a disservice.

Awareness in a computer science classroom can go deeper than in any other subject, and 
it should. Students who are learning to write programs have the conceptual foundation to 
understand, at a meaningful level, what it means for a system to be trained on data rather 
than explicitly programmed with rules. 

�e di�erence between writing an algorithm that sorts a list and training a model that 
learns to recognize pa�erns is a genuinely important conceptual distinction, and CS 
students are well positioned to grasp it. 

What awareness asks of them isn't just that they understand it technically but that they sit 
with its implications: if no human explicitly wrote the rules the model is following, where 
did those rules come from, who is responsible for them, and how do you audit something 
you didn't directly create?

Investigation in a CS context has a dimension that other subjects don't: students can 
actually look under the hood, at least partially. Examining how a model's outputs change 
based on di�erent inputs, exploring the documented limitations and known failure modes 
of speci�c systems, reading the technical literature on bias in machine learning, these are 
all forms of investigation that are accessible to students with a programming background 
and that produce a level of understanding most adults who use these tools daily never 
develop. 

A CS class that spends time on adversarial prompting, on the deliberate construction of 
inputs designed to expose the edges of a model's behavior, is doing genuine investigative 
work that builds both technical understanding and critical instinct simultaneously.

�ere's also an ethical dimension to computer science and AI that belongs speci�cally in 
CS classrooms rather than being le� entirely to humanities teachers to address. �e 
people who build these systems make choices. About what data to use and what to 
exclude. About what the model should optimize for. About how to handle edge cases and 
failure modes. About who bears the cost when the system gets something wrong. 
Students who are learning to build so�ware are learning to make exactly these kinds of 
choices, and introducing them to the ethical weight of those choices while they're still 
forming their professional identity is considerably more e�ective than addressing it a�er 
the fact. 

�e question of what responsible engineering looks like in an age of AI systems with 
broad social impact is one of the most important questions in the �eld right now, and it 
belongs in the curriculum.

At the mastery level, computer science students have access to a version of AI 
collaboration that is genuinely di�erent from what other subjects o�er. �ey can build 
with these tools, integrate them into projects, and develop a practical understanding of 
where AI capabilities are genuinely useful and where they produce bri�le, unreliable 
results that require more human oversight than they save in e�ort. �at hands-on, 
build-and-break relationship with AI is one of the most e�ective paths to the kind of 
calibrated judgment mastery requires. 

A CS student who has tried to use AI to generate functional code, debugged the results, 
identi�ed the systematic pa�erns in where it fails, and developed a working sense of when 
to use it and when to write from scratch has internalized the mastery principle in a way 
that will transfer across every context where these tools appear.

A NOTE ON CROSS-DISCIPLINARY POSSIBILITIES

�e most interesting applications of the AIM™ Framework o�en happen at the edges 
between subjects, where a question that starts in one class turns out to connect to 
something being explored in another.

A history class examining how AI summarizes the causes of a war might �nd itself having 
a conversation that belongs equally in a media literacy unit, an ethics seminar, and a 
statistics class. A science class investigating AI bias might end up in territory that overlaps 
with social studies, philosophy, and mathematics. An English class discussing authorship in 
the age of AI might �nd unexpected common ground with the arts and with computer 
science.

�at porousness is a feature of genuine learning rather than a curriculum design problem. 
�e AIM™ Framework doesn't require subjects to stay in their lanes. It creates a shared 
vocabulary that makes cross-disciplinary conversation easier, because students in 
di�erent classes are developing related habits of mind around the same underlying 
questions. When a student trained in Investigation in her English class brings that same 
instinct to a science assignment, that's the framework working exactly as intended.

The Educator's Role: 
Guide, Not Expert
Something worth saying clearly, before anything else in this section: there is no such thing 
as an AI expert right now in the way that phrase is normally used. �ere are people with 
deep technical knowledge of speci�c systems. �ere are researchers working on speci�c 
problems. �ere are practitioners who have developed genuine �uency with particular 
tools in particular contexts. But the �eld is moving fast enough, and the implications are 
broad enough, that nobody has the whole picture. Anyone who presents themselves as 
fully authoritative on AI in education is either working in a very narrow slice of the subject 
or overestimating their own map.

�is is actually good news for educators, even if it doesn't immediately feel that way.

�e pressure many teachers feel around AI comes partly from the assumption that they're 
supposed to be ahead of their students on this, that they should have answers to 
questions students are already asking, that admi�ing uncertainty is a failure of 
professional preparation. �at pressure is both understandable and largely misplaced. �e 
educators who are doing the most meaningful work with AI literacy right now are not the 
ones who have positioned themselves as experts. �ey're the ones who have go�en 
comfortable saying "I don't know, let's �nd out" and meaning it, who treat their own 
curiosity about these systems as a resource rather than a liability.

�at posture, being openly and visibly in the process of �guring something out, is one of 
the most powerful things a teacher can model. Students who watch an educator 
encounter something unfamiliar and respond with genuine curiosity rather than anxiety 
or false con�dence are learning something about how to inhabit uncertainty that no 
lesson plan can teach directly. And right now, in this particular moment, that lesson is 
unusually valuable because uncertainty about AI is the honest position. Anyone telling 
students otherwise is doing them a disservice.

WHAT GUIDING ACTUALLY LOOKS LIKE

�e shi� from expert to guide is real, but it isn't a retreat. It requires a di�erent kind of 
preparation and a di�erent set of skills, not fewer or lesser ones.

A guide knows the terrain well enough to help others navigate it without having to have 
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been everywhere personally. In the context of AI literacy, that means an educator who 
understands the conceptual landscape well enough to ask productive questions, 
recognize when a student's thinking is developing in an interesting direction, know which 
rabbit holes are worth going down and which ones will eat a class period without 
producing anything useful, and create conditions where genuine inquiry can happen. 
�at's a sophisticated set of capabilities. It just looks di�erent from the front-of-room 
authority model that teaching has defaulted to for most of its history.

It also means being honest in front of students when an AI does something surprising. 
When a tool produces an output that's more interesting or more problematic than 
expected, saying so out loud. When a student asks a question about how something 
works that the teacher can't fully answer, treating that as an invitation to investigate 
together rather than a gap to paper over. When the class collectively discovers something 
about an AI's behavior that nobody anticipated, le�ing that discovery breathe rather than 
rushing to the next item on the agenda.

�ese moments of shared inquiry are not losses of control. �ey're the framework 
working as intended.

THE TRANSPARENCY DIVIDEND

�ere's a speci�c practice worth naming here because it pays dividends well beyond AI 
literacy, and that's the habit of thinking out loud about technology in front of students.

When an educator uses an AI tool as part of their actual work, whether that's generating a 
dra� of a worksheet, summarizing a long document, brainstorming assessment ideas, or 
researching an unfamiliar topic, and narrates that process for students, something useful 
happens. Students see what thoughtful, critical engagement with these tools actually 
looks like in practice. �ey see the moment when the output is good enough to use and 
the moment when it isn't. �ey see the judgment calls: what to keep, what to discard, 
what to verify, what to rewrite entirely. �ey see that using AI well is a skill with a texture 
and a process, not a bu�on you press and then accept whatever comes back.

�is kind of transparent, narrated practice is particularly valuable because it addresses 
something that most AI literacy instruction doesn't: the gap between knowing the 
principles and actually applying them in the �ow of real work. Students can understand 
intellectually that they should verify AI outputs and still default to accepting them in 
practice, because the habit hasn't been built through observation and repetition. 

Watching a trusted adult model the habit, repeatedly and without making a production of 
it, is one of the most reliable ways to close that gap.

It also has the side e�ect of making educators more re�ective about their own AI use, 
which is not nothing. Teachers who regularly narrate their process tend to develop a 
clearer and more honest picture of when they're using these tools thoughtfully and when 
they're reaching for them out of convenience without the scrutiny that convenience 
deserves.

STAYING CURRENT WITHOUT LOSING YOUR MIND

�e pace of change in AI is genuinely daunting, and the volume of commentary, opinion, 
hot takes, and breathless announcements that accompany every new development 
doesn't make it easier to know where to direct a�ention. New tools emerge constantly. 
Existing tools update in ways that change their behavior signi�cantly. �e research 
literature is expanding faster than anyone can follow comprehensively. And underneath 
all of it is a steady low hum of anxiety about what this means for jobs, for education, for 
creativity, for society, which makes it hard to engage with any speci�c development 
without it feeling weighted by the larger unresolved questions.

�e most sustainable approach to staying current isn't trying to follow everything. It's 
developing a small set of trusted sources, maintaining an active practice of 
experimentation rather than just consumption, and being selective about which 
conversations are actually worth joining versus which ones are producing more heat than 
light. �e goal isn't comprehensive knowledge of the AI landscape. It's enough orientation 
to serve students well, and the con�dence to acknowledge honestly when something is 
moving faster than your current understanding can track.

�ere's also something to be said for the value of being slightly behind the cu�ing edge. 
�e most recent and most hyped development in any technology �eld is rarely the thing 
that turns out to ma�er most educationally. �e ideas and implications that are worth 
spending classroom time on tend to be the ones that have had enough time to be 
examined and stress-tested, not the ones that arrived last Tuesday with a glossy 
announcement and a waitlist. 

A teacher who is six months behind the most recent AI development but genuinely 
understands the foundational concepts and has a solid practice of critical engagement is 
serving students far be�er than one who chases every new release without the 
conceptual grounding to evaluate what any of it means.

THE PERMISSION EDUCATORS SOMETIMES NEED

�ere's a conversation that comes up regularly when educators engage seriously with AI 
literacy, and it usually sounds something like: "I want to do this, but I don't have the 
support, the time, the training, or the administrative buy-in to do it properly. So where do I 
start?"

�e honest answer is: smaller than you think, and sooner than feels comfortable.

�e AIM™ Framework doesn't require a new course, a new unit, a new device, or a new 
policy. It requires a question. Ask students where they've encountered AI this week and 
actually listen to the answers. Bring an AI-generated text into class and ask students to 
read it critically. Share something you tried with an AI tool and what you noticed. Let a 
student catch something you didn't. 

�ese are not grand gestures. �ey're the kind of small, intentional moves that 
accumulate into something real over the course of a semester, and they don't require 
permission from anyone.

�e educators who have the most impact on how their students relate to AI are not 
necessarily the ones in schools with the most resources or the most progressive 
technology policies. �ey're the ones who decided that this was worth paying a�ention to, 
found a place for it in what they were already doing, and kept showing up with curiosity 
and honesty about what they did and didn't know. 

�at combination of commitment and humility is not a product of any professional 
development program. It's a disposition, and it's one that good teachers have always 
brought to the things that ma�er most.
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Applying AIM™ Across the 
Curriculum
One of the questions educators ask most o�en when they encounter a framework like this 
is some version of "that's interesting, but where does it �t?" �ey're not being dismissive. 
�ey're being practical. A high school biology teacher with a packed curriculum, a 
standardized test on the horizon, and thirty-two students who have wildly di�erent levels 
of preparation doesn't have room for a new subject. She has room, maybe, for a new lens 
on the subject she's already teaching.

�at's exactly what the AIM™ Framework is designed to be.

None of the three pillars require dedicated class time to introduce from scratch. �ey don't 
require a technology unit or a special semester or permission from a curriculum 
commi�ee. �ey require a teacher who is willing to ask slightly di�erent questions about 
the material already in front of them, and who is comfortable le�ing those questions lead 
somewhere unexpected. 

�e framework travels. It works di�erently in di�erent subjects, but it works in all of them, 
and the examples below are meant to illustrate that range rather than prescribe exactly 
how it should look in any speci�c classroom.

HISTORY AND SOCIAL STUDIES

History is one of the richest possible contexts for all three pillars, because history is 
fundamentally a discipline about whose story gets told, by whom, and with what 
omissions. AI, it turns out, has a great deal to say about all three of those questions.

Awareness in a history classroom might start with something as simple as asking students 
to enter a signi�cant historical event into an AI tool and read what comes back. Not to 
evaluate it yet, just to read it. �en ask: who is centered in this account? Whose 
perspective is most visible? What period does the narrative seem to be drawing from? 
Students who have spent any time thinking about historiography will immediately notice 
things that students who haven't will need a moment to see. 

Either way, the AI output becomes a text worth analyzing, which is something history 
teachers know how to do.

Investigation follows naturally. Students can compare the AI's account against primary 
sources, against accounts wri�en by historians from di�erent traditions, against oral 
histories or community narratives that don't appear in mainstream textbook coverage. 

�e gaps between those sources are where the most interesting historical thinking 
happens, and AI has a particular tendency to reproduce the dominant narrative of any 
given event, which makes it a useful foil for exactly the kind of critical analysis history 
education is supposed to develop.

At the mastery level, a genuinely challenging exercise is asking students to use AI to 
construct the most thorough, well-sourced argument they can for a historical 
interpretation they personally disagree with, and then to respond to that argument using 
their own research and reasoning. �is requires them to take seriously a perspective they 
might otherwise dismiss, to understand it well enough to represent it fairly, and then to 
engage with it substantively rather than super�cially. �at's sophisticated historical 
thinking, and the AI makes it more accessible without doing the intellectual work for 
them.

SCIENCE

Science education has a complicated relationship with AI right now, partly because AI is 
increasingly being used in actual scienti�c research and partly because the outputs AI 
produces about scienti�c topics can range from impressively accurate to con�dently, 
dangerously wrong. Both of those things make it an excellent classroom subject.

Awareness in a science class might focus on where students already encounter AI in 
scienti�c contexts without realizing it. Weather forecasting models. Medical diagnostic 
tools. Drug discovery platforms. Agricultural yield prediction. Climate modeling. AI is 
embedded in the practice of science in ways that most science curricula haven't caught up 
with yet, and making that visible gives students a more accurate picture of the �eld they're 
studying and potentially entering.

Investigation in a science classroom has an obvious structure: take an AI explanation of a 
scienti�c concept or process, and subject it to the same scrutiny students would apply to 
any source. Is the mechanism described accurately? Are the numbers right? Does the 
explanation re�ect current scienti�c consensus or an older understanding? Is the 
uncertainty in the science represented honestly, or has the AI smoothed over genuine 
ongoing debate to produce a cleaner answer than the evidence actually supports? 

�at last question is particularly rich in science education, where the di�erence between 
se�led science and active research questions is something students o�en never get a clear 
picture of.

One of the most memorable investigations a science class can run is asking students to 
prompt an AI on a topic where scienti�c understanding has changed signi�cantly over 
time, evolution, the germ theory of disease, the structure of the atom, and examine how 
the AI navigates the historical development of the idea versus the current understanding. 

Does it present the history accurately? Does it distinguish between what was believed and 
what is now known? �ese questions develop exactly the scienti�c epistemology that 
science education is supposed to build.

At the mastery level, the most natural integration is using AI as a research accelerator 
while keeping the intellectual work in student hands. Students can use AI to get a quick 
orientation to an unfamiliar topic, identify the key concepts and terminology, and map the 
basic landscape before diving into primary sources and actual data. What they cannot do, 
if the assignment is designed well, is use AI to do the thinking that the assignment is 
meant to develop. 

Designing assignments that make that distinction clear is one of the more interesting 
instructional challenges the mastery pillar creates for science teachers, and most of them 
�nd it produces be�er assignments than they were writing before.

ENGLISH AND WRITING

English teachers have had the most publicly visible and contentious relationship with AI of 
any subject area, largely because language generation is what these tools are most visibly 
capable of and writing is what English teachers are most responsible for assessing. �e 
conversations in English departments about AI have o�en been framed around detection, 
policy, and prevention, which is understandable but somewhat misses where the real 
opportunity sits.

Awareness in an English classroom is really about expanding what students understand 
authorship to mean. Where does a piece of writing come from? What is the relationship 
between the words on the page and the person who produced them? What does it mean 
to have a voice, and can a system that has no experiences, no stake in the outcome, and 
no persistent self across conversations be said to have one? 

�ese are not new questions in literary study. �ey're questions that get newly interesting 
when the entity producing text is a machine.

Investigation in English might involve giving students an AI-generated essay and a 
human-wri�en essay on the same topic and asking them to identify the speci�c qualities 
that distinguish them. Not just "which is be�er" but what speci�cally is present in one that 
isn't in the other. What does the human writer do with uncertainty? How do they handle 
complexity? Where do they take risks that the AI doesn't? Where does the AI produce 
something that sounds authoritative but dissolves under scrutiny? 

�e comparison exercise develops close reading skills that transfer to any text, and the 
discussion it generates tends to be genuinely lively because students have strong 
intuitions about it that they struggle to articulate precisely, which is exactly where good 
English teaching lives.

At the mastery level, the most productive reframe for writing teachers is moving from "did 
the student use AI" as the central question to "what did the student contribute" as the 
central question. An assignment designed around the la�er is much harder to circumvent 
and much more educationally interesting. Ask students to use AI to generate a �rst dra� 
and then to substantially revise it, documenting every signi�cant change they made and 
explaining why they made it. 

�e revision process is where the learning happens in writing, and an AI dra� is in some 
ways a be�er starting point for teaching revision than a student's own �rst dra�, precisely 
because the student has no emotional a�achment to it and can cut it without hesitation.

THE ARTS

�e relationship between AI and creative work is one of the most genuinely contested 
spaces in this entire conversation, and it deserves more than a footnote. Artists, 
illustrators, musicians, and writers have raised serious and legitimate questions about AI 
systems trained on their work without consent, and those questions belong in the 
classroom as part of what students learn about the ethical dimensions of this technology.

Awareness in an arts classroom might start with that context: where did the training data 
for AI image generators, music composition tools, and writing assistants actually come 
from? What does it mean to train a system on the creative output of human beings who 
didn't agree to contribute to it? What does that do to questions of artistic ownership, 
originality, and value? 

�ese aren't rhetorical questions designed to produce a predetermined conclusion. 
�ey're genuinely open questions that the art world, the legal system, and the technology 
industry are actively working through, and students who engage with them seriously are 
developing exactly the kind of ethical reasoning that creative �elds require.

Investigation in the arts can take a particularly interesting form: using AI-generated 
creative work as a subject of critical analysis rather than a tool for production. What 
choices did the system make in generating this image, this piece of music, this poem? 
What aesthetic sensibility does it seem to re�ect? Whose aesthetic sensibility? What is it 
optimizing for, and how do you know? �ese questions develop critical vocabulary and 
analytical thinking that applies to all creative work, human or otherwise.

Mastery in a creative context is probably the most nuanced version of the pillar across all 
subjects, because the question of where the AI ends and the student begins is both 
practically and philosophically complex. �e most honest and productive approach is to 
make that complexity the subject rather than trying to resolve it. Students who are asked 
to use AI as a creative starting point and then to transform, critique, and respond to what it 
produces, while documenting their thinking throughout, are engaging with questions 
about authorship, intention, and creative identity that artists have always had to grapple 
with. �e AI just makes those questions newly urgent and unusually visible.

MATHEMATICS

Mathematics has an interesting and underexplored relationship with AI literacy, partly 
because AI is built on mathematical foundations that most students never see, and partly 
because math class is one of the few places where the question of whether an answer is 
correct has an actual de�nitive answer. �at second quality makes it uniquely useful for 
Investigation in particular.

Awareness in a mathematics classroom might start with demystifying what AI actually is 
at a structural level, without requiring students to become statisticians. Probability. Pa�ern 
recognition. Weighted decisions. Optimization. �ese are mathematical ideas, and 
students who have encountered them in a math context already have more intuition 
about how AI works than they realize. 

Making that connection explicit, helping students see that the AI generating a paragraph 
of text and the algorithm deciding the shortest route between two points are drawing on 
related mathematical logic, gives math a relevance to contemporary life that students 
o�en don't expect to �nd there.

Investigation in math takes on a character that no other subject can quite replicate, 
because math is one of the few domains where you can check an AI's work with certainty. 
Ask students to use AI to solve a set of problems, then verify every step of the working. 
Not just whether the �nal answer is right, but whether the method is sound, whether the 
AI took a valid path to get there, and whether it would have arrived at the right answer for 
the right reasons or simply landed correctly by a �awed route. 

�at last distinction ma�ers enormously in mathematics education, where the process is 
o�en more important than the answer, and it produces a version of Investigation that is 
rigorous in a very speci�c and satisfying way.

�ere is also something worth exploring in the way AI handles mathematical uncertainty 
and estimation. Ask it to solve a problem that is intentionally ambiguous, or one that has 
multiple valid approaches, and examine how it navigates that ambiguity. 

Does it acknowledge it? Does it pick one path without explanation? Does it present one 
method as if it were the only method? �ese questions develop mathematical thinking 
about the nature of proof, the validity of di�erent approaches, and the di�erence between 
a correct answer and a complete understanding.

At the mastery level, mathematics o�ers one of the clearest illustrations of the 
collaboration principle at the heart of this pillar. AI can execute calculations, generate 
proofs, and work through procedures with speed and accuracy that no student can match 
by hand. 

�e question is what that leaves for the student to do, and the answer is everything that 
actually constitutes mathematical understanding: knowing which procedure is 
appropriate, recognizing why a particular approach reveals something the others don't, 
understanding what the answer means in the context of a real problem, and developing 
the intuition that comes only from having worked through enough problems manually to 
have a feel for when something doesn't look right. �at intuition is not incidental to 
mathematical education. It's the goal. And it cannot be developed by watching an AI do 
the work.

COMPUTER SCIENCE

�ere's a particular irony in the fact that computer science classrooms are sometimes the 
least equipped to handle AI literacy well. �e assumption is that because the subject is 
technical, students in CS courses must already have a sophisticated understanding of AI. In 

practice, knowing how to write code and understanding what a large language model is 
actually doing are quite di�erent kinds of knowledge, and con�ating them does students 
in both directions a disservice.

Awareness in a computer science classroom can go deeper than in any other subject, and 
it should. Students who are learning to write programs have the conceptual foundation to 
understand, at a meaningful level, what it means for a system to be trained on data rather 
than explicitly programmed with rules. 

�e di�erence between writing an algorithm that sorts a list and training a model that 
learns to recognize pa�erns is a genuinely important conceptual distinction, and CS 
students are well positioned to grasp it. 

What awareness asks of them isn't just that they understand it technically but that they sit 
with its implications: if no human explicitly wrote the rules the model is following, where 
did those rules come from, who is responsible for them, and how do you audit something 
you didn't directly create?

Investigation in a CS context has a dimension that other subjects don't: students can 
actually look under the hood, at least partially. Examining how a model's outputs change 
based on di�erent inputs, exploring the documented limitations and known failure modes 
of speci�c systems, reading the technical literature on bias in machine learning, these are 
all forms of investigation that are accessible to students with a programming background 
and that produce a level of understanding most adults who use these tools daily never 
develop. 

A CS class that spends time on adversarial prompting, on the deliberate construction of 
inputs designed to expose the edges of a model's behavior, is doing genuine investigative 
work that builds both technical understanding and critical instinct simultaneously.

�ere's also an ethical dimension to computer science and AI that belongs speci�cally in 
CS classrooms rather than being le� entirely to humanities teachers to address. �e 
people who build these systems make choices. About what data to use and what to 
exclude. About what the model should optimize for. About how to handle edge cases and 
failure modes. About who bears the cost when the system gets something wrong. 
Students who are learning to build so�ware are learning to make exactly these kinds of 
choices, and introducing them to the ethical weight of those choices while they're still 
forming their professional identity is considerably more e�ective than addressing it a�er 
the fact. 

�e question of what responsible engineering looks like in an age of AI systems with 
broad social impact is one of the most important questions in the �eld right now, and it 
belongs in the curriculum.

At the mastery level, computer science students have access to a version of AI 
collaboration that is genuinely di�erent from what other subjects o�er. �ey can build 
with these tools, integrate them into projects, and develop a practical understanding of 
where AI capabilities are genuinely useful and where they produce bri�le, unreliable 
results that require more human oversight than they save in e�ort. �at hands-on, 
build-and-break relationship with AI is one of the most e�ective paths to the kind of 
calibrated judgment mastery requires. 

A CS student who has tried to use AI to generate functional code, debugged the results, 
identi�ed the systematic pa�erns in where it fails, and developed a working sense of when 
to use it and when to write from scratch has internalized the mastery principle in a way 
that will transfer across every context where these tools appear.

A NOTE ON CROSS-DISCIPLINARY POSSIBILITIES

�e most interesting applications of the AIM™ Framework o�en happen at the edges 
between subjects, where a question that starts in one class turns out to connect to 
something being explored in another.

A history class examining how AI summarizes the causes of a war might �nd itself having 
a conversation that belongs equally in a media literacy unit, an ethics seminar, and a 
statistics class. A science class investigating AI bias might end up in territory that overlaps 
with social studies, philosophy, and mathematics. An English class discussing authorship in 
the age of AI might �nd unexpected common ground with the arts and with computer 
science.

�at porousness is a feature of genuine learning rather than a curriculum design problem. 
�e AIM™ Framework doesn't require subjects to stay in their lanes. It creates a shared 
vocabulary that makes cross-disciplinary conversation easier, because students in 
di�erent classes are developing related habits of mind around the same underlying 
questions. When a student trained in Investigation in her English class brings that same 
instinct to a science assignment, that's the framework working exactly as intended.

The Educator's Role: 
Guide, Not Expert
Something worth saying clearly, before anything else in this section: there is no such thing 
as an AI expert right now in the way that phrase is normally used. �ere are people with 
deep technical knowledge of speci�c systems. �ere are researchers working on speci�c 
problems. �ere are practitioners who have developed genuine �uency with particular 
tools in particular contexts. But the �eld is moving fast enough, and the implications are 
broad enough, that nobody has the whole picture. Anyone who presents themselves as 
fully authoritative on AI in education is either working in a very narrow slice of the subject 
or overestimating their own map.

�is is actually good news for educators, even if it doesn't immediately feel that way.

�e pressure many teachers feel around AI comes partly from the assumption that they're 
supposed to be ahead of their students on this, that they should have answers to 
questions students are already asking, that admi�ing uncertainty is a failure of 
professional preparation. �at pressure is both understandable and largely misplaced. �e 
educators who are doing the most meaningful work with AI literacy right now are not the 
ones who have positioned themselves as experts. �ey're the ones who have go�en 
comfortable saying "I don't know, let's �nd out" and meaning it, who treat their own 
curiosity about these systems as a resource rather than a liability.

�at posture, being openly and visibly in the process of �guring something out, is one of 
the most powerful things a teacher can model. Students who watch an educator 
encounter something unfamiliar and respond with genuine curiosity rather than anxiety 
or false con�dence are learning something about how to inhabit uncertainty that no 
lesson plan can teach directly. And right now, in this particular moment, that lesson is 
unusually valuable because uncertainty about AI is the honest position. Anyone telling 
students otherwise is doing them a disservice.

WHAT GUIDING ACTUALLY LOOKS LIKE

�e shi� from expert to guide is real, but it isn't a retreat. It requires a di�erent kind of 
preparation and a di�erent set of skills, not fewer or lesser ones.

A guide knows the terrain well enough to help others navigate it without having to have 

been everywhere personally. In the context of AI literacy, that means an educator who 
understands the conceptual landscape well enough to ask productive questions, 
recognize when a student's thinking is developing in an interesting direction, know which 
rabbit holes are worth going down and which ones will eat a class period without 
producing anything useful, and create conditions where genuine inquiry can happen. 
�at's a sophisticated set of capabilities. It just looks di�erent from the front-of-room 
authority model that teaching has defaulted to for most of its history.

It also means being honest in front of students when an AI does something surprising. 
When a tool produces an output that's more interesting or more problematic than 
expected, saying so out loud. When a student asks a question about how something 
works that the teacher can't fully answer, treating that as an invitation to investigate 
together rather than a gap to paper over. When the class collectively discovers something 
about an AI's behavior that nobody anticipated, le�ing that discovery breathe rather than 
rushing to the next item on the agenda.

�ese moments of shared inquiry are not losses of control. �ey're the framework 
working as intended.

THE TRANSPARENCY DIVIDEND

�ere's a speci�c practice worth naming here because it pays dividends well beyond AI 
literacy, and that's the habit of thinking out loud about technology in front of students.

When an educator uses an AI tool as part of their actual work, whether that's generating a 
dra� of a worksheet, summarizing a long document, brainstorming assessment ideas, or 
researching an unfamiliar topic, and narrates that process for students, something useful 
happens. Students see what thoughtful, critical engagement with these tools actually 
looks like in practice. �ey see the moment when the output is good enough to use and 
the moment when it isn't. �ey see the judgment calls: what to keep, what to discard, 
what to verify, what to rewrite entirely. �ey see that using AI well is a skill with a texture 
and a process, not a bu�on you press and then accept whatever comes back.

�is kind of transparent, narrated practice is particularly valuable because it addresses 
something that most AI literacy instruction doesn't: the gap between knowing the 
principles and actually applying them in the �ow of real work. Students can understand 
intellectually that they should verify AI outputs and still default to accepting them in 
practice, because the habit hasn't been built through observation and repetition. 

Watching a trusted adult model the habit, repeatedly and without making a production of 
it, is one of the most reliable ways to close that gap.

It also has the side e�ect of making educators more re�ective about their own AI use, 
which is not nothing. Teachers who regularly narrate their process tend to develop a 
clearer and more honest picture of when they're using these tools thoughtfully and when 
they're reaching for them out of convenience without the scrutiny that convenience 
deserves.

STAYING CURRENT WITHOUT LOSING YOUR MIND

�e pace of change in AI is genuinely daunting, and the volume of commentary, opinion, 
hot takes, and breathless announcements that accompany every new development 
doesn't make it easier to know where to direct a�ention. New tools emerge constantly. 
Existing tools update in ways that change their behavior signi�cantly. �e research 
literature is expanding faster than anyone can follow comprehensively. And underneath 
all of it is a steady low hum of anxiety about what this means for jobs, for education, for 
creativity, for society, which makes it hard to engage with any speci�c development 
without it feeling weighted by the larger unresolved questions.

�e most sustainable approach to staying current isn't trying to follow everything. It's 
developing a small set of trusted sources, maintaining an active practice of 
experimentation rather than just consumption, and being selective about which 
conversations are actually worth joining versus which ones are producing more heat than 
light. �e goal isn't comprehensive knowledge of the AI landscape. It's enough orientation 
to serve students well, and the con�dence to acknowledge honestly when something is 
moving faster than your current understanding can track.

�ere's also something to be said for the value of being slightly behind the cu�ing edge. 
�e most recent and most hyped development in any technology �eld is rarely the thing 
that turns out to ma�er most educationally. �e ideas and implications that are worth 
spending classroom time on tend to be the ones that have had enough time to be 
examined and stress-tested, not the ones that arrived last Tuesday with a glossy 
announcement and a waitlist. 

A teacher who is six months behind the most recent AI development but genuinely 
understands the foundational concepts and has a solid practice of critical engagement is 
serving students far be�er than one who chases every new release without the 
conceptual grounding to evaluate what any of it means.

THE PERMISSION EDUCATORS SOMETIMES NEED

�ere's a conversation that comes up regularly when educators engage seriously with AI 
literacy, and it usually sounds something like: "I want to do this, but I don't have the 
support, the time, the training, or the administrative buy-in to do it properly. So where do I 
start?"

�e honest answer is: smaller than you think, and sooner than feels comfortable.

�e AIM™ Framework doesn't require a new course, a new unit, a new device, or a new 
policy. It requires a question. Ask students where they've encountered AI this week and 
actually listen to the answers. Bring an AI-generated text into class and ask students to 
read it critically. Share something you tried with an AI tool and what you noticed. Let a 
student catch something you didn't. 

�ese are not grand gestures. �ey're the kind of small, intentional moves that 
accumulate into something real over the course of a semester, and they don't require 
permission from anyone.

�e educators who have the most impact on how their students relate to AI are not 
necessarily the ones in schools with the most resources or the most progressive 
technology policies. �ey're the ones who decided that this was worth paying a�ention to, 
found a place for it in what they were already doing, and kept showing up with curiosity 
and honesty about what they did and didn't know. 

�at combination of commitment and humility is not a product of any professional 
development program. It's a disposition, and it's one that good teachers have always 
brought to the things that ma�er most.
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Applying AIM™ Across the 
Curriculum
One of the questions educators ask most o�en when they encounter a framework like this 
is some version of "that's interesting, but where does it �t?" �ey're not being dismissive. 
�ey're being practical. A high school biology teacher with a packed curriculum, a 
standardized test on the horizon, and thirty-two students who have wildly di�erent levels 
of preparation doesn't have room for a new subject. She has room, maybe, for a new lens 
on the subject she's already teaching.

�at's exactly what the AIM™ Framework is designed to be.

None of the three pillars require dedicated class time to introduce from scratch. �ey don't 
require a technology unit or a special semester or permission from a curriculum 
commi�ee. �ey require a teacher who is willing to ask slightly di�erent questions about 
the material already in front of them, and who is comfortable le�ing those questions lead 
somewhere unexpected. 

�e framework travels. It works di�erently in di�erent subjects, but it works in all of them, 
and the examples below are meant to illustrate that range rather than prescribe exactly 
how it should look in any speci�c classroom.

HISTORY AND SOCIAL STUDIES

History is one of the richest possible contexts for all three pillars, because history is 
fundamentally a discipline about whose story gets told, by whom, and with what 
omissions. AI, it turns out, has a great deal to say about all three of those questions.

Awareness in a history classroom might start with something as simple as asking students 
to enter a signi�cant historical event into an AI tool and read what comes back. Not to 
evaluate it yet, just to read it. �en ask: who is centered in this account? Whose 
perspective is most visible? What period does the narrative seem to be drawing from? 
Students who have spent any time thinking about historiography will immediately notice 
things that students who haven't will need a moment to see. 

Either way, the AI output becomes a text worth analyzing, which is something history 
teachers know how to do.

Investigation follows naturally. Students can compare the AI's account against primary 
sources, against accounts wri�en by historians from di�erent traditions, against oral 
histories or community narratives that don't appear in mainstream textbook coverage. 

�e gaps between those sources are where the most interesting historical thinking 
happens, and AI has a particular tendency to reproduce the dominant narrative of any 
given event, which makes it a useful foil for exactly the kind of critical analysis history 
education is supposed to develop.

At the mastery level, a genuinely challenging exercise is asking students to use AI to 
construct the most thorough, well-sourced argument they can for a historical 
interpretation they personally disagree with, and then to respond to that argument using 
their own research and reasoning. �is requires them to take seriously a perspective they 
might otherwise dismiss, to understand it well enough to represent it fairly, and then to 
engage with it substantively rather than super�cially. �at's sophisticated historical 
thinking, and the AI makes it more accessible without doing the intellectual work for 
them.

SCIENCE

Science education has a complicated relationship with AI right now, partly because AI is 
increasingly being used in actual scienti�c research and partly because the outputs AI 
produces about scienti�c topics can range from impressively accurate to con�dently, 
dangerously wrong. Both of those things make it an excellent classroom subject.

Awareness in a science class might focus on where students already encounter AI in 
scienti�c contexts without realizing it. Weather forecasting models. Medical diagnostic 
tools. Drug discovery platforms. Agricultural yield prediction. Climate modeling. AI is 
embedded in the practice of science in ways that most science curricula haven't caught up 
with yet, and making that visible gives students a more accurate picture of the �eld they're 
studying and potentially entering.

Investigation in a science classroom has an obvious structure: take an AI explanation of a 
scienti�c concept or process, and subject it to the same scrutiny students would apply to 
any source. Is the mechanism described accurately? Are the numbers right? Does the 
explanation re�ect current scienti�c consensus or an older understanding? Is the 
uncertainty in the science represented honestly, or has the AI smoothed over genuine 
ongoing debate to produce a cleaner answer than the evidence actually supports? 

�at last question is particularly rich in science education, where the di�erence between 
se�led science and active research questions is something students o�en never get a clear 
picture of.

One of the most memorable investigations a science class can run is asking students to 
prompt an AI on a topic where scienti�c understanding has changed signi�cantly over 
time, evolution, the germ theory of disease, the structure of the atom, and examine how 
the AI navigates the historical development of the idea versus the current understanding. 

Does it present the history accurately? Does it distinguish between what was believed and 
what is now known? �ese questions develop exactly the scienti�c epistemology that 
science education is supposed to build.

At the mastery level, the most natural integration is using AI as a research accelerator 
while keeping the intellectual work in student hands. Students can use AI to get a quick 
orientation to an unfamiliar topic, identify the key concepts and terminology, and map the 
basic landscape before diving into primary sources and actual data. What they cannot do, 
if the assignment is designed well, is use AI to do the thinking that the assignment is 
meant to develop. 

Designing assignments that make that distinction clear is one of the more interesting 
instructional challenges the mastery pillar creates for science teachers, and most of them 
�nd it produces be�er assignments than they were writing before.

ENGLISH AND WRITING

English teachers have had the most publicly visible and contentious relationship with AI of 
any subject area, largely because language generation is what these tools are most visibly 
capable of and writing is what English teachers are most responsible for assessing. �e 
conversations in English departments about AI have o�en been framed around detection, 
policy, and prevention, which is understandable but somewhat misses where the real 
opportunity sits.

Awareness in an English classroom is really about expanding what students understand 
authorship to mean. Where does a piece of writing come from? What is the relationship 
between the words on the page and the person who produced them? What does it mean 
to have a voice, and can a system that has no experiences, no stake in the outcome, and 
no persistent self across conversations be said to have one? 

�ese are not new questions in literary study. �ey're questions that get newly interesting 
when the entity producing text is a machine.

Investigation in English might involve giving students an AI-generated essay and a 
human-wri�en essay on the same topic and asking them to identify the speci�c qualities 
that distinguish them. Not just "which is be�er" but what speci�cally is present in one that 
isn't in the other. What does the human writer do with uncertainty? How do they handle 
complexity? Where do they take risks that the AI doesn't? Where does the AI produce 
something that sounds authoritative but dissolves under scrutiny? 

�e comparison exercise develops close reading skills that transfer to any text, and the 
discussion it generates tends to be genuinely lively because students have strong 
intuitions about it that they struggle to articulate precisely, which is exactly where good 
English teaching lives.

At the mastery level, the most productive reframe for writing teachers is moving from "did 
the student use AI" as the central question to "what did the student contribute" as the 
central question. An assignment designed around the la�er is much harder to circumvent 
and much more educationally interesting. Ask students to use AI to generate a �rst dra� 
and then to substantially revise it, documenting every signi�cant change they made and 
explaining why they made it. 

�e revision process is where the learning happens in writing, and an AI dra� is in some 
ways a be�er starting point for teaching revision than a student's own �rst dra�, precisely 
because the student has no emotional a�achment to it and can cut it without hesitation.

THE ARTS

�e relationship between AI and creative work is one of the most genuinely contested 
spaces in this entire conversation, and it deserves more than a footnote. Artists, 
illustrators, musicians, and writers have raised serious and legitimate questions about AI 
systems trained on their work without consent, and those questions belong in the 
classroom as part of what students learn about the ethical dimensions of this technology.

Awareness in an arts classroom might start with that context: where did the training data 
for AI image generators, music composition tools, and writing assistants actually come 
from? What does it mean to train a system on the creative output of human beings who 
didn't agree to contribute to it? What does that do to questions of artistic ownership, 
originality, and value? 

�ese aren't rhetorical questions designed to produce a predetermined conclusion. 
�ey're genuinely open questions that the art world, the legal system, and the technology 
industry are actively working through, and students who engage with them seriously are 
developing exactly the kind of ethical reasoning that creative �elds require.

Investigation in the arts can take a particularly interesting form: using AI-generated 
creative work as a subject of critical analysis rather than a tool for production. What 
choices did the system make in generating this image, this piece of music, this poem? 
What aesthetic sensibility does it seem to re�ect? Whose aesthetic sensibility? What is it 
optimizing for, and how do you know? �ese questions develop critical vocabulary and 
analytical thinking that applies to all creative work, human or otherwise.

Mastery in a creative context is probably the most nuanced version of the pillar across all 
subjects, because the question of where the AI ends and the student begins is both 
practically and philosophically complex. �e most honest and productive approach is to 
make that complexity the subject rather than trying to resolve it. Students who are asked 
to use AI as a creative starting point and then to transform, critique, and respond to what it 
produces, while documenting their thinking throughout, are engaging with questions 
about authorship, intention, and creative identity that artists have always had to grapple 
with. �e AI just makes those questions newly urgent and unusually visible.

MATHEMATICS

Mathematics has an interesting and underexplored relationship with AI literacy, partly 
because AI is built on mathematical foundations that most students never see, and partly 
because math class is one of the few places where the question of whether an answer is 
correct has an actual de�nitive answer. �at second quality makes it uniquely useful for 
Investigation in particular.

Awareness in a mathematics classroom might start with demystifying what AI actually is 
at a structural level, without requiring students to become statisticians. Probability. Pa�ern 
recognition. Weighted decisions. Optimization. �ese are mathematical ideas, and 
students who have encountered them in a math context already have more intuition 
about how AI works than they realize. 

Making that connection explicit, helping students see that the AI generating a paragraph 
of text and the algorithm deciding the shortest route between two points are drawing on 
related mathematical logic, gives math a relevance to contemporary life that students 
o�en don't expect to �nd there.

Investigation in math takes on a character that no other subject can quite replicate, 
because math is one of the few domains where you can check an AI's work with certainty. 
Ask students to use AI to solve a set of problems, then verify every step of the working. 
Not just whether the �nal answer is right, but whether the method is sound, whether the 
AI took a valid path to get there, and whether it would have arrived at the right answer for 
the right reasons or simply landed correctly by a �awed route. 

�at last distinction ma�ers enormously in mathematics education, where the process is 
o�en more important than the answer, and it produces a version of Investigation that is 
rigorous in a very speci�c and satisfying way.

�ere is also something worth exploring in the way AI handles mathematical uncertainty 
and estimation. Ask it to solve a problem that is intentionally ambiguous, or one that has 
multiple valid approaches, and examine how it navigates that ambiguity. 

Does it acknowledge it? Does it pick one path without explanation? Does it present one 
method as if it were the only method? �ese questions develop mathematical thinking 
about the nature of proof, the validity of di�erent approaches, and the di�erence between 
a correct answer and a complete understanding.

At the mastery level, mathematics o�ers one of the clearest illustrations of the 
collaboration principle at the heart of this pillar. AI can execute calculations, generate 
proofs, and work through procedures with speed and accuracy that no student can match 
by hand. 

�e question is what that leaves for the student to do, and the answer is everything that 
actually constitutes mathematical understanding: knowing which procedure is 
appropriate, recognizing why a particular approach reveals something the others don't, 
understanding what the answer means in the context of a real problem, and developing 
the intuition that comes only from having worked through enough problems manually to 
have a feel for when something doesn't look right. �at intuition is not incidental to 
mathematical education. It's the goal. And it cannot be developed by watching an AI do 
the work.

COMPUTER SCIENCE

�ere's a particular irony in the fact that computer science classrooms are sometimes the 
least equipped to handle AI literacy well. �e assumption is that because the subject is 
technical, students in CS courses must already have a sophisticated understanding of AI. In 

practice, knowing how to write code and understanding what a large language model is 
actually doing are quite di�erent kinds of knowledge, and con�ating them does students 
in both directions a disservice.

Awareness in a computer science classroom can go deeper than in any other subject, and 
it should. Students who are learning to write programs have the conceptual foundation to 
understand, at a meaningful level, what it means for a system to be trained on data rather 
than explicitly programmed with rules. 

�e di�erence between writing an algorithm that sorts a list and training a model that 
learns to recognize pa�erns is a genuinely important conceptual distinction, and CS 
students are well positioned to grasp it. 

What awareness asks of them isn't just that they understand it technically but that they sit 
with its implications: if no human explicitly wrote the rules the model is following, where 
did those rules come from, who is responsible for them, and how do you audit something 
you didn't directly create?

Investigation in a CS context has a dimension that other subjects don't: students can 
actually look under the hood, at least partially. Examining how a model's outputs change 
based on di�erent inputs, exploring the documented limitations and known failure modes 
of speci�c systems, reading the technical literature on bias in machine learning, these are 
all forms of investigation that are accessible to students with a programming background 
and that produce a level of understanding most adults who use these tools daily never 
develop. 

A CS class that spends time on adversarial prompting, on the deliberate construction of 
inputs designed to expose the edges of a model's behavior, is doing genuine investigative 
work that builds both technical understanding and critical instinct simultaneously.

�ere's also an ethical dimension to computer science and AI that belongs speci�cally in 
CS classrooms rather than being le� entirely to humanities teachers to address. �e 
people who build these systems make choices. About what data to use and what to 
exclude. About what the model should optimize for. About how to handle edge cases and 
failure modes. About who bears the cost when the system gets something wrong. 
Students who are learning to build so�ware are learning to make exactly these kinds of 
choices, and introducing them to the ethical weight of those choices while they're still 
forming their professional identity is considerably more e�ective than addressing it a�er 
the fact. 

�e question of what responsible engineering looks like in an age of AI systems with 
broad social impact is one of the most important questions in the �eld right now, and it 
belongs in the curriculum.

At the mastery level, computer science students have access to a version of AI 
collaboration that is genuinely di�erent from what other subjects o�er. �ey can build 
with these tools, integrate them into projects, and develop a practical understanding of 
where AI capabilities are genuinely useful and where they produce bri�le, unreliable 
results that require more human oversight than they save in e�ort. �at hands-on, 
build-and-break relationship with AI is one of the most e�ective paths to the kind of 
calibrated judgment mastery requires. 

A CS student who has tried to use AI to generate functional code, debugged the results, 
identi�ed the systematic pa�erns in where it fails, and developed a working sense of when 
to use it and when to write from scratch has internalized the mastery principle in a way 
that will transfer across every context where these tools appear.

A NOTE ON CROSS-DISCIPLINARY POSSIBILITIES

�e most interesting applications of the AIM™ Framework o�en happen at the edges 
between subjects, where a question that starts in one class turns out to connect to 
something being explored in another.

A history class examining how AI summarizes the causes of a war might �nd itself having 
a conversation that belongs equally in a media literacy unit, an ethics seminar, and a 
statistics class. A science class investigating AI bias might end up in territory that overlaps 
with social studies, philosophy, and mathematics. An English class discussing authorship in 
the age of AI might �nd unexpected common ground with the arts and with computer 
science.

�at porousness is a feature of genuine learning rather than a curriculum design problem. 
�e AIM™ Framework doesn't require subjects to stay in their lanes. It creates a shared 
vocabulary that makes cross-disciplinary conversation easier, because students in 
di�erent classes are developing related habits of mind around the same underlying 
questions. When a student trained in Investigation in her English class brings that same 
instinct to a science assignment, that's the framework working exactly as intended.

The Educator's Role: 
Guide, Not Expert
Something worth saying clearly, before anything else in this section: there is no such thing 
as an AI expert right now in the way that phrase is normally used. �ere are people with 
deep technical knowledge of speci�c systems. �ere are researchers working on speci�c 
problems. �ere are practitioners who have developed genuine �uency with particular 
tools in particular contexts. But the �eld is moving fast enough, and the implications are 
broad enough, that nobody has the whole picture. Anyone who presents themselves as 
fully authoritative on AI in education is either working in a very narrow slice of the subject 
or overestimating their own map.

�is is actually good news for educators, even if it doesn't immediately feel that way.

�e pressure many teachers feel around AI comes partly from the assumption that they're 
supposed to be ahead of their students on this, that they should have answers to 
questions students are already asking, that admi�ing uncertainty is a failure of 
professional preparation. �at pressure is both understandable and largely misplaced. �e 
educators who are doing the most meaningful work with AI literacy right now are not the 
ones who have positioned themselves as experts. �ey're the ones who have go�en 
comfortable saying "I don't know, let's �nd out" and meaning it, who treat their own 
curiosity about these systems as a resource rather than a liability.

�at posture, being openly and visibly in the process of �guring something out, is one of 
the most powerful things a teacher can model. Students who watch an educator 
encounter something unfamiliar and respond with genuine curiosity rather than anxiety 
or false con�dence are learning something about how to inhabit uncertainty that no 
lesson plan can teach directly. And right now, in this particular moment, that lesson is 
unusually valuable because uncertainty about AI is the honest position. Anyone telling 
students otherwise is doing them a disservice.

WHAT GUIDING ACTUALLY LOOKS LIKE

�e shi� from expert to guide is real, but it isn't a retreat. It requires a di�erent kind of 
preparation and a di�erent set of skills, not fewer or lesser ones.

A guide knows the terrain well enough to help others navigate it without having to have 

been everywhere personally. In the context of AI literacy, that means an educator who 
understands the conceptual landscape well enough to ask productive questions, 
recognize when a student's thinking is developing in an interesting direction, know which 
rabbit holes are worth going down and which ones will eat a class period without 
producing anything useful, and create conditions where genuine inquiry can happen. 
�at's a sophisticated set of capabilities. It just looks di�erent from the front-of-room 
authority model that teaching has defaulted to for most of its history.

It also means being honest in front of students when an AI does something surprising. 
When a tool produces an output that's more interesting or more problematic than 
expected, saying so out loud. When a student asks a question about how something 
works that the teacher can't fully answer, treating that as an invitation to investigate 
together rather than a gap to paper over. When the class collectively discovers something 
about an AI's behavior that nobody anticipated, le�ing that discovery breathe rather than 
rushing to the next item on the agenda.

�ese moments of shared inquiry are not losses of control. �ey're the framework 
working as intended.

THE TRANSPARENCY DIVIDEND

�ere's a speci�c practice worth naming here because it pays dividends well beyond AI 
literacy, and that's the habit of thinking out loud about technology in front of students.

When an educator uses an AI tool as part of their actual work, whether that's generating a 
dra� of a worksheet, summarizing a long document, brainstorming assessment ideas, or 
researching an unfamiliar topic, and narrates that process for students, something useful 
happens. Students see what thoughtful, critical engagement with these tools actually 
looks like in practice. �ey see the moment when the output is good enough to use and 
the moment when it isn't. �ey see the judgment calls: what to keep, what to discard, 
what to verify, what to rewrite entirely. �ey see that using AI well is a skill with a texture 
and a process, not a bu�on you press and then accept whatever comes back.

�is kind of transparent, narrated practice is particularly valuable because it addresses 
something that most AI literacy instruction doesn't: the gap between knowing the 
principles and actually applying them in the �ow of real work. Students can understand 
intellectually that they should verify AI outputs and still default to accepting them in 
practice, because the habit hasn't been built through observation and repetition. 

Watching a trusted adult model the habit, repeatedly and without making a production of 
it, is one of the most reliable ways to close that gap.

It also has the side e�ect of making educators more re�ective about their own AI use, 
which is not nothing. Teachers who regularly narrate their process tend to develop a 
clearer and more honest picture of when they're using these tools thoughtfully and when 
they're reaching for them out of convenience without the scrutiny that convenience 
deserves.

STAYING CURRENT WITHOUT LOSING YOUR MIND

�e pace of change in AI is genuinely daunting, and the volume of commentary, opinion, 
hot takes, and breathless announcements that accompany every new development 
doesn't make it easier to know where to direct a�ention. New tools emerge constantly. 
Existing tools update in ways that change their behavior signi�cantly. �e research 
literature is expanding faster than anyone can follow comprehensively. And underneath 
all of it is a steady low hum of anxiety about what this means for jobs, for education, for 
creativity, for society, which makes it hard to engage with any speci�c development 
without it feeling weighted by the larger unresolved questions.

�e most sustainable approach to staying current isn't trying to follow everything. It's 
developing a small set of trusted sources, maintaining an active practice of 
experimentation rather than just consumption, and being selective about which 
conversations are actually worth joining versus which ones are producing more heat than 
light. �e goal isn't comprehensive knowledge of the AI landscape. It's enough orientation 
to serve students well, and the con�dence to acknowledge honestly when something is 
moving faster than your current understanding can track.

�ere's also something to be said for the value of being slightly behind the cu�ing edge. 
�e most recent and most hyped development in any technology �eld is rarely the thing 
that turns out to ma�er most educationally. �e ideas and implications that are worth 
spending classroom time on tend to be the ones that have had enough time to be 
examined and stress-tested, not the ones that arrived last Tuesday with a glossy 
announcement and a waitlist. 

A teacher who is six months behind the most recent AI development but genuinely 
understands the foundational concepts and has a solid practice of critical engagement is 
serving students far be�er than one who chases every new release without the 
conceptual grounding to evaluate what any of it means.

THE PERMISSION EDUCATORS SOMETIMES NEED

�ere's a conversation that comes up regularly when educators engage seriously with AI 
literacy, and it usually sounds something like: "I want to do this, but I don't have the 
support, the time, the training, or the administrative buy-in to do it properly. So where do I 
start?"

�e honest answer is: smaller than you think, and sooner than feels comfortable.

�e AIM™ Framework doesn't require a new course, a new unit, a new device, or a new 
policy. It requires a question. Ask students where they've encountered AI this week and 
actually listen to the answers. Bring an AI-generated text into class and ask students to 
read it critically. Share something you tried with an AI tool and what you noticed. Let a 
student catch something you didn't. 

�ese are not grand gestures. �ey're the kind of small, intentional moves that 
accumulate into something real over the course of a semester, and they don't require 
permission from anyone.

�e educators who have the most impact on how their students relate to AI are not 
necessarily the ones in schools with the most resources or the most progressive 
technology policies. �ey're the ones who decided that this was worth paying a�ention to, 
found a place for it in what they were already doing, and kept showing up with curiosity 
and honesty about what they did and didn't know. 

�at combination of commitment and humility is not a product of any professional 
development program. It's a disposition, and it's one that good teachers have always 
brought to the things that ma�er most.
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Applying AIM™ Across the 
Curriculum
One of the questions educators ask most o�en when they encounter a framework like this 
is some version of "that's interesting, but where does it �t?" �ey're not being dismissive. 
�ey're being practical. A high school biology teacher with a packed curriculum, a 
standardized test on the horizon, and thirty-two students who have wildly di�erent levels 
of preparation doesn't have room for a new subject. She has room, maybe, for a new lens 
on the subject she's already teaching.

�at's exactly what the AIM™ Framework is designed to be.

None of the three pillars require dedicated class time to introduce from scratch. �ey don't 
require a technology unit or a special semester or permission from a curriculum 
commi�ee. �ey require a teacher who is willing to ask slightly di�erent questions about 
the material already in front of them, and who is comfortable le�ing those questions lead 
somewhere unexpected. 

�e framework travels. It works di�erently in di�erent subjects, but it works in all of them, 
and the examples below are meant to illustrate that range rather than prescribe exactly 
how it should look in any speci�c classroom.

HISTORY AND SOCIAL STUDIES

History is one of the richest possible contexts for all three pillars, because history is 
fundamentally a discipline about whose story gets told, by whom, and with what 
omissions. AI, it turns out, has a great deal to say about all three of those questions.

Awareness in a history classroom might start with something as simple as asking students 
to enter a signi�cant historical event into an AI tool and read what comes back. Not to 
evaluate it yet, just to read it. �en ask: who is centered in this account? Whose 
perspective is most visible? What period does the narrative seem to be drawing from? 
Students who have spent any time thinking about historiography will immediately notice 
things that students who haven't will need a moment to see. 

Either way, the AI output becomes a text worth analyzing, which is something history 
teachers know how to do.

Investigation follows naturally. Students can compare the AI's account against primary 
sources, against accounts wri�en by historians from di�erent traditions, against oral 
histories or community narratives that don't appear in mainstream textbook coverage. 

�e gaps between those sources are where the most interesting historical thinking 
happens, and AI has a particular tendency to reproduce the dominant narrative of any 
given event, which makes it a useful foil for exactly the kind of critical analysis history 
education is supposed to develop.

At the mastery level, a genuinely challenging exercise is asking students to use AI to 
construct the most thorough, well-sourced argument they can for a historical 
interpretation they personally disagree with, and then to respond to that argument using 
their own research and reasoning. �is requires them to take seriously a perspective they 
might otherwise dismiss, to understand it well enough to represent it fairly, and then to 
engage with it substantively rather than super�cially. �at's sophisticated historical 
thinking, and the AI makes it more accessible without doing the intellectual work for 
them.

SCIENCE

Science education has a complicated relationship with AI right now, partly because AI is 
increasingly being used in actual scienti�c research and partly because the outputs AI 
produces about scienti�c topics can range from impressively accurate to con�dently, 
dangerously wrong. Both of those things make it an excellent classroom subject.

Awareness in a science class might focus on where students already encounter AI in 
scienti�c contexts without realizing it. Weather forecasting models. Medical diagnostic 
tools. Drug discovery platforms. Agricultural yield prediction. Climate modeling. AI is 
embedded in the practice of science in ways that most science curricula haven't caught up 
with yet, and making that visible gives students a more accurate picture of the �eld they're 
studying and potentially entering.

Investigation in a science classroom has an obvious structure: take an AI explanation of a 
scienti�c concept or process, and subject it to the same scrutiny students would apply to 
any source. Is the mechanism described accurately? Are the numbers right? Does the 
explanation re�ect current scienti�c consensus or an older understanding? Is the 
uncertainty in the science represented honestly, or has the AI smoothed over genuine 
ongoing debate to produce a cleaner answer than the evidence actually supports? 

�at last question is particularly rich in science education, where the di�erence between 
se�led science and active research questions is something students o�en never get a clear 
picture of.

One of the most memorable investigations a science class can run is asking students to 
prompt an AI on a topic where scienti�c understanding has changed signi�cantly over 
time, evolution, the germ theory of disease, the structure of the atom, and examine how 
the AI navigates the historical development of the idea versus the current understanding. 

Does it present the history accurately? Does it distinguish between what was believed and 
what is now known? �ese questions develop exactly the scienti�c epistemology that 
science education is supposed to build.

At the mastery level, the most natural integration is using AI as a research accelerator 
while keeping the intellectual work in student hands. Students can use AI to get a quick 
orientation to an unfamiliar topic, identify the key concepts and terminology, and map the 
basic landscape before diving into primary sources and actual data. What they cannot do, 
if the assignment is designed well, is use AI to do the thinking that the assignment is 
meant to develop. 

Designing assignments that make that distinction clear is one of the more interesting 
instructional challenges the mastery pillar creates for science teachers, and most of them 
�nd it produces be�er assignments than they were writing before.

ENGLISH AND WRITING

English teachers have had the most publicly visible and contentious relationship with AI of 
any subject area, largely because language generation is what these tools are most visibly 
capable of and writing is what English teachers are most responsible for assessing. �e 
conversations in English departments about AI have o�en been framed around detection, 
policy, and prevention, which is understandable but somewhat misses where the real 
opportunity sits.

Awareness in an English classroom is really about expanding what students understand 
authorship to mean. Where does a piece of writing come from? What is the relationship 
between the words on the page and the person who produced them? What does it mean 
to have a voice, and can a system that has no experiences, no stake in the outcome, and 
no persistent self across conversations be said to have one? 

�ese are not new questions in literary study. �ey're questions that get newly interesting 
when the entity producing text is a machine.

Investigation in English might involve giving students an AI-generated essay and a 
human-wri�en essay on the same topic and asking them to identify the speci�c qualities 
that distinguish them. Not just "which is be�er" but what speci�cally is present in one that 
isn't in the other. What does the human writer do with uncertainty? How do they handle 
complexity? Where do they take risks that the AI doesn't? Where does the AI produce 
something that sounds authoritative but dissolves under scrutiny? 

�e comparison exercise develops close reading skills that transfer to any text, and the 
discussion it generates tends to be genuinely lively because students have strong 
intuitions about it that they struggle to articulate precisely, which is exactly where good 
English teaching lives.

At the mastery level, the most productive reframe for writing teachers is moving from "did 
the student use AI" as the central question to "what did the student contribute" as the 
central question. An assignment designed around the la�er is much harder to circumvent 
and much more educationally interesting. Ask students to use AI to generate a �rst dra� 
and then to substantially revise it, documenting every signi�cant change they made and 
explaining why they made it. 

�e revision process is where the learning happens in writing, and an AI dra� is in some 
ways a be�er starting point for teaching revision than a student's own �rst dra�, precisely 
because the student has no emotional a�achment to it and can cut it without hesitation.

THE ARTS

�e relationship between AI and creative work is one of the most genuinely contested 
spaces in this entire conversation, and it deserves more than a footnote. Artists, 
illustrators, musicians, and writers have raised serious and legitimate questions about AI 
systems trained on their work without consent, and those questions belong in the 
classroom as part of what students learn about the ethical dimensions of this technology.

Awareness in an arts classroom might start with that context: where did the training data 
for AI image generators, music composition tools, and writing assistants actually come 
from? What does it mean to train a system on the creative output of human beings who 
didn't agree to contribute to it? What does that do to questions of artistic ownership, 
originality, and value? 

�ese aren't rhetorical questions designed to produce a predetermined conclusion. 
�ey're genuinely open questions that the art world, the legal system, and the technology 
industry are actively working through, and students who engage with them seriously are 
developing exactly the kind of ethical reasoning that creative �elds require.

Investigation in the arts can take a particularly interesting form: using AI-generated 
creative work as a subject of critical analysis rather than a tool for production. What 
choices did the system make in generating this image, this piece of music, this poem? 
What aesthetic sensibility does it seem to re�ect? Whose aesthetic sensibility? What is it 
optimizing for, and how do you know? �ese questions develop critical vocabulary and 
analytical thinking that applies to all creative work, human or otherwise.

Mastery in a creative context is probably the most nuanced version of the pillar across all 
subjects, because the question of where the AI ends and the student begins is both 
practically and philosophically complex. �e most honest and productive approach is to 
make that complexity the subject rather than trying to resolve it. Students who are asked 
to use AI as a creative starting point and then to transform, critique, and respond to what it 
produces, while documenting their thinking throughout, are engaging with questions 
about authorship, intention, and creative identity that artists have always had to grapple 
with. �e AI just makes those questions newly urgent and unusually visible.

MATHEMATICS

Mathematics has an interesting and underexplored relationship with AI literacy, partly 
because AI is built on mathematical foundations that most students never see, and partly 
because math class is one of the few places where the question of whether an answer is 
correct has an actual de�nitive answer. �at second quality makes it uniquely useful for 
Investigation in particular.

Awareness in a mathematics classroom might start with demystifying what AI actually is 
at a structural level, without requiring students to become statisticians. Probability. Pa�ern 
recognition. Weighted decisions. Optimization. �ese are mathematical ideas, and 
students who have encountered them in a math context already have more intuition 
about how AI works than they realize. 

Making that connection explicit, helping students see that the AI generating a paragraph 
of text and the algorithm deciding the shortest route between two points are drawing on 
related mathematical logic, gives math a relevance to contemporary life that students 
o�en don't expect to �nd there.

Investigation in math takes on a character that no other subject can quite replicate, 
because math is one of the few domains where you can check an AI's work with certainty. 
Ask students to use AI to solve a set of problems, then verify every step of the working. 
Not just whether the �nal answer is right, but whether the method is sound, whether the 
AI took a valid path to get there, and whether it would have arrived at the right answer for 
the right reasons or simply landed correctly by a �awed route. 

�at last distinction ma�ers enormously in mathematics education, where the process is 
o�en more important than the answer, and it produces a version of Investigation that is 
rigorous in a very speci�c and satisfying way.

�ere is also something worth exploring in the way AI handles mathematical uncertainty 
and estimation. Ask it to solve a problem that is intentionally ambiguous, or one that has 
multiple valid approaches, and examine how it navigates that ambiguity. 

Does it acknowledge it? Does it pick one path without explanation? Does it present one 
method as if it were the only method? �ese questions develop mathematical thinking 
about the nature of proof, the validity of di�erent approaches, and the di�erence between 
a correct answer and a complete understanding.

At the mastery level, mathematics o�ers one of the clearest illustrations of the 
collaboration principle at the heart of this pillar. AI can execute calculations, generate 
proofs, and work through procedures with speed and accuracy that no student can match 
by hand. 

�e question is what that leaves for the student to do, and the answer is everything that 
actually constitutes mathematical understanding: knowing which procedure is 
appropriate, recognizing why a particular approach reveals something the others don't, 
understanding what the answer means in the context of a real problem, and developing 
the intuition that comes only from having worked through enough problems manually to 
have a feel for when something doesn't look right. �at intuition is not incidental to 
mathematical education. It's the goal. And it cannot be developed by watching an AI do 
the work.

COMPUTER SCIENCE

�ere's a particular irony in the fact that computer science classrooms are sometimes the 
least equipped to handle AI literacy well. �e assumption is that because the subject is 
technical, students in CS courses must already have a sophisticated understanding of AI. In 

practice, knowing how to write code and understanding what a large language model is 
actually doing are quite di�erent kinds of knowledge, and con�ating them does students 
in both directions a disservice.

Awareness in a computer science classroom can go deeper than in any other subject, and 
it should. Students who are learning to write programs have the conceptual foundation to 
understand, at a meaningful level, what it means for a system to be trained on data rather 
than explicitly programmed with rules. 

�e di�erence between writing an algorithm that sorts a list and training a model that 
learns to recognize pa�erns is a genuinely important conceptual distinction, and CS 
students are well positioned to grasp it. 

What awareness asks of them isn't just that they understand it technically but that they sit 
with its implications: if no human explicitly wrote the rules the model is following, where 
did those rules come from, who is responsible for them, and how do you audit something 
you didn't directly create?

Investigation in a CS context has a dimension that other subjects don't: students can 
actually look under the hood, at least partially. Examining how a model's outputs change 
based on di�erent inputs, exploring the documented limitations and known failure modes 
of speci�c systems, reading the technical literature on bias in machine learning, these are 
all forms of investigation that are accessible to students with a programming background 
and that produce a level of understanding most adults who use these tools daily never 
develop. 

A CS class that spends time on adversarial prompting, on the deliberate construction of 
inputs designed to expose the edges of a model's behavior, is doing genuine investigative 
work that builds both technical understanding and critical instinct simultaneously.

�ere's also an ethical dimension to computer science and AI that belongs speci�cally in 
CS classrooms rather than being le� entirely to humanities teachers to address. �e 
people who build these systems make choices. About what data to use and what to 
exclude. About what the model should optimize for. About how to handle edge cases and 
failure modes. About who bears the cost when the system gets something wrong. 
Students who are learning to build so�ware are learning to make exactly these kinds of 
choices, and introducing them to the ethical weight of those choices while they're still 
forming their professional identity is considerably more e�ective than addressing it a�er 
the fact. 

�e question of what responsible engineering looks like in an age of AI systems with 
broad social impact is one of the most important questions in the �eld right now, and it 
belongs in the curriculum.

At the mastery level, computer science students have access to a version of AI 
collaboration that is genuinely di�erent from what other subjects o�er. �ey can build 
with these tools, integrate them into projects, and develop a practical understanding of 
where AI capabilities are genuinely useful and where they produce bri�le, unreliable 
results that require more human oversight than they save in e�ort. �at hands-on, 
build-and-break relationship with AI is one of the most e�ective paths to the kind of 
calibrated judgment mastery requires. 

A CS student who has tried to use AI to generate functional code, debugged the results, 
identi�ed the systematic pa�erns in where it fails, and developed a working sense of when 
to use it and when to write from scratch has internalized the mastery principle in a way 
that will transfer across every context where these tools appear.

A NOTE ON CROSS-DISCIPLINARY POSSIBILITIES

�e most interesting applications of the AIM™ Framework o�en happen at the edges 
between subjects, where a question that starts in one class turns out to connect to 
something being explored in another.

A history class examining how AI summarizes the causes of a war might �nd itself having 
a conversation that belongs equally in a media literacy unit, an ethics seminar, and a 
statistics class. A science class investigating AI bias might end up in territory that overlaps 
with social studies, philosophy, and mathematics. An English class discussing authorship in 
the age of AI might �nd unexpected common ground with the arts and with computer 
science.

�at porousness is a feature of genuine learning rather than a curriculum design problem. 
�e AIM™ Framework doesn't require subjects to stay in their lanes. It creates a shared 
vocabulary that makes cross-disciplinary conversation easier, because students in 
di�erent classes are developing related habits of mind around the same underlying 
questions. When a student trained in Investigation in her English class brings that same 
instinct to a science assignment, that's the framework working exactly as intended.

The Educator's Role: 
Guide, Not Expert
Something worth saying clearly, before anything else in this section: there is no such thing 
as an AI expert right now in the way that phrase is normally used. �ere are people with 
deep technical knowledge of speci�c systems. �ere are researchers working on speci�c 
problems. �ere are practitioners who have developed genuine �uency with particular 
tools in particular contexts. But the �eld is moving fast enough, and the implications are 
broad enough, that nobody has the whole picture. Anyone who presents themselves as 
fully authoritative on AI in education is either working in a very narrow slice of the subject 
or overestimating their own map.

�is is actually good news for educators, even if it doesn't immediately feel that way.

�e pressure many teachers feel around AI comes partly from the assumption that they're 
supposed to be ahead of their students on this, that they should have answers to 
questions students are already asking, that admi�ing uncertainty is a failure of 
professional preparation. �at pressure is both understandable and largely misplaced. �e 
educators who are doing the most meaningful work with AI literacy right now are not the 
ones who have positioned themselves as experts. �ey're the ones who have go�en 
comfortable saying "I don't know, let's �nd out" and meaning it, who treat their own 
curiosity about these systems as a resource rather than a liability.

�at posture, being openly and visibly in the process of �guring something out, is one of 
the most powerful things a teacher can model. Students who watch an educator 
encounter something unfamiliar and respond with genuine curiosity rather than anxiety 
or false con�dence are learning something about how to inhabit uncertainty that no 
lesson plan can teach directly. And right now, in this particular moment, that lesson is 
unusually valuable because uncertainty about AI is the honest position. Anyone telling 
students otherwise is doing them a disservice.

WHAT GUIDING ACTUALLY LOOKS LIKE

�e shi� from expert to guide is real, but it isn't a retreat. It requires a di�erent kind of 
preparation and a di�erent set of skills, not fewer or lesser ones.

A guide knows the terrain well enough to help others navigate it without having to have 

been everywhere personally. In the context of AI literacy, that means an educator who 
understands the conceptual landscape well enough to ask productive questions, 
recognize when a student's thinking is developing in an interesting direction, know which 
rabbit holes are worth going down and which ones will eat a class period without 
producing anything useful, and create conditions where genuine inquiry can happen. 
�at's a sophisticated set of capabilities. It just looks di�erent from the front-of-room 
authority model that teaching has defaulted to for most of its history.

It also means being honest in front of students when an AI does something surprising. 
When a tool produces an output that's more interesting or more problematic than 
expected, saying so out loud. When a student asks a question about how something 
works that the teacher can't fully answer, treating that as an invitation to investigate 
together rather than a gap to paper over. When the class collectively discovers something 
about an AI's behavior that nobody anticipated, le�ing that discovery breathe rather than 
rushing to the next item on the agenda.

�ese moments of shared inquiry are not losses of control. �ey're the framework 
working as intended.

THE TRANSPARENCY DIVIDEND

�ere's a speci�c practice worth naming here because it pays dividends well beyond AI 
literacy, and that's the habit of thinking out loud about technology in front of students.

When an educator uses an AI tool as part of their actual work, whether that's generating a 
dra� of a worksheet, summarizing a long document, brainstorming assessment ideas, or 
researching an unfamiliar topic, and narrates that process for students, something useful 
happens. Students see what thoughtful, critical engagement with these tools actually 
looks like in practice. �ey see the moment when the output is good enough to use and 
the moment when it isn't. �ey see the judgment calls: what to keep, what to discard, 
what to verify, what to rewrite entirely. �ey see that using AI well is a skill with a texture 
and a process, not a bu�on you press and then accept whatever comes back.

�is kind of transparent, narrated practice is particularly valuable because it addresses 
something that most AI literacy instruction doesn't: the gap between knowing the 
principles and actually applying them in the �ow of real work. Students can understand 
intellectually that they should verify AI outputs and still default to accepting them in 
practice, because the habit hasn't been built through observation and repetition. 

Watching a trusted adult model the habit, repeatedly and without making a production of 
it, is one of the most reliable ways to close that gap.

It also has the side e�ect of making educators more re�ective about their own AI use, 
which is not nothing. Teachers who regularly narrate their process tend to develop a 
clearer and more honest picture of when they're using these tools thoughtfully and when 
they're reaching for them out of convenience without the scrutiny that convenience 
deserves.

STAYING CURRENT WITHOUT LOSING YOUR MIND

�e pace of change in AI is genuinely daunting, and the volume of commentary, opinion, 
hot takes, and breathless announcements that accompany every new development 
doesn't make it easier to know where to direct a�ention. New tools emerge constantly. 
Existing tools update in ways that change their behavior signi�cantly. �e research 
literature is expanding faster than anyone can follow comprehensively. And underneath 
all of it is a steady low hum of anxiety about what this means for jobs, for education, for 
creativity, for society, which makes it hard to engage with any speci�c development 
without it feeling weighted by the larger unresolved questions.

�e most sustainable approach to staying current isn't trying to follow everything. It's 
developing a small set of trusted sources, maintaining an active practice of 
experimentation rather than just consumption, and being selective about which 
conversations are actually worth joining versus which ones are producing more heat than 
light. �e goal isn't comprehensive knowledge of the AI landscape. It's enough orientation 
to serve students well, and the con�dence to acknowledge honestly when something is 
moving faster than your current understanding can track.

�ere's also something to be said for the value of being slightly behind the cu�ing edge. 
�e most recent and most hyped development in any technology �eld is rarely the thing 
that turns out to ma�er most educationally. �e ideas and implications that are worth 
spending classroom time on tend to be the ones that have had enough time to be 
examined and stress-tested, not the ones that arrived last Tuesday with a glossy 
announcement and a waitlist. 

A teacher who is six months behind the most recent AI development but genuinely 
understands the foundational concepts and has a solid practice of critical engagement is 
serving students far be�er than one who chases every new release without the 
conceptual grounding to evaluate what any of it means.

THE PERMISSION EDUCATORS SOMETIMES NEED

�ere's a conversation that comes up regularly when educators engage seriously with AI 
literacy, and it usually sounds something like: "I want to do this, but I don't have the 
support, the time, the training, or the administrative buy-in to do it properly. So where do I 
start?"

�e honest answer is: smaller than you think, and sooner than feels comfortable.

�e AIM™ Framework doesn't require a new course, a new unit, a new device, or a new 
policy. It requires a question. Ask students where they've encountered AI this week and 
actually listen to the answers. Bring an AI-generated text into class and ask students to 
read it critically. Share something you tried with an AI tool and what you noticed. Let a 
student catch something you didn't. 

�ese are not grand gestures. �ey're the kind of small, intentional moves that 
accumulate into something real over the course of a semester, and they don't require 
permission from anyone.

�e educators who have the most impact on how their students relate to AI are not 
necessarily the ones in schools with the most resources or the most progressive 
technology policies. �ey're the ones who decided that this was worth paying a�ention to, 
found a place for it in what they were already doing, and kept showing up with curiosity 
and honesty about what they did and didn't know. 

�at combination of commitment and humility is not a product of any professional 
development program. It's a disposition, and it's one that good teachers have always 
brought to the things that ma�er most.
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Applying AIM™ Across the 
Curriculum
One of the questions educators ask most o�en when they encounter a framework like this 
is some version of "that's interesting, but where does it �t?" �ey're not being dismissive. 
�ey're being practical. A high school biology teacher with a packed curriculum, a 
standardized test on the horizon, and thirty-two students who have wildly di�erent levels 
of preparation doesn't have room for a new subject. She has room, maybe, for a new lens 
on the subject she's already teaching.

�at's exactly what the AIM™ Framework is designed to be.

None of the three pillars require dedicated class time to introduce from scratch. �ey don't 
require a technology unit or a special semester or permission from a curriculum 
commi�ee. �ey require a teacher who is willing to ask slightly di�erent questions about 
the material already in front of them, and who is comfortable le�ing those questions lead 
somewhere unexpected. 

�e framework travels. It works di�erently in di�erent subjects, but it works in all of them, 
and the examples below are meant to illustrate that range rather than prescribe exactly 
how it should look in any speci�c classroom.

HISTORY AND SOCIAL STUDIES

History is one of the richest possible contexts for all three pillars, because history is 
fundamentally a discipline about whose story gets told, by whom, and with what 
omissions. AI, it turns out, has a great deal to say about all three of those questions.

Awareness in a history classroom might start with something as simple as asking students 
to enter a signi�cant historical event into an AI tool and read what comes back. Not to 
evaluate it yet, just to read it. �en ask: who is centered in this account? Whose 
perspective is most visible? What period does the narrative seem to be drawing from? 
Students who have spent any time thinking about historiography will immediately notice 
things that students who haven't will need a moment to see. 

Either way, the AI output becomes a text worth analyzing, which is something history 
teachers know how to do.

Investigation follows naturally. Students can compare the AI's account against primary 
sources, against accounts wri�en by historians from di�erent traditions, against oral 
histories or community narratives that don't appear in mainstream textbook coverage. 

�e gaps between those sources are where the most interesting historical thinking 
happens, and AI has a particular tendency to reproduce the dominant narrative of any 
given event, which makes it a useful foil for exactly the kind of critical analysis history 
education is supposed to develop.

At the mastery level, a genuinely challenging exercise is asking students to use AI to 
construct the most thorough, well-sourced argument they can for a historical 
interpretation they personally disagree with, and then to respond to that argument using 
their own research and reasoning. �is requires them to take seriously a perspective they 
might otherwise dismiss, to understand it well enough to represent it fairly, and then to 
engage with it substantively rather than super�cially. �at's sophisticated historical 
thinking, and the AI makes it more accessible without doing the intellectual work for 
them.

SCIENCE

Science education has a complicated relationship with AI right now, partly because AI is 
increasingly being used in actual scienti�c research and partly because the outputs AI 
produces about scienti�c topics can range from impressively accurate to con�dently, 
dangerously wrong. Both of those things make it an excellent classroom subject.

Awareness in a science class might focus on where students already encounter AI in 
scienti�c contexts without realizing it. Weather forecasting models. Medical diagnostic 
tools. Drug discovery platforms. Agricultural yield prediction. Climate modeling. AI is 
embedded in the practice of science in ways that most science curricula haven't caught up 
with yet, and making that visible gives students a more accurate picture of the �eld they're 
studying and potentially entering.

Investigation in a science classroom has an obvious structure: take an AI explanation of a 
scienti�c concept or process, and subject it to the same scrutiny students would apply to 
any source. Is the mechanism described accurately? Are the numbers right? Does the 
explanation re�ect current scienti�c consensus or an older understanding? Is the 
uncertainty in the science represented honestly, or has the AI smoothed over genuine 
ongoing debate to produce a cleaner answer than the evidence actually supports? 

�at last question is particularly rich in science education, where the di�erence between 
se�led science and active research questions is something students o�en never get a clear 
picture of.

One of the most memorable investigations a science class can run is asking students to 
prompt an AI on a topic where scienti�c understanding has changed signi�cantly over 
time, evolution, the germ theory of disease, the structure of the atom, and examine how 
the AI navigates the historical development of the idea versus the current understanding. 

Does it present the history accurately? Does it distinguish between what was believed and 
what is now known? �ese questions develop exactly the scienti�c epistemology that 
science education is supposed to build.

At the mastery level, the most natural integration is using AI as a research accelerator 
while keeping the intellectual work in student hands. Students can use AI to get a quick 
orientation to an unfamiliar topic, identify the key concepts and terminology, and map the 
basic landscape before diving into primary sources and actual data. What they cannot do, 
if the assignment is designed well, is use AI to do the thinking that the assignment is 
meant to develop. 

Designing assignments that make that distinction clear is one of the more interesting 
instructional challenges the mastery pillar creates for science teachers, and most of them 
�nd it produces be�er assignments than they were writing before.

ENGLISH AND WRITING

English teachers have had the most publicly visible and contentious relationship with AI of 
any subject area, largely because language generation is what these tools are most visibly 
capable of and writing is what English teachers are most responsible for assessing. �e 
conversations in English departments about AI have o�en been framed around detection, 
policy, and prevention, which is understandable but somewhat misses where the real 
opportunity sits.

Awareness in an English classroom is really about expanding what students understand 
authorship to mean. Where does a piece of writing come from? What is the relationship 
between the words on the page and the person who produced them? What does it mean 
to have a voice, and can a system that has no experiences, no stake in the outcome, and 
no persistent self across conversations be said to have one? 

�ese are not new questions in literary study. �ey're questions that get newly interesting 
when the entity producing text is a machine.

Investigation in English might involve giving students an AI-generated essay and a 
human-wri�en essay on the same topic and asking them to identify the speci�c qualities 
that distinguish them. Not just "which is be�er" but what speci�cally is present in one that 
isn't in the other. What does the human writer do with uncertainty? How do they handle 
complexity? Where do they take risks that the AI doesn't? Where does the AI produce 
something that sounds authoritative but dissolves under scrutiny? 

�e comparison exercise develops close reading skills that transfer to any text, and the 
discussion it generates tends to be genuinely lively because students have strong 
intuitions about it that they struggle to articulate precisely, which is exactly where good 
English teaching lives.

At the mastery level, the most productive reframe for writing teachers is moving from "did 
the student use AI" as the central question to "what did the student contribute" as the 
central question. An assignment designed around the la�er is much harder to circumvent 
and much more educationally interesting. Ask students to use AI to generate a �rst dra� 
and then to substantially revise it, documenting every signi�cant change they made and 
explaining why they made it. 

�e revision process is where the learning happens in writing, and an AI dra� is in some 
ways a be�er starting point for teaching revision than a student's own �rst dra�, precisely 
because the student has no emotional a�achment to it and can cut it without hesitation.

THE ARTS

�e relationship between AI and creative work is one of the most genuinely contested 
spaces in this entire conversation, and it deserves more than a footnote. Artists, 
illustrators, musicians, and writers have raised serious and legitimate questions about AI 
systems trained on their work without consent, and those questions belong in the 
classroom as part of what students learn about the ethical dimensions of this technology.

Awareness in an arts classroom might start with that context: where did the training data 
for AI image generators, music composition tools, and writing assistants actually come 
from? What does it mean to train a system on the creative output of human beings who 
didn't agree to contribute to it? What does that do to questions of artistic ownership, 
originality, and value? 

�ese aren't rhetorical questions designed to produce a predetermined conclusion. 
�ey're genuinely open questions that the art world, the legal system, and the technology 
industry are actively working through, and students who engage with them seriously are 
developing exactly the kind of ethical reasoning that creative �elds require.

Investigation in the arts can take a particularly interesting form: using AI-generated 
creative work as a subject of critical analysis rather than a tool for production. What 
choices did the system make in generating this image, this piece of music, this poem? 
What aesthetic sensibility does it seem to re�ect? Whose aesthetic sensibility? What is it 
optimizing for, and how do you know? �ese questions develop critical vocabulary and 
analytical thinking that applies to all creative work, human or otherwise.

Mastery in a creative context is probably the most nuanced version of the pillar across all 
subjects, because the question of where the AI ends and the student begins is both 
practically and philosophically complex. �e most honest and productive approach is to 
make that complexity the subject rather than trying to resolve it. Students who are asked 
to use AI as a creative starting point and then to transform, critique, and respond to what it 
produces, while documenting their thinking throughout, are engaging with questions 
about authorship, intention, and creative identity that artists have always had to grapple 
with. �e AI just makes those questions newly urgent and unusually visible.

MATHEMATICS

Mathematics has an interesting and underexplored relationship with AI literacy, partly 
because AI is built on mathematical foundations that most students never see, and partly 
because math class is one of the few places where the question of whether an answer is 
correct has an actual de�nitive answer. �at second quality makes it uniquely useful for 
Investigation in particular.

Awareness in a mathematics classroom might start with demystifying what AI actually is 
at a structural level, without requiring students to become statisticians. Probability. Pa�ern 
recognition. Weighted decisions. Optimization. �ese are mathematical ideas, and 
students who have encountered them in a math context already have more intuition 
about how AI works than they realize. 

Making that connection explicit, helping students see that the AI generating a paragraph 
of text and the algorithm deciding the shortest route between two points are drawing on 
related mathematical logic, gives math a relevance to contemporary life that students 
o�en don't expect to �nd there.

Investigation in math takes on a character that no other subject can quite replicate, 
because math is one of the few domains where you can check an AI's work with certainty. 
Ask students to use AI to solve a set of problems, then verify every step of the working. 
Not just whether the �nal answer is right, but whether the method is sound, whether the 
AI took a valid path to get there, and whether it would have arrived at the right answer for 
the right reasons or simply landed correctly by a �awed route. 

�at last distinction ma�ers enormously in mathematics education, where the process is 
o�en more important than the answer, and it produces a version of Investigation that is 
rigorous in a very speci�c and satisfying way.

�ere is also something worth exploring in the way AI handles mathematical uncertainty 
and estimation. Ask it to solve a problem that is intentionally ambiguous, or one that has 
multiple valid approaches, and examine how it navigates that ambiguity. 

Does it acknowledge it? Does it pick one path without explanation? Does it present one 
method as if it were the only method? �ese questions develop mathematical thinking 
about the nature of proof, the validity of di�erent approaches, and the di�erence between 
a correct answer and a complete understanding.

At the mastery level, mathematics o�ers one of the clearest illustrations of the 
collaboration principle at the heart of this pillar. AI can execute calculations, generate 
proofs, and work through procedures with speed and accuracy that no student can match 
by hand. 

�e question is what that leaves for the student to do, and the answer is everything that 
actually constitutes mathematical understanding: knowing which procedure is 
appropriate, recognizing why a particular approach reveals something the others don't, 
understanding what the answer means in the context of a real problem, and developing 
the intuition that comes only from having worked through enough problems manually to 
have a feel for when something doesn't look right. �at intuition is not incidental to 
mathematical education. It's the goal. And it cannot be developed by watching an AI do 
the work.

COMPUTER SCIENCE

�ere's a particular irony in the fact that computer science classrooms are sometimes the 
least equipped to handle AI literacy well. �e assumption is that because the subject is 
technical, students in CS courses must already have a sophisticated understanding of AI. In 

practice, knowing how to write code and understanding what a large language model is 
actually doing are quite di�erent kinds of knowledge, and con�ating them does students 
in both directions a disservice.

Awareness in a computer science classroom can go deeper than in any other subject, and 
it should. Students who are learning to write programs have the conceptual foundation to 
understand, at a meaningful level, what it means for a system to be trained on data rather 
than explicitly programmed with rules. 

�e di�erence between writing an algorithm that sorts a list and training a model that 
learns to recognize pa�erns is a genuinely important conceptual distinction, and CS 
students are well positioned to grasp it. 

What awareness asks of them isn't just that they understand it technically but that they sit 
with its implications: if no human explicitly wrote the rules the model is following, where 
did those rules come from, who is responsible for them, and how do you audit something 
you didn't directly create?

Investigation in a CS context has a dimension that other subjects don't: students can 
actually look under the hood, at least partially. Examining how a model's outputs change 
based on di�erent inputs, exploring the documented limitations and known failure modes 
of speci�c systems, reading the technical literature on bias in machine learning, these are 
all forms of investigation that are accessible to students with a programming background 
and that produce a level of understanding most adults who use these tools daily never 
develop. 

A CS class that spends time on adversarial prompting, on the deliberate construction of 
inputs designed to expose the edges of a model's behavior, is doing genuine investigative 
work that builds both technical understanding and critical instinct simultaneously.

�ere's also an ethical dimension to computer science and AI that belongs speci�cally in 
CS classrooms rather than being le� entirely to humanities teachers to address. �e 
people who build these systems make choices. About what data to use and what to 
exclude. About what the model should optimize for. About how to handle edge cases and 
failure modes. About who bears the cost when the system gets something wrong. 
Students who are learning to build so�ware are learning to make exactly these kinds of 
choices, and introducing them to the ethical weight of those choices while they're still 
forming their professional identity is considerably more e�ective than addressing it a�er 
the fact. 

�e question of what responsible engineering looks like in an age of AI systems with 
broad social impact is one of the most important questions in the �eld right now, and it 
belongs in the curriculum.

At the mastery level, computer science students have access to a version of AI 
collaboration that is genuinely di�erent from what other subjects o�er. �ey can build 
with these tools, integrate them into projects, and develop a practical understanding of 
where AI capabilities are genuinely useful and where they produce bri�le, unreliable 
results that require more human oversight than they save in e�ort. �at hands-on, 
build-and-break relationship with AI is one of the most e�ective paths to the kind of 
calibrated judgment mastery requires. 

A CS student who has tried to use AI to generate functional code, debugged the results, 
identi�ed the systematic pa�erns in where it fails, and developed a working sense of when 
to use it and when to write from scratch has internalized the mastery principle in a way 
that will transfer across every context where these tools appear.

A NOTE ON CROSS-DISCIPLINARY POSSIBILITIES

�e most interesting applications of the AIM™ Framework o�en happen at the edges 
between subjects, where a question that starts in one class turns out to connect to 
something being explored in another.

A history class examining how AI summarizes the causes of a war might �nd itself having 
a conversation that belongs equally in a media literacy unit, an ethics seminar, and a 
statistics class. A science class investigating AI bias might end up in territory that overlaps 
with social studies, philosophy, and mathematics. An English class discussing authorship in 
the age of AI might �nd unexpected common ground with the arts and with computer 
science.

�at porousness is a feature of genuine learning rather than a curriculum design problem. 
�e AIM™ Framework doesn't require subjects to stay in their lanes. It creates a shared 
vocabulary that makes cross-disciplinary conversation easier, because students in 
di�erent classes are developing related habits of mind around the same underlying 
questions. When a student trained in Investigation in her English class brings that same 
instinct to a science assignment, that's the framework working exactly as intended.

Equity and Access: 
The Conversation We Can't Skip
Every conversation about AI in education eventually arrives here, and the ones that don't 
should. It's tempting to treat equity as a separate topic, something to address in its own 
section a�er the main ideas have been established. But equity isn't a footnote to AI 
literacy. It's woven into the substance of what students need to understand about these 
systems, and any framework that treats it as an add-on rather than a through-line is 
working with an incomplete picture of what's actually going on.

So let's be direct about a few things.

THE TOOLS WERE NOT BUILT FOR EVERYONE EQUALLY

AI systems are trained on data. �e data re�ects the world as it has been documented, 
and the world as it has been documented re�ects centuries of decisions about whose 
experiences, whose languages, whose histories, and whose ways of knowing were worth 
recording and preserving. 

�e result is that the training data underlying most major AI systems over-represents 
certain languages, certain cultural contexts, certain demographics, and certain ways of 
framing knowledge, while under-representing others in ways that are sometimes 
measurable and sometimes invisible until something goes wrong.

�is isn't a theoretical concern. It shows up in practice in ways that are concrete and 
consequential. AI systems have been documented producing less accurate results for 
certain skin tones in image recognition. Language models trained predominantly on 
English-language text produce noticeably di�erent quality outputs in other languages. 
Medical AI tools trained on datasets that underrepresented women or certain ethnic 
groups have produced recommendations that re�ected those gaps. �ese aren't edge 
cases or early growing pains that have since been resolved. �ey're systematic pa�erns 
that emerge from systematic gaps in the data, and they persist.

For students from communities that are underrepresented in training data, this has a 
speci�c implication: the AI tools they use may not serve them as well as they serve their 
peers, may not re�ect their histories and experiences accurately, and may produce outputs 
that treat their perspective as marginal or exceptional rather than central. A student who 
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has been taught to think critically about AI is equipped to notice this and to name it. A 
student who has only been taught to use AI e�ciently is not.
�is is one of the reasons the Investigation pillar is not optional. It isn't a nice extension 
activity for students who �nish early. It's the part of the framework that gives every 
student, regardless of background, the tools to evaluate whether a system is serving them 
well or reproducing pa�erns that don't re�ect their reality accurately. �at's not a technical 
skill. It's a form of self-advocacy, and it ma�ers.

ACCESS IS NOT A SOLVED PROBLEM

�ere is a version of the AI in education conversation that proceeds as if every student has 
a device, reliable internet, and a school that has worked through the policy and 
infrastructure questions required to use AI tools responsibly. �at version of the 
conversation is having a great time. It's also describing a reality that a signi�cant portion of 
students and educators don't live in.

�e digital divide didn't disappear when smartphones became common. It shi�ed and in 
some ways deepened, because the gap between basic access and meaningful access is 
wider than it's ever been. A student who can load a webpage on a shared family phone 
with an inconsistent data connection is not equivalently positioned to a student with a 
personal laptop, high-speed internet, and a school that has invested in AI-integrated 
curriculum. Both students might technically have "access to AI." �e educational 
experiences available to them are not the same.

�is ma�ers for the AIM™ Framework in a practical sense because it informs how the 
framework has to be designed to be genuinely useful. �e thinking skills at the heart of all 
three pillars, noticing where AI appears, questioning what it produces, developing 
judgment about how to engage with it responsibly, do not require constant hands-on 
access to AI tools. �ey require good questions, real discussion, and a teacher willing to 
create space for genuine inquiry. A class that has access to one shared device can run a 
meaningful Investigation exercise. A class with no devices at all can have an Awareness 
conversation that develops real conceptual understanding. 

�e framework travels to where students actually are rather than assuming a resource 
environment that doesn't exist everywhere.

�at said, it would be dishonest to frame limited access purely as a creative constraint that 
good teaching can always work around. Students who don't develop hands-on �uency 
with AI tools will eventually be at a disadvantage in contexts where those tools are 

standard. Acknowledging that reality, advocating within institutions for equitable access to 
technology and professional development, and being honest with students about the 
landscape they're entering are all part of what responsible AI literacy education looks like. 
�e framework can function with limited resources. �at doesn't mean resource 
limitations don't ma�er.

THE LABOR BEHIND THE INTERFACE

�ere's a dimension of AI literacy that almost never makes it into classroom 
conversations, and that's the human labor involved in building and maintaining these 
systems.

AI tools have a clean, minimal interface designed to make the technology feel seamless 
and automatic. What that interface doesn't show is the signi�cant human labor involved 
in making the systems work: the data labelers who annotate training sets, o�en in 
low-wage conditions in countries far from the companies pro�ting from their work, the 
content moderators who review and �lter harmful outputs at signi�cant psychological 
cost, the artists and writers whose work was used to train generative systems without 
their knowledge or consent and without compensation.

�ese aren't obscure facts buried in technical documentation. �ey're documented and 
reported, and they raise questions about the ethics of these systems that students are 
entirely capable of engaging with. Who bene�ts from AI? Who bears the cost? When we 
use a tool that was built on someone else's creative work without their agreement, what 
responsibility do we have as users? �ese questions don't have clean answers, and that's 
precisely what makes them worth asking.

An educator who brings this dimension of the conversation into the classroom is doing 
something important: they're helping students see AI not as a neutral technology that 
simply exists and does things, but as a product of economic and social decisions made by 
speci�c people and organizations with speci�c interests. �at understanding doesn't lead 
inevitably to any particular political conclusion. It leads to informed engagement rather 
than passive consumption, which is the goal of the framework taken as a whole.

WHO THIS CONVERSATION IS MOST URGENT FOR

AI literacy education is valuable for every student. It is not equally urgent for every 
student, and pretending otherwise �a�ens a real distinction that educators need to hold 
onto.

Students who come from communities that have historically been subject to algorithmic 
discrimination in hiring, lending, criminal justice, healthcare, and other high-stakes 
domains have a more immediate and personal stake in understanding how these systems 
work and what to do when they fail. 

Students whose languages, histories, and cultural knowledge are underrepresented in 
training data will encounter the gaps in these systems in ways their peers may not. 

Students who are most likely to enter workforce contexts where AI-driven systems make 
consequential decisions about them, with limited human oversight or appeal, have the 
most to gain from developing the vocabulary and the con�dence to question those 
systems.

None of this means that AI literacy is only for some students. It means that when thinking 
about how to prioritize, where to invest energy, and whose experience to center when 
designing learning experiences around these ideas, the students who have the most at 
stake deserve to be at the front of that thinking, not accommodated as an a�erthought 
once the main curriculum has been established for everyone else.

Good education has always worked this way, or has aspired to. �e AIM™ Framework 
doesn't change that principle. It just applies it to a new and consequential context.
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Applying AIM™ Across the 
Curriculum
One of the questions educators ask most o�en when they encounter a framework like this 
is some version of "that's interesting, but where does it �t?" �ey're not being dismissive. 
�ey're being practical. A high school biology teacher with a packed curriculum, a 
standardized test on the horizon, and thirty-two students who have wildly di�erent levels 
of preparation doesn't have room for a new subject. She has room, maybe, for a new lens 
on the subject she's already teaching.

�at's exactly what the AIM™ Framework is designed to be.

None of the three pillars require dedicated class time to introduce from scratch. �ey don't 
require a technology unit or a special semester or permission from a curriculum 
commi�ee. �ey require a teacher who is willing to ask slightly di�erent questions about 
the material already in front of them, and who is comfortable le�ing those questions lead 
somewhere unexpected. 

�e framework travels. It works di�erently in di�erent subjects, but it works in all of them, 
and the examples below are meant to illustrate that range rather than prescribe exactly 
how it should look in any speci�c classroom.

HISTORY AND SOCIAL STUDIES

History is one of the richest possible contexts for all three pillars, because history is 
fundamentally a discipline about whose story gets told, by whom, and with what 
omissions. AI, it turns out, has a great deal to say about all three of those questions.

Awareness in a history classroom might start with something as simple as asking students 
to enter a signi�cant historical event into an AI tool and read what comes back. Not to 
evaluate it yet, just to read it. �en ask: who is centered in this account? Whose 
perspective is most visible? What period does the narrative seem to be drawing from? 
Students who have spent any time thinking about historiography will immediately notice 
things that students who haven't will need a moment to see. 

Either way, the AI output becomes a text worth analyzing, which is something history 
teachers know how to do.

Investigation follows naturally. Students can compare the AI's account against primary 
sources, against accounts wri�en by historians from di�erent traditions, against oral 
histories or community narratives that don't appear in mainstream textbook coverage. 

�e gaps between those sources are where the most interesting historical thinking 
happens, and AI has a particular tendency to reproduce the dominant narrative of any 
given event, which makes it a useful foil for exactly the kind of critical analysis history 
education is supposed to develop.

At the mastery level, a genuinely challenging exercise is asking students to use AI to 
construct the most thorough, well-sourced argument they can for a historical 
interpretation they personally disagree with, and then to respond to that argument using 
their own research and reasoning. �is requires them to take seriously a perspective they 
might otherwise dismiss, to understand it well enough to represent it fairly, and then to 
engage with it substantively rather than super�cially. �at's sophisticated historical 
thinking, and the AI makes it more accessible without doing the intellectual work for 
them.

SCIENCE

Science education has a complicated relationship with AI right now, partly because AI is 
increasingly being used in actual scienti�c research and partly because the outputs AI 
produces about scienti�c topics can range from impressively accurate to con�dently, 
dangerously wrong. Both of those things make it an excellent classroom subject.

Awareness in a science class might focus on where students already encounter AI in 
scienti�c contexts without realizing it. Weather forecasting models. Medical diagnostic 
tools. Drug discovery platforms. Agricultural yield prediction. Climate modeling. AI is 
embedded in the practice of science in ways that most science curricula haven't caught up 
with yet, and making that visible gives students a more accurate picture of the �eld they're 
studying and potentially entering.

Investigation in a science classroom has an obvious structure: take an AI explanation of a 
scienti�c concept or process, and subject it to the same scrutiny students would apply to 
any source. Is the mechanism described accurately? Are the numbers right? Does the 
explanation re�ect current scienti�c consensus or an older understanding? Is the 
uncertainty in the science represented honestly, or has the AI smoothed over genuine 
ongoing debate to produce a cleaner answer than the evidence actually supports? 

�at last question is particularly rich in science education, where the di�erence between 
se�led science and active research questions is something students o�en never get a clear 
picture of.

One of the most memorable investigations a science class can run is asking students to 
prompt an AI on a topic where scienti�c understanding has changed signi�cantly over 
time, evolution, the germ theory of disease, the structure of the atom, and examine how 
the AI navigates the historical development of the idea versus the current understanding. 

Does it present the history accurately? Does it distinguish between what was believed and 
what is now known? �ese questions develop exactly the scienti�c epistemology that 
science education is supposed to build.

At the mastery level, the most natural integration is using AI as a research accelerator 
while keeping the intellectual work in student hands. Students can use AI to get a quick 
orientation to an unfamiliar topic, identify the key concepts and terminology, and map the 
basic landscape before diving into primary sources and actual data. What they cannot do, 
if the assignment is designed well, is use AI to do the thinking that the assignment is 
meant to develop. 

Designing assignments that make that distinction clear is one of the more interesting 
instructional challenges the mastery pillar creates for science teachers, and most of them 
�nd it produces be�er assignments than they were writing before.

ENGLISH AND WRITING

English teachers have had the most publicly visible and contentious relationship with AI of 
any subject area, largely because language generation is what these tools are most visibly 
capable of and writing is what English teachers are most responsible for assessing. �e 
conversations in English departments about AI have o�en been framed around detection, 
policy, and prevention, which is understandable but somewhat misses where the real 
opportunity sits.

Awareness in an English classroom is really about expanding what students understand 
authorship to mean. Where does a piece of writing come from? What is the relationship 
between the words on the page and the person who produced them? What does it mean 
to have a voice, and can a system that has no experiences, no stake in the outcome, and 
no persistent self across conversations be said to have one? 

�ese are not new questions in literary study. �ey're questions that get newly interesting 
when the entity producing text is a machine.

Investigation in English might involve giving students an AI-generated essay and a 
human-wri�en essay on the same topic and asking them to identify the speci�c qualities 
that distinguish them. Not just "which is be�er" but what speci�cally is present in one that 
isn't in the other. What does the human writer do with uncertainty? How do they handle 
complexity? Where do they take risks that the AI doesn't? Where does the AI produce 
something that sounds authoritative but dissolves under scrutiny? 

�e comparison exercise develops close reading skills that transfer to any text, and the 
discussion it generates tends to be genuinely lively because students have strong 
intuitions about it that they struggle to articulate precisely, which is exactly where good 
English teaching lives.

At the mastery level, the most productive reframe for writing teachers is moving from "did 
the student use AI" as the central question to "what did the student contribute" as the 
central question. An assignment designed around the la�er is much harder to circumvent 
and much more educationally interesting. Ask students to use AI to generate a �rst dra� 
and then to substantially revise it, documenting every signi�cant change they made and 
explaining why they made it. 

�e revision process is where the learning happens in writing, and an AI dra� is in some 
ways a be�er starting point for teaching revision than a student's own �rst dra�, precisely 
because the student has no emotional a�achment to it and can cut it without hesitation.

THE ARTS

�e relationship between AI and creative work is one of the most genuinely contested 
spaces in this entire conversation, and it deserves more than a footnote. Artists, 
illustrators, musicians, and writers have raised serious and legitimate questions about AI 
systems trained on their work without consent, and those questions belong in the 
classroom as part of what students learn about the ethical dimensions of this technology.

Awareness in an arts classroom might start with that context: where did the training data 
for AI image generators, music composition tools, and writing assistants actually come 
from? What does it mean to train a system on the creative output of human beings who 
didn't agree to contribute to it? What does that do to questions of artistic ownership, 
originality, and value? 

�ese aren't rhetorical questions designed to produce a predetermined conclusion. 
�ey're genuinely open questions that the art world, the legal system, and the technology 
industry are actively working through, and students who engage with them seriously are 
developing exactly the kind of ethical reasoning that creative �elds require.

Investigation in the arts can take a particularly interesting form: using AI-generated 
creative work as a subject of critical analysis rather than a tool for production. What 
choices did the system make in generating this image, this piece of music, this poem? 
What aesthetic sensibility does it seem to re�ect? Whose aesthetic sensibility? What is it 
optimizing for, and how do you know? �ese questions develop critical vocabulary and 
analytical thinking that applies to all creative work, human or otherwise.

Mastery in a creative context is probably the most nuanced version of the pillar across all 
subjects, because the question of where the AI ends and the student begins is both 
practically and philosophically complex. �e most honest and productive approach is to 
make that complexity the subject rather than trying to resolve it. Students who are asked 
to use AI as a creative starting point and then to transform, critique, and respond to what it 
produces, while documenting their thinking throughout, are engaging with questions 
about authorship, intention, and creative identity that artists have always had to grapple 
with. �e AI just makes those questions newly urgent and unusually visible.

MATHEMATICS

Mathematics has an interesting and underexplored relationship with AI literacy, partly 
because AI is built on mathematical foundations that most students never see, and partly 
because math class is one of the few places where the question of whether an answer is 
correct has an actual de�nitive answer. �at second quality makes it uniquely useful for 
Investigation in particular.

Awareness in a mathematics classroom might start with demystifying what AI actually is 
at a structural level, without requiring students to become statisticians. Probability. Pa�ern 
recognition. Weighted decisions. Optimization. �ese are mathematical ideas, and 
students who have encountered them in a math context already have more intuition 
about how AI works than they realize. 

Making that connection explicit, helping students see that the AI generating a paragraph 
of text and the algorithm deciding the shortest route between two points are drawing on 
related mathematical logic, gives math a relevance to contemporary life that students 
o�en don't expect to �nd there.

Investigation in math takes on a character that no other subject can quite replicate, 
because math is one of the few domains where you can check an AI's work with certainty. 
Ask students to use AI to solve a set of problems, then verify every step of the working. 
Not just whether the �nal answer is right, but whether the method is sound, whether the 
AI took a valid path to get there, and whether it would have arrived at the right answer for 
the right reasons or simply landed correctly by a �awed route. 

�at last distinction ma�ers enormously in mathematics education, where the process is 
o�en more important than the answer, and it produces a version of Investigation that is 
rigorous in a very speci�c and satisfying way.

�ere is also something worth exploring in the way AI handles mathematical uncertainty 
and estimation. Ask it to solve a problem that is intentionally ambiguous, or one that has 
multiple valid approaches, and examine how it navigates that ambiguity. 

Does it acknowledge it? Does it pick one path without explanation? Does it present one 
method as if it were the only method? �ese questions develop mathematical thinking 
about the nature of proof, the validity of di�erent approaches, and the di�erence between 
a correct answer and a complete understanding.

At the mastery level, mathematics o�ers one of the clearest illustrations of the 
collaboration principle at the heart of this pillar. AI can execute calculations, generate 
proofs, and work through procedures with speed and accuracy that no student can match 
by hand. 

�e question is what that leaves for the student to do, and the answer is everything that 
actually constitutes mathematical understanding: knowing which procedure is 
appropriate, recognizing why a particular approach reveals something the others don't, 
understanding what the answer means in the context of a real problem, and developing 
the intuition that comes only from having worked through enough problems manually to 
have a feel for when something doesn't look right. �at intuition is not incidental to 
mathematical education. It's the goal. And it cannot be developed by watching an AI do 
the work.

COMPUTER SCIENCE

�ere's a particular irony in the fact that computer science classrooms are sometimes the 
least equipped to handle AI literacy well. �e assumption is that because the subject is 
technical, students in CS courses must already have a sophisticated understanding of AI. In 

practice, knowing how to write code and understanding what a large language model is 
actually doing are quite di�erent kinds of knowledge, and con�ating them does students 
in both directions a disservice.

Awareness in a computer science classroom can go deeper than in any other subject, and 
it should. Students who are learning to write programs have the conceptual foundation to 
understand, at a meaningful level, what it means for a system to be trained on data rather 
than explicitly programmed with rules. 

�e di�erence between writing an algorithm that sorts a list and training a model that 
learns to recognize pa�erns is a genuinely important conceptual distinction, and CS 
students are well positioned to grasp it. 

What awareness asks of them isn't just that they understand it technically but that they sit 
with its implications: if no human explicitly wrote the rules the model is following, where 
did those rules come from, who is responsible for them, and how do you audit something 
you didn't directly create?

Investigation in a CS context has a dimension that other subjects don't: students can 
actually look under the hood, at least partially. Examining how a model's outputs change 
based on di�erent inputs, exploring the documented limitations and known failure modes 
of speci�c systems, reading the technical literature on bias in machine learning, these are 
all forms of investigation that are accessible to students with a programming background 
and that produce a level of understanding most adults who use these tools daily never 
develop. 

A CS class that spends time on adversarial prompting, on the deliberate construction of 
inputs designed to expose the edges of a model's behavior, is doing genuine investigative 
work that builds both technical understanding and critical instinct simultaneously.

�ere's also an ethical dimension to computer science and AI that belongs speci�cally in 
CS classrooms rather than being le� entirely to humanities teachers to address. �e 
people who build these systems make choices. About what data to use and what to 
exclude. About what the model should optimize for. About how to handle edge cases and 
failure modes. About who bears the cost when the system gets something wrong. 
Students who are learning to build so�ware are learning to make exactly these kinds of 
choices, and introducing them to the ethical weight of those choices while they're still 
forming their professional identity is considerably more e�ective than addressing it a�er 
the fact. 

�e question of what responsible engineering looks like in an age of AI systems with 
broad social impact is one of the most important questions in the �eld right now, and it 
belongs in the curriculum.

At the mastery level, computer science students have access to a version of AI 
collaboration that is genuinely di�erent from what other subjects o�er. �ey can build 
with these tools, integrate them into projects, and develop a practical understanding of 
where AI capabilities are genuinely useful and where they produce bri�le, unreliable 
results that require more human oversight than they save in e�ort. �at hands-on, 
build-and-break relationship with AI is one of the most e�ective paths to the kind of 
calibrated judgment mastery requires. 

A CS student who has tried to use AI to generate functional code, debugged the results, 
identi�ed the systematic pa�erns in where it fails, and developed a working sense of when 
to use it and when to write from scratch has internalized the mastery principle in a way 
that will transfer across every context where these tools appear.

A NOTE ON CROSS-DISCIPLINARY POSSIBILITIES

�e most interesting applications of the AIM™ Framework o�en happen at the edges 
between subjects, where a question that starts in one class turns out to connect to 
something being explored in another.

A history class examining how AI summarizes the causes of a war might �nd itself having 
a conversation that belongs equally in a media literacy unit, an ethics seminar, and a 
statistics class. A science class investigating AI bias might end up in territory that overlaps 
with social studies, philosophy, and mathematics. An English class discussing authorship in 
the age of AI might �nd unexpected common ground with the arts and with computer 
science.

�at porousness is a feature of genuine learning rather than a curriculum design problem. 
�e AIM™ Framework doesn't require subjects to stay in their lanes. It creates a shared 
vocabulary that makes cross-disciplinary conversation easier, because students in 
di�erent classes are developing related habits of mind around the same underlying 
questions. When a student trained in Investigation in her English class brings that same 
instinct to a science assignment, that's the framework working exactly as intended.

Equity and Access: 
The Conversation We Can't Skip
Every conversation about AI in education eventually arrives here, and the ones that don't 
should. It's tempting to treat equity as a separate topic, something to address in its own 
section a�er the main ideas have been established. But equity isn't a footnote to AI 
literacy. It's woven into the substance of what students need to understand about these 
systems, and any framework that treats it as an add-on rather than a through-line is 
working with an incomplete picture of what's actually going on.

So let's be direct about a few things.

THE TOOLS WERE NOT BUILT FOR EVERYONE EQUALLY

AI systems are trained on data. �e data re�ects the world as it has been documented, 
and the world as it has been documented re�ects centuries of decisions about whose 
experiences, whose languages, whose histories, and whose ways of knowing were worth 
recording and preserving. 

�e result is that the training data underlying most major AI systems over-represents 
certain languages, certain cultural contexts, certain demographics, and certain ways of 
framing knowledge, while under-representing others in ways that are sometimes 
measurable and sometimes invisible until something goes wrong.

�is isn't a theoretical concern. It shows up in practice in ways that are concrete and 
consequential. AI systems have been documented producing less accurate results for 
certain skin tones in image recognition. Language models trained predominantly on 
English-language text produce noticeably di�erent quality outputs in other languages. 
Medical AI tools trained on datasets that underrepresented women or certain ethnic 
groups have produced recommendations that re�ected those gaps. �ese aren't edge 
cases or early growing pains that have since been resolved. �ey're systematic pa�erns 
that emerge from systematic gaps in the data, and they persist.

For students from communities that are underrepresented in training data, this has a 
speci�c implication: the AI tools they use may not serve them as well as they serve their 
peers, may not re�ect their histories and experiences accurately, and may produce outputs 
that treat their perspective as marginal or exceptional rather than central. A student who 

has been taught to think critically about AI is equipped to notice this and to name it. A 
student who has only been taught to use AI e�ciently is not.
�is is one of the reasons the Investigation pillar is not optional. It isn't a nice extension 
activity for students who �nish early. It's the part of the framework that gives every 
student, regardless of background, the tools to evaluate whether a system is serving them 
well or reproducing pa�erns that don't re�ect their reality accurately. �at's not a technical 
skill. It's a form of self-advocacy, and it ma�ers.

ACCESS IS NOT A SOLVED PROBLEM

�ere is a version of the AI in education conversation that proceeds as if every student has 
a device, reliable internet, and a school that has worked through the policy and 
infrastructure questions required to use AI tools responsibly. �at version of the 
conversation is having a great time. It's also describing a reality that a signi�cant portion of 
students and educators don't live in.

�e digital divide didn't disappear when smartphones became common. It shi�ed and in 
some ways deepened, because the gap between basic access and meaningful access is 
wider than it's ever been. A student who can load a webpage on a shared family phone 
with an inconsistent data connection is not equivalently positioned to a student with a 
personal laptop, high-speed internet, and a school that has invested in AI-integrated 
curriculum. Both students might technically have "access to AI." �e educational 
experiences available to them are not the same.

�is ma�ers for the AIM™ Framework in a practical sense because it informs how the 
framework has to be designed to be genuinely useful. �e thinking skills at the heart of all 
three pillars, noticing where AI appears, questioning what it produces, developing 
judgment about how to engage with it responsibly, do not require constant hands-on 
access to AI tools. �ey require good questions, real discussion, and a teacher willing to 
create space for genuine inquiry. A class that has access to one shared device can run a 
meaningful Investigation exercise. A class with no devices at all can have an Awareness 
conversation that develops real conceptual understanding. 

�e framework travels to where students actually are rather than assuming a resource 
environment that doesn't exist everywhere.

�at said, it would be dishonest to frame limited access purely as a creative constraint that 
good teaching can always work around. Students who don't develop hands-on �uency 
with AI tools will eventually be at a disadvantage in contexts where those tools are 

standard. Acknowledging that reality, advocating within institutions for equitable access to 
technology and professional development, and being honest with students about the 
landscape they're entering are all part of what responsible AI literacy education looks like. 
�e framework can function with limited resources. �at doesn't mean resource 
limitations don't ma�er.

THE LABOR BEHIND THE INTERFACE

�ere's a dimension of AI literacy that almost never makes it into classroom 
conversations, and that's the human labor involved in building and maintaining these 
systems.

AI tools have a clean, minimal interface designed to make the technology feel seamless 
and automatic. What that interface doesn't show is the signi�cant human labor involved 
in making the systems work: the data labelers who annotate training sets, o�en in 
low-wage conditions in countries far from the companies pro�ting from their work, the 
content moderators who review and �lter harmful outputs at signi�cant psychological 
cost, the artists and writers whose work was used to train generative systems without 
their knowledge or consent and without compensation.

�ese aren't obscure facts buried in technical documentation. �ey're documented and 
reported, and they raise questions about the ethics of these systems that students are 
entirely capable of engaging with. Who bene�ts from AI? Who bears the cost? When we 
use a tool that was built on someone else's creative work without their agreement, what 
responsibility do we have as users? �ese questions don't have clean answers, and that's 
precisely what makes them worth asking.

An educator who brings this dimension of the conversation into the classroom is doing 
something important: they're helping students see AI not as a neutral technology that 
simply exists and does things, but as a product of economic and social decisions made by 
speci�c people and organizations with speci�c interests. �at understanding doesn't lead 
inevitably to any particular political conclusion. It leads to informed engagement rather 
than passive consumption, which is the goal of the framework taken as a whole.

WHO THIS CONVERSATION IS MOST URGENT FOR

AI literacy education is valuable for every student. It is not equally urgent for every 
student, and pretending otherwise �a�ens a real distinction that educators need to hold 
onto.

Students who come from communities that have historically been subject to algorithmic 
discrimination in hiring, lending, criminal justice, healthcare, and other high-stakes 
domains have a more immediate and personal stake in understanding how these systems 
work and what to do when they fail. 

Students whose languages, histories, and cultural knowledge are underrepresented in 
training data will encounter the gaps in these systems in ways their peers may not. 

Students who are most likely to enter workforce contexts where AI-driven systems make 
consequential decisions about them, with limited human oversight or appeal, have the 
most to gain from developing the vocabulary and the con�dence to question those 
systems.

None of this means that AI literacy is only for some students. It means that when thinking 
about how to prioritize, where to invest energy, and whose experience to center when 
designing learning experiences around these ideas, the students who have the most at 
stake deserve to be at the front of that thinking, not accommodated as an a�erthought 
once the main curriculum has been established for everyone else.

Good education has always worked this way, or has aspired to. �e AIM™ Framework 
doesn't change that principle. It just applies it to a new and consequential context.
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Applying AIM™ Across the 
Curriculum
One of the questions educators ask most o�en when they encounter a framework like this 
is some version of "that's interesting, but where does it �t?" �ey're not being dismissive. 
�ey're being practical. A high school biology teacher with a packed curriculum, a 
standardized test on the horizon, and thirty-two students who have wildly di�erent levels 
of preparation doesn't have room for a new subject. She has room, maybe, for a new lens 
on the subject she's already teaching.

�at's exactly what the AIM™ Framework is designed to be.

None of the three pillars require dedicated class time to introduce from scratch. �ey don't 
require a technology unit or a special semester or permission from a curriculum 
commi�ee. �ey require a teacher who is willing to ask slightly di�erent questions about 
the material already in front of them, and who is comfortable le�ing those questions lead 
somewhere unexpected. 

�e framework travels. It works di�erently in di�erent subjects, but it works in all of them, 
and the examples below are meant to illustrate that range rather than prescribe exactly 
how it should look in any speci�c classroom.

HISTORY AND SOCIAL STUDIES

History is one of the richest possible contexts for all three pillars, because history is 
fundamentally a discipline about whose story gets told, by whom, and with what 
omissions. AI, it turns out, has a great deal to say about all three of those questions.

Awareness in a history classroom might start with something as simple as asking students 
to enter a signi�cant historical event into an AI tool and read what comes back. Not to 
evaluate it yet, just to read it. �en ask: who is centered in this account? Whose 
perspective is most visible? What period does the narrative seem to be drawing from? 
Students who have spent any time thinking about historiography will immediately notice 
things that students who haven't will need a moment to see. 

Either way, the AI output becomes a text worth analyzing, which is something history 
teachers know how to do.

Investigation follows naturally. Students can compare the AI's account against primary 
sources, against accounts wri�en by historians from di�erent traditions, against oral 
histories or community narratives that don't appear in mainstream textbook coverage. 

�e gaps between those sources are where the most interesting historical thinking 
happens, and AI has a particular tendency to reproduce the dominant narrative of any 
given event, which makes it a useful foil for exactly the kind of critical analysis history 
education is supposed to develop.

At the mastery level, a genuinely challenging exercise is asking students to use AI to 
construct the most thorough, well-sourced argument they can for a historical 
interpretation they personally disagree with, and then to respond to that argument using 
their own research and reasoning. �is requires them to take seriously a perspective they 
might otherwise dismiss, to understand it well enough to represent it fairly, and then to 
engage with it substantively rather than super�cially. �at's sophisticated historical 
thinking, and the AI makes it more accessible without doing the intellectual work for 
them.

SCIENCE

Science education has a complicated relationship with AI right now, partly because AI is 
increasingly being used in actual scienti�c research and partly because the outputs AI 
produces about scienti�c topics can range from impressively accurate to con�dently, 
dangerously wrong. Both of those things make it an excellent classroom subject.

Awareness in a science class might focus on where students already encounter AI in 
scienti�c contexts without realizing it. Weather forecasting models. Medical diagnostic 
tools. Drug discovery platforms. Agricultural yield prediction. Climate modeling. AI is 
embedded in the practice of science in ways that most science curricula haven't caught up 
with yet, and making that visible gives students a more accurate picture of the �eld they're 
studying and potentially entering.

Investigation in a science classroom has an obvious structure: take an AI explanation of a 
scienti�c concept or process, and subject it to the same scrutiny students would apply to 
any source. Is the mechanism described accurately? Are the numbers right? Does the 
explanation re�ect current scienti�c consensus or an older understanding? Is the 
uncertainty in the science represented honestly, or has the AI smoothed over genuine 
ongoing debate to produce a cleaner answer than the evidence actually supports? 

�at last question is particularly rich in science education, where the di�erence between 
se�led science and active research questions is something students o�en never get a clear 
picture of.

One of the most memorable investigations a science class can run is asking students to 
prompt an AI on a topic where scienti�c understanding has changed signi�cantly over 
time, evolution, the germ theory of disease, the structure of the atom, and examine how 
the AI navigates the historical development of the idea versus the current understanding. 

Does it present the history accurately? Does it distinguish between what was believed and 
what is now known? �ese questions develop exactly the scienti�c epistemology that 
science education is supposed to build.

At the mastery level, the most natural integration is using AI as a research accelerator 
while keeping the intellectual work in student hands. Students can use AI to get a quick 
orientation to an unfamiliar topic, identify the key concepts and terminology, and map the 
basic landscape before diving into primary sources and actual data. What they cannot do, 
if the assignment is designed well, is use AI to do the thinking that the assignment is 
meant to develop. 

Designing assignments that make that distinction clear is one of the more interesting 
instructional challenges the mastery pillar creates for science teachers, and most of them 
�nd it produces be�er assignments than they were writing before.

ENGLISH AND WRITING

English teachers have had the most publicly visible and contentious relationship with AI of 
any subject area, largely because language generation is what these tools are most visibly 
capable of and writing is what English teachers are most responsible for assessing. �e 
conversations in English departments about AI have o�en been framed around detection, 
policy, and prevention, which is understandable but somewhat misses where the real 
opportunity sits.

Awareness in an English classroom is really about expanding what students understand 
authorship to mean. Where does a piece of writing come from? What is the relationship 
between the words on the page and the person who produced them? What does it mean 
to have a voice, and can a system that has no experiences, no stake in the outcome, and 
no persistent self across conversations be said to have one? 

�ese are not new questions in literary study. �ey're questions that get newly interesting 
when the entity producing text is a machine.

Investigation in English might involve giving students an AI-generated essay and a 
human-wri�en essay on the same topic and asking them to identify the speci�c qualities 
that distinguish them. Not just "which is be�er" but what speci�cally is present in one that 
isn't in the other. What does the human writer do with uncertainty? How do they handle 
complexity? Where do they take risks that the AI doesn't? Where does the AI produce 
something that sounds authoritative but dissolves under scrutiny? 

�e comparison exercise develops close reading skills that transfer to any text, and the 
discussion it generates tends to be genuinely lively because students have strong 
intuitions about it that they struggle to articulate precisely, which is exactly where good 
English teaching lives.

At the mastery level, the most productive reframe for writing teachers is moving from "did 
the student use AI" as the central question to "what did the student contribute" as the 
central question. An assignment designed around the la�er is much harder to circumvent 
and much more educationally interesting. Ask students to use AI to generate a �rst dra� 
and then to substantially revise it, documenting every signi�cant change they made and 
explaining why they made it. 

�e revision process is where the learning happens in writing, and an AI dra� is in some 
ways a be�er starting point for teaching revision than a student's own �rst dra�, precisely 
because the student has no emotional a�achment to it and can cut it without hesitation.

THE ARTS

�e relationship between AI and creative work is one of the most genuinely contested 
spaces in this entire conversation, and it deserves more than a footnote. Artists, 
illustrators, musicians, and writers have raised serious and legitimate questions about AI 
systems trained on their work without consent, and those questions belong in the 
classroom as part of what students learn about the ethical dimensions of this technology.

Awareness in an arts classroom might start with that context: where did the training data 
for AI image generators, music composition tools, and writing assistants actually come 
from? What does it mean to train a system on the creative output of human beings who 
didn't agree to contribute to it? What does that do to questions of artistic ownership, 
originality, and value? 

�ese aren't rhetorical questions designed to produce a predetermined conclusion. 
�ey're genuinely open questions that the art world, the legal system, and the technology 
industry are actively working through, and students who engage with them seriously are 
developing exactly the kind of ethical reasoning that creative �elds require.

Investigation in the arts can take a particularly interesting form: using AI-generated 
creative work as a subject of critical analysis rather than a tool for production. What 
choices did the system make in generating this image, this piece of music, this poem? 
What aesthetic sensibility does it seem to re�ect? Whose aesthetic sensibility? What is it 
optimizing for, and how do you know? �ese questions develop critical vocabulary and 
analytical thinking that applies to all creative work, human or otherwise.

Mastery in a creative context is probably the most nuanced version of the pillar across all 
subjects, because the question of where the AI ends and the student begins is both 
practically and philosophically complex. �e most honest and productive approach is to 
make that complexity the subject rather than trying to resolve it. Students who are asked 
to use AI as a creative starting point and then to transform, critique, and respond to what it 
produces, while documenting their thinking throughout, are engaging with questions 
about authorship, intention, and creative identity that artists have always had to grapple 
with. �e AI just makes those questions newly urgent and unusually visible.

MATHEMATICS

Mathematics has an interesting and underexplored relationship with AI literacy, partly 
because AI is built on mathematical foundations that most students never see, and partly 
because math class is one of the few places where the question of whether an answer is 
correct has an actual de�nitive answer. �at second quality makes it uniquely useful for 
Investigation in particular.

Awareness in a mathematics classroom might start with demystifying what AI actually is 
at a structural level, without requiring students to become statisticians. Probability. Pa�ern 
recognition. Weighted decisions. Optimization. �ese are mathematical ideas, and 
students who have encountered them in a math context already have more intuition 
about how AI works than they realize. 

Making that connection explicit, helping students see that the AI generating a paragraph 
of text and the algorithm deciding the shortest route between two points are drawing on 
related mathematical logic, gives math a relevance to contemporary life that students 
o�en don't expect to �nd there.

Investigation in math takes on a character that no other subject can quite replicate, 
because math is one of the few domains where you can check an AI's work with certainty. 
Ask students to use AI to solve a set of problems, then verify every step of the working. 
Not just whether the �nal answer is right, but whether the method is sound, whether the 
AI took a valid path to get there, and whether it would have arrived at the right answer for 
the right reasons or simply landed correctly by a �awed route. 

�at last distinction ma�ers enormously in mathematics education, where the process is 
o�en more important than the answer, and it produces a version of Investigation that is 
rigorous in a very speci�c and satisfying way.

�ere is also something worth exploring in the way AI handles mathematical uncertainty 
and estimation. Ask it to solve a problem that is intentionally ambiguous, or one that has 
multiple valid approaches, and examine how it navigates that ambiguity. 

Does it acknowledge it? Does it pick one path without explanation? Does it present one 
method as if it were the only method? �ese questions develop mathematical thinking 
about the nature of proof, the validity of di�erent approaches, and the di�erence between 
a correct answer and a complete understanding.

At the mastery level, mathematics o�ers one of the clearest illustrations of the 
collaboration principle at the heart of this pillar. AI can execute calculations, generate 
proofs, and work through procedures with speed and accuracy that no student can match 
by hand. 

�e question is what that leaves for the student to do, and the answer is everything that 
actually constitutes mathematical understanding: knowing which procedure is 
appropriate, recognizing why a particular approach reveals something the others don't, 
understanding what the answer means in the context of a real problem, and developing 
the intuition that comes only from having worked through enough problems manually to 
have a feel for when something doesn't look right. �at intuition is not incidental to 
mathematical education. It's the goal. And it cannot be developed by watching an AI do 
the work.

COMPUTER SCIENCE

�ere's a particular irony in the fact that computer science classrooms are sometimes the 
least equipped to handle AI literacy well. �e assumption is that because the subject is 
technical, students in CS courses must already have a sophisticated understanding of AI. In 

practice, knowing how to write code and understanding what a large language model is 
actually doing are quite di�erent kinds of knowledge, and con�ating them does students 
in both directions a disservice.

Awareness in a computer science classroom can go deeper than in any other subject, and 
it should. Students who are learning to write programs have the conceptual foundation to 
understand, at a meaningful level, what it means for a system to be trained on data rather 
than explicitly programmed with rules. 

�e di�erence between writing an algorithm that sorts a list and training a model that 
learns to recognize pa�erns is a genuinely important conceptual distinction, and CS 
students are well positioned to grasp it. 

What awareness asks of them isn't just that they understand it technically but that they sit 
with its implications: if no human explicitly wrote the rules the model is following, where 
did those rules come from, who is responsible for them, and how do you audit something 
you didn't directly create?

Investigation in a CS context has a dimension that other subjects don't: students can 
actually look under the hood, at least partially. Examining how a model's outputs change 
based on di�erent inputs, exploring the documented limitations and known failure modes 
of speci�c systems, reading the technical literature on bias in machine learning, these are 
all forms of investigation that are accessible to students with a programming background 
and that produce a level of understanding most adults who use these tools daily never 
develop. 

A CS class that spends time on adversarial prompting, on the deliberate construction of 
inputs designed to expose the edges of a model's behavior, is doing genuine investigative 
work that builds both technical understanding and critical instinct simultaneously.

�ere's also an ethical dimension to computer science and AI that belongs speci�cally in 
CS classrooms rather than being le� entirely to humanities teachers to address. �e 
people who build these systems make choices. About what data to use and what to 
exclude. About what the model should optimize for. About how to handle edge cases and 
failure modes. About who bears the cost when the system gets something wrong. 
Students who are learning to build so�ware are learning to make exactly these kinds of 
choices, and introducing them to the ethical weight of those choices while they're still 
forming their professional identity is considerably more e�ective than addressing it a�er 
the fact. 

�e question of what responsible engineering looks like in an age of AI systems with 
broad social impact is one of the most important questions in the �eld right now, and it 
belongs in the curriculum.

At the mastery level, computer science students have access to a version of AI 
collaboration that is genuinely di�erent from what other subjects o�er. �ey can build 
with these tools, integrate them into projects, and develop a practical understanding of 
where AI capabilities are genuinely useful and where they produce bri�le, unreliable 
results that require more human oversight than they save in e�ort. �at hands-on, 
build-and-break relationship with AI is one of the most e�ective paths to the kind of 
calibrated judgment mastery requires. 

A CS student who has tried to use AI to generate functional code, debugged the results, 
identi�ed the systematic pa�erns in where it fails, and developed a working sense of when 
to use it and when to write from scratch has internalized the mastery principle in a way 
that will transfer across every context where these tools appear.

A NOTE ON CROSS-DISCIPLINARY POSSIBILITIES

�e most interesting applications of the AIM™ Framework o�en happen at the edges 
between subjects, where a question that starts in one class turns out to connect to 
something being explored in another.

A history class examining how AI summarizes the causes of a war might �nd itself having 
a conversation that belongs equally in a media literacy unit, an ethics seminar, and a 
statistics class. A science class investigating AI bias might end up in territory that overlaps 
with social studies, philosophy, and mathematics. An English class discussing authorship in 
the age of AI might �nd unexpected common ground with the arts and with computer 
science.

�at porousness is a feature of genuine learning rather than a curriculum design problem. 
�e AIM™ Framework doesn't require subjects to stay in their lanes. It creates a shared 
vocabulary that makes cross-disciplinary conversation easier, because students in 
di�erent classes are developing related habits of mind around the same underlying 
questions. When a student trained in Investigation in her English class brings that same 
instinct to a science assignment, that's the framework working exactly as intended.

Equity and Access: 
The Conversation We Can't Skip
Every conversation about AI in education eventually arrives here, and the ones that don't 
should. It's tempting to treat equity as a separate topic, something to address in its own 
section a�er the main ideas have been established. But equity isn't a footnote to AI 
literacy. It's woven into the substance of what students need to understand about these 
systems, and any framework that treats it as an add-on rather than a through-line is 
working with an incomplete picture of what's actually going on.

So let's be direct about a few things.

THE TOOLS WERE NOT BUILT FOR EVERYONE EQUALLY

AI systems are trained on data. �e data re�ects the world as it has been documented, 
and the world as it has been documented re�ects centuries of decisions about whose 
experiences, whose languages, whose histories, and whose ways of knowing were worth 
recording and preserving. 

�e result is that the training data underlying most major AI systems over-represents 
certain languages, certain cultural contexts, certain demographics, and certain ways of 
framing knowledge, while under-representing others in ways that are sometimes 
measurable and sometimes invisible until something goes wrong.

�is isn't a theoretical concern. It shows up in practice in ways that are concrete and 
consequential. AI systems have been documented producing less accurate results for 
certain skin tones in image recognition. Language models trained predominantly on 
English-language text produce noticeably di�erent quality outputs in other languages. 
Medical AI tools trained on datasets that underrepresented women or certain ethnic 
groups have produced recommendations that re�ected those gaps. �ese aren't edge 
cases or early growing pains that have since been resolved. �ey're systematic pa�erns 
that emerge from systematic gaps in the data, and they persist.

For students from communities that are underrepresented in training data, this has a 
speci�c implication: the AI tools they use may not serve them as well as they serve their 
peers, may not re�ect their histories and experiences accurately, and may produce outputs 
that treat their perspective as marginal or exceptional rather than central. A student who 

has been taught to think critically about AI is equipped to notice this and to name it. A 
student who has only been taught to use AI e�ciently is not.
�is is one of the reasons the Investigation pillar is not optional. It isn't a nice extension 
activity for students who �nish early. It's the part of the framework that gives every 
student, regardless of background, the tools to evaluate whether a system is serving them 
well or reproducing pa�erns that don't re�ect their reality accurately. �at's not a technical 
skill. It's a form of self-advocacy, and it ma�ers.

ACCESS IS NOT A SOLVED PROBLEM

�ere is a version of the AI in education conversation that proceeds as if every student has 
a device, reliable internet, and a school that has worked through the policy and 
infrastructure questions required to use AI tools responsibly. �at version of the 
conversation is having a great time. It's also describing a reality that a signi�cant portion of 
students and educators don't live in.

�e digital divide didn't disappear when smartphones became common. It shi�ed and in 
some ways deepened, because the gap between basic access and meaningful access is 
wider than it's ever been. A student who can load a webpage on a shared family phone 
with an inconsistent data connection is not equivalently positioned to a student with a 
personal laptop, high-speed internet, and a school that has invested in AI-integrated 
curriculum. Both students might technically have "access to AI." �e educational 
experiences available to them are not the same.

�is ma�ers for the AIM™ Framework in a practical sense because it informs how the 
framework has to be designed to be genuinely useful. �e thinking skills at the heart of all 
three pillars, noticing where AI appears, questioning what it produces, developing 
judgment about how to engage with it responsibly, do not require constant hands-on 
access to AI tools. �ey require good questions, real discussion, and a teacher willing to 
create space for genuine inquiry. A class that has access to one shared device can run a 
meaningful Investigation exercise. A class with no devices at all can have an Awareness 
conversation that develops real conceptual understanding. 

�e framework travels to where students actually are rather than assuming a resource 
environment that doesn't exist everywhere.

�at said, it would be dishonest to frame limited access purely as a creative constraint that 
good teaching can always work around. Students who don't develop hands-on �uency 
with AI tools will eventually be at a disadvantage in contexts where those tools are 

standard. Acknowledging that reality, advocating within institutions for equitable access to 
technology and professional development, and being honest with students about the 
landscape they're entering are all part of what responsible AI literacy education looks like. 
�e framework can function with limited resources. �at doesn't mean resource 
limitations don't ma�er.

THE LABOR BEHIND THE INTERFACE

�ere's a dimension of AI literacy that almost never makes it into classroom 
conversations, and that's the human labor involved in building and maintaining these 
systems.

AI tools have a clean, minimal interface designed to make the technology feel seamless 
and automatic. What that interface doesn't show is the signi�cant human labor involved 
in making the systems work: the data labelers who annotate training sets, o�en in 
low-wage conditions in countries far from the companies pro�ting from their work, the 
content moderators who review and �lter harmful outputs at signi�cant psychological 
cost, the artists and writers whose work was used to train generative systems without 
their knowledge or consent and without compensation.

�ese aren't obscure facts buried in technical documentation. �ey're documented and 
reported, and they raise questions about the ethics of these systems that students are 
entirely capable of engaging with. Who bene�ts from AI? Who bears the cost? When we 
use a tool that was built on someone else's creative work without their agreement, what 
responsibility do we have as users? �ese questions don't have clean answers, and that's 
precisely what makes them worth asking.

An educator who brings this dimension of the conversation into the classroom is doing 
something important: they're helping students see AI not as a neutral technology that 
simply exists and does things, but as a product of economic and social decisions made by 
speci�c people and organizations with speci�c interests. �at understanding doesn't lead 
inevitably to any particular political conclusion. It leads to informed engagement rather 
than passive consumption, which is the goal of the framework taken as a whole.

WHO THIS CONVERSATION IS MOST URGENT FOR

AI literacy education is valuable for every student. It is not equally urgent for every 
student, and pretending otherwise �a�ens a real distinction that educators need to hold 
onto.

Students who come from communities that have historically been subject to algorithmic 
discrimination in hiring, lending, criminal justice, healthcare, and other high-stakes 
domains have a more immediate and personal stake in understanding how these systems 
work and what to do when they fail. 

Students whose languages, histories, and cultural knowledge are underrepresented in 
training data will encounter the gaps in these systems in ways their peers may not. 

Students who are most likely to enter workforce contexts where AI-driven systems make 
consequential decisions about them, with limited human oversight or appeal, have the 
most to gain from developing the vocabulary and the con�dence to question those 
systems.

None of this means that AI literacy is only for some students. It means that when thinking 
about how to prioritize, where to invest energy, and whose experience to center when 
designing learning experiences around these ideas, the students who have the most at 
stake deserve to be at the front of that thinking, not accommodated as an a�erthought 
once the main curriculum has been established for everyone else.

Good education has always worked this way, or has aspired to. �e AIM™ Framework 
doesn't change that principle. It just applies it to a new and consequential context.
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Applying AIM™ Across the 
Curriculum
One of the questions educators ask most o�en when they encounter a framework like this 
is some version of "that's interesting, but where does it �t?" �ey're not being dismissive. 
�ey're being practical. A high school biology teacher with a packed curriculum, a 
standardized test on the horizon, and thirty-two students who have wildly di�erent levels 
of preparation doesn't have room for a new subject. She has room, maybe, for a new lens 
on the subject she's already teaching.

�at's exactly what the AIM™ Framework is designed to be.

None of the three pillars require dedicated class time to introduce from scratch. �ey don't 
require a technology unit or a special semester or permission from a curriculum 
commi�ee. �ey require a teacher who is willing to ask slightly di�erent questions about 
the material already in front of them, and who is comfortable le�ing those questions lead 
somewhere unexpected. 

�e framework travels. It works di�erently in di�erent subjects, but it works in all of them, 
and the examples below are meant to illustrate that range rather than prescribe exactly 
how it should look in any speci�c classroom.

HISTORY AND SOCIAL STUDIES

History is one of the richest possible contexts for all three pillars, because history is 
fundamentally a discipline about whose story gets told, by whom, and with what 
omissions. AI, it turns out, has a great deal to say about all three of those questions.

Awareness in a history classroom might start with something as simple as asking students 
to enter a signi�cant historical event into an AI tool and read what comes back. Not to 
evaluate it yet, just to read it. �en ask: who is centered in this account? Whose 
perspective is most visible? What period does the narrative seem to be drawing from? 
Students who have spent any time thinking about historiography will immediately notice 
things that students who haven't will need a moment to see. 

Either way, the AI output becomes a text worth analyzing, which is something history 
teachers know how to do.

Investigation follows naturally. Students can compare the AI's account against primary 
sources, against accounts wri�en by historians from di�erent traditions, against oral 
histories or community narratives that don't appear in mainstream textbook coverage. 

�e gaps between those sources are where the most interesting historical thinking 
happens, and AI has a particular tendency to reproduce the dominant narrative of any 
given event, which makes it a useful foil for exactly the kind of critical analysis history 
education is supposed to develop.

At the mastery level, a genuinely challenging exercise is asking students to use AI to 
construct the most thorough, well-sourced argument they can for a historical 
interpretation they personally disagree with, and then to respond to that argument using 
their own research and reasoning. �is requires them to take seriously a perspective they 
might otherwise dismiss, to understand it well enough to represent it fairly, and then to 
engage with it substantively rather than super�cially. �at's sophisticated historical 
thinking, and the AI makes it more accessible without doing the intellectual work for 
them.

SCIENCE

Science education has a complicated relationship with AI right now, partly because AI is 
increasingly being used in actual scienti�c research and partly because the outputs AI 
produces about scienti�c topics can range from impressively accurate to con�dently, 
dangerously wrong. Both of those things make it an excellent classroom subject.

Awareness in a science class might focus on where students already encounter AI in 
scienti�c contexts without realizing it. Weather forecasting models. Medical diagnostic 
tools. Drug discovery platforms. Agricultural yield prediction. Climate modeling. AI is 
embedded in the practice of science in ways that most science curricula haven't caught up 
with yet, and making that visible gives students a more accurate picture of the �eld they're 
studying and potentially entering.

Investigation in a science classroom has an obvious structure: take an AI explanation of a 
scienti�c concept or process, and subject it to the same scrutiny students would apply to 
any source. Is the mechanism described accurately? Are the numbers right? Does the 
explanation re�ect current scienti�c consensus or an older understanding? Is the 
uncertainty in the science represented honestly, or has the AI smoothed over genuine 
ongoing debate to produce a cleaner answer than the evidence actually supports? 

�at last question is particularly rich in science education, where the di�erence between 
se�led science and active research questions is something students o�en never get a clear 
picture of.

One of the most memorable investigations a science class can run is asking students to 
prompt an AI on a topic where scienti�c understanding has changed signi�cantly over 
time, evolution, the germ theory of disease, the structure of the atom, and examine how 
the AI navigates the historical development of the idea versus the current understanding. 

Does it present the history accurately? Does it distinguish between what was believed and 
what is now known? �ese questions develop exactly the scienti�c epistemology that 
science education is supposed to build.

At the mastery level, the most natural integration is using AI as a research accelerator 
while keeping the intellectual work in student hands. Students can use AI to get a quick 
orientation to an unfamiliar topic, identify the key concepts and terminology, and map the 
basic landscape before diving into primary sources and actual data. What they cannot do, 
if the assignment is designed well, is use AI to do the thinking that the assignment is 
meant to develop. 

Designing assignments that make that distinction clear is one of the more interesting 
instructional challenges the mastery pillar creates for science teachers, and most of them 
�nd it produces be�er assignments than they were writing before.

ENGLISH AND WRITING

English teachers have had the most publicly visible and contentious relationship with AI of 
any subject area, largely because language generation is what these tools are most visibly 
capable of and writing is what English teachers are most responsible for assessing. �e 
conversations in English departments about AI have o�en been framed around detection, 
policy, and prevention, which is understandable but somewhat misses where the real 
opportunity sits.

Awareness in an English classroom is really about expanding what students understand 
authorship to mean. Where does a piece of writing come from? What is the relationship 
between the words on the page and the person who produced them? What does it mean 
to have a voice, and can a system that has no experiences, no stake in the outcome, and 
no persistent self across conversations be said to have one? 

�ese are not new questions in literary study. �ey're questions that get newly interesting 
when the entity producing text is a machine.

Investigation in English might involve giving students an AI-generated essay and a 
human-wri�en essay on the same topic and asking them to identify the speci�c qualities 
that distinguish them. Not just "which is be�er" but what speci�cally is present in one that 
isn't in the other. What does the human writer do with uncertainty? How do they handle 
complexity? Where do they take risks that the AI doesn't? Where does the AI produce 
something that sounds authoritative but dissolves under scrutiny? 

�e comparison exercise develops close reading skills that transfer to any text, and the 
discussion it generates tends to be genuinely lively because students have strong 
intuitions about it that they struggle to articulate precisely, which is exactly where good 
English teaching lives.

At the mastery level, the most productive reframe for writing teachers is moving from "did 
the student use AI" as the central question to "what did the student contribute" as the 
central question. An assignment designed around the la�er is much harder to circumvent 
and much more educationally interesting. Ask students to use AI to generate a �rst dra� 
and then to substantially revise it, documenting every signi�cant change they made and 
explaining why they made it. 

�e revision process is where the learning happens in writing, and an AI dra� is in some 
ways a be�er starting point for teaching revision than a student's own �rst dra�, precisely 
because the student has no emotional a�achment to it and can cut it without hesitation.

THE ARTS

�e relationship between AI and creative work is one of the most genuinely contested 
spaces in this entire conversation, and it deserves more than a footnote. Artists, 
illustrators, musicians, and writers have raised serious and legitimate questions about AI 
systems trained on their work without consent, and those questions belong in the 
classroom as part of what students learn about the ethical dimensions of this technology.

Awareness in an arts classroom might start with that context: where did the training data 
for AI image generators, music composition tools, and writing assistants actually come 
from? What does it mean to train a system on the creative output of human beings who 
didn't agree to contribute to it? What does that do to questions of artistic ownership, 
originality, and value? 

�ese aren't rhetorical questions designed to produce a predetermined conclusion. 
�ey're genuinely open questions that the art world, the legal system, and the technology 
industry are actively working through, and students who engage with them seriously are 
developing exactly the kind of ethical reasoning that creative �elds require.

Investigation in the arts can take a particularly interesting form: using AI-generated 
creative work as a subject of critical analysis rather than a tool for production. What 
choices did the system make in generating this image, this piece of music, this poem? 
What aesthetic sensibility does it seem to re�ect? Whose aesthetic sensibility? What is it 
optimizing for, and how do you know? �ese questions develop critical vocabulary and 
analytical thinking that applies to all creative work, human or otherwise.

Mastery in a creative context is probably the most nuanced version of the pillar across all 
subjects, because the question of where the AI ends and the student begins is both 
practically and philosophically complex. �e most honest and productive approach is to 
make that complexity the subject rather than trying to resolve it. Students who are asked 
to use AI as a creative starting point and then to transform, critique, and respond to what it 
produces, while documenting their thinking throughout, are engaging with questions 
about authorship, intention, and creative identity that artists have always had to grapple 
with. �e AI just makes those questions newly urgent and unusually visible.

MATHEMATICS

Mathematics has an interesting and underexplored relationship with AI literacy, partly 
because AI is built on mathematical foundations that most students never see, and partly 
because math class is one of the few places where the question of whether an answer is 
correct has an actual de�nitive answer. �at second quality makes it uniquely useful for 
Investigation in particular.

Awareness in a mathematics classroom might start with demystifying what AI actually is 
at a structural level, without requiring students to become statisticians. Probability. Pa�ern 
recognition. Weighted decisions. Optimization. �ese are mathematical ideas, and 
students who have encountered them in a math context already have more intuition 
about how AI works than they realize. 

Making that connection explicit, helping students see that the AI generating a paragraph 
of text and the algorithm deciding the shortest route between two points are drawing on 
related mathematical logic, gives math a relevance to contemporary life that students 
o�en don't expect to �nd there.

Investigation in math takes on a character that no other subject can quite replicate, 
because math is one of the few domains where you can check an AI's work with certainty. 
Ask students to use AI to solve a set of problems, then verify every step of the working. 
Not just whether the �nal answer is right, but whether the method is sound, whether the 
AI took a valid path to get there, and whether it would have arrived at the right answer for 
the right reasons or simply landed correctly by a �awed route. 

�at last distinction ma�ers enormously in mathematics education, where the process is 
o�en more important than the answer, and it produces a version of Investigation that is 
rigorous in a very speci�c and satisfying way.

�ere is also something worth exploring in the way AI handles mathematical uncertainty 
and estimation. Ask it to solve a problem that is intentionally ambiguous, or one that has 
multiple valid approaches, and examine how it navigates that ambiguity. 

Does it acknowledge it? Does it pick one path without explanation? Does it present one 
method as if it were the only method? �ese questions develop mathematical thinking 
about the nature of proof, the validity of di�erent approaches, and the di�erence between 
a correct answer and a complete understanding.

At the mastery level, mathematics o�ers one of the clearest illustrations of the 
collaboration principle at the heart of this pillar. AI can execute calculations, generate 
proofs, and work through procedures with speed and accuracy that no student can match 
by hand. 

�e question is what that leaves for the student to do, and the answer is everything that 
actually constitutes mathematical understanding: knowing which procedure is 
appropriate, recognizing why a particular approach reveals something the others don't, 
understanding what the answer means in the context of a real problem, and developing 
the intuition that comes only from having worked through enough problems manually to 
have a feel for when something doesn't look right. �at intuition is not incidental to 
mathematical education. It's the goal. And it cannot be developed by watching an AI do 
the work.

COMPUTER SCIENCE

�ere's a particular irony in the fact that computer science classrooms are sometimes the 
least equipped to handle AI literacy well. �e assumption is that because the subject is 
technical, students in CS courses must already have a sophisticated understanding of AI. In 

practice, knowing how to write code and understanding what a large language model is 
actually doing are quite di�erent kinds of knowledge, and con�ating them does students 
in both directions a disservice.

Awareness in a computer science classroom can go deeper than in any other subject, and 
it should. Students who are learning to write programs have the conceptual foundation to 
understand, at a meaningful level, what it means for a system to be trained on data rather 
than explicitly programmed with rules. 

�e di�erence between writing an algorithm that sorts a list and training a model that 
learns to recognize pa�erns is a genuinely important conceptual distinction, and CS 
students are well positioned to grasp it. 

What awareness asks of them isn't just that they understand it technically but that they sit 
with its implications: if no human explicitly wrote the rules the model is following, where 
did those rules come from, who is responsible for them, and how do you audit something 
you didn't directly create?

Investigation in a CS context has a dimension that other subjects don't: students can 
actually look under the hood, at least partially. Examining how a model's outputs change 
based on di�erent inputs, exploring the documented limitations and known failure modes 
of speci�c systems, reading the technical literature on bias in machine learning, these are 
all forms of investigation that are accessible to students with a programming background 
and that produce a level of understanding most adults who use these tools daily never 
develop. 

A CS class that spends time on adversarial prompting, on the deliberate construction of 
inputs designed to expose the edges of a model's behavior, is doing genuine investigative 
work that builds both technical understanding and critical instinct simultaneously.

�ere's also an ethical dimension to computer science and AI that belongs speci�cally in 
CS classrooms rather than being le� entirely to humanities teachers to address. �e 
people who build these systems make choices. About what data to use and what to 
exclude. About what the model should optimize for. About how to handle edge cases and 
failure modes. About who bears the cost when the system gets something wrong. 
Students who are learning to build so�ware are learning to make exactly these kinds of 
choices, and introducing them to the ethical weight of those choices while they're still 
forming their professional identity is considerably more e�ective than addressing it a�er 
the fact. 

�e question of what responsible engineering looks like in an age of AI systems with 
broad social impact is one of the most important questions in the �eld right now, and it 
belongs in the curriculum.

At the mastery level, computer science students have access to a version of AI 
collaboration that is genuinely di�erent from what other subjects o�er. �ey can build 
with these tools, integrate them into projects, and develop a practical understanding of 
where AI capabilities are genuinely useful and where they produce bri�le, unreliable 
results that require more human oversight than they save in e�ort. �at hands-on, 
build-and-break relationship with AI is one of the most e�ective paths to the kind of 
calibrated judgment mastery requires. 

A CS student who has tried to use AI to generate functional code, debugged the results, 
identi�ed the systematic pa�erns in where it fails, and developed a working sense of when 
to use it and when to write from scratch has internalized the mastery principle in a way 
that will transfer across every context where these tools appear.

A NOTE ON CROSS-DISCIPLINARY POSSIBILITIES

�e most interesting applications of the AIM™ Framework o�en happen at the edges 
between subjects, where a question that starts in one class turns out to connect to 
something being explored in another.

A history class examining how AI summarizes the causes of a war might �nd itself having 
a conversation that belongs equally in a media literacy unit, an ethics seminar, and a 
statistics class. A science class investigating AI bias might end up in territory that overlaps 
with social studies, philosophy, and mathematics. An English class discussing authorship in 
the age of AI might �nd unexpected common ground with the arts and with computer 
science.

�at porousness is a feature of genuine learning rather than a curriculum design problem. 
�e AIM™ Framework doesn't require subjects to stay in their lanes. It creates a shared 
vocabulary that makes cross-disciplinary conversation easier, because students in 
di�erent classes are developing related habits of mind around the same underlying 
questions. When a student trained in Investigation in her English class brings that same 
instinct to a science assignment, that's the framework working exactly as intended.

Equity and Access: 
The Conversation We Can't Skip
Every conversation about AI in education eventually arrives here, and the ones that don't 
should. It's tempting to treat equity as a separate topic, something to address in its own 
section a�er the main ideas have been established. But equity isn't a footnote to AI 
literacy. It's woven into the substance of what students need to understand about these 
systems, and any framework that treats it as an add-on rather than a through-line is 
working with an incomplete picture of what's actually going on.

So let's be direct about a few things.

THE TOOLS WERE NOT BUILT FOR EVERYONE EQUALLY

AI systems are trained on data. �e data re�ects the world as it has been documented, 
and the world as it has been documented re�ects centuries of decisions about whose 
experiences, whose languages, whose histories, and whose ways of knowing were worth 
recording and preserving. 

�e result is that the training data underlying most major AI systems over-represents 
certain languages, certain cultural contexts, certain demographics, and certain ways of 
framing knowledge, while under-representing others in ways that are sometimes 
measurable and sometimes invisible until something goes wrong.

�is isn't a theoretical concern. It shows up in practice in ways that are concrete and 
consequential. AI systems have been documented producing less accurate results for 
certain skin tones in image recognition. Language models trained predominantly on 
English-language text produce noticeably di�erent quality outputs in other languages. 
Medical AI tools trained on datasets that underrepresented women or certain ethnic 
groups have produced recommendations that re�ected those gaps. �ese aren't edge 
cases or early growing pains that have since been resolved. �ey're systematic pa�erns 
that emerge from systematic gaps in the data, and they persist.

For students from communities that are underrepresented in training data, this has a 
speci�c implication: the AI tools they use may not serve them as well as they serve their 
peers, may not re�ect their histories and experiences accurately, and may produce outputs 
that treat their perspective as marginal or exceptional rather than central. A student who 

has been taught to think critically about AI is equipped to notice this and to name it. A 
student who has only been taught to use AI e�ciently is not.
�is is one of the reasons the Investigation pillar is not optional. It isn't a nice extension 
activity for students who �nish early. It's the part of the framework that gives every 
student, regardless of background, the tools to evaluate whether a system is serving them 
well or reproducing pa�erns that don't re�ect their reality accurately. �at's not a technical 
skill. It's a form of self-advocacy, and it ma�ers.

ACCESS IS NOT A SOLVED PROBLEM

�ere is a version of the AI in education conversation that proceeds as if every student has 
a device, reliable internet, and a school that has worked through the policy and 
infrastructure questions required to use AI tools responsibly. �at version of the 
conversation is having a great time. It's also describing a reality that a signi�cant portion of 
students and educators don't live in.

�e digital divide didn't disappear when smartphones became common. It shi�ed and in 
some ways deepened, because the gap between basic access and meaningful access is 
wider than it's ever been. A student who can load a webpage on a shared family phone 
with an inconsistent data connection is not equivalently positioned to a student with a 
personal laptop, high-speed internet, and a school that has invested in AI-integrated 
curriculum. Both students might technically have "access to AI." �e educational 
experiences available to them are not the same.

�is ma�ers for the AIM™ Framework in a practical sense because it informs how the 
framework has to be designed to be genuinely useful. �e thinking skills at the heart of all 
three pillars, noticing where AI appears, questioning what it produces, developing 
judgment about how to engage with it responsibly, do not require constant hands-on 
access to AI tools. �ey require good questions, real discussion, and a teacher willing to 
create space for genuine inquiry. A class that has access to one shared device can run a 
meaningful Investigation exercise. A class with no devices at all can have an Awareness 
conversation that develops real conceptual understanding. 

�e framework travels to where students actually are rather than assuming a resource 
environment that doesn't exist everywhere.

�at said, it would be dishonest to frame limited access purely as a creative constraint that 
good teaching can always work around. Students who don't develop hands-on �uency 
with AI tools will eventually be at a disadvantage in contexts where those tools are 

standard. Acknowledging that reality, advocating within institutions for equitable access to 
technology and professional development, and being honest with students about the 
landscape they're entering are all part of what responsible AI literacy education looks like. 
�e framework can function with limited resources. �at doesn't mean resource 
limitations don't ma�er.

THE LABOR BEHIND THE INTERFACE

�ere's a dimension of AI literacy that almost never makes it into classroom 
conversations, and that's the human labor involved in building and maintaining these 
systems.

AI tools have a clean, minimal interface designed to make the technology feel seamless 
and automatic. What that interface doesn't show is the signi�cant human labor involved 
in making the systems work: the data labelers who annotate training sets, o�en in 
low-wage conditions in countries far from the companies pro�ting from their work, the 
content moderators who review and �lter harmful outputs at signi�cant psychological 
cost, the artists and writers whose work was used to train generative systems without 
their knowledge or consent and without compensation.

�ese aren't obscure facts buried in technical documentation. �ey're documented and 
reported, and they raise questions about the ethics of these systems that students are 
entirely capable of engaging with. Who bene�ts from AI? Who bears the cost? When we 
use a tool that was built on someone else's creative work without their agreement, what 
responsibility do we have as users? �ese questions don't have clean answers, and that's 
precisely what makes them worth asking.

An educator who brings this dimension of the conversation into the classroom is doing 
something important: they're helping students see AI not as a neutral technology that 
simply exists and does things, but as a product of economic and social decisions made by 
speci�c people and organizations with speci�c interests. �at understanding doesn't lead 
inevitably to any particular political conclusion. It leads to informed engagement rather 
than passive consumption, which is the goal of the framework taken as a whole.

WHO THIS CONVERSATION IS MOST URGENT FOR

AI literacy education is valuable for every student. It is not equally urgent for every 
student, and pretending otherwise �a�ens a real distinction that educators need to hold 
onto.

Students who come from communities that have historically been subject to algorithmic 
discrimination in hiring, lending, criminal justice, healthcare, and other high-stakes 
domains have a more immediate and personal stake in understanding how these systems 
work and what to do when they fail. 

Students whose languages, histories, and cultural knowledge are underrepresented in 
training data will encounter the gaps in these systems in ways their peers may not. 

Students who are most likely to enter workforce contexts where AI-driven systems make 
consequential decisions about them, with limited human oversight or appeal, have the 
most to gain from developing the vocabulary and the con�dence to question those 
systems.

None of this means that AI literacy is only for some students. It means that when thinking 
about how to prioritize, where to invest energy, and whose experience to center when 
designing learning experiences around these ideas, the students who have the most at 
stake deserve to be at the front of that thinking, not accommodated as an a�erthought 
once the main curriculum has been established for everyone else.

Good education has always worked this way, or has aspired to. �e AIM™ Framework 
doesn't change that principle. It just applies it to a new and consequential context.
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Applying AIM™ Across the 
Curriculum
One of the questions educators ask most o�en when they encounter a framework like this 
is some version of "that's interesting, but where does it �t?" �ey're not being dismissive. 
�ey're being practical. A high school biology teacher with a packed curriculum, a 
standardized test on the horizon, and thirty-two students who have wildly di�erent levels 
of preparation doesn't have room for a new subject. She has room, maybe, for a new lens 
on the subject she's already teaching.

�at's exactly what the AIM™ Framework is designed to be.

None of the three pillars require dedicated class time to introduce from scratch. �ey don't 
require a technology unit or a special semester or permission from a curriculum 
commi�ee. �ey require a teacher who is willing to ask slightly di�erent questions about 
the material already in front of them, and who is comfortable le�ing those questions lead 
somewhere unexpected. 

�e framework travels. It works di�erently in di�erent subjects, but it works in all of them, 
and the examples below are meant to illustrate that range rather than prescribe exactly 
how it should look in any speci�c classroom.

HISTORY AND SOCIAL STUDIES

History is one of the richest possible contexts for all three pillars, because history is 
fundamentally a discipline about whose story gets told, by whom, and with what 
omissions. AI, it turns out, has a great deal to say about all three of those questions.

Awareness in a history classroom might start with something as simple as asking students 
to enter a signi�cant historical event into an AI tool and read what comes back. Not to 
evaluate it yet, just to read it. �en ask: who is centered in this account? Whose 
perspective is most visible? What period does the narrative seem to be drawing from? 
Students who have spent any time thinking about historiography will immediately notice 
things that students who haven't will need a moment to see. 

Either way, the AI output becomes a text worth analyzing, which is something history 
teachers know how to do.

Investigation follows naturally. Students can compare the AI's account against primary 
sources, against accounts wri�en by historians from di�erent traditions, against oral 
histories or community narratives that don't appear in mainstream textbook coverage. 

�e gaps between those sources are where the most interesting historical thinking 
happens, and AI has a particular tendency to reproduce the dominant narrative of any 
given event, which makes it a useful foil for exactly the kind of critical analysis history 
education is supposed to develop.

At the mastery level, a genuinely challenging exercise is asking students to use AI to 
construct the most thorough, well-sourced argument they can for a historical 
interpretation they personally disagree with, and then to respond to that argument using 
their own research and reasoning. �is requires them to take seriously a perspective they 
might otherwise dismiss, to understand it well enough to represent it fairly, and then to 
engage with it substantively rather than super�cially. �at's sophisticated historical 
thinking, and the AI makes it more accessible without doing the intellectual work for 
them.

SCIENCE

Science education has a complicated relationship with AI right now, partly because AI is 
increasingly being used in actual scienti�c research and partly because the outputs AI 
produces about scienti�c topics can range from impressively accurate to con�dently, 
dangerously wrong. Both of those things make it an excellent classroom subject.

Awareness in a science class might focus on where students already encounter AI in 
scienti�c contexts without realizing it. Weather forecasting models. Medical diagnostic 
tools. Drug discovery platforms. Agricultural yield prediction. Climate modeling. AI is 
embedded in the practice of science in ways that most science curricula haven't caught up 
with yet, and making that visible gives students a more accurate picture of the �eld they're 
studying and potentially entering.

Investigation in a science classroom has an obvious structure: take an AI explanation of a 
scienti�c concept or process, and subject it to the same scrutiny students would apply to 
any source. Is the mechanism described accurately? Are the numbers right? Does the 
explanation re�ect current scienti�c consensus or an older understanding? Is the 
uncertainty in the science represented honestly, or has the AI smoothed over genuine 
ongoing debate to produce a cleaner answer than the evidence actually supports? 

�at last question is particularly rich in science education, where the di�erence between 
se�led science and active research questions is something students o�en never get a clear 
picture of.

One of the most memorable investigations a science class can run is asking students to 
prompt an AI on a topic where scienti�c understanding has changed signi�cantly over 
time, evolution, the germ theory of disease, the structure of the atom, and examine how 
the AI navigates the historical development of the idea versus the current understanding. 

Does it present the history accurately? Does it distinguish between what was believed and 
what is now known? �ese questions develop exactly the scienti�c epistemology that 
science education is supposed to build.

At the mastery level, the most natural integration is using AI as a research accelerator 
while keeping the intellectual work in student hands. Students can use AI to get a quick 
orientation to an unfamiliar topic, identify the key concepts and terminology, and map the 
basic landscape before diving into primary sources and actual data. What they cannot do, 
if the assignment is designed well, is use AI to do the thinking that the assignment is 
meant to develop. 

Designing assignments that make that distinction clear is one of the more interesting 
instructional challenges the mastery pillar creates for science teachers, and most of them 
�nd it produces be�er assignments than they were writing before.

ENGLISH AND WRITING

English teachers have had the most publicly visible and contentious relationship with AI of 
any subject area, largely because language generation is what these tools are most visibly 
capable of and writing is what English teachers are most responsible for assessing. �e 
conversations in English departments about AI have o�en been framed around detection, 
policy, and prevention, which is understandable but somewhat misses where the real 
opportunity sits.

Awareness in an English classroom is really about expanding what students understand 
authorship to mean. Where does a piece of writing come from? What is the relationship 
between the words on the page and the person who produced them? What does it mean 
to have a voice, and can a system that has no experiences, no stake in the outcome, and 
no persistent self across conversations be said to have one? 

�ese are not new questions in literary study. �ey're questions that get newly interesting 
when the entity producing text is a machine.

Investigation in English might involve giving students an AI-generated essay and a 
human-wri�en essay on the same topic and asking them to identify the speci�c qualities 
that distinguish them. Not just "which is be�er" but what speci�cally is present in one that 
isn't in the other. What does the human writer do with uncertainty? How do they handle 
complexity? Where do they take risks that the AI doesn't? Where does the AI produce 
something that sounds authoritative but dissolves under scrutiny? 

�e comparison exercise develops close reading skills that transfer to any text, and the 
discussion it generates tends to be genuinely lively because students have strong 
intuitions about it that they struggle to articulate precisely, which is exactly where good 
English teaching lives.

At the mastery level, the most productive reframe for writing teachers is moving from "did 
the student use AI" as the central question to "what did the student contribute" as the 
central question. An assignment designed around the la�er is much harder to circumvent 
and much more educationally interesting. Ask students to use AI to generate a �rst dra� 
and then to substantially revise it, documenting every signi�cant change they made and 
explaining why they made it. 

�e revision process is where the learning happens in writing, and an AI dra� is in some 
ways a be�er starting point for teaching revision than a student's own �rst dra�, precisely 
because the student has no emotional a�achment to it and can cut it without hesitation.

THE ARTS

�e relationship between AI and creative work is one of the most genuinely contested 
spaces in this entire conversation, and it deserves more than a footnote. Artists, 
illustrators, musicians, and writers have raised serious and legitimate questions about AI 
systems trained on their work without consent, and those questions belong in the 
classroom as part of what students learn about the ethical dimensions of this technology.

Awareness in an arts classroom might start with that context: where did the training data 
for AI image generators, music composition tools, and writing assistants actually come 
from? What does it mean to train a system on the creative output of human beings who 
didn't agree to contribute to it? What does that do to questions of artistic ownership, 
originality, and value? 

�ese aren't rhetorical questions designed to produce a predetermined conclusion. 
�ey're genuinely open questions that the art world, the legal system, and the technology 
industry are actively working through, and students who engage with them seriously are 
developing exactly the kind of ethical reasoning that creative �elds require.

Investigation in the arts can take a particularly interesting form: using AI-generated 
creative work as a subject of critical analysis rather than a tool for production. What 
choices did the system make in generating this image, this piece of music, this poem? 
What aesthetic sensibility does it seem to re�ect? Whose aesthetic sensibility? What is it 
optimizing for, and how do you know? �ese questions develop critical vocabulary and 
analytical thinking that applies to all creative work, human or otherwise.

Mastery in a creative context is probably the most nuanced version of the pillar across all 
subjects, because the question of where the AI ends and the student begins is both 
practically and philosophically complex. �e most honest and productive approach is to 
make that complexity the subject rather than trying to resolve it. Students who are asked 
to use AI as a creative starting point and then to transform, critique, and respond to what it 
produces, while documenting their thinking throughout, are engaging with questions 
about authorship, intention, and creative identity that artists have always had to grapple 
with. �e AI just makes those questions newly urgent and unusually visible.

MATHEMATICS

Mathematics has an interesting and underexplored relationship with AI literacy, partly 
because AI is built on mathematical foundations that most students never see, and partly 
because math class is one of the few places where the question of whether an answer is 
correct has an actual de�nitive answer. �at second quality makes it uniquely useful for 
Investigation in particular.

Awareness in a mathematics classroom might start with demystifying what AI actually is 
at a structural level, without requiring students to become statisticians. Probability. Pa�ern 
recognition. Weighted decisions. Optimization. �ese are mathematical ideas, and 
students who have encountered them in a math context already have more intuition 
about how AI works than they realize. 

Making that connection explicit, helping students see that the AI generating a paragraph 
of text and the algorithm deciding the shortest route between two points are drawing on 
related mathematical logic, gives math a relevance to contemporary life that students 
o�en don't expect to �nd there.

Investigation in math takes on a character that no other subject can quite replicate, 
because math is one of the few domains where you can check an AI's work with certainty. 
Ask students to use AI to solve a set of problems, then verify every step of the working. 
Not just whether the �nal answer is right, but whether the method is sound, whether the 
AI took a valid path to get there, and whether it would have arrived at the right answer for 
the right reasons or simply landed correctly by a �awed route. 

�at last distinction ma�ers enormously in mathematics education, where the process is 
o�en more important than the answer, and it produces a version of Investigation that is 
rigorous in a very speci�c and satisfying way.

�ere is also something worth exploring in the way AI handles mathematical uncertainty 
and estimation. Ask it to solve a problem that is intentionally ambiguous, or one that has 
multiple valid approaches, and examine how it navigates that ambiguity. 

Does it acknowledge it? Does it pick one path without explanation? Does it present one 
method as if it were the only method? �ese questions develop mathematical thinking 
about the nature of proof, the validity of di�erent approaches, and the di�erence between 
a correct answer and a complete understanding.

At the mastery level, mathematics o�ers one of the clearest illustrations of the 
collaboration principle at the heart of this pillar. AI can execute calculations, generate 
proofs, and work through procedures with speed and accuracy that no student can match 
by hand. 

�e question is what that leaves for the student to do, and the answer is everything that 
actually constitutes mathematical understanding: knowing which procedure is 
appropriate, recognizing why a particular approach reveals something the others don't, 
understanding what the answer means in the context of a real problem, and developing 
the intuition that comes only from having worked through enough problems manually to 
have a feel for when something doesn't look right. �at intuition is not incidental to 
mathematical education. It's the goal. And it cannot be developed by watching an AI do 
the work.

COMPUTER SCIENCE

�ere's a particular irony in the fact that computer science classrooms are sometimes the 
least equipped to handle AI literacy well. �e assumption is that because the subject is 
technical, students in CS courses must already have a sophisticated understanding of AI. In 

practice, knowing how to write code and understanding what a large language model is 
actually doing are quite di�erent kinds of knowledge, and con�ating them does students 
in both directions a disservice.

Awareness in a computer science classroom can go deeper than in any other subject, and 
it should. Students who are learning to write programs have the conceptual foundation to 
understand, at a meaningful level, what it means for a system to be trained on data rather 
than explicitly programmed with rules. 

�e di�erence between writing an algorithm that sorts a list and training a model that 
learns to recognize pa�erns is a genuinely important conceptual distinction, and CS 
students are well positioned to grasp it. 

What awareness asks of them isn't just that they understand it technically but that they sit 
with its implications: if no human explicitly wrote the rules the model is following, where 
did those rules come from, who is responsible for them, and how do you audit something 
you didn't directly create?

Investigation in a CS context has a dimension that other subjects don't: students can 
actually look under the hood, at least partially. Examining how a model's outputs change 
based on di�erent inputs, exploring the documented limitations and known failure modes 
of speci�c systems, reading the technical literature on bias in machine learning, these are 
all forms of investigation that are accessible to students with a programming background 
and that produce a level of understanding most adults who use these tools daily never 
develop. 

A CS class that spends time on adversarial prompting, on the deliberate construction of 
inputs designed to expose the edges of a model's behavior, is doing genuine investigative 
work that builds both technical understanding and critical instinct simultaneously.

�ere's also an ethical dimension to computer science and AI that belongs speci�cally in 
CS classrooms rather than being le� entirely to humanities teachers to address. �e 
people who build these systems make choices. About what data to use and what to 
exclude. About what the model should optimize for. About how to handle edge cases and 
failure modes. About who bears the cost when the system gets something wrong. 
Students who are learning to build so�ware are learning to make exactly these kinds of 
choices, and introducing them to the ethical weight of those choices while they're still 
forming their professional identity is considerably more e�ective than addressing it a�er 
the fact. 

�e question of what responsible engineering looks like in an age of AI systems with 
broad social impact is one of the most important questions in the �eld right now, and it 
belongs in the curriculum.

At the mastery level, computer science students have access to a version of AI 
collaboration that is genuinely di�erent from what other subjects o�er. �ey can build 
with these tools, integrate them into projects, and develop a practical understanding of 
where AI capabilities are genuinely useful and where they produce bri�le, unreliable 
results that require more human oversight than they save in e�ort. �at hands-on, 
build-and-break relationship with AI is one of the most e�ective paths to the kind of 
calibrated judgment mastery requires. 

A CS student who has tried to use AI to generate functional code, debugged the results, 
identi�ed the systematic pa�erns in where it fails, and developed a working sense of when 
to use it and when to write from scratch has internalized the mastery principle in a way 
that will transfer across every context where these tools appear.

A NOTE ON CROSS-DISCIPLINARY POSSIBILITIES

�e most interesting applications of the AIM™ Framework o�en happen at the edges 
between subjects, where a question that starts in one class turns out to connect to 
something being explored in another.

A history class examining how AI summarizes the causes of a war might �nd itself having 
a conversation that belongs equally in a media literacy unit, an ethics seminar, and a 
statistics class. A science class investigating AI bias might end up in territory that overlaps 
with social studies, philosophy, and mathematics. An English class discussing authorship in 
the age of AI might �nd unexpected common ground with the arts and with computer 
science.

�at porousness is a feature of genuine learning rather than a curriculum design problem. 
�e AIM™ Framework doesn't require subjects to stay in their lanes. It creates a shared 
vocabulary that makes cross-disciplinary conversation easier, because students in 
di�erent classes are developing related habits of mind around the same underlying 
questions. When a student trained in Investigation in her English class brings that same 
instinct to a science assignment, that's the framework working exactly as intended.

What We’re Really Teaching
�ere's a question worth si�ing with before closing, one that tends to get lost in the 
urgency of keeping up with technology, updating curricula, and preparing students for jobs 
that don't fully exist yet.

What is education actually for?

Not rhetorically. As a real question that shapes every decision an educator makes about 
what to teach, how to teach it, and what it means for a student to have learned 
something. 

�e answer most educators arrive at, when they think carefully about it, isn't "to prepare 
students for the workforce" or "to transfer knowledge e�ciently" or any of the other 
framings that show up in mission statements. It's something closer to: to help young 
people develop the capacity to think clearly, act ethically, and engage meaningfully with 
the world they're entering. To produce people who are curious rather than passive. Who 
ask good questions rather than accepting easy answers. Who have enough con�dence in 
their own judgment to challenge something that doesn't seem right, and enough humility 
to keep learning when they discover they were wrong.

AI doesn't change that answer. It makes it more urgent.

�e students in classrooms right now are going to spend their professional and personal 
lives in an environment where intelligent systems are involved in an increasing number of 
consequential decisions. What information they see. What opportunities are surfaced for 
them. What assessments are made about their potential, their risk, their �t. Some of those 
decisions will be made transparently, with human oversight and clear accountability. 
Many of them won't. 

�e students who will navigate that environment most e�ectively aren't the ones who 
learned to use the most tools. �ey're the ones who developed the habit of asking how a 
system works, whose interests it serves, and what it might be ge�ing wrong.

�at's what the AIM™ Framework is trying to produce. Not AI pro�ciency in the narrow 
sense. Something closer to AI citizenship, the capacity to participate in a world shaped by 
these systems as an informed, critical, self-directed person rather than a passive recipient 
of whatever the algorithm decides to surface.

S E C T I O N  1 0

�e three pillars get students there through a sequence that mirrors how genuine 
understanding develops. Awareness builds the foundation, the conceptual grounding that 
makes everything else possible. Investigation puts that foundation to work, developing 
the critical instincts that distinguish a thoughtful user from an uncritical one. Mastery is 
the fullest expression of both, the stage where students learn to collaborate with AI in 
ways that expand their capabilities rather than quietly eroding them.

None of it is complete. Learning never is. A student who �nishes a course taught through 
this framework hasn't arrived anywhere �nal. �ey've developed a starting point, a set of 
habits and questions and dispositions that will continue to evolve as the technology 
evolves and as they accumulate more experience making judgment calls in real situations. 
�at's the right outcome. �e goal was never to produce students who have AI �gured out. 
It was to produce students who know how to keep �guring it out.

For educators, the invitation the framework extends is simpler than it might appear. You 
don't need to overhaul what you teach. You don't need to become someone you're not. 
You need to bring the curiosity and critical honesty you've always brought to your subject, 
and point some of it at the systems that are increasingly shaping your students' lives. Ask 
the questions worth asking. Let students surprise you with their answers. Be honest about 
what you don't know. Model what it looks like to engage seriously with something 
genuinely uncertain and keep going anyway.

�at's not a new kind of teaching. It's the best kind of teaching, applied to a new and 
consequential context.

�e students will meet you there. �ey always do.
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Applying AIM™ Across the 
Curriculum
One of the questions educators ask most o�en when they encounter a framework like this 
is some version of "that's interesting, but where does it �t?" �ey're not being dismissive. 
�ey're being practical. A high school biology teacher with a packed curriculum, a 
standardized test on the horizon, and thirty-two students who have wildly di�erent levels 
of preparation doesn't have room for a new subject. She has room, maybe, for a new lens 
on the subject she's already teaching.

�at's exactly what the AIM™ Framework is designed to be.

None of the three pillars require dedicated class time to introduce from scratch. �ey don't 
require a technology unit or a special semester or permission from a curriculum 
commi�ee. �ey require a teacher who is willing to ask slightly di�erent questions about 
the material already in front of them, and who is comfortable le�ing those questions lead 
somewhere unexpected. 

�e framework travels. It works di�erently in di�erent subjects, but it works in all of them, 
and the examples below are meant to illustrate that range rather than prescribe exactly 
how it should look in any speci�c classroom.

HISTORY AND SOCIAL STUDIES

History is one of the richest possible contexts for all three pillars, because history is 
fundamentally a discipline about whose story gets told, by whom, and with what 
omissions. AI, it turns out, has a great deal to say about all three of those questions.

Awareness in a history classroom might start with something as simple as asking students 
to enter a signi�cant historical event into an AI tool and read what comes back. Not to 
evaluate it yet, just to read it. �en ask: who is centered in this account? Whose 
perspective is most visible? What period does the narrative seem to be drawing from? 
Students who have spent any time thinking about historiography will immediately notice 
things that students who haven't will need a moment to see. 

Either way, the AI output becomes a text worth analyzing, which is something history 
teachers know how to do.

Investigation follows naturally. Students can compare the AI's account against primary 
sources, against accounts wri�en by historians from di�erent traditions, against oral 
histories or community narratives that don't appear in mainstream textbook coverage. 

�e gaps between those sources are where the most interesting historical thinking 
happens, and AI has a particular tendency to reproduce the dominant narrative of any 
given event, which makes it a useful foil for exactly the kind of critical analysis history 
education is supposed to develop.

At the mastery level, a genuinely challenging exercise is asking students to use AI to 
construct the most thorough, well-sourced argument they can for a historical 
interpretation they personally disagree with, and then to respond to that argument using 
their own research and reasoning. �is requires them to take seriously a perspective they 
might otherwise dismiss, to understand it well enough to represent it fairly, and then to 
engage with it substantively rather than super�cially. �at's sophisticated historical 
thinking, and the AI makes it more accessible without doing the intellectual work for 
them.

SCIENCE

Science education has a complicated relationship with AI right now, partly because AI is 
increasingly being used in actual scienti�c research and partly because the outputs AI 
produces about scienti�c topics can range from impressively accurate to con�dently, 
dangerously wrong. Both of those things make it an excellent classroom subject.

Awareness in a science class might focus on where students already encounter AI in 
scienti�c contexts without realizing it. Weather forecasting models. Medical diagnostic 
tools. Drug discovery platforms. Agricultural yield prediction. Climate modeling. AI is 
embedded in the practice of science in ways that most science curricula haven't caught up 
with yet, and making that visible gives students a more accurate picture of the �eld they're 
studying and potentially entering.

Investigation in a science classroom has an obvious structure: take an AI explanation of a 
scienti�c concept or process, and subject it to the same scrutiny students would apply to 
any source. Is the mechanism described accurately? Are the numbers right? Does the 
explanation re�ect current scienti�c consensus or an older understanding? Is the 
uncertainty in the science represented honestly, or has the AI smoothed over genuine 
ongoing debate to produce a cleaner answer than the evidence actually supports? 

�at last question is particularly rich in science education, where the di�erence between 
se�led science and active research questions is something students o�en never get a clear 
picture of.

One of the most memorable investigations a science class can run is asking students to 
prompt an AI on a topic where scienti�c understanding has changed signi�cantly over 
time, evolution, the germ theory of disease, the structure of the atom, and examine how 
the AI navigates the historical development of the idea versus the current understanding. 

Does it present the history accurately? Does it distinguish between what was believed and 
what is now known? �ese questions develop exactly the scienti�c epistemology that 
science education is supposed to build.

At the mastery level, the most natural integration is using AI as a research accelerator 
while keeping the intellectual work in student hands. Students can use AI to get a quick 
orientation to an unfamiliar topic, identify the key concepts and terminology, and map the 
basic landscape before diving into primary sources and actual data. What they cannot do, 
if the assignment is designed well, is use AI to do the thinking that the assignment is 
meant to develop. 

Designing assignments that make that distinction clear is one of the more interesting 
instructional challenges the mastery pillar creates for science teachers, and most of them 
�nd it produces be�er assignments than they were writing before.

ENGLISH AND WRITING

English teachers have had the most publicly visible and contentious relationship with AI of 
any subject area, largely because language generation is what these tools are most visibly 
capable of and writing is what English teachers are most responsible for assessing. �e 
conversations in English departments about AI have o�en been framed around detection, 
policy, and prevention, which is understandable but somewhat misses where the real 
opportunity sits.

Awareness in an English classroom is really about expanding what students understand 
authorship to mean. Where does a piece of writing come from? What is the relationship 
between the words on the page and the person who produced them? What does it mean 
to have a voice, and can a system that has no experiences, no stake in the outcome, and 
no persistent self across conversations be said to have one? 

�ese are not new questions in literary study. �ey're questions that get newly interesting 
when the entity producing text is a machine.

Investigation in English might involve giving students an AI-generated essay and a 
human-wri�en essay on the same topic and asking them to identify the speci�c qualities 
that distinguish them. Not just "which is be�er" but what speci�cally is present in one that 
isn't in the other. What does the human writer do with uncertainty? How do they handle 
complexity? Where do they take risks that the AI doesn't? Where does the AI produce 
something that sounds authoritative but dissolves under scrutiny? 

�e comparison exercise develops close reading skills that transfer to any text, and the 
discussion it generates tends to be genuinely lively because students have strong 
intuitions about it that they struggle to articulate precisely, which is exactly where good 
English teaching lives.

At the mastery level, the most productive reframe for writing teachers is moving from "did 
the student use AI" as the central question to "what did the student contribute" as the 
central question. An assignment designed around the la�er is much harder to circumvent 
and much more educationally interesting. Ask students to use AI to generate a �rst dra� 
and then to substantially revise it, documenting every signi�cant change they made and 
explaining why they made it. 

�e revision process is where the learning happens in writing, and an AI dra� is in some 
ways a be�er starting point for teaching revision than a student's own �rst dra�, precisely 
because the student has no emotional a�achment to it and can cut it without hesitation.

THE ARTS

�e relationship between AI and creative work is one of the most genuinely contested 
spaces in this entire conversation, and it deserves more than a footnote. Artists, 
illustrators, musicians, and writers have raised serious and legitimate questions about AI 
systems trained on their work without consent, and those questions belong in the 
classroom as part of what students learn about the ethical dimensions of this technology.

Awareness in an arts classroom might start with that context: where did the training data 
for AI image generators, music composition tools, and writing assistants actually come 
from? What does it mean to train a system on the creative output of human beings who 
didn't agree to contribute to it? What does that do to questions of artistic ownership, 
originality, and value? 

�ese aren't rhetorical questions designed to produce a predetermined conclusion. 
�ey're genuinely open questions that the art world, the legal system, and the technology 
industry are actively working through, and students who engage with them seriously are 
developing exactly the kind of ethical reasoning that creative �elds require.

Investigation in the arts can take a particularly interesting form: using AI-generated 
creative work as a subject of critical analysis rather than a tool for production. What 
choices did the system make in generating this image, this piece of music, this poem? 
What aesthetic sensibility does it seem to re�ect? Whose aesthetic sensibility? What is it 
optimizing for, and how do you know? �ese questions develop critical vocabulary and 
analytical thinking that applies to all creative work, human or otherwise.

Mastery in a creative context is probably the most nuanced version of the pillar across all 
subjects, because the question of where the AI ends and the student begins is both 
practically and philosophically complex. �e most honest and productive approach is to 
make that complexity the subject rather than trying to resolve it. Students who are asked 
to use AI as a creative starting point and then to transform, critique, and respond to what it 
produces, while documenting their thinking throughout, are engaging with questions 
about authorship, intention, and creative identity that artists have always had to grapple 
with. �e AI just makes those questions newly urgent and unusually visible.

MATHEMATICS

Mathematics has an interesting and underexplored relationship with AI literacy, partly 
because AI is built on mathematical foundations that most students never see, and partly 
because math class is one of the few places where the question of whether an answer is 
correct has an actual de�nitive answer. �at second quality makes it uniquely useful for 
Investigation in particular.

Awareness in a mathematics classroom might start with demystifying what AI actually is 
at a structural level, without requiring students to become statisticians. Probability. Pa�ern 
recognition. Weighted decisions. Optimization. �ese are mathematical ideas, and 
students who have encountered them in a math context already have more intuition 
about how AI works than they realize. 

Making that connection explicit, helping students see that the AI generating a paragraph 
of text and the algorithm deciding the shortest route between two points are drawing on 
related mathematical logic, gives math a relevance to contemporary life that students 
o�en don't expect to �nd there.

Investigation in math takes on a character that no other subject can quite replicate, 
because math is one of the few domains where you can check an AI's work with certainty. 
Ask students to use AI to solve a set of problems, then verify every step of the working. 
Not just whether the �nal answer is right, but whether the method is sound, whether the 
AI took a valid path to get there, and whether it would have arrived at the right answer for 
the right reasons or simply landed correctly by a �awed route. 

�at last distinction ma�ers enormously in mathematics education, where the process is 
o�en more important than the answer, and it produces a version of Investigation that is 
rigorous in a very speci�c and satisfying way.

�ere is also something worth exploring in the way AI handles mathematical uncertainty 
and estimation. Ask it to solve a problem that is intentionally ambiguous, or one that has 
multiple valid approaches, and examine how it navigates that ambiguity. 

Does it acknowledge it? Does it pick one path without explanation? Does it present one 
method as if it were the only method? �ese questions develop mathematical thinking 
about the nature of proof, the validity of di�erent approaches, and the di�erence between 
a correct answer and a complete understanding.

At the mastery level, mathematics o�ers one of the clearest illustrations of the 
collaboration principle at the heart of this pillar. AI can execute calculations, generate 
proofs, and work through procedures with speed and accuracy that no student can match 
by hand. 

�e question is what that leaves for the student to do, and the answer is everything that 
actually constitutes mathematical understanding: knowing which procedure is 
appropriate, recognizing why a particular approach reveals something the others don't, 
understanding what the answer means in the context of a real problem, and developing 
the intuition that comes only from having worked through enough problems manually to 
have a feel for when something doesn't look right. �at intuition is not incidental to 
mathematical education. It's the goal. And it cannot be developed by watching an AI do 
the work.

COMPUTER SCIENCE

�ere's a particular irony in the fact that computer science classrooms are sometimes the 
least equipped to handle AI literacy well. �e assumption is that because the subject is 
technical, students in CS courses must already have a sophisticated understanding of AI. In 

practice, knowing how to write code and understanding what a large language model is 
actually doing are quite di�erent kinds of knowledge, and con�ating them does students 
in both directions a disservice.

Awareness in a computer science classroom can go deeper than in any other subject, and 
it should. Students who are learning to write programs have the conceptual foundation to 
understand, at a meaningful level, what it means for a system to be trained on data rather 
than explicitly programmed with rules. 

�e di�erence between writing an algorithm that sorts a list and training a model that 
learns to recognize pa�erns is a genuinely important conceptual distinction, and CS 
students are well positioned to grasp it. 

What awareness asks of them isn't just that they understand it technically but that they sit 
with its implications: if no human explicitly wrote the rules the model is following, where 
did those rules come from, who is responsible for them, and how do you audit something 
you didn't directly create?

Investigation in a CS context has a dimension that other subjects don't: students can 
actually look under the hood, at least partially. Examining how a model's outputs change 
based on di�erent inputs, exploring the documented limitations and known failure modes 
of speci�c systems, reading the technical literature on bias in machine learning, these are 
all forms of investigation that are accessible to students with a programming background 
and that produce a level of understanding most adults who use these tools daily never 
develop. 

A CS class that spends time on adversarial prompting, on the deliberate construction of 
inputs designed to expose the edges of a model's behavior, is doing genuine investigative 
work that builds both technical understanding and critical instinct simultaneously.

�ere's also an ethical dimension to computer science and AI that belongs speci�cally in 
CS classrooms rather than being le� entirely to humanities teachers to address. �e 
people who build these systems make choices. About what data to use and what to 
exclude. About what the model should optimize for. About how to handle edge cases and 
failure modes. About who bears the cost when the system gets something wrong. 
Students who are learning to build so�ware are learning to make exactly these kinds of 
choices, and introducing them to the ethical weight of those choices while they're still 
forming their professional identity is considerably more e�ective than addressing it a�er 
the fact. 

�e question of what responsible engineering looks like in an age of AI systems with 
broad social impact is one of the most important questions in the �eld right now, and it 
belongs in the curriculum.

At the mastery level, computer science students have access to a version of AI 
collaboration that is genuinely di�erent from what other subjects o�er. �ey can build 
with these tools, integrate them into projects, and develop a practical understanding of 
where AI capabilities are genuinely useful and where they produce bri�le, unreliable 
results that require more human oversight than they save in e�ort. �at hands-on, 
build-and-break relationship with AI is one of the most e�ective paths to the kind of 
calibrated judgment mastery requires. 

A CS student who has tried to use AI to generate functional code, debugged the results, 
identi�ed the systematic pa�erns in where it fails, and developed a working sense of when 
to use it and when to write from scratch has internalized the mastery principle in a way 
that will transfer across every context where these tools appear.

A NOTE ON CROSS-DISCIPLINARY POSSIBILITIES

�e most interesting applications of the AIM™ Framework o�en happen at the edges 
between subjects, where a question that starts in one class turns out to connect to 
something being explored in another.

A history class examining how AI summarizes the causes of a war might �nd itself having 
a conversation that belongs equally in a media literacy unit, an ethics seminar, and a 
statistics class. A science class investigating AI bias might end up in territory that overlaps 
with social studies, philosophy, and mathematics. An English class discussing authorship in 
the age of AI might �nd unexpected common ground with the arts and with computer 
science.

�at porousness is a feature of genuine learning rather than a curriculum design problem. 
�e AIM™ Framework doesn't require subjects to stay in their lanes. It creates a shared 
vocabulary that makes cross-disciplinary conversation easier, because students in 
di�erent classes are developing related habits of mind around the same underlying 
questions. When a student trained in Investigation in her English class brings that same 
instinct to a science assignment, that's the framework working exactly as intended.

What We’re Really Teaching
�ere's a question worth si�ing with before closing, one that tends to get lost in the 
urgency of keeping up with technology, updating curricula, and preparing students for jobs 
that don't fully exist yet.

What is education actually for?

Not rhetorically. As a real question that shapes every decision an educator makes about 
what to teach, how to teach it, and what it means for a student to have learned 
something. 

�e answer most educators arrive at, when they think carefully about it, isn't "to prepare 
students for the workforce" or "to transfer knowledge e�ciently" or any of the other 
framings that show up in mission statements. It's something closer to: to help young 
people develop the capacity to think clearly, act ethically, and engage meaningfully with 
the world they're entering. To produce people who are curious rather than passive. Who 
ask good questions rather than accepting easy answers. Who have enough con�dence in 
their own judgment to challenge something that doesn't seem right, and enough humility 
to keep learning when they discover they were wrong.

AI doesn't change that answer. It makes it more urgent.

�e students in classrooms right now are going to spend their professional and personal 
lives in an environment where intelligent systems are involved in an increasing number of 
consequential decisions. What information they see. What opportunities are surfaced for 
them. What assessments are made about their potential, their risk, their �t. Some of those 
decisions will be made transparently, with human oversight and clear accountability. 
Many of them won't. 

�e students who will navigate that environment most e�ectively aren't the ones who 
learned to use the most tools. �ey're the ones who developed the habit of asking how a 
system works, whose interests it serves, and what it might be ge�ing wrong.

�at's what the AIM™ Framework is trying to produce. Not AI pro�ciency in the narrow 
sense. Something closer to AI citizenship, the capacity to participate in a world shaped by 
these systems as an informed, critical, self-directed person rather than a passive recipient 
of whatever the algorithm decides to surface.

�e three pillars get students there through a sequence that mirrors how genuine 
understanding develops. Awareness builds the foundation, the conceptual grounding that 
makes everything else possible. Investigation puts that foundation to work, developing 
the critical instincts that distinguish a thoughtful user from an uncritical one. Mastery is 
the fullest expression of both, the stage where students learn to collaborate with AI in 
ways that expand their capabilities rather than quietly eroding them.

None of it is complete. Learning never is. A student who �nishes a course taught through 
this framework hasn't arrived anywhere �nal. �ey've developed a starting point, a set of 
habits and questions and dispositions that will continue to evolve as the technology 
evolves and as they accumulate more experience making judgment calls in real situations. 
�at's the right outcome. �e goal was never to produce students who have AI �gured out. 
It was to produce students who know how to keep �guring it out.

For educators, the invitation the framework extends is simpler than it might appear. You 
don't need to overhaul what you teach. You don't need to become someone you're not. 
You need to bring the curiosity and critical honesty you've always brought to your subject, 
and point some of it at the systems that are increasingly shaping your students' lives. Ask 
the questions worth asking. Let students surprise you with their answers. Be honest about 
what you don't know. Model what it looks like to engage seriously with something 
genuinely uncertain and keep going anyway.

�at's not a new kind of teaching. It's the best kind of teaching, applied to a new and 
consequential context.

�e students will meet you there. �ey always do.
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A P P E N D I X  A

The AIM™ COmpanion
Everything in this book is designed to be usable without special training, a dedicated AI 
curriculum, or administrative buy-in. �e companion below translates each pillar into the 
smallest possible �rst moves: things you can try this week, questions worth asking your 
students, and activities that work whether you have thirty devices in the room or one. 

You don’t have to be an AI expert. You just need to be a teacher, which you already are.

AWARENESS: FIRST MOVES

Where to start
�e most natural entry point for Awareness is a conversation that requires no technology 
at all. Before introducing any AI tool or concept formally, ask students to spend a few 
minutes writing down every place they think they might have encountered AI in the last 
24 hours. Not where they used an AI chatbot speci�cally, but anywhere: the videos that 
appeared in their feed, the autocomplete on their phone, the ads that seemed oddly 
well-timed. Give them two minutes and then compare notes as a class.
What usually happens is that students dramatically underestimate how much of their 
information environment is already shaped by AI systems. �at gap between what they 
assumed and what they discover is the opening. Use it.

Questions worth asking

• Where have you encountered AI today without thinking of it as AI?

• If a tool learned from millions of examples created by other people, what might it have 
learned well, and what might it have missed?

• What's the di�erence between a tool that recognizes a pa�ern and a tool that actually 
understands something?

• Whose content do you think makes up most of what AI systems were trained on, and 
whose probably doesn't?

A classroom activity: �e AI Audit

Ask students to spend three days keeping an informal log of every moment they suspect 
AI might be involved in their experience. �ey don't need to be certain. Suspicion counts. 
At the end of the three days, bring those logs back to class and map the pa�erns together. 

Where do they overlap? Where do they diverge based on which platforms or devices 
di�erent students use? What does that variation tell you about how these systems are 
designed and who they're designed for? �is works at every level from middle school 
through graduate seminars, and it costs nothing.

For the skeptical higher ed instructor

If you're teaching students who are already �uent AI users and who may be resistant to 
slowing down and examining something they feel they already understand, the AI Audit 
tends to be more productive than a lecture precisely because it starts with their own 
experience rather than your argument. Students who discover something themselves are 
considerably harder to dismiss than students who were told something by a professor.

INVESTIGATION: FIRST MOVES

Where to start

Pick a question that's genuinely relevant to whatever you're currently teaching and 
generate an AI response to it before class. Bring both the question and the response in. 
Ask students not whether the answer is right or wrong, but to read it the way they'd read 
any source: What speci�c claims are being made? Which of those can be veri�ed? Where 
does the response seem to simplify something that's actually more complicated? What's 
missing?

You don't need to know the answer yourself before you walk in. In fact, there's something 
useful about investigating it alongside your students rather than already knowing what 
you're looking for.

Questions worth asking

• What would you need to check to feel con�dent this response is accurate?

• Does this answer re�ect uncertainty where uncertainty actually exists, or does it present 
everything with equal con�dence?

• Who or what perspective seems to be centered in this response, and who might see it 
di�erently?

• If you asked this same question in a slightly di�erent way, do you think the answer 
would change? How would you �nd out?

• What's the di�erence between an answer that sounds authoritative and an answer that 
is authoritative?

A classroom activity: �e Comparison

Take a meaningful question from your subject area and bring in three versions of an 
answer: an AI-generated response, a textbook or reference source, and if possible a 
primary source or expert account. Ask students to map the di�erences. Not just factual 
di�erences, but di�erences in framing, in what gets emphasized, in what gets le� out, in 
how uncertainty is handled. �e goal isn't to declare a winner. It's to develop the habit of 
reading laterally rather than accepting the �rst �uent answer that arrives.

A classroom activity: Catch It

Ask students to deliberately try to catch an AI producing something incorrect, incomplete, 
or biased on a topic you're currently studying. Give them a speci�c domain to work in and 
ask them to document what they found, how they veri�ed it, and what the error reveals 
about how the system works. Framing fact-checking as a challenge rather than a chore 
changes the energy around it considerably.

For the skeptical higher ed instructor

�e Investigation pillar is the easiest entry point for instructors who are primarily 
concerned about academic integrity, because it reframes the question entirely. �e issue 
isn't whether students use AI. It's whether they develop the critical instincts to evaluate 
what it produces. An assignment designed around Investigation is structurally di�cult to 
shortcut, because the learning happens in the scrutiny, not the output.

MASTERY: FIRST MOVES

Where to start

Design one assignment, just one, where students are required to use AI as part of their 
process and then document that process explicitly. Not as a policing mechanism, but as a 
genuine re�ection exercise. What did they ask? What came back? What did they decide to 
keep, cut, or transform? What did they contribute that the AI didn't? �at documentation is 
the assignment. 

�e output they produce alongside it is secondary.

�is tends to produce more honest and more interesting work than assignments that ban 
AI entirely, because it asks students to locate themselves in their own thinking rather than 
hide what they actually did.

Questions worth asking

• What did you contribute to this work that the AI couldn't have?

• Where in your process did your own judgment change the direction of what you were 
making?

• What would have been lost if you'd submi�ed the AI's output without engaging with it 
yourself?

• Can you point to a speci�c moment where you disagreed with the AI and explain why?

• What did you learn from this process that you wouldn't have learned if you'd done it 
entirely on your own?

A classroom activity: �e Strongest Counterargument

Ask students to use AI to generate the most thorough, well-reasoned version of the 
argument they personally disagree with on a topic you're studying. �en ask them to 
respond to that argument using their own research and reasoning. �is requires students 
to engage seriously with positions they might otherwise dismiss, and it makes clear that 
the quality of their thinking, not the quality of their prompt, determines whether their 
response holds up.

A classroom activity: �e Revision Log

Ask students to use AI to generate a �rst dra� of something, then substantially revise it 
and document every signi�cant change they made with a brief note explaining why. �e 
revision log becomes the primary evidence of their thinking. �is works particularly well 
in writing courses but transfers to any subject where students are asked to produce 
something, because the act of explaining why you changed something reveals how well 
you understood what you were changing.

For the skeptical higher ed instructor

�e objection that AI makes it impossible to assess original student thinking is worth 
examining directly. �e assignments that AI makes easy to shortcut were already 
producing limited evidence of actual thinking. An essay prompt that can be answered 
adequately by a language model was probably never asking students to do their most 
interesting intellectual work. Mastery-level assignment design pushes toward questions 
that require judgment, synthesis, and genuine engagement with speci�c course material 
in ways that are considerably harder to outsource.

A NOTE ON WHERE TO START IF ALL OF THIS STILL FEELS LIKE A LOT

Teaching is already a full-time job. In fact it's usually more than a full-time job, which 
means adding anything new to the plate requires a compelling argument that it's worth 
the e�ort. If you've read this far and your honest reaction is somewhere between "this is 
interesting" and "I have no idea where to �t this," that's not a sign that the framework isn't 
for you. It's a sign that you're a working educator with a realistic understanding of your 
own bandwidth, and that deserves more respect than a tidy list of action items.

So let's slow down for a moment before we get to the starting line.

New initiatives in education tend to arrive with a certain kind of ambition that doesn't 
always account for the reality of a Tuesday a�ernoon in week seven of a semester. A new 
unit. A new policy. A new approach to assessment. A professional development session 
scheduled for a �ursday that already had too many hours in it. Any one of those asks 
would give a reasonable person pause. All of them together produce a kind of paralysis 
that gets mistaken for resistance, when really it's just a sensible response to an 
unreasonable volume of asks arriving at the same time.

�e AIM™ Framework is not asking for any of that. What it's asking for is a�ention, which is 
di�erent and considerably less logistically demanding.

A�ention sounds like this: the next time a student mentions something that happened 
online, or wonders aloud why an AI gave them a strange answer, or asks whether they can 
use a tool for a project, you treat that moment as an entry point rather than a tangent. You 
ask a follow-up question instead of redirecting. You let the conversation go somewhere 
without a pre-planned destination. �at's Awareness, and it costs about four minutes.
A�ention sounds like this: the next time you're assigning something that involves research 
or writing or analysis, you add a single question asking students to evaluate one source 
they encountered and explain why they trust it or don't. You're not redesigning the 
assignment. You're adding a layer to it that takes students thirty seconds to notice and 
considerably longer to answer well. �at's Investigation, and it �ts inside what you were 
already doing.

A�ention sounds like this: the next time a student tells you they used AI to help with 
something, instead of responding with a policy, you respond with curiosity. What did it 
give you? What did you do with it? What part of this is actually yours? �ose questions 
don't require you to have a se�led position on AI in education. �ey just require you to be 
interested in how your student thinks, which you already are.

None of those examples require a rollout. �ey don't require administrative approval, a 
curriculum commi�ee, or a budget line. �ey require you to be a li�le more intentional 
about moments that were already happening in your classroom and to recognize that 
those moments are where AI literacy actually develops, not in dedicated units that get 
squeezed out by the third week of October.

�e educators who tend to have the most impact here aren't the ones who built the most 
comprehensive AI curriculum. �ey're the ones who stayed curious long enough for it to 
become contagious. Who asked questions openly enough that students started asking 
them too. Who were honest about what they didn't know, which turns out to be a more 
powerful modeling move than it sounds, because it gives students permission to not 
know things yet and keep going anyway.

�at's the invitation. Not to become an AI educator. Not to redesign your course or update 
your syllabus. Just to stay curious, ask be�er questions than you were asking before, and 
trust that what you notice when you start paying closer a�ention is worth taking seriously.

Start there. Everything else follows from that.



The AIM™ COmpanion
Everything in this book is designed to be usable without special training, a dedicated AI 
curriculum, or administrative buy-in. �e companion below translates each pillar into the 
smallest possible �rst moves: things you can try this week, questions worth asking your 
students, and activities that work whether you have thirty devices in the room or one. 

You don’t have to be an AI expert. You just need to be a teacher, which you already are.

AWARENESS: FIRST MOVES

Where to start
�e most natural entry point for Awareness is a conversation that requires no technology 
at all. Before introducing any AI tool or concept formally, ask students to spend a few 
minutes writing down every place they think they might have encountered AI in the last 
24 hours. Not where they used an AI chatbot speci�cally, but anywhere: the videos that 
appeared in their feed, the autocomplete on their phone, the ads that seemed oddly 
well-timed. Give them two minutes and then compare notes as a class.
What usually happens is that students dramatically underestimate how much of their 
information environment is already shaped by AI systems. �at gap between what they 
assumed and what they discover is the opening. Use it.

Questions worth asking

• Where have you encountered AI today without thinking of it as AI?

• If a tool learned from millions of examples created by other people, what might it have 
learned well, and what might it have missed?

• What's the di�erence between a tool that recognizes a pa�ern and a tool that actually 
understands something?

• Whose content do you think makes up most of what AI systems were trained on, and 
whose probably doesn't?

A classroom activity: �e AI Audit

Ask students to spend three days keeping an informal log of every moment they suspect 
AI might be involved in their experience. �ey don't need to be certain. Suspicion counts. 
At the end of the three days, bring those logs back to class and map the pa�erns together. 

Where do they overlap? Where do they diverge based on which platforms or devices 
di�erent students use? What does that variation tell you about how these systems are 
designed and who they're designed for? �is works at every level from middle school 
through graduate seminars, and it costs nothing.

For the skeptical higher ed instructor

If you're teaching students who are already �uent AI users and who may be resistant to 
slowing down and examining something they feel they already understand, the AI Audit 
tends to be more productive than a lecture precisely because it starts with their own 
experience rather than your argument. Students who discover something themselves are 
considerably harder to dismiss than students who were told something by a professor.

INVESTIGATION: FIRST MOVES

Where to start

Pick a question that's genuinely relevant to whatever you're currently teaching and 
generate an AI response to it before class. Bring both the question and the response in. 
Ask students not whether the answer is right or wrong, but to read it the way they'd read 
any source: What speci�c claims are being made? Which of those can be veri�ed? Where 
does the response seem to simplify something that's actually more complicated? What's 
missing?

You don't need to know the answer yourself before you walk in. In fact, there's something 
useful about investigating it alongside your students rather than already knowing what 
you're looking for.

Questions worth asking

• What would you need to check to feel con�dent this response is accurate?

• Does this answer re�ect uncertainty where uncertainty actually exists, or does it present 
everything with equal con�dence?

• Who or what perspective seems to be centered in this response, and who might see it 
di�erently?

• If you asked this same question in a slightly di�erent way, do you think the answer 
would change? How would you �nd out?

• What's the di�erence between an answer that sounds authoritative and an answer that 
is authoritative?
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A classroom activity: �e Comparison

Take a meaningful question from your subject area and bring in three versions of an 
answer: an AI-generated response, a textbook or reference source, and if possible a 
primary source or expert account. Ask students to map the di�erences. Not just factual 
di�erences, but di�erences in framing, in what gets emphasized, in what gets le� out, in 
how uncertainty is handled. �e goal isn't to declare a winner. It's to develop the habit of 
reading laterally rather than accepting the �rst �uent answer that arrives.

A classroom activity: Catch It

Ask students to deliberately try to catch an AI producing something incorrect, incomplete, 
or biased on a topic you're currently studying. Give them a speci�c domain to work in and 
ask them to document what they found, how they veri�ed it, and what the error reveals 
about how the system works. Framing fact-checking as a challenge rather than a chore 
changes the energy around it considerably.

For the skeptical higher ed instructor

�e Investigation pillar is the easiest entry point for instructors who are primarily 
concerned about academic integrity, because it reframes the question entirely. �e issue 
isn't whether students use AI. It's whether they develop the critical instincts to evaluate 
what it produces. An assignment designed around Investigation is structurally di�cult to 
shortcut, because the learning happens in the scrutiny, not the output.

MASTERY: FIRST MOVES

Where to start

Design one assignment, just one, where students are required to use AI as part of their 
process and then document that process explicitly. Not as a policing mechanism, but as a 
genuine re�ection exercise. What did they ask? What came back? What did they decide to 
keep, cut, or transform? What did they contribute that the AI didn't? �at documentation is 
the assignment. 

�e output they produce alongside it is secondary.

�is tends to produce more honest and more interesting work than assignments that ban 
AI entirely, because it asks students to locate themselves in their own thinking rather than 
hide what they actually did.

Questions worth asking

• What did you contribute to this work that the AI couldn't have?

• Where in your process did your own judgment change the direction of what you were 
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• What would have been lost if you'd submi�ed the AI's output without engaging with it 
yourself?

• Can you point to a speci�c moment where you disagreed with the AI and explain why?

• What did you learn from this process that you wouldn't have learned if you'd done it 
entirely on your own?
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Ask students to use AI to generate the most thorough, well-reasoned version of the 
argument they personally disagree with on a topic you're studying. �en ask them to 
respond to that argument using their own research and reasoning. �is requires students 
to engage seriously with positions they might otherwise dismiss, and it makes clear that 
the quality of their thinking, not the quality of their prompt, determines whether their 
response holds up.
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something, because the act of explaining why you changed something reveals how well 
you understood what you were changing.
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in ways that are considerably harder to outsource.
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unit. A new policy. A new approach to assessment. A professional development session 
scheduled for a �ursday that already had too many hours in it. Any one of those asks 
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that gets mistaken for resistance, when really it's just a sensible response to an 
unreasonable volume of asks arriving at the same time.
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di�erent and considerably less logistically demanding.
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ask a follow-up question instead of redirecting. You let the conversation go somewhere 
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A�ention sounds like this: the next time you're assigning something that involves research 
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assignment. You're adding a layer to it that takes students thirty seconds to notice and 
considerably longer to answer well. �at's Investigation, and it �ts inside what you were 
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A�ention sounds like this: the next time a student tells you they used AI to help with 
something, instead of responding with a policy, you respond with curiosity. What did it 
give you? What did you do with it? What part of this is actually yours? �ose questions 
don't require you to have a se�led position on AI in education. �ey just require you to be 
interested in how your student thinks, which you already are.

None of those examples require a rollout. �ey don't require administrative approval, a 
curriculum commi�ee, or a budget line. �ey require you to be a li�le more intentional 
about moments that were already happening in your classroom and to recognize that 
those moments are where AI literacy actually develops, not in dedicated units that get 
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�e educators who tend to have the most impact here aren't the ones who built the most 
comprehensive AI curriculum. �ey're the ones who stayed curious long enough for it to 
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minutes writing down every place they think they might have encountered AI in the last 
24 hours. Not where they used an AI chatbot speci�cally, but anywhere: the videos that 
appeared in their feed, the autocomplete on their phone, the ads that seemed oddly 
well-timed. Give them two minutes and then compare notes as a class.
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slowing down and examining something they feel they already understand, the AI Audit 
tends to be more productive than a lecture precisely because it starts with their own 
experience rather than your argument. Students who discover something themselves are 
considerably harder to dismiss than students who were told something by a professor.

INVESTIGATION: FIRST MOVES

Where to start

Pick a question that's genuinely relevant to whatever you're currently teaching and 
generate an AI response to it before class. Bring both the question and the response in. 
Ask students not whether the answer is right or wrong, but to read it the way they'd read 
any source: What speci�c claims are being made? Which of those can be veri�ed? Where 
does the response seem to simplify something that's actually more complicated? What's 
missing?

You don't need to know the answer yourself before you walk in. In fact, there's something 
useful about investigating it alongside your students rather than already knowing what 
you're looking for.

Questions worth asking

• What would you need to check to feel con�dent this response is accurate?

• Does this answer re�ect uncertainty where uncertainty actually exists, or does it present 
everything with equal con�dence?

• Who or what perspective seems to be centered in this response, and who might see it 
di�erently?

• If you asked this same question in a slightly di�erent way, do you think the answer 
would change? How would you �nd out?

• What's the di�erence between an answer that sounds authoritative and an answer that 
is authoritative?

A classroom activity: �e Comparison

Take a meaningful question from your subject area and bring in three versions of an 
answer: an AI-generated response, a textbook or reference source, and if possible a 
primary source or expert account. Ask students to map the di�erences. Not just factual 
di�erences, but di�erences in framing, in what gets emphasized, in what gets le� out, in 
how uncertainty is handled. �e goal isn't to declare a winner. It's to develop the habit of 
reading laterally rather than accepting the �rst �uent answer that arrives.

A classroom activity: Catch It

Ask students to deliberately try to catch an AI producing something incorrect, incomplete, 
or biased on a topic you're currently studying. Give them a speci�c domain to work in and 
ask them to document what they found, how they veri�ed it, and what the error reveals 
about how the system works. Framing fact-checking as a challenge rather than a chore 
changes the energy around it considerably.

For the skeptical higher ed instructor

�e Investigation pillar is the easiest entry point for instructors who are primarily 
concerned about academic integrity, because it reframes the question entirely. �e issue 
isn't whether students use AI. It's whether they develop the critical instincts to evaluate 
what it produces. An assignment designed around Investigation is structurally di�cult to 
shortcut, because the learning happens in the scrutiny, not the output.

MASTERY: FIRST MOVES

Where to start

Design one assignment, just one, where students are required to use AI as part of their 
process and then document that process explicitly. Not as a policing mechanism, but as a 
genuine re�ection exercise. What did they ask? What came back? What did they decide to 
keep, cut, or transform? What did they contribute that the AI didn't? �at documentation is 
the assignment. 

�e output they produce alongside it is secondary.

�is tends to produce more honest and more interesting work than assignments that ban 
AI entirely, because it asks students to locate themselves in their own thinking rather than 
hide what they actually did.
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Questions worth asking

• What did you contribute to this work that the AI couldn't have?

• Where in your process did your own judgment change the direction of what you were 
making?

• What would have been lost if you'd submi�ed the AI's output without engaging with it 
yourself?

• Can you point to a speci�c moment where you disagreed with the AI and explain why?

• What did you learn from this process that you wouldn't have learned if you'd done it 
entirely on your own?

A classroom activity: �e Strongest Counterargument

Ask students to use AI to generate the most thorough, well-reasoned version of the 
argument they personally disagree with on a topic you're studying. �en ask them to 
respond to that argument using their own research and reasoning. �is requires students 
to engage seriously with positions they might otherwise dismiss, and it makes clear that 
the quality of their thinking, not the quality of their prompt, determines whether their 
response holds up.

A classroom activity: �e Revision Log

Ask students to use AI to generate a �rst dra� of something, then substantially revise it 
and document every signi�cant change they made with a brief note explaining why. �e 
revision log becomes the primary evidence of their thinking. �is works particularly well 
in writing courses but transfers to any subject where students are asked to produce 
something, because the act of explaining why you changed something reveals how well 
you understood what you were changing.

For the skeptical higher ed instructor

�e objection that AI makes it impossible to assess original student thinking is worth 
examining directly. �e assignments that AI makes easy to shortcut were already 
producing limited evidence of actual thinking. An essay prompt that can be answered 
adequately by a language model was probably never asking students to do their most 
interesting intellectual work. Mastery-level assignment design pushes toward questions 
that require judgment, synthesis, and genuine engagement with speci�c course material 
in ways that are considerably harder to outsource.

A NOTE ON WHERE TO START IF ALL OF THIS STILL FEELS LIKE A LOT

Teaching is already a full-time job. In fact it's usually more than a full-time job, which 
means adding anything new to the plate requires a compelling argument that it's worth 
the e�ort. If you've read this far and your honest reaction is somewhere between "this is 
interesting" and "I have no idea where to �t this," that's not a sign that the framework isn't 
for you. It's a sign that you're a working educator with a realistic understanding of your 
own bandwidth, and that deserves more respect than a tidy list of action items.

So let's slow down for a moment before we get to the starting line.

New initiatives in education tend to arrive with a certain kind of ambition that doesn't 
always account for the reality of a Tuesday a�ernoon in week seven of a semester. A new 
unit. A new policy. A new approach to assessment. A professional development session 
scheduled for a �ursday that already had too many hours in it. Any one of those asks 
would give a reasonable person pause. All of them together produce a kind of paralysis 
that gets mistaken for resistance, when really it's just a sensible response to an 
unreasonable volume of asks arriving at the same time.

�e AIM™ Framework is not asking for any of that. What it's asking for is a�ention, which is 
di�erent and considerably less logistically demanding.

A�ention sounds like this: the next time a student mentions something that happened 
online, or wonders aloud why an AI gave them a strange answer, or asks whether they can 
use a tool for a project, you treat that moment as an entry point rather than a tangent. You 
ask a follow-up question instead of redirecting. You let the conversation go somewhere 
without a pre-planned destination. �at's Awareness, and it costs about four minutes.
A�ention sounds like this: the next time you're assigning something that involves research 
or writing or analysis, you add a single question asking students to evaluate one source 
they encountered and explain why they trust it or don't. You're not redesigning the 
assignment. You're adding a layer to it that takes students thirty seconds to notice and 
considerably longer to answer well. �at's Investigation, and it �ts inside what you were 
already doing.

A�ention sounds like this: the next time a student tells you they used AI to help with 
something, instead of responding with a policy, you respond with curiosity. What did it 
give you? What did you do with it? What part of this is actually yours? �ose questions 
don't require you to have a se�led position on AI in education. �ey just require you to be 
interested in how your student thinks, which you already are.

None of those examples require a rollout. �ey don't require administrative approval, a 
curriculum commi�ee, or a budget line. �ey require you to be a li�le more intentional 
about moments that were already happening in your classroom and to recognize that 
those moments are where AI literacy actually develops, not in dedicated units that get 
squeezed out by the third week of October.

�e educators who tend to have the most impact here aren't the ones who built the most 
comprehensive AI curriculum. �ey're the ones who stayed curious long enough for it to 
become contagious. Who asked questions openly enough that students started asking 
them too. Who were honest about what they didn't know, which turns out to be a more 
powerful modeling move than it sounds, because it gives students permission to not 
know things yet and keep going anyway.

�at's the invitation. Not to become an AI educator. Not to redesign your course or update 
your syllabus. Just to stay curious, ask be�er questions than you were asking before, and 
trust that what you notice when you start paying closer a�ention is worth taking seriously.

Start there. Everything else follows from that.
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everything with equal con�dence?

• Who or what perspective seems to be centered in this response, and who might see it 
di�erently?

• If you asked this same question in a slightly di�erent way, do you think the answer 
would change? How would you �nd out?

• What's the di�erence between an answer that sounds authoritative and an answer that 
is authoritative?

A classroom activity: �e Comparison

Take a meaningful question from your subject area and bring in three versions of an 
answer: an AI-generated response, a textbook or reference source, and if possible a 
primary source or expert account. Ask students to map the di�erences. Not just factual 
di�erences, but di�erences in framing, in what gets emphasized, in what gets le� out, in 
how uncertainty is handled. �e goal isn't to declare a winner. It's to develop the habit of 
reading laterally rather than accepting the �rst �uent answer that arrives.

A classroom activity: Catch It

Ask students to deliberately try to catch an AI producing something incorrect, incomplete, 
or biased on a topic you're currently studying. Give them a speci�c domain to work in and 
ask them to document what they found, how they veri�ed it, and what the error reveals 
about how the system works. Framing fact-checking as a challenge rather than a chore 
changes the energy around it considerably.

For the skeptical higher ed instructor

�e Investigation pillar is the easiest entry point for instructors who are primarily 
concerned about academic integrity, because it reframes the question entirely. �e issue 
isn't whether students use AI. It's whether they develop the critical instincts to evaluate 
what it produces. An assignment designed around Investigation is structurally di�cult to 
shortcut, because the learning happens in the scrutiny, not the output.

MASTERY: FIRST MOVES

Where to start

Design one assignment, just one, where students are required to use AI as part of their 
process and then document that process explicitly. Not as a policing mechanism, but as a 
genuine re�ection exercise. What did they ask? What came back? What did they decide to 
keep, cut, or transform? What did they contribute that the AI didn't? �at documentation is 
the assignment. 

�e output they produce alongside it is secondary.

�is tends to produce more honest and more interesting work than assignments that ban 
AI entirely, because it asks students to locate themselves in their own thinking rather than 
hide what they actually did.

Questions worth asking

• What did you contribute to this work that the AI couldn't have?

• Where in your process did your own judgment change the direction of what you were 
making?

• What would have been lost if you'd submi�ed the AI's output without engaging with it 
yourself?

• Can you point to a speci�c moment where you disagreed with the AI and explain why?

• What did you learn from this process that you wouldn't have learned if you'd done it 
entirely on your own?

A classroom activity: �e Strongest Counterargument

Ask students to use AI to generate the most thorough, well-reasoned version of the 
argument they personally disagree with on a topic you're studying. �en ask them to 
respond to that argument using their own research and reasoning. �is requires students 
to engage seriously with positions they might otherwise dismiss, and it makes clear that 
the quality of their thinking, not the quality of their prompt, determines whether their 
response holds up.

A classroom activity: �e Revision Log

Ask students to use AI to generate a �rst dra� of something, then substantially revise it 
and document every signi�cant change they made with a brief note explaining why. �e 
revision log becomes the primary evidence of their thinking. �is works particularly well 
in writing courses but transfers to any subject where students are asked to produce 
something, because the act of explaining why you changed something reveals how well 
you understood what you were changing.

For the skeptical higher ed instructor

�e objection that AI makes it impossible to assess original student thinking is worth 
examining directly. �e assignments that AI makes easy to shortcut were already 
producing limited evidence of actual thinking. An essay prompt that can be answered 
adequately by a language model was probably never asking students to do their most 
interesting intellectual work. Mastery-level assignment design pushes toward questions 
that require judgment, synthesis, and genuine engagement with speci�c course material 
in ways that are considerably harder to outsource.
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A NOTE ON WHERE TO START IF ALL OF THIS STILL FEELS LIKE A LOT

Teaching is already a full-time job. In fact it's usually more than a full-time job, which 
means adding anything new to the plate requires a compelling argument that it's worth 
the e�ort. If you've read this far and your honest reaction is somewhere between "this is 
interesting" and "I have no idea where to �t this," that's not a sign that the framework isn't 
for you. It's a sign that you're a working educator with a realistic understanding of your 
own bandwidth, and that deserves more respect than a tidy list of action items.

So let's slow down for a moment before we get to the starting line.

New initiatives in education tend to arrive with a certain kind of ambition that doesn't 
always account for the reality of a Tuesday a�ernoon in week seven of a semester. A new 
unit. A new policy. A new approach to assessment. A professional development session 
scheduled for a �ursday that already had too many hours in it. Any one of those asks 
would give a reasonable person pause. All of them together produce a kind of paralysis 
that gets mistaken for resistance, when really it's just a sensible response to an 
unreasonable volume of asks arriving at the same time.

�e AIM™ Framework is not asking for any of that. What it's asking for is a�ention, which is 
di�erent and considerably less logistically demanding.

A�ention sounds like this: the next time a student mentions something that happened 
online, or wonders aloud why an AI gave them a strange answer, or asks whether they can 
use a tool for a project, you treat that moment as an entry point rather than a tangent. You 
ask a follow-up question instead of redirecting. You let the conversation go somewhere 
without a pre-planned destination. �at's Awareness, and it costs about four minutes.
A�ention sounds like this: the next time you're assigning something that involves research 
or writing or analysis, you add a single question asking students to evaluate one source 
they encountered and explain why they trust it or don't. You're not redesigning the 
assignment. You're adding a layer to it that takes students thirty seconds to notice and 
considerably longer to answer well. �at's Investigation, and it �ts inside what you were 
already doing.

A�ention sounds like this: the next time a student tells you they used AI to help with 
something, instead of responding with a policy, you respond with curiosity. What did it 
give you? What did you do with it? What part of this is actually yours? �ose questions 
don't require you to have a se�led position on AI in education. �ey just require you to be 
interested in how your student thinks, which you already are.

None of those examples require a rollout. �ey don't require administrative approval, a 
curriculum commi�ee, or a budget line. �ey require you to be a li�le more intentional 
about moments that were already happening in your classroom and to recognize that 
those moments are where AI literacy actually develops, not in dedicated units that get 
squeezed out by the third week of October.

�e educators who tend to have the most impact here aren't the ones who built the most 
comprehensive AI curriculum. �ey're the ones who stayed curious long enough for it to 
become contagious. Who asked questions openly enough that students started asking 
them too. Who were honest about what they didn't know, which turns out to be a more 
powerful modeling move than it sounds, because it gives students permission to not 
know things yet and keep going anyway.

�at's the invitation. Not to become an AI educator. Not to redesign your course or update 
your syllabus. Just to stay curious, ask be�er questions than you were asking before, and 
trust that what you notice when you start paying closer a�ention is worth taking seriously.

Start there. Everything else follows from that.



The AIM™ COmpanion
Everything in this book is designed to be usable without special training, a dedicated AI 
curriculum, or administrative buy-in. �e companion below translates each pillar into the 
smallest possible �rst moves: things you can try this week, questions worth asking your 
students, and activities that work whether you have thirty devices in the room or one. 

You don’t have to be an AI expert. You just need to be a teacher, which you already are.

AWARENESS: FIRST MOVES

Where to start
�e most natural entry point for Awareness is a conversation that requires no technology 
at all. Before introducing any AI tool or concept formally, ask students to spend a few 
minutes writing down every place they think they might have encountered AI in the last 
24 hours. Not where they used an AI chatbot speci�cally, but anywhere: the videos that 
appeared in their feed, the autocomplete on their phone, the ads that seemed oddly 
well-timed. Give them two minutes and then compare notes as a class.
What usually happens is that students dramatically underestimate how much of their 
information environment is already shaped by AI systems. �at gap between what they 
assumed and what they discover is the opening. Use it.

Questions worth asking

• Where have you encountered AI today without thinking of it as AI?

• If a tool learned from millions of examples created by other people, what might it have 
learned well, and what might it have missed?

• What's the di�erence between a tool that recognizes a pa�ern and a tool that actually 
understands something?

• Whose content do you think makes up most of what AI systems were trained on, and 
whose probably doesn't?

A classroom activity: �e AI Audit

Ask students to spend three days keeping an informal log of every moment they suspect 
AI might be involved in their experience. �ey don't need to be certain. Suspicion counts. 
At the end of the three days, bring those logs back to class and map the pa�erns together. 

Where do they overlap? Where do they diverge based on which platforms or devices 
di�erent students use? What does that variation tell you about how these systems are 
designed and who they're designed for? �is works at every level from middle school 
through graduate seminars, and it costs nothing.

For the skeptical higher ed instructor

If you're teaching students who are already �uent AI users and who may be resistant to 
slowing down and examining something they feel they already understand, the AI Audit 
tends to be more productive than a lecture precisely because it starts with their own 
experience rather than your argument. Students who discover something themselves are 
considerably harder to dismiss than students who were told something by a professor.

INVESTIGATION: FIRST MOVES

Where to start

Pick a question that's genuinely relevant to whatever you're currently teaching and 
generate an AI response to it before class. Bring both the question and the response in. 
Ask students not whether the answer is right or wrong, but to read it the way they'd read 
any source: What speci�c claims are being made? Which of those can be veri�ed? Where 
does the response seem to simplify something that's actually more complicated? What's 
missing?

You don't need to know the answer yourself before you walk in. In fact, there's something 
useful about investigating it alongside your students rather than already knowing what 
you're looking for.

Questions worth asking

• What would you need to check to feel con�dent this response is accurate?

• Does this answer re�ect uncertainty where uncertainty actually exists, or does it present 
everything with equal con�dence?

• Who or what perspective seems to be centered in this response, and who might see it 
di�erently?

• If you asked this same question in a slightly di�erent way, do you think the answer 
would change? How would you �nd out?

• What's the di�erence between an answer that sounds authoritative and an answer that 
is authoritative?

A classroom activity: �e Comparison

Take a meaningful question from your subject area and bring in three versions of an 
answer: an AI-generated response, a textbook or reference source, and if possible a 
primary source or expert account. Ask students to map the di�erences. Not just factual 
di�erences, but di�erences in framing, in what gets emphasized, in what gets le� out, in 
how uncertainty is handled. �e goal isn't to declare a winner. It's to develop the habit of 
reading laterally rather than accepting the �rst �uent answer that arrives.

A classroom activity: Catch It

Ask students to deliberately try to catch an AI producing something incorrect, incomplete, 
or biased on a topic you're currently studying. Give them a speci�c domain to work in and 
ask them to document what they found, how they veri�ed it, and what the error reveals 
about how the system works. Framing fact-checking as a challenge rather than a chore 
changes the energy around it considerably.

For the skeptical higher ed instructor

�e Investigation pillar is the easiest entry point for instructors who are primarily 
concerned about academic integrity, because it reframes the question entirely. �e issue 
isn't whether students use AI. It's whether they develop the critical instincts to evaluate 
what it produces. An assignment designed around Investigation is structurally di�cult to 
shortcut, because the learning happens in the scrutiny, not the output.

MASTERY: FIRST MOVES

Where to start

Design one assignment, just one, where students are required to use AI as part of their 
process and then document that process explicitly. Not as a policing mechanism, but as a 
genuine re�ection exercise. What did they ask? What came back? What did they decide to 
keep, cut, or transform? What did they contribute that the AI didn't? �at documentation is 
the assignment. 

�e output they produce alongside it is secondary.

�is tends to produce more honest and more interesting work than assignments that ban 
AI entirely, because it asks students to locate themselves in their own thinking rather than 
hide what they actually did.

Questions worth asking

• What did you contribute to this work that the AI couldn't have?

• Where in your process did your own judgment change the direction of what you were 
making?

• What would have been lost if you'd submi�ed the AI's output without engaging with it 
yourself?

• Can you point to a speci�c moment where you disagreed with the AI and explain why?

• What did you learn from this process that you wouldn't have learned if you'd done it 
entirely on your own?

A classroom activity: �e Strongest Counterargument

Ask students to use AI to generate the most thorough, well-reasoned version of the 
argument they personally disagree with on a topic you're studying. �en ask them to 
respond to that argument using their own research and reasoning. �is requires students 
to engage seriously with positions they might otherwise dismiss, and it makes clear that 
the quality of their thinking, not the quality of their prompt, determines whether their 
response holds up.

A classroom activity: �e Revision Log

Ask students to use AI to generate a �rst dra� of something, then substantially revise it 
and document every signi�cant change they made with a brief note explaining why. �e 
revision log becomes the primary evidence of their thinking. �is works particularly well 
in writing courses but transfers to any subject where students are asked to produce 
something, because the act of explaining why you changed something reveals how well 
you understood what you were changing.

For the skeptical higher ed instructor

�e objection that AI makes it impossible to assess original student thinking is worth 
examining directly. �e assignments that AI makes easy to shortcut were already 
producing limited evidence of actual thinking. An essay prompt that can be answered 
adequately by a language model was probably never asking students to do their most 
interesting intellectual work. Mastery-level assignment design pushes toward questions 
that require judgment, synthesis, and genuine engagement with speci�c course material 
in ways that are considerably harder to outsource.

A NOTE ON WHERE TO START IF ALL OF THIS STILL FEELS LIKE A LOT

Teaching is already a full-time job. In fact it's usually more than a full-time job, which 
means adding anything new to the plate requires a compelling argument that it's worth 
the e�ort. If you've read this far and your honest reaction is somewhere between "this is 
interesting" and "I have no idea where to �t this," that's not a sign that the framework isn't 
for you. It's a sign that you're a working educator with a realistic understanding of your 
own bandwidth, and that deserves more respect than a tidy list of action items.

So let's slow down for a moment before we get to the starting line.

New initiatives in education tend to arrive with a certain kind of ambition that doesn't 
always account for the reality of a Tuesday a�ernoon in week seven of a semester. A new 
unit. A new policy. A new approach to assessment. A professional development session 
scheduled for a �ursday that already had too many hours in it. Any one of those asks 
would give a reasonable person pause. All of them together produce a kind of paralysis 
that gets mistaken for resistance, when really it's just a sensible response to an 
unreasonable volume of asks arriving at the same time.

�e AIM™ Framework is not asking for any of that. What it's asking for is a�ention, which is 
di�erent and considerably less logistically demanding.

A�ention sounds like this: the next time a student mentions something that happened 
online, or wonders aloud why an AI gave them a strange answer, or asks whether they can 
use a tool for a project, you treat that moment as an entry point rather than a tangent. You 
ask a follow-up question instead of redirecting. You let the conversation go somewhere 
without a pre-planned destination. �at's Awareness, and it costs about four minutes.
A�ention sounds like this: the next time you're assigning something that involves research 
or writing or analysis, you add a single question asking students to evaluate one source 
they encountered and explain why they trust it or don't. You're not redesigning the 
assignment. You're adding a layer to it that takes students thirty seconds to notice and 
considerably longer to answer well. �at's Investigation, and it �ts inside what you were 
already doing.

A�ention sounds like this: the next time a student tells you they used AI to help with 
something, instead of responding with a policy, you respond with curiosity. What did it 
give you? What did you do with it? What part of this is actually yours? �ose questions 
don't require you to have a se�led position on AI in education. �ey just require you to be 
interested in how your student thinks, which you already are.
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None of those examples require a rollout. �ey don't require administrative approval, a 
curriculum commi�ee, or a budget line. �ey require you to be a li�le more intentional 
about moments that were already happening in your classroom and to recognize that 
those moments are where AI literacy actually develops, not in dedicated units that get 
squeezed out by the third week of October.

�e educators who tend to have the most impact here aren't the ones who built the most 
comprehensive AI curriculum. �ey're the ones who stayed curious long enough for it to 
become contagious. Who asked questions openly enough that students started asking 
them too. Who were honest about what they didn't know, which turns out to be a more 
powerful modeling move than it sounds, because it gives students permission to not 
know things yet and keep going anyway.

�at's the invitation. Not to become an AI educator. Not to redesign your course or update 
your syllabus. Just to stay curious, ask be�er questions than you were asking before, and 
trust that what you notice when you start paying closer a�ention is worth taking seriously.

Start there. Everything else follows from that.



The AIM™ COmpanion
Everything in this book is designed to be usable without special training, a dedicated AI 
curriculum, or administrative buy-in. �e companion below translates each pillar into the 
smallest possible �rst moves: things you can try this week, questions worth asking your 
students, and activities that work whether you have thirty devices in the room or one. 

You don’t have to be an AI expert. You just need to be a teacher, which you already are.

AWARENESS: FIRST MOVES

Where to start
�e most natural entry point for Awareness is a conversation that requires no technology 
at all. Before introducing any AI tool or concept formally, ask students to spend a few 
minutes writing down every place they think they might have encountered AI in the last 
24 hours. Not where they used an AI chatbot speci�cally, but anywhere: the videos that 
appeared in their feed, the autocomplete on their phone, the ads that seemed oddly 
well-timed. Give them two minutes and then compare notes as a class.
What usually happens is that students dramatically underestimate how much of their 
information environment is already shaped by AI systems. �at gap between what they 
assumed and what they discover is the opening. Use it.

Questions worth asking

• Where have you encountered AI today without thinking of it as AI?

• If a tool learned from millions of examples created by other people, what might it have 
learned well, and what might it have missed?

• What's the di�erence between a tool that recognizes a pa�ern and a tool that actually 
understands something?

• Whose content do you think makes up most of what AI systems were trained on, and 
whose probably doesn't?

A classroom activity: �e AI Audit

Ask students to spend three days keeping an informal log of every moment they suspect 
AI might be involved in their experience. �ey don't need to be certain. Suspicion counts. 
At the end of the three days, bring those logs back to class and map the pa�erns together. 

Where do they overlap? Where do they diverge based on which platforms or devices 
di�erent students use? What does that variation tell you about how these systems are 
designed and who they're designed for? �is works at every level from middle school 
through graduate seminars, and it costs nothing.

For the skeptical higher ed instructor

If you're teaching students who are already �uent AI users and who may be resistant to 
slowing down and examining something they feel they already understand, the AI Audit 
tends to be more productive than a lecture precisely because it starts with their own 
experience rather than your argument. Students who discover something themselves are 
considerably harder to dismiss than students who were told something by a professor.

INVESTIGATION: FIRST MOVES

Where to start

Pick a question that's genuinely relevant to whatever you're currently teaching and 
generate an AI response to it before class. Bring both the question and the response in. 
Ask students not whether the answer is right or wrong, but to read it the way they'd read 
any source: What speci�c claims are being made? Which of those can be veri�ed? Where 
does the response seem to simplify something that's actually more complicated? What's 
missing?

You don't need to know the answer yourself before you walk in. In fact, there's something 
useful about investigating it alongside your students rather than already knowing what 
you're looking for.

Questions worth asking

• What would you need to check to feel con�dent this response is accurate?

• Does this answer re�ect uncertainty where uncertainty actually exists, or does it present 
everything with equal con�dence?

• Who or what perspective seems to be centered in this response, and who might see it 
di�erently?

• If you asked this same question in a slightly di�erent way, do you think the answer 
would change? How would you �nd out?

• What's the di�erence between an answer that sounds authoritative and an answer that 
is authoritative?

A classroom activity: �e Comparison

Take a meaningful question from your subject area and bring in three versions of an 
answer: an AI-generated response, a textbook or reference source, and if possible a 
primary source or expert account. Ask students to map the di�erences. Not just factual 
di�erences, but di�erences in framing, in what gets emphasized, in what gets le� out, in 
how uncertainty is handled. �e goal isn't to declare a winner. It's to develop the habit of 
reading laterally rather than accepting the �rst �uent answer that arrives.

A classroom activity: Catch It

Ask students to deliberately try to catch an AI producing something incorrect, incomplete, 
or biased on a topic you're currently studying. Give them a speci�c domain to work in and 
ask them to document what they found, how they veri�ed it, and what the error reveals 
about how the system works. Framing fact-checking as a challenge rather than a chore 
changes the energy around it considerably.

For the skeptical higher ed instructor

�e Investigation pillar is the easiest entry point for instructors who are primarily 
concerned about academic integrity, because it reframes the question entirely. �e issue 
isn't whether students use AI. It's whether they develop the critical instincts to evaluate 
what it produces. An assignment designed around Investigation is structurally di�cult to 
shortcut, because the learning happens in the scrutiny, not the output.

MASTERY: FIRST MOVES

Where to start

Design one assignment, just one, where students are required to use AI as part of their 
process and then document that process explicitly. Not as a policing mechanism, but as a 
genuine re�ection exercise. What did they ask? What came back? What did they decide to 
keep, cut, or transform? What did they contribute that the AI didn't? �at documentation is 
the assignment. 

�e output they produce alongside it is secondary.

�is tends to produce more honest and more interesting work than assignments that ban 
AI entirely, because it asks students to locate themselves in their own thinking rather than 
hide what they actually did.

Questions worth asking

• What did you contribute to this work that the AI couldn't have?

• Where in your process did your own judgment change the direction of what you were 
making?

• What would have been lost if you'd submi�ed the AI's output without engaging with it 
yourself?

• Can you point to a speci�c moment where you disagreed with the AI and explain why?

• What did you learn from this process that you wouldn't have learned if you'd done it 
entirely on your own?

A classroom activity: �e Strongest Counterargument

Ask students to use AI to generate the most thorough, well-reasoned version of the 
argument they personally disagree with on a topic you're studying. �en ask them to 
respond to that argument using their own research and reasoning. �is requires students 
to engage seriously with positions they might otherwise dismiss, and it makes clear that 
the quality of their thinking, not the quality of their prompt, determines whether their 
response holds up.

A classroom activity: �e Revision Log

Ask students to use AI to generate a �rst dra� of something, then substantially revise it 
and document every signi�cant change they made with a brief note explaining why. �e 
revision log becomes the primary evidence of their thinking. �is works particularly well 
in writing courses but transfers to any subject where students are asked to produce 
something, because the act of explaining why you changed something reveals how well 
you understood what you were changing.

For the skeptical higher ed instructor

�e objection that AI makes it impossible to assess original student thinking is worth 
examining directly. �e assignments that AI makes easy to shortcut were already 
producing limited evidence of actual thinking. An essay prompt that can be answered 
adequately by a language model was probably never asking students to do their most 
interesting intellectual work. Mastery-level assignment design pushes toward questions 
that require judgment, synthesis, and genuine engagement with speci�c course material 
in ways that are considerably harder to outsource.

A NOTE ON WHERE TO START IF ALL OF THIS STILL FEELS LIKE A LOT

Teaching is already a full-time job. In fact it's usually more than a full-time job, which 
means adding anything new to the plate requires a compelling argument that it's worth 
the e�ort. If you've read this far and your honest reaction is somewhere between "this is 
interesting" and "I have no idea where to �t this," that's not a sign that the framework isn't 
for you. It's a sign that you're a working educator with a realistic understanding of your 
own bandwidth, and that deserves more respect than a tidy list of action items.

So let's slow down for a moment before we get to the starting line.

New initiatives in education tend to arrive with a certain kind of ambition that doesn't 
always account for the reality of a Tuesday a�ernoon in week seven of a semester. A new 
unit. A new policy. A new approach to assessment. A professional development session 
scheduled for a �ursday that already had too many hours in it. Any one of those asks 
would give a reasonable person pause. All of them together produce a kind of paralysis 
that gets mistaken for resistance, when really it's just a sensible response to an 
unreasonable volume of asks arriving at the same time.

�e AIM™ Framework is not asking for any of that. What it's asking for is a�ention, which is 
di�erent and considerably less logistically demanding.

A�ention sounds like this: the next time a student mentions something that happened 
online, or wonders aloud why an AI gave them a strange answer, or asks whether they can 
use a tool for a project, you treat that moment as an entry point rather than a tangent. You 
ask a follow-up question instead of redirecting. You let the conversation go somewhere 
without a pre-planned destination. �at's Awareness, and it costs about four minutes.
A�ention sounds like this: the next time you're assigning something that involves research 
or writing or analysis, you add a single question asking students to evaluate one source 
they encountered and explain why they trust it or don't. You're not redesigning the 
assignment. You're adding a layer to it that takes students thirty seconds to notice and 
considerably longer to answer well. �at's Investigation, and it �ts inside what you were 
already doing.

A�ention sounds like this: the next time a student tells you they used AI to help with 
something, instead of responding with a policy, you respond with curiosity. What did it 
give you? What did you do with it? What part of this is actually yours? �ose questions 
don't require you to have a se�led position on AI in education. �ey just require you to be 
interested in how your student thinks, which you already are.

None of those examples require a rollout. �ey don't require administrative approval, a 
curriculum commi�ee, or a budget line. �ey require you to be a li�le more intentional 
about moments that were already happening in your classroom and to recognize that 
those moments are where AI literacy actually develops, not in dedicated units that get 
squeezed out by the third week of October.

�e educators who tend to have the most impact here aren't the ones who built the most 
comprehensive AI curriculum. �ey're the ones who stayed curious long enough for it to 
become contagious. Who asked questions openly enough that students started asking 
them too. Who were honest about what they didn't know, which turns out to be a more 
powerful modeling move than it sounds, because it gives students permission to not 
know things yet and keep going anyway.

�at's the invitation. Not to become an AI educator. Not to redesign your course or update 
your syllabus. Just to stay curious, ask be�er questions than you were asking before, and 
trust that what you notice when you start paying closer a�ention is worth taking seriously.

Start there. Everything else follows from that.
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PREPARING STUDENTS TO THINK 
IN AN AI-SHAPED WORLD
Students are already using AI. �ey �gured that part out on their own, usually well before 
the professional development session was scheduled. 

What they haven't �gured out, and what nobody has handed them, is how to think about 
it clearly, question it honestly, and use it in ways that make them more capable rather 
than less.

�at's the work the AIM™ Framework is designed to support.

© 2026 The AIM™ Framework | Developed by Justin Seeley

Inside you'll learn how to:

• Build AI awareness across any subject without adding new curriculum

• Teach students to question and verify what AI produces

• Guide responsible AI collaboration that strengthens student thinking

• Apply the framework across disciplines from history to computer science

• Navigate equity, bias, and ethics honestly and practically
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